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ABSTRACT
The Risk-Need-Responsivity (RNR) model is a dominant framework for rehabilitation in
the legal system that links intervention intensity to assessed risk, such that higher-risk
individuals are expected to require more resources to desist from offending while lower-
risk individuals require fewer. This approach to rehabilitation is reinforced by the view
that crime can be explained by individual traits and behaviors that are amenable to
intervention, with the RNR framework centering these traits as the primary drivers of
offending and linking higher assessed risk to more intensive services. . This emphasis can
obscure structural conditions that shape justice system outcomes, including differential
surveillance, variation in supervision responses, and racialized patterns of policing. To
test the RNR assumption that low-risk youth with similar criminogenic profiles should
have similar outcomes, the present study uses multivariate regression and an Augmented
Inverse Probability Weighting propensity score sensitivity analysis on administrative data
from the Florida Department of Juvenile Justice Community Positive Achievement
Change Tool (C-PACT). The analysis focuses on Black and White youth classified as
low-risk at baseline. It examines subsequent legal system contact, measured as a
composite of rearrest, readjudication, or placement within 365 days of the last recorded
event. Using a trimmed analytic sample of 1,934 justice-involved youth balanced on
observed criminogenic, legal, family, and neighborhood characteristics, the study
assesses whether racial disparities persist among youth with comparable measured risk
profiles. The findings indicate that low-risk Black youth remain substantially more likely
than White youth with the same risk designation to experience subsequent juvenile justice

system involvement. This challenges the RNR framework’s assumption that comparable
i



criminogenic risk should yield comparable outcomes. Rather than locating these
outcomes solely in individual traits, the findings suggest that racial disparities may be
produced by barriers to desistance not captured by risk assessment, including differential
surveillance, more punitive supervision responses, and unequal access to resources and

opportunities that support successful reentry.
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INTRODUCTION

The RNR framework determines intervention need in terms of risk level (Chua et
al., 2014). This is meant to inform legal system practitioners about where an individual
needs the most attention in order to lower their risk of re-offending. Within this
framework, those who have higher risk scores need more support than those who score
lower (Andrews & Bonta, 2017). The logic behind this is that the lower risk group of
individuals should have lower baseline likelihood of recidivism and therefore should not
require intense supervision or intervention. This assumption shapes how success and
failure are measured in the system itself, since recidivism is often treated as the central
indicator of whether rehabilitation efforts “work.” In this study, however, the outcome is
conceptualized as subsequent juvenile justice system involvement, including rearrest,
readjudication, and placement. This framing reflects that renewed system contact is
shaped not only by youth behavior, but also by surveillance, discretionary decision-
making, and institutional response. Consequently, a large body of juvenile justice
research has focused on identifying the factors that contribute to delinquency and
recidivism among youth. Juvenile justice scholars spend significant amounts of time
trying to address the known and tangible causes of delinquency in youth. Some of those
causes include substance use, peer delinquency, family dynamics (Gearhart & Tucker,
2020), or maturational factors related to a child’s developmental stage (Steinberg et al.,
2008, Icenogle et al., 2019). However, these explanations focus primarily on individual-
level traits and developmental processes. Less attention has been given to structural
conditions that shape youth outcomes within the justice system, including differential

surveillance, variation in system responses, and racialized patterns of policing. This study
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builds on this gap by examining whether measures of dynamic risk are sufficient to
explain subsequent system involvement among youth. In doing so, it evaluates the extent
to which commonly used risk assessment frameworks account for observed outcomes.
The following literature review first outlines the Risk-Need-Responsivity framework and
its emphasis on individual risk factors, then examines research on racial
overrepresentation in the juvenile justice system and finally considers theoretical
perspectives on antiblackness that frame how these disparities are produced and
maintained.

LITERATURE REVIEW

Risk Assessments

Risk assessments have historically focused on reducing recidivism. Before
dynamic risk assessments, or what Bonta and Andrews (2007) describe as the third
generation of risk assessment instruments, various legal system actors such as probation
officers and mental health practitioners were given the discretion to determine risk. That
practice was eventually replaced with actuarial risk assessments that were more
systematized and used items that while they were shown to contribute to recidivism were
also static in nature (Hart & Cooke, 2013). In other words, these assessments were based
characteristics about a person that cannot be changed such as prior criminal history or age
at first offense. It was not until the 1980s that risk instruments began to include dynamic
risk factors that could be addressed with interventions (Bonta & Andrews, 2007).

Following the RNR model, correctional staff were able to use dynamic risk scores and



apply targeted programming meant to reduce risk in specific areas and subsequently

lower the chances of re-offending (Andrews et al, 1990).

The prescreen component of the C-PACT measures dynamic risk characteristics
across six domains: school, peer relationships, family, substance use, attitudes, and
aggression. These domains are operationalized through a series of items capturing both
behavioral patterns and social context, such as school attendance and performance, the
presence of antisocial peers, parental functioning, and beliefs about aggression and
responsibility. Importantly, the C-PACT emphasizes dynamic risk factors that can change
over time and be responsive to intervention. Empirical analyses suggest that these
measures coalesce into a single underlying construct of “total dynamic risk,” which is
used to classify youth and inform supervision and treatment decisions (Wolff, 2020).
Although anti-Blackness is often theorized as an ontological condition, it may be
examined quantitatively through patterns of differential surveillance, formal processing,
and rearrest that persist after accounting for self-reported offending and other observed
factors (Padgaonkar et al. 2021). As a result, the use of instruments like the C-PACT
necessitates careful interpretation, particularly when examining racial disparities, as
observed differences in risk scores may reflect differential exposure to institutional
processes rather than inherent differences in youth behavior. Despite their widespread use
in assessing and managing risk, these tools operate within a broader system in which
racial disparities in outcomes remain pronounced.

Overrepresentation
Black youth are overrepresented at every point of the juvenile justice system

(Abrams et al., 2021; National Council on Crime and Delinquency, 2007; Rovner, 2016).
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Scholarship on disproportionate minority contact has long attempted to explain this
pattern. In a review of disproportionate minority system contact, Alex Piquero explored
several hypotheses that have been tested in attempts to demystify this phenomenon: the
differential involvement hypothesis, the differential selection and processing hypothesis,
and a third hypothesis that suggests both differential involvement and differential

selection and processing simultaneous create racial overrepresentation (2008).

Succinctly, the differential involvement hypothesis posits that minorities; commit
crimes more often, that the types of crimes minorities commit are characteristically more
likely to be processed in the criminal legal system, and lastly, that they commit those
crimes for longer periods of time than white youth. The second hypothesis related to
differential selection and processing implies that minorities are disproportionately
monitored by police and processed through courts and correctional systems in
discriminatory ways, which leads to higher levels of system involvement. The third
hypothesis proposes that differential involvement, selection, and processing all interplay

to create minority overrepresentation in the criminal justice system.

More recent research has moved beyond treating differential offending and
processing as fully separate explanations. Instead, newer work increasingly examines
how racial disparities are produced through broader punitive policies, institutional
discretion, and unequal exposure to formal social control. For example, Montes et al.
(2020) situate racial disparity within the broader punitive turn, emphasizing that minority
overrepresentation is shaped not only by individual behavior but also by policy design,
discretionary decision making, and the differential consequences of punishment across

4



racial groups. This more recent literature shifts attention from whether disparities arise
from offending or processing alone to how justice-system arrangements themselves

reproduce unequal outcomes.

Regardless of what the actual cause is, there remains the question of why this
occurs. If Black youth are differentially offending, why is that? Similarly, if Black youth
are being processed and surveilled in discriminatory ways, why? One way to theorize
these persistent disparities is through anti-Blackness, which draws attention to the
structural conditions that make Black youth more vulnerable to surveillance, punishment,

and continued system involvement.

Antiblackness

Antiblackness is an ontological condition that positions Blackness as antithetical
to what it means to be human (Patterson, 1982; Wilderson, 2010). In this framework,
Blackness is constituted through exclusion from the category of the human. Patterson
(1982) conceptualizes slavery not simply as a labor relation, but as a social condition of
social death marked by domination, dishonor, and exclusion from the social and political
community. The slave is distinguished from the free through the loss of rights, protection,
kinship, and social recognition. Under a liberal framework, emancipation would appear to
restore the rights and protections denied under slavery. Although emancipation formally
ended chattel slavery, it did not secure Black people’s transition from slave to fully
human subject (Hartman, 1997). This paradox reflects the persistence of social death

beyond slavery’s formal abolition (Hartman, 1997; Patterson, 1982).



At the root of antiblackness, is the idea that the category of the human is
constituted through the exclusion of Blackness. Hartman (1997) argues that emancipation
did not make freedom universally available, because access to full personhood remained
tied to whiteness. If freedom and humanity are organized around whiteness, then
Blackness remains positioned outside the terms through which freedom is recognized
(Marriott, 2018; Wilderson, 2010). In this framework, Blackness remains tethered to the
figure of the slave and to a condition of social and ontological exclusion. From this
perspective, slavery is not merely a historical event but the constitutive condition through

which Blackness is made legible in modernity (Marriott, 2018; Wilderson, 2010).

Although Black youth are not literally enslaved, the afterlife of social death can
be observed in the ways they are denied innocence, cast as more culpable, and subjected
to intensified surveillance. These dynamics appear in empirical research showing that
Black youth are more likely to be perceived as older, more blameworthy, and more
threatening than their White peers (Bridges & Steen, 1998; Fader et al., 2014; Graham &
Lowery, 2004; Piquero, 2008). Consistent with this pattern, studies find that Black youth
are more likely than White and Latino youth to be formally charged for similar conduct,
confined more harshly, and exposed to higher rates of police contact (Crutchfield et al.,
2012; Legewie & Fagan, 2019; National Council on Crime and Delinquency, 2007;
Piquero, 2008). These patterns suggest that Black youths’ justice-system outcomes may
reflect not only assessed risk or behavior, but also the racialized conditions under which

innocence, danger, and capacity to reform are interpreted.



Despite these theoretical and empirical insights, existing research has rarely examined
whether commonly used risk assessment frameworks are sufficient to account for
observed racial disparities in system involvement. Much of the literature treats
individual-level risk factors and structural explanations as separate lines of inquiry, rather
than assessing whether risk-based models fully explain differences in outcomes across
racial groups. As a result, it remains unclear whether disparities in recidivism can be
attributed to measured risk and related covariates, or whether they persist beyond what
these frameworks capture. This study addresses this gap by examining whether dynamic
risk and observed background characteristics are sufficient to explain racial disparities in

subsequent system involvement among youth.

Current Study

The present study addresses this gap by examining whether racial disparities
persist among youth who are classified as low-risk for recidivism. By focusing on youth
who are low-risk, the analysis isolates cases in which risk-based frameworks would
predict relatively low and comparable likelihoods of reoffending. This design allows for a
direct assessment of whether differences in system involvement remain even among
youth with similar measured risk profiles.

More specifically, the study evaluates whether the assumptions underlying the
RNR model hold equally across racial groups. Three hypotheses guide the analysis. First,
consistent with the RNR framework, recidivism rates are expected to increase across low-
, moderate-, and high-risk categories. Second, among low-risk youth, race is not expected

to be significantly associated with one-year recidivism. Third, racial differences in



recidivism among low-risk youth are expected to disappear after balancing Black and
White youth on observed criminogenic and contextual factors using propensity score
methods.

METHODOLOGY

Participants

The present study uses data from wave 1 of the Florida Department of Juvenile
Justice (FDJJ) community placement study (Wolff, 2020). The analysis focuses on the
first assessment to capture baseline risk prior to supervision and intervention, rather than
risk measured after youth have been exposed to treatment or system responses. The
dataset includes youth who completed a community-based FDJJ placement across the
state of Florida between July 1, 2015, and June 30, 2018. Community-based placements
included formal diversion, probation supervision, day treatment/day reporting, and
intensive family therapy as an overlay to probation supervision. FDJJ maintains a
centralized information system containing demographic information, offense history,
placement history, and risk/needs assessment data for youth referred for delinquency. All
youth formally processed into the Florida juvenile justice system are assessed using the

Community Positive Achievement Change Tool (C-PACT).

The analytic sample was drawn from the larger parent study, which excluded
youth with fewer than four C-PACT assessments and youth classified as “other” or
“unknown” race/ethnicity. Most items in the C-PACT are self-reported during semi-

structured interviews as a part of the C-PACT assessment. Criminal history items,



however, are derived from administrative FDJJ data. The resulting statewide, multiyear

sample included 7,117 youth. Of those youth, 2,373 youth fell into the low-risk category.

Consistent with the parent FDJJ study (Wolff et al., 2023), the present analysis
uses the available prescreen dynamic risk measure rather than the official categorical C-
PACT classification. Because the archived dataset did not include a variable identifying
the official overall risk category or the component scores needed to reconstruct it, risk
groups were created empirically from the baseline dynamic risk score using tertiles.
Based on the distribution of scores, 2,373 youth were classified in the lowest tertile of
dynamic risk. Analyses focused on racial disparities within this low-risk group used this
subsample, including 717 White youth, 1,344 Black youth, and 312 Hispanic youth. For
the propensity score sensitivity analysis, the sample was further restricted to low-risk
Black and White youth only, and observations outside the region of common support

were trimmed before estimating the final models.

Measures

The dependent variable was a binary indicator of one-year recidivism. Recidivism
was coded 1 if a youth experienced any rearrest, readjudication, or placement within one
year, and 0 otherwise. This measure was constructed from the three administrative
indicators in the dataset: one-year rearrest, one-year readjudication, and one-year

placement.

Key Independent Variables
Race/ethnicity was measured using the administrative race/ethnicity variable in

the FDJJ dataset. In descriptive analyses and in the logistic regression model estimated
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among low-risk youth, race/ethnicity was coded as White, Black, or Hispanic. For the
risk-by-race interaction model and the propensity score sensitivity analysis, the sample
was restricted to Black and White youth only to facilitate a binary comparison between

groups. White youth served as the reference category in regression models.

Dynamic risk was measured using the prescreen C-PACT total dynamic risk index
at Wave 1 (Baglivio, 2009; Wolff, 2020). For the main analyses, the sample was
restricted to the first assessment so that all measures reflected baseline status at intake. To
examine whether recidivism varied by baseline risk, the continuous dynamic risk score
was divided into three groups using tertiles. These categories were labeled low, moderate,
and high risk. A binary indicator for low-risk was also created for analyses restricted to

the lowest-risk group.

Covariates

Covariates included legal, demographic, family, and community characteristics
used in the regression and propensity score models. Additionally, two neighborhood-level
indices were included: Social Disorganization Index and the Immigrant Concentration
Index. The Social Disorganization Index captures broader neighborhood disadvantage
and instability. It was constructed using zip code—level indicators drawn from the
American Community Survey, including poverty rates, unemployment, renter occupancy,
residential instability, female-headed households, and median family income. These
measures were standardized and combined into a single index, with higher values
indicating greater levels of structural disadvantage in the surrounding community. The
Immigrant Concentration Index captures the presence of immigrant populations within a

10



neighborhood and was created using standardized measures of the proportion of foreign-
born residents, the percentage of Latino residents, and the proportion of linguistically
isolated households. Higher values indicate greater immigrant concentration in the local

arca.

Analytic Strategy

All analyses were conducted in Stata. The analytic strategy proceeded in several
stages. First, descriptive statistics were calculated for the full sample, including
frequencies and summary statistics for race/ethnicity, baseline dynamic risk, and one-year
recidivism. Recidivism rates were then examined across the three baseline dynamic risk
categories using cross-tabulations to assess whether the expected Risk-Need-
Responsivity (RNR) pattern was present, with higher risk groups exhibiting higher rates
of subsequent system involvement.

Second, logistic regression models were estimated to examine racial disparities in
recidivism. A full-sample model tested the interaction between race and baseline risk
category while adjusting for felony history and prior justice-system history. Marginal
predictions were then estimated to compare predicted recidivism across risk categories by
race.

Third, analyses were restricted to youth in the low-risk group to examine whether
race remained associated with one-year recidivism among youth assessed as lowest risk
at intake. A logistic regression model estimated the association between race and
recidivism among low-risk youth, controlling for felony history and prior justice-system

history.
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Although propensity score methods are typically used for causal inference,
several studies have applied matching to examine racial disparities descriptively (Gann,
2019; Higgins et al., 2013). Vito et al. (2017) used PSM to compare Black and White
motorists with similar situational profiles in traffic stop searches, and Stringer and
Holland (2016) used matched samples to assess racial differences in drug sentencing
outcomes net of legally relevant factors. Following this approach, the present study uses
AIPW to balance low-risk Black and White youth on key covariates and assess whether
disparities remain.

Consistent with this approach, the final stage of analysis used a propensity score
sensitivity analysis was conducted among low-risk Black and White youth. Propensity
scores estimating the probability of being Black relative to White were estimated using
logistic regression with the following covariates: felony history, prior justice-system
history, prior detention, baseline dynamic risk, social disorganization, age at admission,
family incarceration history, family problems history, age at first offense, and gender.
Observations with estimated propensity scores below .05 or above .95 were trimmed to
improve common support. Racial differences in recidivism were then estimated using
augmented inverse-probability weighting (AIPW), a doubly robust estimator that
combines inverse-probability weighting based on the propensity score with regression
adjustment for the outcome (Kurz, 2022). This approach is useful in observational data
because adjusted differences can be estimated after balancing on observed covariates, and
the estimator remains consistent if either the treatment model or the outcome model is
correctly specified (Glynn & Quinn, 2010). In the present study, AIPW was used to

estimate adjusted differences in one-year recidivism between low-risk Black and White
12



youth after accounting for observed legal, demographic, family, and community

characteristics. Covariate balance after weighting was assessed using balance diagnostics.

RESULTS

Descriptives

In the full sample, 51.59 percent recidivated within one year. The racial
composition of the sample was 30.67 percent White, 54.76 percent Black, and 14.57
percent Hispanic. 79.25 percent of the sample was male while 20.75 was female. All
descriptive statistics and models for estimating the association between race, risk level,
and recidivism are derived from this full sample. To examine racial disparities within the
group of youth classified as low-risk, a subsample of youth with a low-risk scores was
identified (n = 2373). For the PSM sensitivity analysis, the sample was further restricted
to low-risk Black and White youth (n =2,061). Following trimming for common support
on the propensity score (pscore < 0.05 or > 0.95), the matched analytic sample used in the

AIPW model consists of 1,934 youth.

Table 1 shows descriptive statistics for all variables included in the analysis
(N=7,117). The sample had a mean dynamic risk score of 0.02 (SD = 0.45).
Approximately 37.1 percent had at least one prior system involvement and 67.4 percent
had felony history. Age at first offense is ordinal, so the average (2.26) corresponds to
ages 13-14. Additionally, the sample was made up of mostly male youth (79.3 percent).
The table includes continuous variables (e.g., age, dynamic risk score) and dichotomous
indicators (e.g., recidivism, prior system involvement history, gender), reflecting the
overall distribution of key risk-relevant characteristics.

13



TABLE 1 Descriptive Statistics for Full Sample

Variable N M SD Min Max
White 7117 307 461 0 1
Black 7117 548 498 0 1
Hispanic 7117 146 353 0 1
Male 7117 792 406 0 1
Dynamic risk score (baseline) 7117 .02 446 -.816 2.207
Any recidivism (1-year) 7117 516 5 0 1
Prior system involvement 7117 371 483 0 1
Has felony 7117 .67 496 0 1
Prior detention 7117 1.605 961 1 4
Social disorganization 7117 46 798 -2.066 2.957
Immigration concentration 7117 .033 .84 -.908 4.919
Age at release 7117 17.11 1.374 9.199 21.426
Age at first offense (ordinal 7117 2.258 987 1 4
category)

Risk Recidivism Pattern (RNR Assumption Check)

To verify that the dynamic risk categories behaved as expected under the RNR
framework, recidivism rates were examined across low-, moderate-, and high-risk groups.
As shown in Table 1, among low-risk youth, 46.82% recidivated within one year,
compared to 55.02% of moderate-risk youth and 53.86% of high-risk youth. Although
recidivism did not increase strictly monotonically from moderate to high risk, both

higher-risk groups exhibited greater recidivism than the low-risk group. This pattern
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indicates that the risk categories differentiate youth in the expected direction and provides

initial support for the construct validity of the C-PACT dynamic score.

Racial Disparities in Recidivism

Across the full sample, racial disparities emerged in recidivism rates one
year after initial justice system contact. More than half of Black youth recidivated
(54.99%), compared to 53.23% of Hispanic youth and 44.75% of White youth. These
disparities persisted even when restricting the sample low-risk youth. Among low-risk
youth, 51.49% of Black youth recidivated within one year, compared to 38.77% of White
youth and 45.19% of Hispanic youth. The persistence of these gaps among youth with
similarly low dynamic risk scores suggests that recidivism differences are not fully
explained by baseline risk assessments, motivating the multivariate and propensity score
analyses that follow.

Race and Recidivism Among Low-Risk Youth

To assess whether racial disparities in recidivism persisted after isolating youth
with comparable baseline risk, a logistic regression model (Table 2) was estimated
predicting one-year recidivism among youth designated as low-risk (n =2,373). Race
was included as the focal predictor, with White youth serving as the reference group,
while controlling for felony history and prior system involvement.

Results indicated that race remained a significant predictor of recidivism within
the low-risk subsample, even after controlling for felony history and prior system
involvement. Black youth had significantly higher odds of recidivating than White youth,

while Hispanic youth showed intermediate rates that were not statistically distinct from
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White youth at the conventional .05 threshold. Predicted probabilities from the margins
analysis further illustrate these differences: 38.96% of low-risk White youth recidivated,
compared to 51.35% of low-risk Black youth and 45.32% of low-risk Hispanic youth.

These findings demonstrate that racial disparities in recidivism are not fully
accounted for by dynamic risk scores at intake. Even when youth begin supervision with
similarly low assessed risk, Black youth are substantially more likely to recidivate within
a year, suggesting the presence of factors beyond individual risk characteristics that shape
supervision outcomes.

TABLE 2 Logistic Regression Predicting Recidivism Among Low-Risk Youth

Recidivism b SE z p 95% CI

Black 0.504 0.094 535 <.001 [0.319, 0.689]
Hispanic 0.262  0.137 1.91 057 [-0.007,  0.531]
Felony history -0.248  0.098 1.48 1.40 [-0.440, -0.056]
Prior system 0.137  0.093 1.48  0.140 [-0.045,  0.320]
involvement

Constant -0.328  0.101 -3.26 <.001 [-0.525, -0.130]

N=2,373. Pseudo R? = .0115.

Risk X Race Interaction Model

To formally test whether the Black-White disparity in recidivism varied across
risk levels, a logistic regression model with a Race x Risk interaction was estimated
among Black and White youth (Figure 1). Race was coded dichotomously, with White
youth as the reference group and Black youth coded as the comparison group. Risk level
was coded categorically from the tertiles of the baseline dynamic risk score, with low-risk

as the reference category and moderate and high-risk groups entered as indicator
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variables. Consistent with the descriptive patterns, both moderate-risk youth (b =
0.41,p < .001) and high-risk youth (b = 0.31,p = .004) had higher odds of recidivism
than low-risk youth. Black youth also had significantly higher odds of recidivism overall
than White youth (b = 0.51,p < .001). The interaction terms between race and risk
were not statistically significant, indicating that the Black-White disparity in recidivism
remained relatively consistent across low-, moderate-, and high-risk groups. Predicted
probabilities from the margins analysis are displayed in Figure 1. Across all three risk
categories, Black youth consistently exhibited higher recidivism probabilities than White
youth. Among low-risk youth, the predicted probability of recidivism was 0.52 for Black
youth compared to 0.39 for White youth. This gap persisted at the moderate-risk (0.57 vs.
0.49) and high-risk (0.56 vs. 0.46) levels. Overall, these findings indicate that the C-
PACT risk categories differentiate youth in the expected direction, but substantial Black-

White disparities in recidivism remain even after accounting for risk level.

Figure 1
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Adjusted Predictions of Race with 95% Confidence Intervals
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Propensity Score Matching Sensitivity Analysis

To assess whether the racial disparity among low-risk youth persisted after
balancing on observed confounders, a Propensity score matching (PSM) sensitivity
analysis was conducted (Table 3). The analysis was restricted to youth classified as low-
risk and identified as either Black or White (n = 1,934). Scores below .05 or above .95
were trimmed to improve common support. Trimming in this way removes cases whose
predicted probability of group membership falls outside of the overlapping region of the
propensity score distribution, where comparable cases across groups are limited.
Propensity scores were estimated using a logistic regression model predicting treatment
status (Black = 1, White = 0) from felony history, dynamic risk score, social
disorganization, age at admission, prior system involvement, family incarceration, family

problems, age at first offense, and gender.
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Balance diagnostics indicated substantial improvement in covariate balance after
weighting. Before weighting, the largest imbalance was observed for social
disorganization (standardized difference = 0.952), with smaller but still notable
imbalances for family problems, detention history, felony history, and age at admission.
After weighting, standardized differences for all included covariates were reduced to
below 0.10 in absolute value, indicating good balance on the observed characteristics
used in the propensity score model.

Following balance adjustment, the AIPW model estimated the mean probability
of recidivism for low-risk White youth as 0.425, compared to 0.526 for low-risk Black
youth. This corresponds to an adjusted Black-White difference of approximately 0.101
(SE = 0.028,z = 3.63,p < .001,95% CI[0.046,0.155]), indicating that Black youth
remained significantly more likely to recidivate even after balancing on observed
background characteristics and baseline risk-related factors.

These results suggest that the disparity observed among low-risk youth is not fully
explained by the measured covariates included in the propensity score model. Even after
adjusting for differences in legal history, family context, neighborhood disadvantage, and
baseline risk, Black youth classified as low-risk continued to face a substantially higher
probability of recidivism than comparable White youth.

TABLE 3. AIPW Results for Low-Risk Black vs White Youth

Group Predicted Probability  SE 95% CI
White (0) 0.425 0.023 [0.381, 0.470]
Black (1) 0.526 0.016 [0.494, 0.558]

ATE (Black — White) ~ 0.101%** 0.028 [0.046, 0.155]
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DISCUSSION

This study examined whether racial disparities in juvenile recidivism persist
among youth whose baseline dynamic risk scores fell within the lowest risk category
created from the distribution of the dynamic risk measure at intake. Across descriptive,
multivariate, and propensity score-weighted analyses, the findings show a consistent
pattern: Black youth recidivate at higher rates than White youth even when they begin
supervision with similar baseline risk classification and, in adjusted models, comparable
observed background characteristics. This suggests that racial gaps in system outcomes

are not fully explained by differences in assessed risk.

These results align with previous research documenting racialized disparities in
juvenile justice outcomes even after accounting for legal factors and risk assessments.
Under the RNR framework, youth with low dynamic risk scores are expected to exhibit
relatively low rates of reoffending; however, this pattern did not hold uniformly across
racial groups. The presence of disparities within the low-risk category raises questions
about how risk is operationalized and how youth move through community supervision.
Prior work suggests that structural and contextual factors, including differential
surveillance, variation in system responses, and the broader social conditions in which
youth live, shape recidivism outcomes beyond individual-level risk indicators (Craig et

al., 2021; Holloway et al., 2022; Legewie & Fagan, 2019). Findings from this study are
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consistent with that research and indicate that risk assessment scores alone cannot fully

explain or predict the experiences of youth once they enter the justice system.

Although risk categories were constructed using tertiles to facilitate comparison
across groups, the underlying distribution of dynamic risk scores in this sample was not
uniform. Risk scores were moderately right skewed, with the majority of youth clustered
at lower levels of risk and a smaller proportion exhibiting higher risk scores. As a result,
the “low-risk” category reflects a relative position within the sample rather than a group
of uniformly minimal risk. This distinction is important for interpreting the findings, as it
suggests that observed disparities among low-risk youth emerge even within the lower

end of a naturally skewed distribution of assessed need.

The observed disparities among youth in the low-risk category may be understood
through the lens of anti-Blackness. Within an anti-Blackness framework, Black youth are
more likely to be perceived as older, more culpable, and more threatening than their
White peers (Bridges & Steen, 1998; Fader et al., 2014; Graham & Lowery, 2004;
Piquero, 2008). Additionally, they are more likely to experience intensified police contact
and harsher system responses to similar conduct (Lehmann & Meldrum, 2024; Ridolfi et
al., 2016). From this perspective, the higher rates of subsequent system involvement
observed among Black youth in the low-risk group may reflect not only individual
behavior or assessed criminogenic needs, but also the racialized conditions under which
behavior is monitored, interpreted, and sanctioned. In this sense, policing, surveillance,
and differential system response can be understood as concrete manifestations of anti-
Blackness within juvenile justice processing.
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Although anti-Blackness is often theorized as an ontological condition, it can be
operationalized quantitatively through patterns of differential exposure to surveillance,
system contact, and institutional response (Padgaonkar et al., 2021). For example,
disparities in police contact, supervision intensity, technical violations, and recidivism
among similarly situated youth may serve as observable indicators of how anti-Blackness
operates within the justice system. In Wacquant’s Race as a Civic Felony (2005), race
itself is conceptualized as functioning as a form of civic status that structures individuals’
relationships to the state, including their likelihood of being monitored, sanctioned, or re-
incorporated. From this perspective, racial disparities in outcomes among low-risk youth
are not simply residual differences after accounting for risk factors but may reflect the
ways in which race organizes exposure to punishment and surveillance. Future research
could build on this approach by incorporating measures of supervision intensity, police
contact, and neighborhood-level enforcement patterns to more directly assess how anti-

Blackness shapes justice-system outcomes.

The multivariate analyses reinforce this conclusion. The Race x Risk interaction
model demonstrated that recidivism was higher among moderate- and high-risk youth
than among low-risk youth, as expected under the RNR framework, but Black youth had
higher recidivism probabilities than White youth at each level of risk. At the same time,
the interaction terms were not statistically significant, indicating that the Black-White
disparity remained relatively consistent across low-, moderate-, and high-risk groups
rather than varying significantly by risk level. Within the low-risk subsample, logistic

regression indicated significantly higher odds of recidivism for Black youth compared to
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White youth. The AIPW model, which balanced observed covariates between Black and
White youth, further showed that racial disparities persisted even after adjusting for
felony history, detention and placement history, age at admission, family context, and
neighborhood disadvantage. Taken together, these findings suggest that the disparity is

robust and not an artifact of model specification or sample composition.

Model adequacy checks provide additional assurance that the findings are
reliable. Balance statistics following AIPW weighting showed substantial improvement
in covariate balance. Before weighting, the largest imbalance was observed for social
disorganization, but after weighting all standardized mean differences were reduced
below conventional thresholds of 0.10 in absolute value, indicating successful adjustment
for observed confounding. The consistency of results across descriptive, regression, and

propensity score-weighted models strengthens confidence in the central conclusion.

Several limitations qualify these findings. First, the analysis relies on
administrative measures of recidivism, which may reflect differences in surveillance
intensity rather than true behavioral differences. Youth under closer supervision or living
in communities subject to greater police presence may be more likely to incur official
contacts for similar behavior than youth who experience less monitoring. As a result,
observed recidivism differences may partly reflect variation in institutional responses and
exposure to surveillance rather than differences in underlying offending. This limitation
is particularly relevant when examining racial disparities, as prior research has
documented racialized differences in policing, supervision intensity, and system
processing that shape the likelihood that behavior results in official justice-system
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involvement. Prior research shows that self-reported and official measures of delinquency
are related but not interchangeable, suggesting that they reflect different indicators of
youth offending and legal contact (Holloway et al., 2024; Pollock et al., 2015). This
suggests that observed disparities in administrative outcomes may reflect differences in
system exposure and institutional response in addition to underlying behavior. As a
result, recidivism measure through official justice-system contact may reflect both youth
behavior and the institutional contexts through which youth move while under
supervision. Second, although the AIPW approach improves covariate balance,
unobserved confounders cannot be ruled out. Future research could extend this analysis
using survival models, longer follow-up periods, and measures that combine official

records with self-reported offending.

CONCLUSION

This study examined whether Black and White youth classified as low risk by the
C-PACT recidivate at similar rates. Across descriptive, multivariate, and propensity-score
adjusted analyses, Black youth consistently exhibited higher recidivism despite
comparable dynamic risk profiles. These findings challenge assumptions underlying the
RNR framework, which expects low-risk youth to desist with minimal intervention.
Instead, the results point toward structural and institutional factors shaping recidivism
beyond individual risk. Future work should incorporate richer measures of context,
explore mechanisms that link race to system response, and assess whether risk

instruments systematically under capture the burdens Black youth face.
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