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Abstract

Child abuse and neglect is a devastating yet preventable social problem. Currently, early
childhood home visitation services are the primary approach to preventing maltreatment and
improving child well-being in the United States. However, existing literature suggests that
improvement is needed regarding how home visitation professionals identify and respond to risk
factors for child abuse and neglect. Although there is substantial multidisciplinary literature that
investigates the utility of standardized measures to determine future risk for maltreatment, there
has been minimal inquiry into the validity of early childhood home visitation assessment
instruments to accurately identify and classify children and their families by their risk for future
maltreatment. In response to the dearth in the literature, the purpose of this dissertation was to
examine the utility of the Healthy Families Parenting Inventory (HFPI) to predict a family’s risk
for future maltreatment. Families enrolled in Healthy Families Arizona, a child abuse and
neglect prevention program, were followed for 12 months after the completion of the baseline
HFPI to measure if the family had received an investigation of maltreatment from the public
child welfare system. Bivariate results indicated that the generated risk classifications of the
HFPI and the overall total composite score were related to the occurrence of a future
maltreatment investigation. Specifically, the results from the binary logistic regression models
provided evidence that as a family’s score increased on the inventory, the likelihood of receiving
an investigation of maltreatment decreased. Further, significant relationships were found
between a family’s score on several individual items of the HFPI and the occurrence of a
maltreatment investigation. This dissertation concludes with a discussion of potential avenues of

research on the topic of risk assessment in prevention programs serving at-risk families.
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CHAPTER 1
INTRODUCTION
The maltreatment of children including neglect and various forms of physical,
sexual, and emotional abuse has endured as a social problem of significant scope, despite
multi-system attempts at prevention and intervention. Currently, evidence-based early
childhood home visitation programs are the primary approach to preventing maltreatment
by improving child well-being and supporting vulnerable families with young children in
the United States. These programs typically target at-risk families with children under
the age of five, focusing on building supportive relationships with caregivers in their
home environment to improve maternal and child well-being. Although home visitation
programs target services towards homogeneous low-income families with young
children, the literature suggests that there is wide variation in these families’ levels of risk
for adverse outcomes (Duggan et al., 2007; Peacock, Konrad, Nickel, & Muhajarine,
2013). Despite this variation, there has been minimal inquiry into the validity of early
childhood home visitation assessment protocols to accurately identify and classify
children and their families by level of risk for future maltreatment. To address this dearth
in the literature, the examination of the assessment of risk within home visitation
populations requires a multidimensional approach that is distinct from risk assessment
among public child welfare populations. With the developmental-ecological theory as
the guiding framework of this dissertation, this chapter will introduce characteristics of
families involved in home visitation that place enrolled children at increased risk for

child maltreatment, followed by expectant opportunities for the prevention of child
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maltreatment as a result of empirical validation of an assessment instrument developed
specifically for early childhood home visitation populations.
Theoretical Lens: Developmental-Ecological Model of Child Maltreatment
Prevailing ecological theories in child welfare posit that the likelihood of
maltreatment is influenced by a diverse set of risk and protective factors that are
interrelated and interact to determine risk within a family system (Belsky, 1993;
Cicchetti, Toth & Maughan, 2000; Scannapieco & Connell-Carrick, 2005). As a
multidimensional field of practice, it is agreed upon that the determinants of child
maltreatment take place among a balancing act of interacting stressors and supports at the
child, parent, family, community, and societal levels (Belsky 1980; Cicchetti & Rizley,
1981; Pecora & Harrison-Jackson, 2014; Scannapieco & Connell-Carrick, 2005;
Thomlison, 2004). This recognition of the complexity of maltreatment has led to the
development of a comprehensive developmental-ecological theory to organize risk
factors, first outlined by Belsky (1993) in a model based on Bronfenbrenner’s (1979)
theory of child development. This framework divides risk and protective factors for child
maltreatment into three categories, including parent and child factors, factors in the
interactional context between parents and their children, and factors in the broader
context.
In addition to organizing risk and protective factors for maltreatment, the great
strength of the developmental-ecological theory is that the theoretical model describes the
complexity of contexts in which children develop, and their families operate. As one set

of researchers put it, the complexity of the environment in which children develop ranges
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from “neurons to neighborhoods” (Shonkhoff & Phillips, 2000), and occurs within a
bidirectional transactional process (Belsky, 1993; Lynch & Cicchetti, 1998) in which
both children and primary caregivers are active agents. In the developmental-ecological
theory of child maltreatment, risk and protective factors interact with each other in a
manner that influences the overall likelihood that maltreatment will occur. For example,
parents struggling with managing a child’s difficult behaviors may be more likely to use
abusive corporal punishment when taxed by the stressor of poverty, than they would be if
they had the financial resources necessary for helpful parenting education and childcare.
The comprehensive nature of the developmental-ecological theory, along with its
recognition of the manner in which factors relate to each other and co-occur, has lead it to
be a helpful model of organization for much of the current research and recent advances
in the literature on child maltreatment (Mohr, Noone Lutz, Fantuzzo & Perry, 2000; Lee,
Guterman, & Lee, 2008; Zielinski & Bradshaw, 2006).

The developmental-ecological theory can contribute to a complete understanding
of early intervention with at-risk families, as it functions as a “social map” for not only
understanding interactive risk within a family system, but also in examining complexities
in service provision. In home visitation programming it can function to show the
relationship between intervention strategies, suggest alternative conceptualization of how
services can be delivered, and propose multiple strategies of intervention. When there
are multiple causal factors impinging on social problems such as maltreatment, the
developmental-ecological theory can review multiple dimensions of understanding, and

suggest more comprehensive interventions. Conceptualizing interactive risk and
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protective factors as the primary determinant for child maltreatment risk assessment and
subsequent service provision is the basis of this dissertation, and may reduce future
maltreatment by assisting practitioners in accurately providing appropriate services to
families at the right dosage, at the right time.
Child Maltreatment and High Risk Children

State and national prevalence data and prevailing theory on risk factors for child
maltreatment reveal that young children residing within low-income families served by
home visitation programming are at increased risk for abuse and neglect. Home
visitation programs are designed to serve young children at-risk for child maltreatment,
as these programs target overburdened families with young children who have been
identified as at-risk for poor health and social outcomes at the time of program
enrollment (Healthy Families, 2017; National Center for Children in Poverty, 2008).
Consequently, many enrolled families have a significant number of maternal and child
risk factors for maltreatment. For instance, mothers enrolled in home visitation are more
likely to be living in poverty, are teen parents, undereducated, and struggling with unmet
mental health or substance abuse issues (Ammerman, Putnam, Bosse, Teeters, & Van
Ginkel, 2010; Dubowitz et al., 2011; Duggan et al., 2004; Raikes et al., 2006).
Furthermore, enrolled infants are also more likely to suffer from birth defects, be of low
birth weight, be born preterm, and have positive alcohol or drug screens as a whole, as
reported in state and federal data (LeCroy & Milligan Associates, 2016; Lee, Mitchell-

Herzfeld & Lowenfels, 2009).
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A growing body of research demonstrates that a number of contextual factors
such as single parenthood, prenatal and antenatal substance abuse, maternal depression, ,
and prolonged reliance on public assistance common among families involved in home
visitation, are risks for child maltreatment in young children (Chung, Matthew, Elo,
Coyne & Culhane 2007; Kiser & Black, 2005), and can have harmful effects on
children’s emotional, cognitive, and social capabilities (Berger, Paxson, & Waldfogel,
2010; Westbrook & Jones Harden, 2010). Further compounding individual risks, many
families enrolled in home visitation programming experience risk factors within broader
contextual levels including interpersonal violence, difficulty in connecting to community
resources, and insufficient social support systems (Freisthler & Maguire-Jack, 2015).
The conditions that commonly occur in impoverished neighborhoods where these
families live, such as frequent episodes of community violence, inadequate housing, and
shortage of social and recreational resources, heighten the levels of stress and isolation
experienced by at-risk families (Fortin, Guay, Lavoie, Boisvert, & Beaudry, 2012;
Leventhal & Brooks-Gunn, 2003; Thornberry et al., 2014). As these factors interact with
one another, it is not uncommon for families involved in home visitation to experience
confounding risk factors among multiple contextual domains, creating a cycle of extreme
stress for affected families (Merritt, 2009; Thornberry et al., 2014; Whitaker, Orzol, &
Kahn, 2006; Wolfe, 2011). Infants and young children residing within these families are
at enhanced risk, as evidence suggests that many risk factors for child maltreatment have
a greater negative impact on children’s development when it occurs earlier in life (Corvo

& Carpenter, 2000; Osfosky & Thompson, 2000; Ratclife & McKernan, 2010).
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Overall, young children under the age of five continue to experience the highest
rates of child maltreatment, entry into the child welfare system, reoccurrence of child
abuse and neglect, poverty, homelessness, and fatal victimization compared to any other
age group (USDHHS, 2016a; USDDHS, 2016b). Left untreated, child maltreatment can
result in long-term adverse consequences that are difficult, and sometimes impossible, to
overcome (Barlow & Scott 2010). However, existing research suggests that early
intervention and prevention efforts such as home visitation, are effective at protecting
vulnerable children by reducing risk factors for maltreatment within family contexts,
yielding positive outcomes in child development and maternal life course (Barlow et al.,
2006; Dumont et al., 2008; Easterbrooks et al., 2012; Green, Tate, Harrison, Hygren, &
Sanders, 2014; LeCroy & Krysik, 2011). With home visitation enrollment exceeding
over 500,000 children in the United States, these programs serve as the earliest entryway
through which a sizeable number of at-risk families come to the attention of social
service professionals (Stoltzfus & Lynch, 2009). Through identification and divisive
intervention early in children’s lives, early childhood home visitation programs have an
opportunity to identify and treat at-risk families, potentially changing lifelong trajectories
for at-risk children and their families.

Promise of Home visitation

Although the provision of home visitation services for young children and their
families who may be at risk for adverse outcomes has been in existence for more than
thirty years, these programs have recently received unprecedented levels of attention and

support. Much of this attention and subsequent expansion of home visitation
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programming is reflective of changing public policy and wide-spread recognition of the
power of prevention in protecting vulnerable children from abuse and neglect (Russell,
Britner, & Woodlard, 2007; Stagner & Lansing, 2009). Driving these expansion efforts
are recent research findings that have demonstrated the profound effects of early life
experiences on the development and structure of the brain, as well as on children’s
emotional and social development, and lifelong capacity for learning (Center on the
Developing Child, 2010; Nelson, 2002; Shonkoff & Phillips, 2000). As a result,
lawmakers are increasingly turning to well-established early childhood home visitation
models as critical components of efforts to promote school readiness, improve parental
capacities to care for their children, and prevent child abuse and neglect (Astuto & Allen
2009; Stoltzfus & Lynch, 2009).

A variety of intervention models fall into the category of home visitation
programs, although all deliver services through regularly scheduled visits to the homes of
families with young children. Most of these home visitation programs have some goals
in common, including promoting early learning and optimal development in young
children, reducing risk for maltreatment, improving parents’ competence in caring for
their child, and stimulating his or her learning and development (Avellar & Supplee,
2013; Johnson, 2009; Mikton & Butchart, 2009). While numerous alternative
community resources exist that can potentially mitigate the troubles and difficulties that
lead to maltreatment, at-risk parents often have difficulty identifying their need for
assistance or accessing services, especially when limited resources and logistical

challenges pose additional barriers to accessing necessary resources (Daro, 2000;
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Johnson, 2009). Home visitation programs attempt to address this difficulty by reaching
families in their homes, identifying potential needs, and offering a dually comprehensive
and individualized program of services (Asuto & Allen, 2009, Sweet & Applebaum,
2004). It is expected that families receiving home visitation services in their homes will
miss fewer appointments, and therefore receive more services (Brooks-Gunn, Berlin &
Fuligni, 2000; Johnson, 2009). Existing research suggests that when implemented with
precision and fidelity, home visitation programs can yield positive outcomes in altering
maladaptive parenting practices, enhancing child development, improving the quality of
the home environment, and curtailing challenging child behavior; subsequently
enhancing child and family well-being (Caldera et al., 2007; Dumont et al., 2008;
Easterbrooks et al., 2012; Green et al., 2014; LeCroy & Davis, 2016).

Although many existing programs have been found to have favorable program
impacts on risk factors for child abuse and neglect, fewer show success in directly
reducing child maltreatment (Howard & Brooks-Gunn, 2009; Reynolds et al., 2009).
Some researchers have argued that many evaluations have failed to show programmatic
impact as a result of weak methodological rigor, specifically as it pertains to study design
and measurement complications inherent in using administrative data to measure child
maltreatment (MacMillian et al., 2009; Reynolds et al., 2009; Slack, Jack, & Gjertson,
2009). Unfortunately, when changes are not detected on outcome measurements during
program evaluations, it is often concluded that the program was not effective, when in
actuality methodological variance or the inability of the measure to detect change in an

applied setting negatively impacted the ability to detect significant findings (Geeraert,
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Van den Noortgate, Grietens & Onghena, 2004; LeCroy & Krysik, 2010; Sweet &
Applebaum, 2004). However, large-scale studies have increased in number and
methodological sophistication in recent years. While there is still much work to be done
in standardizing measurement in home visitation settings to enhance methodological
rigor, improved quality of evaluation research has allowed for a synthesis of findings
across studies that have produced favorable conclusions regarding the effectiveness of
home visitation programs in reducing maltreatment (Bilukha et al., 2005; Fergusson,
2005).

Empirical literature suggests that by engaging families in the context of their
communities through early childhood home visitation with a robust array of preventative
service options, home-visitors can work towards reducing the occurrence of child
maltreatment and strengthening at-risk families. Along with recognition of the
importance of providing a broad, integrated range of services, the complex nature of risk
for maltreatment also creates a need for programs to offer accessible and individualized
services to families at risk of future maltreatment (Daro & Donnelly, 2002). The flexible
nature of prevention programming creates this opportunity through development of
treatment plans that are tailored to meet the unique needs of each family before
maltreatment occurs; which is a benefit not afforded to public child welfare systems.
Through early identification, practitioners can utilize standardized assessments to
recognize early signs of trouble within the family context, and monitor the family’s risk
level while providing intensive early interventions that reduce the need for more

substantive and costly later involvement with the public child welfare system. Despite
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the promise of early childhood home visitation to protect children and alter the trajectory
of at-risk families, there has been minimal attention paid to assessment of risk among
children involved in home visitation programming. Current home visitation practice in
the absence of universally adopted assessment instruments that have been empirically
validated to assess risk creates difficulty in identifying service priorities when multiple
risks exist among varying contextual domains, and disallows practitioners to take full
advantage of the flexible nature of home visitation programming through implementation
of individualized empirically guided treatment plans. The utilization of an empirically
validated assessment instrument in home visitation provides opportunities for
practitioners to utilize an empirically driven framework for practice that incorporates
family engagement, strengths-based practice, and statistical precision.
Measuring Risk in Home visitation

The premise that a child’s risk of future harm can be accurately predicted from a
set of child, caregiver, and community characteristics gathered during an assessment is
indeed appealing. Predictions are made every day in practice that drives high-stakes
decision-making, with potentially tragic consequences. In this time of unprecedented
demand for accountability in social service delivery systems, early childhood home
visitation programs are increasingly pressured to deliver empirically based assessment
and intervention programs with expert precision. Consequently, risk assessment is
promoted as a means to systematically protect children and manage service demand by
allocating limited resources more effectively (DePanfilis & Zuravin, 2001; English &

Pecora, 1994). However, intervening with families at-risk for future maltreatment is far
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more complicated than assessing the needs of at-risk families, and keeping children safe
and protected from their parents (Leschied, Chiodo, Whitehead, Hurley, & Marshall,
2003; Levenson & Morin, 2006; Shlonsky & Wagner, 2005). During brief interactions
with families, practitioners must make decisions regarding the service needs of families,
as well as the family’s level of risk for future maltreatment by organizing risk and
protective factors from an array of sources with varying degrees of reliability. In practice
this is accomplished through the implementation of a variety of maltreatment assessment
instruments with varying degrees of reliability and validity that support practitioner
decision-making in determining the safety of children in the home, matching families
with appropriate services to reduce risk, and ensuring the well-being of children and their
families (Caldwell, Bogat, & Davidson, 1988; Cash, 2001; English & Pecora, 1994).
Particularly within home visitation interventions, there is no consensus as to which
assessment instruments best meet the needs of enrolled families, creating both
methodological challenges in research, and trade-offs in practice in the utilization of
instruments developed for alternative populations that are of little benefit to early
childhood prevention programs serving at-risk children and their families.

Assessment of a family’s future risk for maltreatment in home visitation has
proven to be far more complicated than re-formulating existing maltreatment assessment
instruments to meet the unique needs of an applied home visitation setting. The resulting
landscape includes wide variation in instrumentation among early childhood home
visitation programs. This was illuminated in a comprehensive review of home visitation

programs that noted that over 100 different outcome variables were measured using over
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22 different instruments during the course of home visitation practice (Gomby, 1999).
Many of these assessment instruments used in home visitation are not relevant for use
among populations enrolled in prevention programming, and were not designed for use in
applied settings (Ogles, Lambert, & Fields, 2002). For instance, many assessment
instruments currently used in home visitation to predict risk and measure outcomes were
originally developed for use in the context of a child abuse investigation to predict future
risk of maltreatment recurrence in the public child welfare system, and subsequently were
not designed for populations involved in home visitation, where longitudinal assessment
of needs, and prediction of the initiation of maltreatment are of primary importance. The
voluntary strengths-based foundation of home visitation practice requires an assessment
instrument that focuses on family strengths and utilizes non-judgmental language,
measures culturally diverse risk and protective factors, provides immediately useful
feedback to practitioners regarding the family’s level of risk for future maltreatment, and
identifies areas of family strengths, as well as contrary areas of need that require targeted
intervention. In current practice, the most comprehensive instrument developed for this
purpose in early childhood home visitation programs is the Healthy Families Parenting
Inventory.
Healthy Families Parenting Inventory

The Healthy Families Parenting Inventory (HFPI) is a 63-item outcome
assessment instrument developed by LeCroy & Milligan (2017) that was designed
specifically for use in home visitation programs to detect individual change related to

mitigating risks and increasing protective factors. Using strength-based language
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important in home visitation programming, the Healthy Families Parenting Inventory
uses a self-report approach to gather information pertaining to risk and protective factors
related to risk for maltreatment. Designed to be administered at the time of program
initiation and every six months thereafter, the information garnered from the instrument
is used by the home visitor to facilitate a discussion of family strengths and needs
immediately following completion of the inventory for use in guiding treatment plan
decisions. Through rapport building during the assessment process, home-visitors who
currently utilizing the Healthy Families Parenting Inventory in practice describe that the
instrument allows them to focus on their work, provides opportunities for important
conversations with families, and assists with creating individualized treatment plans
(Krysik & LeCroy, 2012). The items in the inventory are organized into nine subscales
including social support, problem solving, depression, personal care, mobilizing
resources, role satisfaction, parent/child interaction, home environment, and parenting
efficacy. These subscales were developed through review of empirical literature that
identified key protective factors, risk factors, and optimal child development related
outcomes important to the study of maltreatment and maltreatment prevention
programming. The nine subscales have demonstrated construct and factorial validity,
with mean alpha coefficients ranging from .76 to .92 (Krysik & LeCroy, 2012). The
Healthy Families Parenting Inventory has demonstrated reliability and validity as an
outcome measure that can provide important practice information directly to home-

visitors related to a family’s strengths and needs from an ecological perspective;
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however, the instrument has not been validated as a measure to predict a family’s risk for
future maltreatment.
Purpose of the Current Study

Although a review of existing literature has uncovered a great deal of information
about the factors predicting the likelihood of maltreatment, much less is known about
how to identify which families in early childhood home visitation settings are at
heightened risk for future maltreatment when risk factors are accumulating or interacting
with other confounding factors, resulting in fluctuating levels of risk for future
maltreatment (Moreland-Beagle, Dumas, & Hanson, 2010). In practice, no consensus has
been reached regarding which instrument best meets the needs of home visitation
populations to achieve this, resulting in a diverse landscape of instruments utilized to
identify a family’s treatment needs and risk for future maltreatment. As a result, practice
and policy in this area are limited, leading to ineffective and inconsistent measurement
practices, and lack of empirical evidence pertaining to the identification of intervention
priorities when risk exists in multiple contextual areas of a family’s environment.
Empirical validation of a measure developed specifically for assessment in home
visitation populations has the potential to improve practice and influence policy by
providing validation of a standardized instrument, complementing the skillset of front-
line practitioners by improving decision-making, guiding practice, and influencing policy
by providing empirical guidance pertaining to how to prioritize services to families most
at risk. Seeking to fill this gap in the literature, this study examines whether the widely

administered Healthy Families Parenting Inventory can be effectively utilized to improve
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predictive capacity in home visitation programs by determining a family’s likelihood of
future maltreatment.

This study expands the existing literature base by examining the capacity of an
instrument developed specifically for home visitation, the Healthy Families Parenting
Inventory, to predict a family’s risk for future maltreatment. Through detailed analysis of
families identified as at-risk for maltreatment, this dissertation examines the strength of
the relationship between risk and protective variables within the Healthy Families
Parenting Inventory at all levels of the developmental-ecological model, and subsequent
occurrences of maltreatment investigations with the Arizona Department of Child Safety.
Using moderation as a statistical tool, the study further explores the relationship between
subscales of the Healthy Families Parenting Inventory and an investigation of
maltreatment. Examining the influence of specific items and subscales within the
inventory to predict future maltreatment has the potential to help shape practice at the
programmatic level by guiding practitioners in developing individualized treatment plans
that target reduction among specific risk factors, and promote enhancement of protective
factors to optimally enhance child safety and improve child and family well-being.

Relevance to Social Work

Considering the emerging recognition of early assessment of risk and expansion
of home visitation programs for at-risk families, discovering whether the Healthy
Families Parenting Inventory can predict future maltreatment for children involved in
home visitation programming can provide for research, policy, and practice implications

across the field of child maltreatment prevention. Home visitation programs are designed
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to improve outcomes for children by providing services to families most at risk for future
child maltreatment. These families often present with risks across multiple psychosocial
domains, creating a situation that presents as stressful and chaotic. These complicated,
high-risk situations can easily overwhelm a home-visitor, resulting in ineffective
assessment and intervention planning (Duggan et al., 2007; Tandon, Mercer, Saylor, &
Duggan, 2008). The findings of this dissertation can assist home-visitors by providing
guidance in better understanding levels of risk associated with intersecting maltreatment
indicators, allowing for accurate identification of families most in need of intensive
intervention. Moreover, the findings have the potential to improve prevention practice
through identification of the most salient risk and protective factors among enrolled home
visitation families, directing treatment planning that targets a family’s most potent risks
by building upon protective capacities within the family context. By examining risks
within multiple contexts of the developmental-ecological theory, this dissertation aims to
provide practitioners who work in prevention with tangible strategies to identify families
at increased risk of future abuse and neglect. The validation of an assessment instrument
to predict risk for maltreatment and identify service needs can provide home visitation
professionals with a guide to decision-making in a system that is overwhelmed with
families in crisis by providing opportunities for empirically driven treatment plan
development. Future research stemming from this work includes exploration of risk
assessment in prevention and community-based programs, enhanced development of
prevention programming, as well as examination of the effect of risk at all

developmental-ecological domains across family systems.
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CHAPTER TWO
LITERATURE REVIEW

Specific examination of maltreatment risk assessment and the predictive validity
of assessment instruments has been conducted primarily within the boundaries of the
public child welfare system in studying the recurrence of maltreatment over the last
decade. These studies have found that the predictive capacity of many maltreatment
assessment instruments to predict a family’s risk for future maltreatment is generally poor
(Anglin, 2002; Gambrill & Shlonsky, 2000; Leschied et al., 2003; Wald & Woolverton,
1990), with the most fundamental concerns relating to the psychometric properties of
commonly used instruments. Several threats to establishing reliability and validity of
maltreatment assessment instruments have been identified in the literature that
compromise the extent to which commonly used instruments can be used to improve the
consistency and accuracy of decision-making; creating difficulty with empirical
validation. These challenges are especially pronounced in the study of risk assessment in
home visitation, as many frequently used instruments were not designed for use in
prevention programming, and therefore have further limitations in accurately assessing a
family’s risk for maltreatment. Subsequently, risk for future maltreatment among home
visitation settings is best conceptualized through the use of an instrument with strong
psychometric properties that allows for ease of application in applied settings.
Examining the predictive validity of a strengths-based instrument developed for use in
home visitation programming aids in the exploration of risk and protective factors and the

prediction of future risk of maltreatment in the absence of child welfare involvement.
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Previous research on maltreatment assessment has left a gap in the study of risk
assessment in applied home visitation settings. The purpose of this research, which
focuses solely on at-risk families involved in home visitation programming, is to address
that gap. To provide context for this work, first an in-depth discussion of the impact of
child abuse and neglect is provided alongside a discussion of efficacious early childhood
home visitation interventions. The connection of risk and protective factors measured
through the lens of the developmental-ecological theory of child maltreatment is then
discussed, followed by a presentation of existing literature in maltreatment risk
assessment. Finally, the study of predictive validity in maltreatment assessment is then
examined, followed by the presentation of the study aims.

The Problem of Child Maltreatment

The effects of maltreatment have grave consequences for a child’s long-term
development, as well as a broader financial impact on society in both direct and indirect
costs (Fang, Brown, Florence & Mercy, 2012). In order to develop into healthy and
productive adults, children must learn to regulate their emotions and behavior, to
cultivate positive relationships with others, and develop a confident sense of self. Extant
in the literature is a substantial amount of evidence that consistent and responsive
parenting is significantly associated with a child’s ability to master important
developmental tasks (Bolger & Patterson, 2003; Fraser, Kirby, & Smokowski, 2004). In
family systems experiencing maltreatment, inconsistent, inadequate, or abusive parenting
often does not meet a child’s basic needs for physical development, a sense of emotional

security, or opportunities for positive social interactions (Thomlison, 2004). Instances of
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inadequate or abusive caregiving expose children to a variety of difficulties over the
course of their lives in regards to normal development, adjustment, and adaptation
(Messman-Morre, Walsh, & DiLillo, 2010; Shin & Miller, 2012; Tarullo, 2012).

The period in utero and the preceding first three years of a child’s life are
uniquely characterized by rapid development in neural and physiological systems, as well
as in achievement of cognitive, social, and emotional competencies (Lewandowski et al.,
2013, Nelson, 2000; Thompson, 2001). The early sensitive years of neural and biological
development occur in parallel with young children’s psychosocial development, as both
are highly reliant on transactional interactions within and between family and
environmental contexts (Blair, et al., 2011; Noble et al., 2012; Sameroff, 1993). The first
five years of a child’s life remain remarkable for the progression through bio-
psychosocial stages that form the building blocks for later life tasks. Empirical evidence
suggests that normal child development proceeds through predictable stages, whereby
young children are temporarily primed to master specific developmental tasks. Once this
period of early childhood has passed, the child’s behavioral and developmental patterns
stabilize, and change becomes much more difficult to achieve at a later time (Center on
the Developing Child, 2007; National Research Council and Institute of Medicine, 2000).
This early mastery of critical developmental life competencies typically occurs in
foundational areas including learning to respond to stimuli in the environment, to regulate
emotions, to form attachments, to communicate in verbal and nonverbal ways, to relate to
others, and to learn to ambulate (McCrory, DeBrito, & Viding, 2010; Thompson, 2001;

Wilson, Hansen, & Li, 2011;). During these fundamental stages in very early child
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development, a family’s environment may serve to support the mastery of these tasks, or
in the face of traumatizing or maltreating contexts, to shift behavioral trajectories, and
alter brain structure and chemistry indefinitely (Hanson et al., 2010; Prado & Dewey,
2012; Shonkoff & Gardner, 2012).

Although early childhood holds the potential to shape positive developments for
later in life, this period of stark vulnerability can equally pose risks for troubling later
developments, particularly for the parent-child relationship to become characterized by
abusive or neglectful interactions (Shonkoff & Gardner, 2012; Zurvain, Orme, & Hegar,
1994). Several national sources of data shed light on this heightened maltreatment risk in
a child’s earliest years. For instance, the National Child Abuse and Neglect Data System
(NCANDS) data for 2015 shows that the first six years of childhood account for nearly
half of all substantiated child maltreatment victims, in contrast to the teenage years only
accounting for approximately 25.0% of child maltreatment victims. NCANDS data on
physical abuse and neglect indicate that 27.7% of victims substantiated for physical abuse
and neglect are age three and under, and the victimization rate is highest for children
younger than one year, at a rate of 24.2 per 1,000 children in the population of the same
age. Existing data suggests that the highest substantiation rates for child maltreatment
occur in the earliest years of childhood, a rate that remains relatively stable into a child’s
school years (USDHHS, 2016a).

The Fourth National Incidence Survey (NI1S-4) reported similar findings to
NCANDS, with an inverse relationship in the rates of both physical child abuse and

neglect from birth to the early school years, followed by a continued steadily decreasing
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incidence rates as children grow and develop (Sedlak et al., 2010). The NIS-4
demonstrates the connection of young age and child maltreatment, with disproportionate
increases in the incidence of maltreatment among very young children under the age of
two. Empirical evidence by the NIS-4 study suggests that children’s youngest years prior
to enrollment in the public school system are characterized by higher rates of
maltreatment than a child’s school-age years, likely due to lack of community
surveillance and monitoring, and limited developmental capabilities of young children to
disclose abuse and neglect (English, 1999).

The most profound evidence that early childhood represents the highest risk
period for maltreatment is data available on severe child maltreatment. Approximately
one in four children entering foster care placement due to child maltreatment are under
the age of one (USDHHS, 2016a), and studies have consistently shown that child fatality
rates are disproportionally higher in the earliest years of childhood. Empirical research
has shown that the younger the child, the higher the risk for severe or fatal child
maltreatment (USDHHS, 2016b; Whitt-Woosley, Sprang, & Gustman, 2014). For
example, the data reported to NCANDS in 2015 found that 75.0% of child maltreatment
fatalities involved children age three and younger. That number is even more alarming
among the youngest children, as 44.0% of all child maltreatment fatalities occur among
children less than 1 year of age. Although these are startling, they are most likely an
underestimate of the proportion of child maltreatment fatalities in the earliest years of
life, given evidence indicating that early childhood fatalities are frequently misclassified

and underreported (Schnitzer et al., 2008; U.S. Government Accountability Office, 2011).
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Despite that fact that the number of fatalities due to maltreatment in infancy and young
childhood remains somewhat imprecise, it is clear that such fatalities are disproportionate
when compared to those occurring at other ages, demonstrating the stark vulnerability of
infants and very young children.

With increasing recognition of the importance of intervening early in the lives of
vulnerable children, programs that provide home-based services to young children and
their families are receiving greater attention as mechanisms for promoting children’s
development and well-being. As a result, state and federal funding and support from
private foundations for home visitation programs have grown steadily. These programs
have further expanded after the passage in 2010 of the Federal Patient Protection and
Affordable Care Act, which has provided financial support for significant expansion of
early childhood home visitation programs across the country (National Governors
Association, 2011; Health Resources & Services Administration, 2018). Through family
engagement, education, and connection to resources and supports, home visitation
programs show promise at the earliest period of infancy in protecting children and
supporting at-risk families (Barlow et al., 2006; Dumont et al., 2008; Easterbrooks et al.,
2012; Green et al., 2016; Kahn & Moore, 2010; LeCroy & Krysik, 2011; Olds et al.,
2007; Sweet & Applebaum, 2004).

Preventing Child Maltreatment through Home visitation

Existing research on the cumulative and interrelated nature of risk for

maltreatment and the threats it poses to healthy growth and development has lead

researchers, practitioners, and policymakers to recognize the importance of implementing
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prevention efforts early in children’s lives (Avellar et al., 2014; Russell et al., 2007).
Families at risk for child maltreatment are diverse, and experience multiple interacting
problems within multiple domains (Giovannoni, 1970; Lynch & Cicchetti, 1998;
MackKenzie, Kotch & Lee, 2011; Scannapieco & Connell-Carrick, 2005), resulting in
the need for flexible and individualized service provision. Consequently, the landscape of
early childhood home visitation programming is diverse, including formal services such
as parent education classes, support groups, home visitation programs, and safety
education for children (Avellar & Supplee, 2013; Azzi-Lessing, 2011; Guterman, Berg,
& Taylor, 2014; Howard & Brooks-Gunn, 2009). In addition to formalized services,
informal prevention efforts have a long-standing history in the United States with
individuals and communities working together in partnerships to strengthen local systems
and create neighborhoods and communities in which parents support one another in a
collaborative effort to best protect children and strengthen families. Early childhood
home visitation programs have received increased attention in the prevention literature in
recent years due to their ability to offer directed and personalized services to families
experiencing the multifaceted difficulties and disorganized lifestyles that lead to child
maltreatment (Daro & Donnelly, 2002; Johnson, 2009; Roggman, Cook, Peterson &
Raikes, 2008).

Early childhood home visitation programs grew out of a necessity to increase
accessibility of early intervention programs, particularly for at-risk families who often
experience barriers to seeking treatment, or may be unaware of when help is needed

(Daro, 2000). There are several early childhood home visitation prevention models in
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existence in the United States today, which all share common goals of providing parents
of young children with education, emotional support, access to community services, and
instruction on improving parent-child interactions (Gomby, 2000; Guterman, 2001;
Howard & Brooks-Gun, 2009; Sweet & Applebaum, 2004). Service initiation in early
childhood is a hallmark of home visitation programming, as early childhood is considered
an important time-period for intervention. Recently developed knowledge in prevention
science, early childhood, and family studies, has underscored that a window of
opportunity may open during early childhood providing the potential for early
preventative intervention to leverage long-lasting changes on behalf of the developing
child and family (Cannon & Karoly, 2007; National Center for Children in Poverty,
2008; Shonkoff & Phillips, 2000). Home visitation programming most frequently begins
by providing services prenatally, shortly before, or after the birth of a child; and has
traditionally targeted a broad array of concerns young children and families face during
early childhood. Some programs specifically seek to reduce birth weight and its
consequences, or to promote cognitive gains for later childhood, while others aim to
promote a broader spectrum of infant and maternal health and psychosocial outcomes,
including child maltreatment. To avoid later child welfare intervention, early childhood
home visitation programs target at-risk families with the aim to intervene soon enough
and powerfully enough that the parent-child relationship trajectory will be altered away
from a future of abuse or neglect, toward more positive interaction patterns over time

(Azzi-Lessing, 2010).
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The degree to which early childhood home visitation programs have the capacity
to achieve meaningful and lasting outcomes for children and families encountering
multiple and significant challenges, particularly domestic violence, substance abuse, and
maternal depression, is not clear. Various risk and protective factors appear to mediate
program impacts in complex ways that are not well understood (Duggan et al., 2004;
Peacock et al., 2013). Further complicating the problem is lack of common criteria
among problems for determining levels of risk, which poses a number of problems in
understanding the efficacy of various models of early childhood home visitation (Azzi-
Lessing, 2011). Although prevention programs are designed as strategies to prevent child
abuse and neglect, few programs measure child maltreatment as an outcome of service
provision, and even fewer have been able to successfully document significant effects
(Avellar et al., 2014). However, recent large-scale trials evaluating the ability of home
visitation programs to prevent maltreatment have increased in number and
methodological sophistication in recent years, producing favorable conclusions regarding
the effectiveness of home visitation programs in reducing maltreatment and other adverse
outcomes (Duggan et al., 2004; DuMont et al., 2008).

One of the most popular and expansive home visitation programs in the United
States is Healthy Families America. Nearly 100,000 families are served annually across
35 states in the United States, the District of Columbia, Canada, and 6 U.S. Territories
(Healthy Families America, 2017). Healthy Families America promotes child well-
being, and prevents child abuse and neglect in at-risk families through intensive-home

visitation for the most vulnerable children under the age of five by building relationships
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and empowering families to strengthen their entire family system. The approach utilized
in the Healthy Families program is to serve families by targeting not only multiple
domains of child competence, but also the broader contexts within which child
development occurs, through the promotion of family well-being and community
involvement (Fantuzzo, McWayne, & Bulotsky, 2003; Healthy Families America,
2017). Given the ability of the Healthy Families program to access a vulnerable
population, and the sensitivity of the program’s standards to meet the need for integrated
delivery of a diverse range of components, the program has previously been identified as
having the potential to reduce behaviors associated with maltreatment by positively
altering parenting practices, enhancing child development, improving the quality of the
home environment, and reducing challenging child behavior (Avellar et al., 2014;
Caldera et al., 2007; Peacock et al., 2013).

Although most prominent home visitation programs target services toward low-
income families with young children, there is likely to be wide variation in these
families’ levels of risk for future maltreatment. (Duggan et al., 2007; Sweet &
Applebaum, 2004; Tandon et al., 2008). In order to optimize services to families in home
visitation programming, more information is needed regarding the degree of risk
experienced by families, and how risk levels among interacting factors across contextual
domains impact the provision of services and outcomes for home visitation enrolled
families. Several studies have identified common risk factors as powerful threats to the
healthy development and well-being of young children, particularly when these risk

factors co-occur (Graham-Bermann & Seng, 2005; Huang & Freed, 2006; Koblinsky,
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Matthews, & Hussein, 2006; Whitaker et al., 2006). However, the multidimensional and
transactional nature of child maltreatment has created complexity in measuring and
addressing risk and protective factors, causing methodological and statistical challenges
in the assessment of child maltreatment in early childhood home visitation practice and
research. As maltreatment assessment has evolved over time, researchers and
practitioners have increasingly identified ecological models as the most comprehensive
approach in which to identify, assess, and treat child abuse and neglect (Belsky, 1993;
Cicchetti & Lych, 1993; Cicchetti & Maughan, 2000; Hecht & Hansen, 2001;
MacKenzie, Kotch & Lee, 2011; Wolfe, 1999).
Developmental-Ecological Theory of Child Maltreatment

Researchers have investigated multiple risk factors, and made both correlational
and causal claims regarding their significance in predicting child abuse potential (Brown
et al., 1998; Dubowitz et al., 2011; Slack et al., 2011; Stith et al., 2009). Overall,
research suggests that maltreatment is not explained by any single factor, or by a limited
group of risk factors, but that the accumulation of risk factors is more likely to predict a
parent’s child maltreatment potential (Appleyard, Egeland, Van Dulmen, & Sroufe, 2005;
Ornduff, Kesley, Bursi, Alpert & Bada, 2002). Researchers examining characteristics of
maltreated children and their families have moved away from the etiology of child abuse
and neglect as an individual disorder, toward the conceptualization of maltreatment as a
symptom of interactive struggles within the parenting environment. These individual
struggles with parenting are identified as part of a larger context of other serious

problems facing families such as poverty (Berger, 2005; Duggan et al., 2004), substance
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abuse (Hogan, Myers & Elswick, 2006; Wolfe, 2011;), unmet mental health conditions
(Ammerman et al., 2015; Gardner, Moore & Dettore, 2014; Stith et al., 2009), or
domestic violence (Jouriles, McDonald, Slep, Heyman, & Garrido, 2008; Tolan et al.,
2006), and are best explained by transactional processes within ecological models. This
finding is not surprising, given that in child maltreatment, as in many other areas of social
and behavioral research, it is extremely difficult to determine whether a specific
characteristic is determining or contributing to the incidence of the phenomena under
study. Due to support for an accumulation of risk factors, researchers have looked
towards a broad developmental-ecological theory to understand maltreatment and the
overlapping contributions that individuals, families, and the environment make to it. The
developmental-ecological theory assumes that multiple levels of risk, from individual
characteristics including the developmental context of the child, to larger socio-
environmental factors, must be taken into account when attempting to understand the
etiology of child maltreatment (Belsky, 1980; Cicchetti & Lynch, 1993; National
Research Council, 1993).

Belsky’s developmental-ecological theory used to organize risk and protective
factors for maltreatment expands beyond traditional ecological-systems theories to
provide a comprehensive framework for understanding the development and behaviors
across the lifespan of individuals and families; taking the child’s developmental context
into consideration. The theory proposes that risk for child abuse and neglect is organized
around three interactive, mutually nested contexts of maltreatment: the developmental-

psychological context, the immediate context, and the broader context. The
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developmental-psychological context within the developmental-ecological theory of child
maltreatment involves behaviors and traits that children and parents bring with them to
the relationship, and is concerned with individual characteristics of both the parent and
child including histories of trauma, developmental level, understanding of normal child
development, and their feelings towards the parent-child relationship (Belsky,
1980). Many of the factors that contribute to maltreatment at the developmental-
psychological level cause disruptions in other aspects of family functioning at the
immediate and broader contextual levels. The immediate context extends beyond the
developmental-psychological context, in incorporating the environment in which
maltreatment takes place, including the socio-demographic and household characteristics
of the family system, the abusive or neglectful behavior, the interaction of parental and
child characteristics, and neighborhood and community characteristics. The broader
context is the next interactive level, which encompasses the imbedded individual and
family processes within larger social structures that govern family and parent-child
behaviors, available resources, and availability of support. Furthermore, this most distal
context examines the manner in which the individual, their family, and their community,
interact within the larger social norms as it pertains to cultural and societal values that
permeate through interactive contexts, serving to both suppress and support individuals
and their families, strengthening or deteriorating communities (Belsky, 1980).

These nested contexts are interrelated and transactional, with individual risk and
protective factors contributing to unique and significant contextual differences for

children and their families, including the development of both positive and negative
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behaviors. These positive and negative behaviors are translated in Belsky’s model as
resulting from a combination of interactive risk and protective factors which are divided
into categories including a) parent factors b) child factors c) factors in the interactional
context between parents and their children d) socio-demographic factors €) household
factors and f) neighborhood and community characteristics and g) factors in the broader
context such as social and community support (Belsky, 1980). The application of risk
and protective factors into the developmental-ecological model creates two distinct
categories of influence across interactive contexts, one that includes factors that increase
the odds for maltreatment, and the other set of factors which buffer the impact of risk
factors. Within these categories there are several known influences associated with the
risk for maltreatment such as poverty, parental substance abuse, mental illness, social
isolation, parental history of trauma, limited resources in the community, and
neighborhood crime (Duffy, Hughes, Asnes, & Leventhal, 2014; Jonnson-Reid, Emery,
Drake, & Stahlschmidt, 2010; Thornberry et al., 2014; Wolfe, 2011). However, most of
these factors alone are sufficient to cause maltreatment. It is the additive and interactive
nature of risk within a system that increases the propensity for maltreatment, while at the
same time supportive factors operate protectively to reduce the likelihood of
maltreatment in the presence of risk (Jensen & Fraser, 2016). Risk and protective factors
are salient at different stages of development across the family’s lifespan, nested in the
context of family, school, neighborhood, and broader social influences that both impact
and are impacted by these transactional factors (Belsky, 1980; Bronfenbrenner & Morris,

1998; Cicchetti & Lynch, 1993; Gelles, 2009). By imbedding a risk and protective factor
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framework into ecologically nested contextual levels of analysis, child maltreatment can
be understood across the spectrum of family functioning through the examination of
reciprocal and interactive variables both within as well as between contexts, increasing
and decreasing a family’s level of risk for maltreatment over time.

Figure 1.1.
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The Developmental-Psychological Context

The developmental-psychological context recognizes certain caregiver and child
characteristics as important risk markers for child maltreatment. This context examines
risk markers and divergent protective factors within the developmental-psychological
domain, including factors that both the child and parent bring with them to the
relationship. Specifically, the developmental-psychological context examines risk and
protective factors including biological and psychosocial attributes that impact the

individual parent or child in the system.

40



Parent Factors

Broadly, parent risk and protective factors are conceptualized as stressors or
supports present in the parent’s history such as exposure to violence or abuse in
childhood, or in their current lives such as struggles with mental health concerns or
substance abuse. Understanding the underlying origin of parent-level risk factors is
important in assessing maltreatment, as existing literature suggests that many families
who are considered at-risk for child abuse and neglect have complex trauma histories,
have experienced multiple instances of trauma exposure, experience affective
disturbances, and subsequently exhibit impairments to functioning, parenting, and
cognitive processing (Ammerman et al., 2010; Berger, Paxon, & Waldfogel, 2010;
Guterman, Lee, Taylor, & Rathouz, 2009). For instance, parents who engage in
neglectful or abusive behavior are more likely to have a history of maltreatment in
childhood (Ertem, Leventhal, & Dobbs, 2000; Hindley, Ramchandani, & Jones, 2006),
are less satisfied with their children (Brown et al., 1998), and perceive parenting as more
difficult (Brayden, Atlemeier, Tucker, Dietrich & Vietze, 1992). Psychological distress
of the parent is a significant risk factor for maltreatment, including issues pertaining to
low self-esteem, and affective disturbances such as mental health and substance abuse
problems, including excessive reliance on others. Specifically, parental affective
disturbances such as depression (Ammerman et al., 2015; Duggan et al., 2004; Stith et al.,
2009), anger (Drake & Pandey, 1996; Gardner et al., 2014; Schumacher, Felfbau-Kohn,
Smith-Slep, & Heyman, 2001), aggression (Milner & Dopke, 1997; Wu et al., 2003) and

lack of impulse control (Chu, Pineda, DePrince, & Freyed, 2011; Counts, Buffington,
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Chang-Rios, Rasmussen, & Preacher, 2010) have a direct and negative influence on
parent-child dyad interactions.

Multiple variations of interactive protective factors at the parent level moderate
risk for maltreatment among families, with the most important protective factors serving
to reduce stress and inhibit aggression and violence through enhanced self-esteem and
self-efficacy (Chu et al., 2011; Ridings, 2016). Additionally, individual protective factors
including the ability to think critically and manage crises through coping and mood
regulation reduce parental patterns of arousal and aggression (Leahy-Warren, McCarthy,
& Corcoran, 2012). As protective factors enhance individual functioning, moderated
temperaments are developed that aide the parent in displaying warmth and affection,
subsequently gaining increased satisfaction in relationships with others; most
importantly, their children (Li, Godinet, & Arnsberger, 2011; Runyan et al.,

1998). Parental capacity to provide a consistent nurturing and engaging relationship with
their child is directly related to positive child development. This bi-directional child-
parent relationship that occurs during parenting activities underscores that children and
adults are producers not only of their own development, but that their relationships and
their contexts involve bidirectional exchanges. The transactional nature of parenting
explains how maltreatment can occur when the parent-child relationship is significantly
altered in families where a parent is struggling with individual risk factors such as
substance abuse or depression, limiting their capacity to engage with their children and
develop secure attachments, leading to lifelong difficulties (Belsky & Vondora, 1989;

Crittenden & Ainsworth, 1989). On the contrary, when a parent is able to develop secure
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attachments with their child, attachment supports the child by buffering the effects of
stressors, leading to positive adaptation lasting into adulthood (Morton & Browne,
1998). In the transactional nature of parenting, the parent shapes the child, but part of
what determines the ways in which parents do this is the child themselves.

Child Factors

In addition to individual parent level interactive influences, child level factors can
also influence maltreatment within the family system. These factors associated with
maltreatment at the level of the child can be thought of as biological and psychosocial
attributes or characteristics. Biological risk factors include medical complications,
prematurity (Hurme, Alanko, Antitla, Juven, & Swedstrom, 2008; Schumacher et al.,
2001), low intellect, and developmental abnormalities or disabilities (Connell, Begeron,
Katz, Saunders, & Tebes, 2007; Turner, Vanderminden, Finkelhor, Hamby, & Shattuck,
2011). Psychosocial risk factors include a child’s temperament, behavior, and mood
(Jaudes & Mackey-Bilaver, 2008; Scannapeico & Connell-Carrick, 2005). As a result of
the reciprocal nature of parent-child interactions, temperamental, aggressive, and non-
compliant child behaviors increase the risk for abusive and coercive parent-child
interactions, particularly when parental beliefs promote the use of harsh, coercive
physical discipline (Li, Godinet, & Arnsberger, 2011; Thornberry et al., 2014).

Existing literature consistently shows that enhancing the parent-child relationship
through improvements in interactional processes such as increasing a parent’s attachment
and competency provides greater protection against child maltreatment than child

characteristics alone (Cyr, Euser, Bakermans-Kranenburg, & Van Ljzendoorn, 2010;
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Thornberry et al., 2014), however in the absence of parental competence, protective
factors at the child level serve to buffer the impact of risk factors for vulnerable
children. Children who are socially and cognitively advanced are at a lower risk for
maltreatment when compared to their peers (Schultz, Tharp-Taylor, Hayiland, & Jaycox,
2009; Werner, 2000). Furthermore, high sociability and alertness, advanced problem
solving and language skills, and low levels of distress protect children from maltreatment
and reduce the risk of abusive or neglectful occurrences (Herrenkohl, Herrenkohl, &
Egolf, 1994; Rutter, 2000). Parent-child attachment is hypothesized to be dyadic and
reciprocal, with characteristics of the child, caregiver, and environment interacting to
impact relationships (Crittenden & Ainsworth, 1989). These attachments are an
important protective factor at the child, parent, and family levels, as children who are
securely attached to their parents, are at lower risk for maltreatment and are known to
function more adaptively over time (Belsky & VVondora, 1989; Crittenden, 1988).
Immediate Context

A central tenant of the developmental-ecological theory is that individual
development is influenced by the on-going qualities of the social setting in which the
child lives and participates, and the extent and nature of the interaction between these
settings (Bronfenbrenner 1979, 1988). The immediate contextual level influences the
system by examining risk and protective factors within interactional relationships, in
addition to community and societal level influences. Specifically, the immediate context
contains risk and protective factors at the parent-child interactional level, the socio-

demographic domain, and household level.
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Interactional Context between Parents and Children

Parenting involves bidirectional relationships between a parent and their child
that extend through the respective lifespans of family members, engage all institutions
within a family’s culture, and are embedded within larger social influences. Incidents of
child abuse and neglect within family systems are rarely isolated occurrences, and are
often a part of a cycle in which maladaptive parent-child interactions both contribute to,
and are intensified by, abusive or neglectful parenting behaviors (Wilson, Rack, Shi, &
Norris, 2008). The quality of care provided within the parent-child dyadic relationship is
a major reciprocal determinant of the quality of attachment, which can potentially be
significantly disturbed in maltreating families as a result of difficulty in displaying warm,
nurturing, and responsive parenting behaviors (Bowlby, 1980; Crittenden & Ainsworth,
1989; Crittenden, 1993; Morton & Browne, 1998). This interactive and bidirectional
relationship shapes the quality of behavioral and psychological functioning of each
member of the family, resulting in either adaptive or adverse outcomes. For instance,
research has shown that abusive parents engage in fewer positive interactions with their
children, are less response, and express less positive affection toward their children when
compared to non-abusive parents (Borrego, Timmer, Urquiza, & Follette, 2004; Bousha
& Twentyman, 1984; Wilson et al., 2008).

Within this reciprocal relationship, multiple variations of multidimensional
protective factors moderate risk for maltreatment, with the most important protective
factor relating to attachment in the parent-child dyad (Crittenden, 1988). Attachment is

an important factor in the intergenerational transmission of child maltreatment, as early
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attachment begins with a child’s attachment to their parents, and later to their spouse, and
their own children. A secure attachment in childhood buffers the effects of stressors,
leading to positive adaptation lasting into adulthood (Morton & Browne, 1998). This
interactional parent-child relationship is embedded within a larger community, society,
and culture, which are continually changing over time. Parents provide the basis of child
development not only through their direct effects on children but instead, on their
embeddedness in this dynamic, multilevel system. As such, neither parents nor parenting
are alone responsible for the development of children. These outside influences lying far
beyond the child-parent dyad can significantly influence the relationship (Belsky, 1993;
Bronfenbrenner, 1979).

Socio-Demographic Characteristics

Several socio-demographic characteristics such as maternal ethnicity, age, marital
status, and family socio-economic status have been identified as contributors to child
abuse potential (Stith et al., 2009). When investigating maternal ethnicity, studies have
found that ethnicity is associated with the presence of documented child maltreatment, in
that African American parents obtain more reports of child maltreatment occurrence than
European-American and Latino parents (Russell, Russell, & Cooper, 2011; Hill,
2006). However, recent literature suggests that structural inequalities and discrimination
tend to influence over-representation of minorities in the child welfare system, such that
it is the underlying consequences of institutionalized racism and discrimination rather
than ethnicity in isolation that serves as a risk factor for maltreatment (Cohen, Deblinger,

Mannarino, & de Arrellano, 2001; Elliot & Urquiza, 2006; Sedlak et al.,
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2010). Furthermore, single parenthood (Li et al., 2011; Wu et al., 2003; Zhou et al.,
2006), early motherhood (Berlin, Appleyard, & Dodge, 2011; Sidebotham & Heron,
2006; Wu et al., 2003) and limited education (Murphey & Braner, 2000; Sidebotham &
Heron, 2006; Wu et al. 2003) enhance the risk for maltreatment in the family

system. Children living with a single parent are at a significantly greater risk of both
physical abuse and neglect, most likely because of added stress, fewer resources and
opportunities to share child-rearing burdens, and lower socioeconomic status than two
parent homes (Turner, Finkelhor & Ormod, 2010). Additionally, maternal education is
known to be a highly reliable predictor of maltreatment (Kotch et al., 1995; Murphey &
Braner, 2000), because of the fewer resources available to support effective parenting,
enhanced stress experienced by disadvantaged parents, and the challenges presented by
declining and dangerous neighborhoods where these families typically reside (Brown et
al., 1998; Merrit, 2009).

Several protective factors at the socio-demographic level moderate risk for
maltreatment among families, with the most important protective factors serving to
increase availability and access to economic resources, improve marital relationships, and
promote positive parenting skills. Delaying motherhood has demonstrated to have a
protective capacity against child maltreatment, as evidence suggests that maltreatment
increases among very young mothers (DePanfilis, 2006; Slack, Holl, McDaniel, Yoo, &
Bolger, 2004; Stier, Leventhal, Berg, Johnson, & Mezger, 1993). Furthermore, parental
level of education and relationship status can serve as protective resources, as two-parent

families in which parents have more than a high school diploma are more likely to have
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access to necessary household resources to support effective parenting and moderate
stress experienced by disadvantaged parents. For at-risk families, protective factors such
as family cohesiveness and marital harmony decrease a family’s risk of maltreatment as
they are known to promote adaptive functioning and positive coping (Briere, Erickson, &
Egeland, 1996). Moreover, parental employment among both single and two-parent
households has been associated with lower rates of maltreatment (Renyolds, Mathieson,
& Topitzes, 2009; Slack et al., 2011; Stith et al., 2009), as the stress and deleterious
effects of poverty can negatively impact the trajectory for at-risk families.

Household Characteristics

The interactional parent-child relationship is embedded within a larger
community, society, and culture, which are continually changing over time. Parents
provide the basis of child development not only through their direct effects on children
but instead, on their embeddedness in this dynamic, multilevel system. These outside
influences lying far beyond the child-parent dyad can significantly influence the
relationship (Belsky, 1993; Bronfenbrenner, 1979). For instance, conditions within the
family system influence level of risk for maltreatment including quality of the marital
relationship, limited social support networks, levels of conflict or violence, inadequate
housing or material resources, rapid and stressful life changes, and overcrowded housing
with a large number of children (Berger, 2007; Pecora & Harrison-Jackson, 2016;
Scannapieco & Connell-Carrick, 2005). Unsafe and overcrowded household
environments expose children to environmental toxins and crowding, creating an

environment ripe for medical concerns, and inadequate stimulation (Rutter,
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2000). Large family sizes with closely spaced births pose risk factors for child
maltreatment as larger family sizes limit a parent’s ability to divide scarce resources,
provide appropriate supervision, and manage developmental tasks among multiple
children; limiting the likelihood that others will be able to assist with the parenting or
household management tasks (Aber, 1994; Berger, 2005; DePanfilis & Zuravin,
1999). The quality of the parental relationship poses risks for maltreatment, as marital
difficulties including family conflict, domestic violence, and aggression towards other
adults in the family’s home present challenges for adequate caregiving in multiple
domains, and is known to co-occur with many other known risk factors (Burton &
Hardaway, 2012; McGuigan & Pratt, 2001; Rumm, Cummings, Krauss, Bell, & Rivera,
2000), resulting in these families experiencing higher levels of cumulative risk for
maltreatment. Specifically, poverty and lack of material resources resulting from
unemployment and prolonged economic stress are significantly associated with all types
of maltreatment (Brooks-Gunn et al., 2013; Connell et al., 2007; Kahn & Schwalbe,
2010; Merrit, 2009; Palusci, 2011; Thompson & Wiley, 2009; Wolfe, 2011). For
children living in poverty, stressful life events are numerous and compounded by adverse
social and economic factors such as household disorganization, unemployment,
overcrowding, and competition for scarce resources.

The multifactorial nature of child maltreatment includes multiple elements of a
family’s household environment that have the potential to moderate a family’s risk for
maltreatment. Protective factors such as safe and adequate housing, household structure,

effective communication, family cohesion, household organization, and conflict
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management lead to improved parenting quality (Gaudin, Polansky, Kilpatrick & Shilton,
1996; Shaw & Kilburn, 2009), and subsequent reduction in the risk for
maltreatment. Families with organized households are likely to have established rules
and structure, reducing the stress level in the home, creating an environment where
children can safely develop autonomy. This serves as a protective role for young
children, as parents who are able to maintain positive parenting in the face of social
deprivation can protect their children from some of the deleterious effects of
poverty. Families that experience familial and marital stability, including a significant
other in the household system such as a father, partner, or sibling, can mediate the
negative effects of a debilitated primary caregiver, as having one supportive adult in an
otherwise hostile early environment has been identified consistently in the literature as a
buffering factor in later developmental outcomes (Dubowitz et al., 2000; Hurd,
Zimmerman, & Xue, 2009). Consistent employment and access to economic resources
moderate the risk for maltreatment (Donohue et al., 2017; Schultz et al., 2009), as the
stress of being poor combined with a lack of supports often conspires to increase harmful
impacts on young children. Family cohesiveness and positive and caring interactions
between family members mediate risk for maltreatment within a family system, as
parents who are happy in their partner relationship are more likely to provide responsive,
stimulating care to their children (Guterman, Lee, Taylor, & Rathouz, 2009).
Broader Context

An important aspect of the developmental-psychological theory is that it is

presumed that the impact of major developmental influences, such as family functioning,
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is dependent on the sociological characteristics in which the youth resides (Garbarino,
1992). The broader contextual domain influences the system through macro level
influences at the most distal level of the system. Specifically, the broader contextual
level contains risk and protective factors including neighborhood and community
characteristics and support.

Neighborhood & Community Characteristics

Child maltreatment exists in the presence of interrelated development across all
levels of the ecological system. As individuals and families grow and develop,
communities, societies, and cultures change (Garbarino, 1992; Molnar, Beatriz, &
Beardslee, 2016; Stith et al., 2009), and all are affected by alterations in the physical
world that also changes (Bronfenbrenner, 1979). There are many community-level risk
and protective factors such as socioeconomic status, social and community support, and
institutionalized norms that directly influence family and individual processes, resulting
from larger societal values and institutions that enhance or decrease their existence
(Belsky, 1980; Aber, 1994; Cicchetti et al., 2000; Hussey, Chang, & Kotch, 2006). The
neighborhood where a child lives is particularly important, as within at-risk families,
existing research has clearly linked the role of poverty with all forms of maltreatment
(Brooks-Gunn et al., 2013; Merrit, 2009; Palusci, 2011; Wolfe, 2011), as children and
their families are embedded in larger social contexts which impact a parent’s ability to
provide optimal care for their child. For instance, neighborhoods with higher levels of
employment and resources are found to be more cohesive and stable and are associated

with lower rates of child maltreatment (Coulton, Crampton, Irwin, Spilsbury & Korbin,
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2007; Garbarino, 1992). Social-environmental factors such as inaccessible and
unaffordable health and child care reduce a parent’s ability to seek preventative medical
attention for their child and establish safe and stimulating alternative care during times of
need. High rates of neighborhood crime and violence increase exposure to maladaptive
community functioning, and limit opportunities for adequate housing, reduces
interactions within neighborhoods, and heightens the level of social isolation and stress
experienced by families (Coulton et al., 2007; Coulton, Korbin, & Su, 1999 Drake &
Rank, 2009). For families in stressed and impoverished neighborhoods, community life
is chaotic, disorganized, and violent, with families competing for limited resources
(Coulton et al., 2007; Freisthler, Merrit & LaScala, 2006; Leventhal & Brooks-Gunn,
2003).

For children residing in high-risk neighborhoods, protective factors at the
neighborhood level serve to reduce the risk for maltreatment, and include stable and
cohesive neighborhoods, positive peer role models, and strong informal networks of
social support, access to health care, education, employment, support services, and safe
communities (Coulton et al., 2007). Strong and established neighborhoods with social
and economic infrastructure including employment, effective schools, and sufficient
resources have the potential to produce more social interaction, demonstration of positive
parenting, and subsequently fewer incidents of child abuse and neglect (Garbarino, 1982;
Hay & Jones, 1994; Li et al., 2011; Schultz et al., 2009). These sources of support
provide positive parenting role models for young families, reinforce positive coping

strategies, and provide opportunities for family involvement in safe and positive
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activities. Literature suggests that the more resources parents believe are available to
their family, and the more frequently parents utilize these services, serve as a moderator
for risk, serving to reduce the occurrence of reported child maltreatment (Azzi-Lessing,
2011; Garbarino & Sherman, 1980).

Social and Community Support

The support that families receive outside their home, and their connections to
society can be as important as the support they receive from within, as a family’s need for
social and community support changes as family members develop and grow over the life
course. Similarly, communities, societies and cultures change (Garbarino, 1992; Molnar
et al., 2016; Stith et al., 2009), and all are affected by alterations in the physical and
social worlds (Bronfenbrenner, 1979). There are many community-level risk and
protective factors such as availability of community resources, social and community
support, and institutionalized norms that directly influence family and individual
processes, resulting from larger societal values and institutions that enhance or decrease
their existence (Belsky, 1980; Aber, 1994; Cicchetti et al., 2000; Hussey et al.,
2005). For instance, in addition to practical resources, there is an abundance of evidence
linking social isolation and child maltreatment, as maltreating parents have smaller peer
networks (Brayden et al., 1992; Stith et al 2009), have less contact with and receive less
help from their family of origin and other relatives (Polansky, Chalmers, Buttenweiser &
Williams, 1981), feel lonely, and are socially isolated. Existing literature has linked lack
of community resources, parental involvement in their neighborhoods, and access to

social support with increased child abuse potential. As risk extends beyond the
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neighborhood level into the community, risk factors that influence system-wide behaviors
include societal and cultural values towards violence, expectations, and regulations about
child discipline, the status of children in society, and institutionalized racism (Gil, 1970;
Hobbs, 1974). Institutionalized values towards violence in the United States have
systematically impacted expectations and regulations about child discipline, and the
status of children in society as second-class citizens (Gil, 1970; Russell et al.,

2011). The situation is even more disparaging for minority families, as the impact of
institutionalized racism has led to the inequitable distribution of resources, education and
employment opportunities (Coll et al., 1996; Rosenblatt 2014; Russell et al., 2011;
Scannapieco & Connell-Carrick, 2005).

Protective factors at the community and societal level that reduce the risk for
maltreatment are difficult to identify and even harder to operationalize. Commonly
identified protective factors for maltreatment include stable and cohesive neighborhoods,
positive peer role models, strong informal networks of social support, and access to
health care, education, employment, support services, and safe communities (Chu, et al.,
2011; Counts et al., 2010; Li et al., 2011). The availability of a caring and an emotionally
supportive network of friends, families, and neighbors mediate stress within a family
system (Finkelhor & Berliner, 1995; Rutter, 2000), and reduce the odds of
maltreatment. Mothers receiving high levels of social support, both emotional and
concrete, report low levels of emotional stress and depression (Proctor et al., 2012), that
are known to negatively impact the parent-child interactional relationship. The

availability of a caring and an emotionally supportive network of friends, family
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members, and neighbors mediate stress within a family system (Fortin et al., 2012;
Rutter, 2000), and reduce the likelihood of maltreatment. Strong and established
neighborhoods with social and economic infrastructure have the potential to produce
more social interaction, demonstration of positive parenting, and subsequently result in
fewer incidents of abuse and neglect (Freishthler et al., 2006; Coulton et al., 2007;
Pelton,1994). As parents and families navigate complex societal level influences, the
presence of a strong racial identity and close attachment to the community can buffer risk
factors for maltreatment (Pecora & Harrison-Jackson, 2014).

Application of the Developmental-Ecological Theory to Maltreatment Assessment

A developmental-ecological perspective has breadth and advantages compared to

other prominent unidimensional theories, and thus is an ideal theoretical underpinning for
use in understanding assessment of risk for child maltreatment during early childhood
prevention or early intervention programming. This incorporated model provides a
comprehensive framework for the understanding of multifaceted behaviors, which can be
used to describe maltreatment (Belsky, 1980; Scannapieco & Connel-Carrick, 2005;
Zhou et al., 2006). The utilization of the developmental-ecological theory in
maltreatment assessment research allows behavior to be examined from a number of
different levels of analysis at the individual, family, neighborhood, and community level;
specifically taking the developmental level of the child within the family system into
consideration in assessing a child’s risk for future maltreatment. Within these nested

contextual levels of analysis, child maltreatment can be understood across the spectrum
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of family functioning through the examination of the interaction of risk and protective
variables both within as well as between contextual levels of analysis.

In addition to organizing risk and protective factors for maltreatment, the
developmental- ecological theory also recognizes the interrelatedness of contextual
factors across the family and community systems (Belsky, 1993; Cicchetti et al.,

2000). Assessing each of these many sources of influence allows researchers to integrate
individual and contextual processes and to examine the interrelations among various
systems. The use of the developmental-ecological theory as the foundation for
maltreatment assessment allows for an enhanced understanding of risk and protective
factors extending beyond the developmental-psychological and immediate contexts, in
order to expand the understanding of maltreatment risk to the community and societal
levels. Better identification of multidimensional risk and protective factors has the
potential to build upon existing research by producing a better understanding of a
family’s overall functioning, and thus their risk for future maltreatment outcomes when
compared to families with similar circumstances.

Risk assessment for maltreatment through a developmental-ecological theory lens
expands existing practice in maltreatment assessment, as child welfare assessment
instruments have been predominantly organized around risk criteria at the individual and
family level, with limited focus on either broad or contextual level influences.
Furthermore, many instruments lack integration of protective factors within interactional
contexts that buffer risk. These limitations have resulted in assessment instruments with

diminished capacity for understanding risk within families; narrowing opportunities for
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intervention strategies to mitigate amenable dynamic risk factors at the community or
societal level. The inclusion of protective factors into comprehensive maltreatment
assessment at all contextual levels benefit both families and practitioners alike by
building positive relationships between families and service providers and drawing on
protective factors that contribute to long-term success and resilience (Child Information
Gateway, 2016). For example, in addition to parent and child factors, the inclusion of the
parent-child relational context and ability to identify and mobilize community resources
into the assessment builds a more ecologically based model for identification of risk. The
utilization of the developmental-ecological theory that incorporates a risk and protective
factor lens has the potential to significantly alter outcomes for children and families at
risk for child maltreatment through better identification during screening and assessment
of family functioning at all contextual levels.
Screening and Assessment of Child Maltreatment

Given the life course nature of child maltreatment and the need to examine
contextual details surrounding maltreatment and resulting risk and protective factors
cumulatively, the assessment of risk for future maltreatment is a complex
undertaking. During brief interactions with high-risk families, practitioners must
observe, select, and organize risk factors from an array of sources presented to them
during contact with families. The sheer volume of information that must be collected by
practitioners during assessment, the complexity and multidimensionality of decisions that
must be made, and the pressure to get it right, can all significantly influence the

assessment of risk, and a practitioner’s ability to effectively manage risk through
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provision of appropriate services (Camasso & Jagannathan, 2000; Cash, 2001; English &
Graham, 2000; Shlonsky & Wagner, 2005). Assessment instruments in practice support
this decision making endeavor across the life of a family’s involvement in child welfare
services in determining the safety of children in the home, matching families with
appropriate services to reduce risk, and ensuring the well-being of children and their
families (Cash, 2001; English & Pecora, 1994). Standardized assessment instruments are
frequently used in practice to assist practitioners in identifying family strengths, needs,
resources, and challenges; and to determine whether supports, services, or additional
interventions are necessary to support entire family systems, and adequately protect
children. A determination of a family’s level of risk is then made, subsequently
identifying the type and intensity of intervention and supports needed. Enabling the
practitioner to determine how services will impact youth and families through
standardized assessment instruments allows the practitioner to monitor the progress
achieved by the child and their family members (Baird & Wagner, 2000; Baird, Wagner,
Healy & Johnson, 1999; DePanfilis, & Zuravin, 2001; Rycus & Hughes, 2003).

The use of child maltreatment assessment instruments across the spectrum of
child welfare practice has gained considerable popularity in recent years as a systematic
way to identify children most at risk for future maltreatment and manage limited
resources in overburdened child welfare service delivery systems (Camasso &
Jagannathan, 2000; Kaufman, Mclntire, & Santos, 2006; Ruttenberg & Mcintire, 2006).
The use of risk assessments in practice promises increased prevention of child

maltreatment, more accurate responsiveness of prevention and intervention programming,
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more consistent referrals to appropriate services, and the reduction of entry or recidivism
into the public child welfare system (Leschied et al., 2003; Rycus & Hughes, 2003).
Risk assessment instruments are explicitly used to estimate the likelihood that a parent or
caretaker will abuse or neglect their child in the future; those assigned a high-risk level
are believed to be very likely to engage in future maltreatment, while those with a low-
risk level are not as likely to engage in future maltreatment. The stakes are high at the
point of initial contact with a family, as appropriately defined risk decisions can have a
positive impact on ensuring the safety of children, and ensuring subsequent referral to
appropriate services. When implemented properly, risk assessment instruments have the
potential to facilitate more appropriate allocation of resources to families based on their
level of risk. However, if risk is identified incorrectly; for example, labeling a family
high risk when in actuality the family is at low risk for future maltreatment, the system
can potentially have ethical and practical implications, including wasted financial
resources, and continuation of the structural cycle of bias in existence for marginalized
individuals and families (Daniel, Newberger, Reed, & Kotelchuci, 1978; Kotelchuck,
1982; Schwalbe, 2004).

The prediction of risk in child welfare assessment efforts is complicated by many
disparate factors which are hard to detangle and difficult to measure accurately (Baldwin
& Spencer, 2000; Begle, Dumas, & Hanson, 2010, Whitaker et al., 2006). Families at
risk for child maltreatment are multi-dimensional with varying levels of contextual risk,
with experiences that are dynamic across the lifespan. Victims are frequently born into

complex family environments with multiple confounding risks (Coulton et al., 2007,
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Gilbert, Widom, Browne, Fergusson, & Webb, 2009; Putham-Hornstein, Wood, Fluke,
Yoshioka-Maxwell, & Berger, 2013; Sith et al., 2009), however, no single risk or
protective factor deterministically predicts or mediates maltreatment, complicating
maltreatment assessment. Empirical evidence is clear that child abuse and neglect is not
an all or nothing phenomena, as it encompasses a range of incidents, behavior, and harm
along a continuum. Consequently, risk assessment instruments are developed utilizing a
range of risk and protective factors known to be related to the maltreatment of children
with variable reliability and validity, with instruments ranging from prioritization of
clinical intuition to a focus on statistical precision.

Actuarial and Consensus-Based Models

Because of the fundamental importance of standardized instruments that predict
future risk for adverse outcomes, a great deal of empirical investigation has been devoted
to developing risk assessment measures in child welfare practice (Gottfredson & Snyder,
2005; Righthand, Kerr, & Drach, 2003). Broadly speaking, risk assessments in child
welfare practice can be ascribed in one of two ways: consensus and actuarial risk
instruments. In child welfare practice, these two models are easily discernible. Both
involve a list of family or case characteristics believed to be associated with the risk of
maltreatment. However, the two approaches differ in the processes used to identify
factors for inclusion in the instrument, and how the instruments are ultimately
implemented and utilized in practice.

Consensus risk assessment models, also known as clinical based assessment

models, are compiled by experts in the field who draw upon a combination of empirical
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research findings and clinical expertise to identify variables to be included during the
development of assessment instruments (Austin et al., 2005; Baird & Wagner, 2000;
Baumann, Law, Sheets, Reid, & Graham, 2005; Robinson & Moloney, 2010). Items
selected for inclusion in consensus instruments are identified based upon various theories
of child maltreatment, the research literature on abuse and neglect, and the opinions of
other expert practitioners. It is common practice in child welfare to combine items from
multiple instruments in consensus models, creating hybrid instruments that vary
according to the needs and theoretical orientation of the practitioner. Sometimes factors
are assessed numerically, and families are categorized by a total risk score, while other
consensus instruments describe areas that are to be addressed by the practitioner, and the
practitioner interprets the area identified and codes a family’s risk level as high,
moderate, or low risk based upon his/her clinical judgment (Baird & Wagner, 2000;
Baumann et al., 2005; D’ Andrade, Austin & Benton, 2008).

Actuarial assessments, on the other hand, are developed using empirical research
to identify risk and protective factors that have strong statistical relationships to the
targeted outcome. These instruments use statistical procedures to identify and weigh
factors that predict future maltreatment in order to ensure that only valid variables are
selected for inclusion in the instrument (Rycus & Hughes, 2003). Actuarial instruments
tend to use fewer risk and protective factors than consensus models, and generally
differentiate the prediction of abuse and neglect through the use of different variables for
each type of maltreatment. Each factor within actuarial models is scored, and these

scores summed into overall potential risk measurements. In some instances, families are
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subsequently categorized into low, moderate, or high-risk groups, and services are
provided to families based on their identified level of risk. In other instances, a family’s
composite score is utilized to determine a family’s level of risk and determine subsequent
service provision (D’ Andrade et al., 2008; White & Walsh, 2006).

Regardless of the field in which the instrument is implemented, actuarial risk
models have consistently demonstrated greater predictive validity and reliability than
other types of assessments, including consensus-based assessment instruments, and
unassisted clinical intuition (Baird et al., 1999; Dawes, Faust & Meehl, 1989; DePanfilis
& Zuravin, 2001; Fazel, Singh, Doll, & Grann, 2012), and have the potential to provide
the most objective and consistent assessment of child abuse and neglect among children
and families (Baird et al., 1999; Fazel et al., 2012; Garb, 2001; Wald & Woolverton,
1990). Although actuarial models have the greatest potential to predict future risk of
maltreatment, many researchers and practitioners argue that these models do not facilitate
clinical judgment, and argue for the necessity of intangible human interaction and
empathetic understanding that is the foundation of the helping relationship. Proponents
of consensus-based models argue that it is unrealistic to suppose that social work practice
can eliminate the intuitive element in practice; arguing that actuarial instruments can be
valuable aids but cannot provide a satisfactory replacement for professional judgment
(Camasso & Jagannathan, 2000; Cash, 2001; English & Graham, 2000).

A perfect risk assessment instrument in child welfare practice would provide the
practitioner with information about the family system, correctly identify every child who

would subsequently go on to experience maltreatment, and gather an adequate amount of
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nuanced clinical information necessary for decision-making across the spectrum of
practice. In child welfare however, neither censuses nor actuarial models can
consistently achieve this to date. Consequently, when implemented in child welfare
practice, effective risk assessments depend on balancing initial decision-making through
statistical precision, followed by implementation of clinical expertise for service planning
and rapport building (Doueck, Levine & Bronson, 1993; Fuller, Wells, & Cotton, 2001;
Munro, 1999). Blending statistical expertise with clinical experience in child welfare
practice allows for risk assessments to be implemented as decision aides to enhance upon
clinical expertise, rather than a competing approach. As child welfare jurisdictions
increasingly look towards implementation of actuarial and consensus-based approaches
to risk assessment to enhance practice, empirical research has moved the field of child
protection assessment forward through statistical validation of maltreatment assessment
instruments.
Examination of Validity

The study of validity in the social sciences is concerned with the meaningfulness
of individual components of an assessment instrument, and whether the instrument is
measuring its intended construct. The three primary components important to the
examination of validity include content validity, construct validity, and criterion validity.
Content validity is concerned primarily with the content of the assessment instrument,
and includes a subjective judgment of the operationalization of the construct being
measured against existing literature, and whether the instrument fully represents the

conceptual domain (Drost, 2011). The second type of validity, criterion validity, is
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concerned with the instrument’s ability to predict specified criterion, in addition to an
examination of the instrument’s convergence across similar instruments. The final
component of validity, construct validity, examines how well a construct is
operationalized in the instrument, and the degree to which inferences can be made from
the operationalization in the study to the theoretical constructs in which these
operationalizations were based (Trochim, 2006). In child welfare risk assessment
research, the construct under examination is child maltreatment.

Important to the implementation of maltreatment assessment in child welfare
practice is empirical validation. Despite wide implementation in practice, assessment
instruments used in child welfare practice have varying degrees of empirical evidence
pertaining to their validity, and limited confirmation of reliability testing prior to
validation. Some studies examine important individual components of the reliability and
validity of maltreatment assessment instruments; however, many are not
comprehensively examined, and even fewer are published in the public domain. The
following table summarizes previous empirical literature that examines reliability and
validity of selected maltreatment assessment instruments used in both the public child
welfare system and in early childhood home visitation programs. Further examination of
relevant predictive validity studies of maltreatment assessment instruments is included in

the following section of this chapter.
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Table 1.1.

Selected Research on Child Maltreatment Instrument Reliability and Predictive Validity

. R Construct Criterion
Instrument Study Implementation Reliability Validity Validity
Johnson (2004) Interrater Reliability X X
California Family Risk Dankert & Johnson (2014) . . X
Assessment Johnson (2011) Public Child Welfare X
Baird, Wagner, Healy & Johnson (1999) Interrater Reliability X
Baird, Wagner, Caskey & Neundfelt (1995) X
Michigan Risk Assessment Baird & Wagner (2000) Public Child Welfare X X
Baird, Wanger, Healy & Johnson (1999) Interrater Reliability
. Johnson & L’Esperance (1984) X
Alamedzsps?slzlrgiln?eabuse Johnson (1988) Public Child Welfare Interrater Reliabilit
Mark & McDonald (1989) y X
Alaska Risk Assessment Baird (1988) Public Child Welfare X
Rhode Island Family Squadrito, Neunfeldt & Fluke (1995)  Public Child Welfare X
ssessment
Fluke et al. (1993) Interrater Rel!ablllty
Internal Consistency
Washington Risk Marks & McDonald (1989) L X
Assessment Matrix Camasso & Jagannathan (1995) Public Child Welfare X X
English & Graham (2000) X
Baird, Wagner, Healy & Johnson (1999) Interrater Reliability
Ontario Risk Assessment Lescheid et al. (2003) Public Child Welfare Interrater Reliability
Utah Risk Assessment Nasuti & Pecora (1993) Public Child Welfare Internal Consistency
Illinois CANTS 17B Camasso & Jagannathan (1995) Public Child Welfare X X
California Risk . . .
Assessment Model Baird & Wagner (2000) Public Child Welfare X X
Child Emergency Fuller, Wells & Cotton (2001) Public Child Welfare X

Response Protocol




99

Table 1.1.

Selected Research on Child Maltreatment Instrument Reliability and Predictive Validity

Instrument Study Implementation Reliability Sglr:;el?; C\(/)leig#;t (\:/ra'}leg:f;
Vermont Risk Assessment Weedon, Torti, & Zunder (1988) Public Child Interrater Rel!ability X
Instrument Welfare Internal Consistency
Doueck et al. (1993) . . X
Child at Risk Field System Fluke et al. (1993) Pu\?\}:jfggld Internal Consistency
Kolko (1998) Interrater Reliability X
Child Well-Being Gaudin, Polansky, & Kilpatrick (1992) Public Child Interrater Reliability X
Scales/CPSRD Fanshel, Finch & Grundy (1994) Welfare Internal Consistency X
Family Stress Inventory Katzev, Henderson & Pratt (1997 Preventio_n Interrater Reliability X
Murphy et al. (1995) Programming X
Parent-Child Conflict Straus et al (1998) Prevention Internal Consistency X X
Tactics Scale Bennett, Sullivan & Lewis (2006) Programming X
. Reed-Ashcraft, Kirk, & Fraser (2001) - Interrater Reliability
North Carolina Prevention -
Family Assessment Scale . Programming Internal Consistency
Kirk et al. (2005) X X
Milner, Gold, Ayoub, & Jacewitz (1984) X
Holden, Willis & Foltz (1989) X X
Child Abuse Potential - Prevention Internal Consistenc
Inventory Milner (1986) Programming Test/Re-test g
Milner (1994) X X
Chaffin & Valle (2003) X
Kelly (1998) Test/Re-Test X
Haskett, Ahern, Ward & Allaire (2006) . X X
Parental Stress Index - Preventlo_n Test/Re-Test
Abidin (1992) Programming .
Internal Consistency
Holden, Willis & Foltz (1989) X
Bavolek & Keene (2001) . Internal Consistency X X
Pﬁgl:]ltti}gdﬁ:s:ﬁfgrty Lawson, Alameda-Lawson & Byrnes (2015) Prpgs:/:rgtrlr?iﬁg Internal Consistency X X
Conners et al. (2006) Internal Consistency X




Predictive Validity

Selecting the appropriate assessment instrument for utilization in practice requires
an examination of the reliability and validity of the instrument for use among the
population of interest. Specifically, in determining an appropriate instrument to predict
risk for child maltreatment, statistical validation is necessary. This analysis is known as
the study of predictive validity, and refers to the capacity of an instrument to forecast
future behavior from measurement taken at a single point in time (Kuhn & Johnson,
2013), and allows for the extrapolation of the results to a meaningful outcome of interest.
In the study of child maltreatment assessment, the study of predictive validity empirically
examines the degree to which an individual risk assessment instrument is capable of
differentiating individuals who are likely to maltreat their children from those unlikely to
engage in maltreatment (Camasso & Jagannathan, 2000; Grove & Meehl, 1996; Fazel et
al., 2012; Johnson & L’Esperance, 1984). In predictive validity research, an instrument
with strong predictive validity would demonstrate a statistically significant relationship
between measures included in the assessment instrument and an outcome variable of
interest, which in child welfare practice is child maltreatment. For example, at the most
basic level, analytic results must show that families who are classified high-risk for
maltreatment experience maltreatment at a significantly higher rate than those
demonstrating a moderate risk, who in turn engage in maltreatment at a greater rate than
families assigned to the low-risk category. Predictive validity research of maltreatment

assessment instruments provides researchers and practitioners with important information
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about the strategic imperatives to detect risk, protect children, and avoid intervention with
families where it is not necessary.

Predictive validity is particularly important in assessment instruments used to
predict maltreatment among at-risk families, as understanding a child’s risk for future
maltreatment is key to decision-making in determining the need for further intervention
and identification of services appropriate for families at varying levels of risk. If a child
is found to be at high risk for future maltreatment on an instrument with strong predictive
validity, practitioners can have confidence that by not engaging in intervention that the
child will continue to be at risk, facing potentially life-altering
consequences. Conversely, if a child scores within the high-risk range on an instrument
that lacks adequate predictive validity, erroneous conclusions may be made about the
child’s safety and the family’s trajectory, ultimately mismanaging resources and
subjecting the child and family to unnecessary services. Actuarial instruments lend
themselves to predictive validity studies more so than consensus instruments because the
standardized items collected in actuarial models are largely quantitative in nature, versus
qualitative in consensus-based models, and can undergo robust statistical analytic testing
to examine predictive validity (Kuhn & Johnson, 2009).

Assessing Predictive Validity

The predictive validity of risk assessments can be empirically examined through
several different empirical analytic strategies. The most basic method to establish
predictive validity is to determine sensitivity and specificity rates by comparing the rates

of recurrence of maltreatment across groups. If the instrument works as intended,
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families classified as high-risk should have a higher recurrence rate than families
classified as moderate risk, and families classified as moderate risk should have a higher

recurrence rate than families classified as low risk. Recurrence rates can be further used

to identify rates of false positives (%), where families misclassified as high risk
experienced no subsequent maltreatment recurrence, and false negatives (FNTTN), where

families were misclassified as low risk, however experienced maltreatment recurrence
(Lyman-Ott, & Longnecker, 2016).

Maltreatment assessment instruments utilize both continuous risk scores as well
as empirically established risk classifications to establish a family’s risk for maltreatment.
Further analytic examination of predictive validity beyond sensitivity and specificity for
each type of assessment instrument varies, however some analytic techniques can be used
to examine the predictive capacity of both continuous scores and risk classifications. For
instruments with classification schemes, many researchers use chi square tests (y?) to
investigate if the observed values within classification groups are statistically different
based on their likelihood of recurrence. To determine the strength of association between
individual risk classification groups and recurrence, Cramer’s V can be utilized as a
subsequent analytic tool to measure effect sizes. For use with classification groups,
logistic regression analyses can be used to examine the predictive capacity of the
instrument. In logistic regression, by using the lowest risk category as a reference group,
odds ratios (OR) or adjusted odds ratios (AOR) can estimate the likelihood of recurrence
for each group in comparison to the lowest group. For instruments with predictive
validity, the likelihood of recurrence for each group should increase as the family’s risk
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level increases. Logistic regression has enhanced the study of predictive validity in
maltreatment research as the analysis allow for the control of confounding variables in
the model such as intervention effects and demographic variables known to predict a
family’s risk for maltreatment.

To examine the predictive validity of an instrument’s total composite score, some
researchers use an independent t-test (t) to examine the difference in average risk score
for families that experience maltreatment, versus families that do not experience
maltreatment. Cohen’s d can be used as a subsequent analytic tool to examine the effect
size If there is a meaningful difference, the average risk score of the family that
experiences maltreatment will be significantly higher than the average risk for the
families that do not experience maltreatment. In addition to t-tests, the most commonly
used bivariate analyses with composite scores include correlation coefficients (r?) and
point-biserial correlation coefficients (rpn). These bivariate statistics are useful in the
study of predictive validity, because researchers can test the relationship of the outcome
variable to both the overall risk score as well as individual domain or subscale scores. A
final statistical technique, the Receiver Operating Characteristic (ROC) Curve is
frequently used in predictive validity research, however has recently begun to gain
traction as a statistical method in the study of predictive validity in child maltreatment
assessment instruments. The ROC curve measures discrimination, or the ability of the

instrument to differentiate between families who experience recurrent maltreatment, and

TP
TP+FN

those that do not. The ROC curve is created by plotting the true positive rates ( )

FPZPTN) at various threshold markers (Krzanowski & Hand,

against false positive rates (
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2009). The area under the ROC curve (AUC) is then computed as an index of the
discriminative utility of the instrument across the full range of cut-off points.

The study of predictive validity of maltreatment assessment instruments is
complicated, and consequently, empirical validation of assessment instruments to predict
future maltreatment has not consistently occurred in child welfare practice.
Subsequently, existing evidence suggests that many instruments currently used in child
welfare practice and early childhood home visitation programs lack empirical support for
their use among at-risk families to predict risk for future maltreatment. Many studies that
do exist are plagued by methodological challenges common to the study of predictive
validity. Some of these challenges are difficult at best, although others are impossible to
overcome, creating barriers in developing reliable and valid instruments for child
maltreatment assessment across the public and private sectors.

Methodological Issues in Examining Predictive Validity of Child Maltreatment

Since the implementation of structured risk assessment into child welfare practice,
several concerns and cautions in their use have been expressed, resulting from the scant
theoretical and empirical support for many of these instruments (Baird & Wagner, 2000;
Bennett et al., 2006; Camasso & Jaganathan, 1995; Korfmacher, 2000; Marks &
McDonald 1991; Pecora, 1991; Wald & Woolverton, 1990; Whipple & Webster-Stratton,
1991). Most risk assessment models were developed and implemented with little or no
research to establish validity or reliability (English, Aubin, Fine, & Pecora, 1993;
McDonald & Marks, 1991; Pecora, 1991; Wald & Woolverton, 1990) and with little, if

any, empirical validation (McDonald & Marks, 1991; Rycus & Hughes, 2003). In public
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and private child welfare practice, several unique methodological challenges to
determining predictive capacity of risk assessment instruments have been identified
(Gambrill & Shlonsky, 2000). First, challenges in measuring and identifying predictor
and outcome variables creates difficulty in the study of predictive validity, as factors
incorporated into many risk assessment instruments were frequently selected on the basis
of research studies differentiating maltreating from non-maltreating families (Wald &
Woolverton, 199), and are not necessarily related to the occurrence or recurrence of
maltreatment. Second, implementation and temporal issues create barriers, as
instruments are often modified over time or adopted for use without adaptation of
psychometric properties (Rycus & Hughes, 2003, McDonald & Marks, 1991), or are used
for a variety of purposes for which they were not intended, and for which there is no
empirical support (Wald & Woolverton, 1990). Third, variation in sensitivity and
specificity rates vary between instruments as imperfect prediction instruments force
methodological trade-offs during development in deciding thresholds and variables in
decision-making in practice (Knocke & Trocme, 2005; Lyons et al., 1996; Wilson,
Tumen, Ota, & Simmers, 2015). Finally, low base rates and difficulty with individual
prediction create challenges in the study of predictive validity, as maltreatment is a
relatively rare phenomenon, with measurement of occurrence and recurrence only being
possible in the context of child maltreatment. Consequently, predictions of a family’s
risk for future maltreatment are made in the context of groups who present with similar
risk factors (Gottfredson & Snyder, 2005), with the occurrence of maltreatment in the

absence of public child welfare involvement remaining largely unknown.
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Implementation Challenges

Risk assessment instruments have traditionally been implemented without
adequate evidence to indicate that they accurately identify the children most likely to
experience subsequent maltreatment. The study of predictive validity is complicated by
implementation challenges common in practice, including limited practitioner training,
inadequate supervisory support, and disinvested practitioners and administrations which
compromise the integrity of risk assessment instruments (Shlonsky & Gambrill, 2014).
Many programs and jurisdictions engage in widespread development of new tools in
practice, many of which make use of existing measures on populations for which they
have not been validated, or utilize components of multiple previously constructed
measures without further empirical validation (English & Graham, 2000; Wolock,
Sherman & Deldman, 2001). For instance, investigation into the use of risk assessment
instruments in child welfare has found that different jurisdictions utilize the same risk
assessment at different points in time as families move through the child welfare system,
resulting in varying degrees of reliability and validity for the same instrument across
jurisdictions (Camasso & Jagannathan, 2000; Wald & Woolverton, 1990). This practice
reduces the predictive capacity of an assessment instrument, as literature suggests that
there is variation among risk factors as a family progresses and transitions throughout the
life course, and factors that predict maltreatment at one point such as at investigation and
prior to service provision may not be the same as those that predict subsequent
maltreatment at another point in time, such as during or after service provision (Fuller et

al., 2001).
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Issues pertaining to risk assessment implementation also plague home visitation
practice, as assessment instruments commonly used in practice are often used for
alternative purposes than for which they were developed and validated. For example,
many early childhood home visitation programs have implemented assessment
instruments that utilize proxy measures for maltreatment in isolation such as parenting
stress, maternal depression, quality of the home environment, or parent-child dyad
interactions, which are unlikely to be sufficient in capturing the multidimensional nature
of risk for child maltreatment (Cicchetti & Manly, 2001). Still other practice settings
experience difficulty in implementation as many instruments were designed to be
implemented within the context of a child abuse investigation, resulting in difficulty
during application to strengths-based prevention programming, where effective service
provision addresses multidimensional interacting factors through a strong therapeutic
alliance.

Predictor Variable Variation

Because the course of human development is complex and interactive with
situational and environmental influences, risk assessment in cases of child abuse and
neglect must consider multiple predictive factors. Historically, risk assessment
instruments have emphasized two types of predictive factors in prediction models: static
and dynamic. Although static factors are considered constant and unchanging, they are
not amenable to interventions (Andrews, Bonta & Wormith, 2006; Levenson & Morin,
2006; Thompson & Wiley, 2009). In contrast, dynamic risk factors can change, and

consequently, in theory, are amendable to intervention. Existing research has identified
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both robust static (Schuck & Widom, 2005, Siporin, 2007; Wolfe, 1987) as well as
dynamic (Chafflin, Kelleher & Hollenger, 1996; Kotch et al., 1995) factors that predict
risk for future maltreatment. However, there is a growing body of literature in child
welfare that suggests dynamic variables are equally if not more predictive of
maltreatment than static variables, and provide opportunities for identification of
amenable risk factors important to the implementation of meaningful interventions
(Belsky, 1980; Cicchetti & Rizley, 1981; Cicchetti et al., 2000; Masten & O’Doughtery-
Wright, 1998). As a result, assessment instruments are increasingly including dynamic
risk factors to measure change over time as continuous constructs that vary along
multiple dimensions within a family system, taking into consideration factors such as
context, the origin of change, the causal change agent, and the degree of predictability
associated with the change (MacKenzie, Kotch & Lee, 2011). Risk assessment
instruments with high predictive validity include both static as well as dynamic variables,
including several important static risk factors for maltreatment such as parental history of
maltreatment as a child in addition to dynamic risk factors such as single parenthood as
important predictors for maltreatment (Stith, 2009).
Outcome Variable Variation

Vague, transitional definitions of outcome measures make studying predictive
validity in child abuse and neglect more difficult. In validation studies attempting to
predict future abuse and neglect, definitional variations of maltreatment significantly
impact an instrument’s ability to measure the phenomenon of interest

accurately. Methodological challenges involved in difficulty gaining access to public
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child welfare data have resulted in several validation studies utilizing proxy measures for
child maltreatment recurrence or confirmation including perception of maltreatment,
confirmation from case file reviews, and self-report. Proxy measures for child
maltreatment such as depression or parenting stress are ideal for outcome measurements,
however do not provide a consistent and comprehensive identification of the recurrence
or substantiation of maltreatment. As such, the identification of maltreatment through
linkage with public child welfare system data is a more reliable and valid measure of
maltreatment.

In studies predicting maltreatment using linkage to public child welfare data,
studies examining the predictive validity of maltreatment assessment instruments in child
welfare use either a new referral to the public child welfare system or court substantiated
maltreatment as confirmation of the recurrence of child abuse and neglect. There has
been some controversy in the field regarding which criterion is most appropriate for use
in validation research due to issues pertaining to statistical power, measurement
reliability, and low reporting rates. In defense of the use of substantiation data as an
outcome variable, some researchers and practitioners have argued that substantiated cases
meet a higher evidentiary standard, allowing practitioners to be confident that abuse or
neglect occurred within a family system. However, others caution that the decision to
substantiate a case of child maltreatment is an administrative decision that may not be an
accurate index of whether or not maltreatment actually occurred due to lack of evidence,
low reporting rates, and investigation bias (Chaffin, 2005; Drake 1996; English et al.,

1999; Giovanni & Meezan, 1995; Zuravin, Watson & Ehrenschaft, 1987), which may
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cause practitioners to underestimate or overestimate the prevalence of maltreatment
within a family system (Eckenrode, Levine-Powers, Doris, Munsch, & Bolger, 1988;
Drake, Lee, & Johnson-Reid, 2009). Despite disagreement among researchers pertaining
to the use of substantiation data as an indicator for recurrent maltreatment in the study of
predictive validity, without feasible alternatives in practice, the use of substantiation as an
outcome remains the most accurate estimate of the number of families who experienced
maltreatment severe enough to be detected by public child welfare systems and referred
for court substantiation.
Maltreatment Base Rates

Empirical literature in the study of predictive validity has demonstrated that the
variability of prediction is particularly difficult for phenomena with low base rates such
as the occurrence of child maltreatment (Baird & Wagner, 2000), as the rarer the
phenomenon is to be predicted, the more difficult it is to develop a risk instrument with
an acceptable level of predictive accuracy (Gigerenzer 2002; Munro, 2004; Baird &
Wagner, 2000). Child maltreatment is a relatively rare phenomenon, with levels of
recurrence varying drastically across the field with estimates varying from 8.0% (Doueck
et al., 1993) to 60.0% (Wolock et al., 2001), depending on the operational definition of
recurrence adopted, and the time frame over which cases are monitored. Low base rates
become particularly methodologically problematic with the use of substantiation data
where the criterion of interest is severe harm, as national data suggests that national
public child welfare systems substantiate between 12.7% and 34.0% of maltreatment

reports investigated, which is a very small percentage of the total number of reports
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received, and a fraction of the entire population (KIDS COUNT, 2018). In current child
welfare research, base rates are inherently problematic, as the most reliable way to
measure the predictive validity of maltreatment assessment instruments is to examine
only families who have come to the attention of the child welfare system, therefore
narrowing the ability of researchers to measure the actual rate of recurrence, and truly
understand population wide maltreatment base rates. The resulting data frequently do not
include the most severe instances of maltreatment where children are provided intrusive
interventions to ensure their safety (Gambrill & Shlonsky, 2001), or families who go
undetected by public child welfare systems. Due to the reactive nature of child welfare
practice, many families become involved in interventions as serious risks or maltreatment
have been identified in the family system, therefore most prediction is an estimate as to
whether abuse or neglect will recur, with most predictive instruments based on shared
characteristics of families who have already been abusive or neglectful (Dubowitz et al.,
2011; Wald & Woolverton, 1990).
Temporal Issues

Temporal issues in the study of predictive validity can cause complications in the
prediction of nonlinear phenomena such as child maltreatment. Specifically in the study
of child abuse and neglect, predicting abuse over time is especially challenging, as
neither development of children and behaviors of their parents are linear (Belsky, 1993;
Bronfenbrenner, 1979). Literature has demonstrated that decreased predictive capacity of
measures over time are not uncommon, as families change over the course of their

lifespan, therefore responses provided on an assessment instrument at a single point in
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time may no longer be pertinent several years later as the family system changes
(Bronfenbrenner & Morris, 1998). These findings are consistent with existing child
welfare research and theory, which indicate that across the lifespan, families move in and
out of various levels of risk on a regular basis as they experience stressful life events
(Belsky, 1993; Freisthler, Fraser, Richman, & Galinsky, 1999; Patterson, 1995). These
experiences and the manner in which they influence individuals may change radically,
subsequently influencing longitudinal predictive validity studies. Thus, dynamic parental
behaviors will have a range of effects depending on a child’s developmental needs
(Cicchetti & Lynch, 1993).
Sensitivity & Specificity Issues

Related to the study of predictive validity research is an assessment of the degree
which an assessment tool has acceptable levels of specificity and sensitivity (Kuhn &
Johnson, 2013; Johnson & L’Esperanec, 1984; Royston, Moons, Altman & Vergouiwe,
2009), that provides information about an instrument’s ability to detect risk and avoid
intervening in the lives of families when it is not necessary (Mansell, Ota, Erasmus, &
Marks, 2011). In studying the predictive validity of an instrument, examination of
sensitivity and specificity designations in risk assessment instruments is important, as it
provides critical information about the level of uncertainty in the risk screening trade-off,
as establishment of these cutoffs has implications in measuring an instrument’s ability to
consistently and accurately predict risk of future maltreatment within a family system. In
maltreatment assessment, sensitivity is the ability of an instrument to correctly identify

families who experience recurrent maltreatment, which is known as the true positive rate.
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Alternatively, specificity is the instrument’s ability to correctly identify families who will
not experience recurrent maltreatment, known as the true negative rate (Lyman-Ott &
Longnecker, 2016). Varying degrees of a family’s level of risk over time has
implications for sensitivity and specificity determinations in longitudinal risk prediction
in the misclassification of families. If assessment instruments are calibrated to assume
that risk levels escalate after the initial assessment, false positive rates will likely be high
as a result of low specificity, unnecessarily intervening with children and their
families. Conversely, if it is assumed that risk levels will not escalate at the point of
initial assessment, the number of false negatives might be high as a result of low
sensitivity (Shlonsky & Gambrill, 2014). In child welfare practice, missing potentially
recurrent instances of maltreatment is considered more problematic than misclassifying
families as not at risk for recurrence, resulting in statistical approaches during instrument
development which favor sensitivity over specificity.
Individual Prediction

Difficulty in explaining and predicting future behavior is not a challenge unique
to child maltreatment research (Milner & Campbell, 2007; Pecora, 1991; Royston et al.,
2009; Wilson et al., 2015). Human behavior is non-linear, therefore is extremely difficult
to predict, and systematically classify. Individual prediction of human behavior cannot
be achieved by any existing means with any certainty; consequently, predictions are
made in the context of groups of individuals who are similar regarding some set of
demographics or characteristics (Gottfredson & Snyder, 2005). Rather than predicting

what will occur with a specific individual or family, classifying groups by degree of risk
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serves the function of informing practitioners about what families are more likely than
others to be at high levels of risk (Camasso & Jagannathan, 2000; Cash, 2001;
D’Andrade et al., 2008; Shlonsky & Gambrill, 2014). While not stating with certainty
that an individual child will be maltreated, a risk classification indicates that the
likelihood of maltreatment is greater for one family than it is for others with at a future
point in time (Siegel, 2013). Despite the inability to accurately determine individual risk,
maltreatment risk assessment tools are developed with factors shown to have a
correlation to maltreatment, therefore providing support for decision-making and
opportunities for strategic interventions within family systems.

Risk Assessment as a Predictive Tool in Public Child Welfare Practice

Formalized risk assessment in public child welfare is a relatively new science, as
it was not until the early 1980s with the development of the Child Abuse and Neglect
Tracking System (CANTS-17B) in Illinois, that a risk assessment instrument was used to
guide decision-making in child welfare systems (Cichinelli, 1995). After the introduction
of this instrument, popularity of assessment instruments for use in public child welfare
systems grew, as standardized measures were promoted as a means to systematically
protect children and manage service demands among overwhelmed child welfare systems
by allocating limited resources more effectively (Camasso & Jagannathan, 2000;
DePanfilis & Zuravin, 2001, English & Pecora, 1994; Knocke & Trocme,
2005). However, haste to develop assessment tools quickly resulted in risk assessment

instruments which were adopted or developed across the United States with very little
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supporting theoretical or empirical research, including a lack of valid or reliable
predictors of maltreatment.

Despite validity and reliability concerns, the implementation of standardized risk
assessment models has expanded in the United States since the 1980s, with standardized
assessment use confirmed in public child welfare jurisdictions in 50 states (Casey Family
Programs & American Humane Association, 2009; Coohey, Johnson, Renner, & Easton,
2013). These models differ greatly from state to state and in some instances county to
county in their scope, their stated purpose, the relative importance or weight assigned to
various risk and protective factors, and the mechanics of gathering, organizing, and
interpreting information (D’ Andrade et al., 2008). This variance among jurisdictions in
the use of standardized assessment instruments is driven by the needs of the specific child
welfare jurisdictions, with several agencies utilizing multiple risk assessment instruments
simultaneously in practice. These risk assessment instruments were developed across a
wide continuum of practice, from the measurement of risk at a discrete point in time, to
case management tools that promote attention to an overarching level of risk and safety
across a wide variety of contexts at different decision-making points in the case planning
and service delivery process (Milner, Murphy, Valle, & Tolliver, 1998). Many of these
existing models have evolved over the last decade; however, have maintained
fundamental characteristics of early risk assessment instruments. Some of the most
commonly known instruments in use today in public child welfare practice fit into a
classification scheme that includes the empirically based actuarial Structured Decision-

Making instruments, the ecologically structured consensus instruments developed by
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ACTION for Child Protection, consensus based matrix instruments such as the
Washington Risk Assessment Matrix, and behaviorally structured instruments developed
using fundamentals of the Magura and Moses (1986) Family Assessment Tools (Pecora,
1991). The following review summarizes relevant studies in child maltreatment research
that examine the predictive capacity of several actuarial and consensus -based risk
assessment instruments developed for use in public child welfare systems across the
United States. These instruments are reviewed in Table 2.1.
Actuarial Models

Actuarial models of risk assessment in child welfare practice have gained
popularity in recent years as instruments to facilitate accurate, less-biased decision-
making through statistical precision. The most widely used assessment instruments
among public child welfare jurisdictions in the United States include actuarial modeled
instruments known as Structured Decision Making (Casey Family Programs & American
Humane Association, 2009).

Structured Decision-Making

Structured Decision Making (SDM) instruments were originally developed by the
Children’s Research Center, with initial implementation in Alaska over 20 years ago.
Since that time, SDM has been implemented by child welfare agencies in approximately
twenty states and jurisdictions across the United States (Casey Family Programs &
American Humane Association, 2009). Modeled after risk instruments in public health
and juvenile corrections, these actuarial instruments typically consist of 10-15 items that

can be easily scored, and include objective questions pertaining to caretaker
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characteristics, parental expectations, parenting skills, and household dynamics that are
found to predictive of substantiation or recurrence of maltreatment. During the
assessment, a family receives a total risk score that is then transformed to classify the
family as low, medium, high, or very high risk of abuse or neglect (Children’s Research
Center, 2011).

A number of studies have been conducted attempting to assess the predictive
validity of the Children’s Research Center (CRC) risk assessment instruments. Most
recently, Dankert & Johnson (2014) of the Children’s Research Center conducted a
revalidation study of the California Family Risk Assessment. The study examined risk
for future maltreatment retrospectively among 11,444 families from across several
counties in California. The authors concluded that 16.9% and 31.3% of families
classified as low and moderate risk experienced subsequent maltreatment. In contrast,
22.9% and 7.4% of families classified as high and very high experienced recurrent
maltreatment over the 18-month follow-up period. When recurrent substantiation was
examined, it was concluded that 17.8% and 22.9% of maltreatment cases classified as
high to very high risk had new allegations of substantiated maltreatment over a follow-up
period of 18 months. In contrast, 5.2% of families assessed as low risk, and 11.3%
classified as moderate risk had subsequent incidences of substantiated maltreatment (p <
.05). These findings were consistent with a re-validation study conducted by Johnson
(2004) that used logistic regression as an alternative statistical strategy to examine the
predictive validity of the instrument. The study examined risk among 7,685 families

across five counties in California prospectively from the point of initial investigation over
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a follow-up period of 24-months. Johnson (2004) concluded that among families who
received no post-investigation services, moderate risk families were 1.62 times (62%)
more likely than low risk families to have substantiated incident of child maltreatment
within two years of the initial report than were low risk cases (OR = 1.62; 95% CI =
[1.33, 1.96], p <.001). High risk families were found to be 3.5 times (250%) more likely
to have another substantiated maltreatment incident within two years than were low risk
cases (OR =3.50, 95% CIl = [2.72, 4.49], p <.001), and very high risk families were
found to be 5.10 times (410%) more likely than low risk families to have another incident
of substantiated maltreatment (OR = 5.10; 95% CI =[2.72, 9.54], p < .001) over the 24-
month follow-up period. The results remained significant among families who received
post-investigative services. Families classified as moderate risk were found to be 1.64
times (64%) more likely than low risk families to have substantiated incident of
maltreatment within 24 months of initial report than were low risk cases (OR = 1.64;
95% CI =[1.36, 1.97], p <.001). Furthermore, high risk families were found to be 3.33
times (233%) more likely to have another substantiated maltreatment incident within
twenty-four months (OR = 3.33; 95% CI = [2.65, 4.19], p < .001), and very high risk
families were found to be 5.11 times (411%) more likely than low risk cases to have
another substantiated maltreatment incident (OR = 5.11; 95% CI =[3.33, 7.84], p <.001)
during the 24-month follow-up period. When recurrent maltreatment was examined
among all families in the sample, Johnson (2004) found that 7.8% and 13.3% of families
classified as low and moderate risk experienced recurrent maltreatment, in contrast to

26.6% and 36.7% of families classified as high and very high risk. When future
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maltreatment risk was examined as a continuous variable, for every unit increase in the
family’s risk score, families were 2.03 times (103%) more likely to experience recurrent
maltreatment (OR = 2.03, 95% CI =[1.82-2.26], p < .001).

A second widely implemented Structured Decision-Making Model is the
Michigan Risk Assessment. In an early prospective re-validation study of the Michigan
Risk Assessment conducted by the Children’s Research Center using a cohort of 1,896
families; Baird, Wagner, Caskey & Neundfeldt (1995) found that 29.0% and 41.0% of
families classified as high and very high risk received a substantiated report of
maltreatment during the 12-month follow-up period. In contrast, 8.0% of families
identified as moderate and low risk experienced future substantiated maltreatment during
the 12-month follow-up period (p < .05). When recurrent maltreatment was investigated,
12.0% and 20.0% of families classified as low and moderate risk experienced recurrent
maltreatment, compared with 29.0% and 41.0% of families classified as high and very
high risk (p < .05). These findings were further confirmed in a study by Baird & Wagner
(2000) during a re-validation study of 1,400 families. This study retrospectively
examined the predictive capacity of the Michigan Risk Assessment Instrument across
four states in comparison to two consensus based instruments, the Washington Risk
Assessment Matrix, and the California Risk Assessment System. The authors found that
the incidence of court substantiated maltreatment increased with each risk level, as 28.0%
of the families classified as high risk had new substantiations during an 18-month follow-
up. In contrast, 7.0% of families classified as low risk, and 15.0% classified as moderate

risk, had statistically significant subsequent incidents of substantiated maltreatment
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during the follow-up period (p <.05). When recurrent maltreatment was examined, rates
increased from 16.0% to 32.0% among low and moderate risk families, to 46.0% among
high risk families as the risk level increased. These differences were all statistically
significant (p < .001). The authors further utilized a supplemental statistical tool, the
Dispersion Index for Risk (DIRF) to estimate the potency of the classification of system.
The DIRF value for substantiation rates for the Michigan Risk Assessment Model was
522, indicating high levels of predictive potency (Silver & Banks, 1991). Overall, the
authors concluded that the Michigan Family Risk Assessment produced substantially
better risk classifications than either of the consensus based models in the study,
including the Washington Risk Assessment Matrix and the California Risk Assessment.
A third widely implemented actuarial Structured Decision-Making model is the
Alameda Physical Reabuse Assessment. The Alameda County instrument was
empirically constructed using variables with the highest correlations with physical abuse
recurrence derived from closed cases within the public child welfare system (Johnson &
L’Esperance, 1984). The predictive validity of the Alameda Physical Reabuse
Assessment Model was examined in an early re-validation study conducted by Johnson &
L’Esperance (1984). This study examined 120 families retrospectively that were
involved in the public child welfare system in one county in California who had received
allegations of physical abuse. The authors found that the rate of false negatives of the
Alameda County instrument was 30.4%, and the rate of false positives was 69.6%, after
controlling for confounding variables including service provision, client and collateral

contacts, and the amount of time a family’s case had remained open since the point of
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initial investigation. These findings were statistically significant (p <.05). Similar
findings were discovered in a second retrospective re-validation study by Mark and
McDonald (1989) utilizing a sample of 567 families previously examined in a validation
study by Johnson and Clancy (1988). The authors examined whether the instrument’s
predictive capacity was more accurately assessed using enhanced methodological and
statistical techniques including logistic regression. In an examination of the predictive
validity of the instrument to predict discrete forms of maltreatment in isolation, the
analysis found minimal differences in the capacity of the instrument to predict
maltreatment when maltreatment type was stratified versus when maltreatment
classifications were grouped together. Mark and McDonald (1989) discovered that the
best overall model predicting all forms of maltreatment together (X*= 42.37, p < .001)
had a false positive rate of 76.6%, and a false negative rate of 2.4% (p < .05).

A fourth widely implemented actuarial Structured Decision-Making Model is the
Alaska Risk Assessment Instrument. The Alaska Instrument is unique among the
Children’s Research Center Structured Decision-Making Models, as abuse and neglect
are differentiated in distinct risk scales. The Alaska Risk Assessment Instrument was
originally validated in a retrospective study by Baird (1988), using a sample of 550
randomly selected families from a single state child welfare jurisdiction. Baird (1988)
found that during a 12-month follow-up period among children that were not removed at
the time of initial investigation, 3.3% and 11.3% of families assessed as very low and low
risk were experienced subsequent recurrent maltreatment. Among families rated

moderate and high risk, 22.3% and 43.6% respectively experienced subsequent recurrent

88



maltreatment, compared to 83.3% of families rated as very high risk. The neglect scale
demonstrated similarly statistically significant predictive capacity over a 12-month
follow-up period, as 7.7% and 30.4% of families rated low and moderate risk experienced
subsequent maltreatment, compared to 69.6% of families rated as high risk. All findings
were statistically significant (p <.05).

The final Structured Decision-Making Model is the Rhode Island Family
Assessment. The predictive validity of the Rhode Island Family Assessment was
investigated in a pilot validation study presented at the Eighth National Roundtable on
CPS Risk Assessment by Squadrito, Neunfeldt & Fluke (1995). The pilot validation
study retrospectively examined child welfare cases in a single state jurisdiction during
initial instrument implementation. The authors found that the families classified as
highest risk were ten times more likely to engage in future maltreatment during a 24-
month follow-up period than were families classified as low risk (OR = .10, p < .05).

The instrument demonstrated statistically significant (p < .05) false positive rates of
37.0%, and false negative rates of 6.0%. In addition to prediction of maltreatment
recurrence, the pilot study examined the capacity of the Rhode Island Family Assessment
Instrument to predict serious injury requiring medical care or hospitalization. The
instrument demonstrated an ability to differentiate between subsequent occurrences of
medical treatment or hospitalization, as 27.0% of families assessed as high-risk were
involved in a subsequent abuse or neglect incident in which a child required medical care

or hospitalization, compared with 1.0% of families identified as low-risk (p < .05).
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Consensus Models

Consensus based models in risk assessment are differentiated from actuarial
models in their flexibility in data collection for purposes of treatment planning and
facilitation of clinical expertise. In public child welfare practice, the most commonly
utilized consensus models include matrix models, ecologically structured models, and
behaviorally anchored instruments.

Matrix Models

Matrix models include instruments that utilize tables of empirically and clinically
identified risk factors that are rated in terms of their severity. These tables consistent of
16-35 factors, and include variables such as parenting skills, demographic variables, and
severity of abuse and neglect. These variables are rated using a (3-5) point scale that
rank each item in terms of severity of risk to the child at low, moderate and high levels of
risk. The ratings are summed, and the resulting composite score is used to guide
decision-making pertaining to the family’s overall classification of risk level (Milner et
al., 1998). One of the earliest child maltreatment matrix instruments developed was the
Illinois CANTS 17B, however versions of this instrument have been implemented in a
number of states, including Washington and Florida.

The Washington Risk Assessment Matrix (WRAM) is widely implemented in
child welfare jurisdictions across the United States. This instrument was designed for
implementation at the point of initial investigation in public child welfare practice, and
includes risk items that fit into seven theoretical domains including child characteristics,

caretaker characteristics, caretaker/child relationship, socio-economic factors, and
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perpetrator access. A family’s level of risk is determined based on the perception of
severity of each item on a five-point scale, and all individual scores are calculated to
create an overall composite score. Pre-determined cut-off scores are then used to
transform a family’s composite score into low, moderate, or high risk categories (Palmer,
1988). The predictive validity of the WRAM was examined in a retrospective re-
validation study by Baird & Wagner (2000) among a sample of 1,400 families across four
states. The study examined the instrument’s predictive capacity in comparison to the
consensus-based California Risk Assessment System, and the actuarial Michigan Family
Risk Assessment. Baird & Wagner (2000) found that families classified as low risk had a
new substantiation rate of 16.0%. In contrast, 16.0% of families classified as moderate
risk, and 21.0% of families classified as high risk experienced recurrent substantiated
maltreatment. These findings were not statistically significant (p > .05). When recurrent
maltreatment was examined in isolation, the difference in recurrent maltreatment between
low and moderate risk (25.0% and 35.0% respectively) was significant (p < .001), but the
difference in the recurrence rate between moderate and high-risk cases (39.0% versus
35.0%) was not significant (p > .05). As an additional statistical tool, the Dispersion
Index for Risk (DIRF) was used to estimate the potency of the classification system. The
DIRF value for substantiation rates for the WRAM was .156, indicating low levels of
predictive potency (Silver & Banks, 1991). When compared to the Michigan Family
Risk Assessment and the California Risk Assessment Model, the Washington Risk
Assessment Matrix was out-performed by actuarial Michigan Family Risk Assessment,

however out-performed the consensus California Risk Assessment Model. These
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findings were consistent with a second predictive validity study of the Washington
Family Risk Assessment by Camasso & Jagannathan (1995). This study utilized
alternative analytic techniques including logistic regression and a Receiver Operating
Curve (ROC) to compare the predictive capacity of the WRAM to another matrix model,
the Illinois CANTS 17B. Using a retrospective sample of 239 families in a single state
jurisdiction, the analysis discovered that the overall abuse severity score of the WRAM
was negatively correlated with recurrent maltreatment (r = -.29, p <.05), indicating that
the more severe the level of abuse identified, the less likely the parents were to maltreat
again. The authors speculated this unexpected finding could have been a result of early
invasive intervention on behalf of the child welfare agency resulting in removal of high-
risk children. When examining each individual theoretical domain separately, the
domains of child behavior (r = -.44, p < .05) and chronicity of abuse (r = .27, p <.05)
were positively associated with recurrent maltreatment. None of the other five theoretical
domains were found to be statistically significant in predicting recurrent maltreatment. In
terms of predicting recurrent substantiated maltreatment, the child behavior (r = -.04),
and chronicity of abuse or neglect (r = .27) subscales were positively associated with
recurrent substantiated maltreatment (p < .05). The model demonstrated poor predictive
power overall, measuring approximately 6.0% of the variability in outcome of recurrent
maltreatment, and 7.0% of the variability in recurrent maltreatment substantiation. The
Receiver Operating Characteristic (ROC) analysis uncovered an AUC value of .66,
indicating poor predictive capacity. In further analysis, the Wilcoxon Rank-Sum

probability was used to compare the predictive validity of the WRAM to the CANTS17B,
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and found that the WRAM was an overall better predictor of case recidivism (Z = 2.0, p <
.05), however neither outcome of case closing or substantiation were found to be
statistically significant between the two models.

The California Family Assessment Factor Analysis Instrument (CFAFA) is a
widely utilized consensus-based risk matrix assessment instrument. The CFAFA is a
derivative of an instrument originally developed in Illinois, the Child Abuse and Neglect
Tracking System or CANTS 17B. The CANTS 17B examines items that fit within five
theoretical domains including the precipitating incident, child assessment, caregiver
assessment, family assessment, and family-agency interaction. Each item is rated as low,
moderate or high risk, and a sum of the number of items coded at each risk level
determines the overall level of risk. The predictive validity of the CFAFA model was
examined in conjunction with another consensus based instrument, the WRAM, and an
actuarial instrument, the Michigan Family Risk Assessment in a retrospective study by
Baird and Wagner (2000). The authors found that families classified as low risk had a
future substantiation rate of 15.0%. In contrast, families classified as moderate or high
risk both had recurrent maltreatment substantiation rates of 18.0%. When recurrent
maltreatment was investigated in isolation, 28.0% of families classified as low risk
experienced recurrent maltreatment, and families classified as moderate and high risk
each had a recurrence rate of 38.0% (p >.05). As an additional statistical tool, the
Dispersion Index for Risk (DIRF) was used to estimate the potency of classification of
system. The DIRF value for substantiation rates for the CFAFA was .117, indicating low

levels of predictive potency (Silver & Banks, 1991). These findings were supported a
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second study by Camasso & Jagannathan (1995), using logistic regression and Receiver
Operating (ROC) cure analysis as an alternative statistical technique to compare the
CANTS 17-B, which is the foundation for the CFAFA model, and another consensus-
based instrument, the Washington Risk Assessment Matrix (WRAM). The analysis
utilized multivariate logistic regression analysis, entering four theoretical domains from
the instrument including child characteristics, caretaker characteristic, family structure
into the model to predict case recidivism, case closing, and case substantiation. In
examination of maltreatment recurrence, none of the domains were statistically
significant. In further analysis, recurrent maltreatment substantiation was examined, the
domains of the child’s age (r = .75), caretaker characteristics scale (r = .26) and family
structure (r = .73) were predictive of future case substantiation (p <.05). Overall, the
instrument had poor predictive power, explaining only 5.0% of the variability in the
outcome in predicting future substantiated maltreatment, and 1.0% of the variability in
predicting case recidivism. A Receiver Operating Characteristic (ROC) curve analysis
was used as an additional statistical technique to examine the discriminating ability of the
instrument across the entire spectrum of diagnostic cutoff points. The ROC analysis
uncovered an AUC value of .66, indicating poor predictive validity.

The Child Emergency Response Assessment Protocol (CERAP) is a consensus
matrix instrument developed by the Illinois Department of Child and Family Services, the
American Humane Association, the University of Illinois, and field experts. The
instrument consists of 14 items, and is used throughout the life of a child welfare case,

measuring risk factors empirically known to the literature in addition to risk factors
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identified through clinical expertise. The instrument is administered by indicating the
presence or absence of each item, and if any item is present, a clinical decision is made as
to whether the child is safe or unsafe. There has been one retrospective study conducted
to examine the predictive validity of the CERAP by Fuller, Wells & Cotton (2001), using
subsequent maltreatment recurrence within 60 days as an outcome measure. The study
examined the use of the CERAP to predict maltreatment recurrence at initial investigation
(n = 380) as well as within five days of case opening retrospectively (n = 350). At case
opening, neither overall safety assessment score or number of factors identified were
associated with subsequent referral within 60 days, either in chi-square bivariate or
multivariate tests controlling for CERAP completion, prior reports, total number of
caregiver problems, and service receipt. At five days after case opening in bivariate chi-
square analysis, completion of the CERAP (X* = 23.68, df = 1, p < .001), number of
safety factors identified for services (X?= 33.30, df = 3, p < .001), and safety decision
(X*=5.56, df = 1, p < .05) were associated with subsequent referral within 60 days. The
only relationship that remained statistically significant in the logistic regression model
after controlling for confounding factors was the completion of the CERAP (OR = 4.09,
95% CI =[2.49, 6.70], p < .001). To date, no validation studies examining the future
predictive validity of the CERAP composite score have been conducted.

The final commonly implemented matrix risk assessment model is the Vermont
Risk Assessment, which is implemented in public child welfare practice across the state
of Vermont. The matrix is comprised of fourteen major factors with numerous traits

including severity of abuse and neglect, caretaker characteristics, parent/child
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relationship, previous abuse history, child characteristics, home environment, and social
support. Each item is then weighed in terms of severity, and the family is then assigned
to an overall risk level of low, medium, or high. The predictive validity of the Vermont
Risk Assessment was examined in a study by Weedon, Torti, and Zunder (1988) using a
sample of 147 families across a single state jurisdiction. The analysis showed that
subscale factors including the child’s age and ability (r = .25, p <.001), neglect severity
(r =.23, p <.01), and accessible alternative care (r = -.19, p < .05) were related to
recurrent maltreatment. In addition, the total composite score was shown to be related to
future recurrent maltreatment (r = -.17, p < .05). Of families determined to be high risk,
61.0% experienced subsequent maltreatment, compared to 36.0% of those classified as
moderate risk, and 24.0% of those classified as low risk. These findings were statistically
significant (p < .05).
Ecologically Structured Models

Consensus-based ecologically structured risk assessments were developed by
ACTION for Child Protection, and modeled after the Child at Risk Field (CARF)
instrument. Ecologically structured models use an ecological approach, organizing
factors into five areas including child, parent, family, maltreatment and intervention. A
series of 14 open-ended questions and anchored rating scales are typically included in
ecologically structured models that are used to facilitate the identification of “risk
influences” that may be operating in the family situation (Holder & Corey, 1986). A
family’s level of risk is determined based on the perceived level of risk for each of the

five domains. Instruments developed by ACTION for Child Protection are generally
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considered to be the most comprehensive models of risk assessment in existence due to
the breadth of areas assessed, and applicability of different types of child maltreatment
assessment across the life of a child welfare case (English & Pecora, 1994; Milner et al.,
1998).

The Child at Risk (CARF) Instrument is a consensus-based instrument developed
by ACTION for Child Protection. The CARF instrument is used throughout the life of a
child welfare case from intake to permanency, and includes fourteen items across the
domains of child, parent, family, maltreatment and intervention. Four additional
qualifiers are also considered during the analysis, including duration of a negative
influence, pervasiveness of negative influence, acknowledgement of negative parental
influence, and control of negative influence. Each item or qualifier is rated on a four-
point scale, and the average of the fourteen items plus the average of the four qualifiers is
calculated to arrive at the final composite risk score (Palmer, 1988). The most
comprehensive predictive validity examination of the CARF was conducted by Doueck,
Levine and Bronson (1993). In a retrospective study of 207 families in a single
jurisdiction, the predictive validity of the instrument was examined with maltreatment
recurrence as the outcome variable. Using t-tests as a statistical tool, the authors found a
relationship approaching statistical significance between final risk ratings and the
recurrence of a new report (t(71) = 91, p = .06) within 6 months of the instrument
completion. In further analysis, the final risk rating was used, with the authors omitting
cases of moderate risk. The analysis found that 72.0% of families identified as high risk

did not experience subsequent maltreatment, and 5.0% of families identified as low risk
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did not receive a subsequent report of maltreatment over the 6-month follow-up period.
These findings were not statistically significant (p > .05).

Behaviorally Anchored Instruments

The final commonly utilized instrument in public child welfare practice falls into
the category of consensus based models, and includes instruments that assess levels of
child or parent functioning. These assessment scales typically use the “Child Well-
Being” or “Family Risk” scales developed by the Child Welfare League of America
(Magura & Moses, 1986). Primarily, instruments in this category are used to assess
family functioning, rather than identify a family’s risk of future maltreatment (Pecora,
1991). Behaviorally anchored instruments assess family functioning through the
completion of multiple subscales covering areas of individual and family functioning
including parenting role performance, familial capacities, child role performance, and
child capacities. The ratings are then summed, and the composite score is used to guide
decision-making pertaining to the family’s overall level of risk (Palmer, 1988).

The Child Well-Being Scales instrument is prominently used in public child
welfare systems in a number of jurisdictions (Magura & Moses, 1986). The instrument
includes 44 items covering four subscales including role performance of the parents,
family capacities, child role performance, and child capacities. The subscales are used to
assist in identification of service needs and identify family functioning, therefore no total
risk score is obtained from completion of the instrument. Similarly, the New York Child
Protective Services Review Document (CPSRD) was developed from the foundations of

the Child Well-Being Scales, and uses both categorical and narrative forms to assess
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objective risk factors within the family system. The CPSRD gathers information for case
planning and service provision by collecting information as to whether the family falls
into a number of risk categories including the condition of the adult, condition of the
child, and conditions that characterize the home environment. The predictive validity of
the Child Well-Being Scales and the CPSRD were examined simultaneously in a
validation study by Fanshel, Finch & Grundy (1994) using a sample of 72 families. In
the study, the authors combined items in the Child Well-Being Scales and the CPSRD
scales to create combined indices of household adequacy, parental disposition, economic
deprivation, the family’s prior interaction with related systems, impoverished family’s
lack of sanitation, child’s academic progress and coping abilities, parental drug or alcohol
involvement, and abusiveness to the child. The predictive capacity of the new indexes to
predict perception of risk was retrospectively examined among a sample of 72 families.
Two indexes including parental disposition (r = .51, p <.001) derived from the Child
Well-Being Scales, and substance abuse (r = .74, p <.005), derived from the CPSRD
were found to be significantly associated with worker’s perception of risk to the child,
and together explained 34.5% of the variance of the worker’s perception (p < .001). No
studies to date have been conducted examining the predictive capacity of the Child Well-

Being Scales or the CPSRD utilizing data linkage to public child welfare system data.
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Risk Assessment as a Predictive Tool in Home visitation

Increasing awareness of child maltreatment, variation of risk levels among
families, and a heightened demand for accountability in prevention programming, have
led to an increase in an interest in structured risk assessment in early childhood home
visitation programs. Through early identification of risk within a family system during
the course of service provision, practitioners have the ability to link families with
effective services and resources before problems erupt, resulting in costlier and invasive
public child welfare intervention at a later point in time. In response to the increased
need for maltreatment risk assessment in prevention programming, professionals within
the field have drawn predominantly on research from public child welfare systems, and
have developed modified practice models to assist practitioners in more reliably and
accurately assessing a family’s risk for future maltreatment. In order to meet the unique
needs of practitioners and families involved in home visitation, recommended practice in
assessment seeks to move beyond models that conceptualize maltreatment risk in terms
of solely identifying or predicting maltreatment, toward a holistic approach that includes
a focus on intervention, management, and treatment for decreasing a family’s risk for
child abuse and neglect.

Empirical evidence in the field suggests that families enrolled in early childhood
home visitation programming present with wide variation in their levels of risk for future
maltreatment (Duggan et al., 2007; Peacock et al., 2013). In order to effectively manage
the variance among risk levels in home visitation populations, risk assessment
instruments have been increasingly identified in prevention practice as a tool to determine
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a family’s risk for future maltreatment, while simultaneously assisting practitioners in
developing service plans by identifying risk factors that are hypothesized to change in
response to targeted treatment services (Shlonsky & Gambrill, 2014). Among at-risk
families with multiple interacting contextual factors, assessment of risk among other
pressing immediate needs that families may be facing is particularly challenging for
home-visitors (Jack, Jamieson, Wathen & McMillian, 2008; Tandon et al., 2008).
Consequently, it has increasingly become clear that assessment instruments that serve to
both predict risk and identify family needs are needed in prevention programming to
identify and address compounding risk factors that place children at increased risk for
future maltreatment. However, increased pressure to utilize limited resources to target
families most at risk in early childhood home visitation programming have led programs
to utilize varying risk assessment instruments in practice, many of which have not been
validated to assess risk for the occurrence of maltreatment, or to disentangle multiple risk
factors. For instance, some instruments used in home visitation were originally designed
to be administered in the context of a child abuse investigation and rely on highly
sensitive questions, while others were developed for use in clinical practice and measure
proxy constructs for maltreatment in isolation. Implementation difficulties in risk
assessment are commonplace in prevention programming, as several instruments were
developed to be administered by the practitioner or utilize deficit focused language,
potentially breaking down the rapport building process, creating defensiveness on part of
the parent, and reducing predictive capacity. For example, several instruments in

particular, including the Child Abuse Potential (CAP) Inventory, Parenting Stress Index
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(PSI), Family Stress Inventory (FSI), Adult-Adolescent Parenting Inventory (AAPI), the
Parent-Child Conflict Tactics Scale (CTSPC), and the North Carolina Family Assessment
Scale (NCFAC) have been widely used to as an assessment instrument to predict risk for
future maltreatment during the course of home visitation programming. These
instruments are reviewed in Table 2.2.

The most widely implemented assessment instrument to predict risk for future
maltreatment in prevention programming is the Child Abuse Potential (CAP) Inventory
that was originally developed for implementation in public child welfare settings to
predict a family’s risk for recurrence of child physical abuse (Milner, 1994; 2004). The
resulting Child Abuse Potential Inventory is a self-report questionnaire that is answered
in a forced-choice, agree-disagree format. The inventory contains a physical abuse
subscale that includes descriptive factor scales including distress, rigidity, unhappiness,
problems with child and self, problems with family, and problems with others. Two
special subscales are also included in the instrument, including the ego-strengths scale,
and the loneliness scale, that provide the practitioner implementing the instrument with
supplemental clinical information pertaining to the respondent (Mazzucco, Gordon &
Milner, 1989; Milner 2006). Once the measure is completed, the family is classified by
level of future risk for physical abuse including low, moderate, and high from the total
composite score obtained from the instrument. The predictive validity of the CAPI was
examined in a retrospective study by Milner, Gold, Ayoub and Jacewitz (1984) with a
sample of 200 families identified as at-risk of poor parenting, child abuse, or neglect.

The researchers found a significant relationship (r = .34, p <.0001) between elevated
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abuse scores and later child physical abuse in a group of at risk families, and a moderate
relationship (r = .19, p < .05) was found between abuse scores and later confirmed child
neglect over a 6-month follow-up period. The dependent variable used as a proxy for
maltreatment confirmation included a review of child abuse and neglect reports made by
the intervention staff, and confirmed by the members of the research team (SCAN).
Similar findings were discovered in a re-validation study by Chaffin and Valle (2003)
where both the static and predictive validity of the CAPI was examined retrospectively
among a sample of 459 parents participating in prevention programming in a single state.
The authors used a cox proportional hazards survival model as a statistical tool to account
for time variation to maltreatment recurrence. The analysis demonstrated that the post-
treatment Child Abuse Potential Inventory scores were found to have high static
predictive validity as the model was significant, accounting for 15.0% of the variance in
outcomes (Wald = 1.71, p <.001). The CAPI however failed to demonstrate statistically
significant dynamic predictive validity, as there was no evidence to support changes in
Child Abuse Potential Inventory scores corresponded to changes longitudinally.

In addition to the Child Abuse Potential Inventory, another popular instrument
implemented in prevention programming is the Parenting Stress Index (PSI; Abidin,
1995; 1997; 2006). The PSI is a self-report measure that was developed to assess parent-
child related stress in parents of young children that was originally designed as a
screening and triage measure for evaluating parenting within the family system.
However, the PSI has been used in home visitation practice as an instrument to not only

determine program effectiveness, but also to predict a family’s level of risk for future
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maltreatment. The instrument focuses on three major domains of parenting stress
including child characteristics, parent characteristics, and situational/demographic life
stresses. After completion of the instrument, the respondent receives a score in two
domains including the childbearing stress subscale, the personal distress subscale, and a
total composite score. The predictive validity of the PSI was examined in a prospective
study by Haskett, Ahern, Ward & Allaire (2010), where the PSI was administered to 240
families as part of a broader study on the social adjustment of young children. A logistic
regression model was estimated to determine the extent to which the subscales uniquely
predicted group status between physically abusive and non-abusive families. Only the
childrearing stress scale was a significant predictor (B = 1.03, SE = .34, Wald 2 =9.72, p
<.01) of occurrence of maltreatment, even after controlling for the personal distress
subscale. Higher scores on the childrearing stress scale were associated with a significant
increase in the odds of membership in the abuse group (OR = 2.80, 95% CI = [1.44-5.45],
p <.05). These findings remained stable across studies. For example, in a predictive
validity study conducted by Kelley (1998), the validity of the PSI was examined among a
sample of 60 women with children, 30 of whom were known substance abusers, and 30
whom had no known history of substance abuse. A MANOVA and Chi-Square (y?) tests
were used as statistical tools to examine within group differences. The study concluded
that PSI scores differed significantly between group membership of substance abusing
and non-substance abusing women (F(3, 58) = .48, p <.001). In further examination, a
greater proportion of the substance-abusing mothers whom had been determined to have

significantly higher PSI scores experienced historical substantiated maltreatment (X2(1)
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=41.71, p <. 001). To date no studies have been conducted examining the predictive
validity of the PSI to predict future maltreatment.

In addition to the Child Abuse Inventory and the Parenting Stress Index, another
widely implemented instrument in early prevention programming is the Family Stress
Inventory (FSI) (also known as the Kempe Family Stress Checklist, and the Carroll-
Schmidt Parenting Checklist), that were developed to measure risk for parenting
difficulties (Carrol, 1978; Kempe & Kempe, 1976). To accomplish this, the Family
Stress Inventory assess multiple areas of family functioning including psychiatric history,
criminal and substance abuse history, childhood history of care, emotional functioning,
attitudes and perceptions of the child, discipline of the child, and level of stress in a
parent’s life (Korfmacher, 2000). A practitioner administers the Family Stress Inventory,
and families are scored and subsequently classified by level of risk as low, moderate, or
high for future maltreatment for purposes of risk identification and service planning. The
predictive validity of the Family Stress Inventory was examined in a prospective study by
Murphy, Orkow, and Nicola (1985). The sample included 587 pregnant women who were
receiving pre-natal care in a single urban OB-GYN clinic. The women were then
followed administratively through medical data for 24-30 months. A review of medical
charts of 100 of the children whose mothers had been considered “at risk” based off of
the Family Stress Inventory scores was conducted during the follow-up period to examine
the capacity of the instrument to predict confirmed abuse identified in the child’s medical
record. The results of the validation study demonstrated a statistically significant (p <

.05) false-positive rate of 75.0%, and a false negative rate of 2.0%. Similar results
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pertaining to low specificity and high sensitivity were found in subsequent validation
studies (Korfmacher, 2000; Stevens-Simon, Nelligan, & Kelly, 2001). Most notably, a
fourth retrospective predictive validity examination of the Family Stress Inventory by
Katzev, Henderson, & Pratt (1997) examined a large sample of families involved in home
visitation programming (N = 2,870), comparing maltreatment recurrence rates for
families at different levels of risk. The analysis demonstrated a false positive rate of
79.0%, and a false negative rate of 3.0%. These findings were statistically significant (p
<.05).

A further commonly implemented instrument, the Adult/Adolescent Parenting
Inventory (AAPI-2), is a self-report measure that was developed to assess adult and
adolescent attitudes and expectations with respect to children (Bavolek, 1984; 1989;
Bavolek & Keene, 2001). The instrument was later revised and re-normed from the
original version of the AAPI first developed in 1979 (Bavolek & Keene, 2001). The
resulting Adult/Adolescent Parenting Inventory-2 instrument is comprised of 40 items,
each using a five-point likert-type response scale among 5 subscales. The subscales of
the instrument measure domains including parenting expectations of the child, parent
empathy towards the child’s needs, use of corporal punishment, parent-child family roles,
and children’s power and independence. Each subscale score is converted, and then used
to classify parents into risk classifications for maltreatment (Bavolek & Keene, 2001).
The initial validation study examining predictive validity of the AAPI was conducted by
Bavolk & Keene (2010). In this retrospective examination of 174 families, the authors

found a statistically significant difference between mean scores of abusive and non-
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abusive parenting scores in each of the four parenting constructs: parental expectations
(F(2) = 8.05, p <.001); empathy (F(1) = 37.63, p <.001), corporal punishment (F(1) =
6.71, p <.01), and role reversal (F(1) = 44.30, p <.001). A second retrospective
predictive validity study examining the capacity of the AAPI-2 to predict future
substantiated maltreatment reports was conducted by Lawson, Alameda-Lawson, and
Byrnes (2015) among a sample of 2,610 parents with young children involved in a state-
wide child abuse prevention program. The author’s utilized t-tests (t) as a statistical tool
to examine mean score differences between the AAPI-2 pre-post scores of parents whose
children experienced future substantiated maltreatment and those that did not. These
tests did not yield any statistically significant results. In further analysis, the authors
tested the relationship between AAPI-2 and substantiated maltreatment by way of latent
path analysis while controlling for demographic variables and length of program
participation. The latent path model did not support a relationship between factor scores
on the AAPI-2 and substantiated maltreatment (CFI = .99). The findings of the Lawson,
et al. (2015) study concluded that “while the AAPI-2 has been marketed as a tool that can
help social workers and other child welfare practitioners identify parents who are most at
risk for abusing and neglecting their children, our results suggest that it should not be
used for such a purpose (p. 13).”

Another commonly utilized instrument in prevention programming, the Parent-
Child Conflict Tactics Scale, is a well-known self-report instrument that was revised
from its original content to measure the prevalence of various forms of maltreatment

including physical abuse, psychological maltreatment, and neglect (CTSPC; Straus,
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Hamby, Finkelhor, Moore, & Runyan, 1998), rather than predict risk for future
maltreatment. Instead of assessing child physical abuse risk factors, the Parent-Child
Conflict Tactics Scale assesses for frequency of parental aggressive and non-aggressive
tactics. The instrument includes 22-36 items that are included within the domains of
nonviolent discipline, psychological aggression, minor physical assault, severe physical
assault, very severe physical assault, and neglect. Each item is individually scored,
contributing to individual subscale scores and an overall composite score that is used to
classify families into risk groups. The predictive validity of the CTSPC was examined in
a prospective study by Bennett, Sullivan & Lewis (2006). The study sample included
139 women in two groups, one of which had experienced historical substantiated
maltreatment, and the other with no historical substantiated maltreatment. The authors
examined sensitivity and specificity of the CTSPC to predict group membership
pertaining to the absence versus presence of a substantiated maltreatment history. A
logistic regression model was used as a statistical tool in addition to an examination of
the instrument’s specificity and sensitivity. The study revealed that the CTSPC had high
specificity but poor sensitivity (fp = 68.4%, fn = 4.9%). The only subscale significantly
predictive of historical maltreatment status was the neglect subscale (8 = .59, OR = 1.80,
p <.05). Further statistical analysis utilizing a Receiver Operating Curve (ROC)
demonstrated an overall AUC value of .60 for the CTSPC, indicating overall poor
predictive validity.

The final assessment instrument frequently implemented in prevention

programming is the North Carolina Family Assessment Scale (NCFAS). The instrument
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was developed to identify treatment needs of families referred for service in family
preservation programming, and is designed to detect changes in family functioning
during the course of service provision. The instrument provides ratings of family
functioning on five domains including environmental, parental capabilities, family
interactions, family safety, and child-well-being. Each of the domains of the instrument
and associated subscales utilizes a six-point rating scale to identify problem areas for
purposes of service provision. Each subscale is subsequently calculated to formulate a
total risk composite score for the family. The predictive validity of the instrument was
examined in a study by Kirk, Kim and Griffith (2005). The study retrospectively
examined the capacity of the NCFAS to predict future child welfare involvement and
subsequent out of home placement at case closure and at 12-months post case closure
among a sample of 1,279 families involved in prevention programming. The analysis
demonstrated that at intake, the NCFAS score was associated with out of home placement
at case closure among several domains including environmental (X2(5) = 11.72, p < .05),
parental capability (X2(5) = 20.41, p < .01), family safety (X?(5) = 11.65, p <.05) and
child well-being (X?(5) = 12.41, p < .05). Intake scores however were not found to be
predictive of public child welfare involvement and subsequent removal at one year, as
only the environmental subscale (X?(5) = 19.64, p < .01) was found to be statistically
significant. When examining subscale scores at closure, the authors found that all five
subscales were significantly (p < .001) related to out of home placement at closure. At
one-year post-closure, all five subscales were significantly associated with subsequent

public child welfare involvement and removal at the (p < .01) level.
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Table 2.2

Selected Research on Community Child Maltreatment Instrument Predictive Validity

Instrument . Dependent Statistical
Instrument Study Purpose Design Variable Analysis Results
Public Child Retrospective; Quantitative Abuse:
Child Abuse Milner, Gold, Welfare Sample: Child Abuse Prevention Confirmed (r=.34,p<.001)
Potential Ayoub & Correlational Design SCAN Report* Correlation
Inventory Jacewitz (1984) Prediction of N= 200 Neglect:
Maltreatment Time to Prediction: 24 Months (r=.19, p <.05)
Public Child Retrospective; Quantitative
Child Abuse . Welfare Sample: Family Preservation
Potential Chafflzrég;Valle Correlational Design Recurrence* R COX. (Wald = 1.71,
Inventory ( ) Prediction of N= 459 egression p <.001)
Maltreatment  Time to Prediction: 24 Months
Prospective; Quantitative
Correlational Design Child Rearing Stress
Parental W;rlj]eg; ::\nzlr?e Parent-Related Sample: Public Child Welfare Me?nrt?eurrs)hip Logistic Scale
Stress Index (2006) Stress N=204 Regression OR =.28 (72%
Time to Prediction: Group decrease), p < .05
Membership
Prospective; Quantitative Between Groups:
Sample: Substance_ Abus?ng & MANOVA F(3,58) =.48, p <.001
Parental Kelley (100g)  Parent-Related Contgr\:\é:)artr;ggatflvgllggrl]ldren Substance Abuse Group & Occurrence
. .
Stress Index Stress N=60 & Maltreatment Chi Square X2 (df= 1) = 41.71,
Time to Prediction: Group p <.001
Membership
Prospective; Quantitative
Sample: Maternal Population Specificity
Family Stress ~ Murphy, Orkow, Parenting Correlational Design Confirmed & fp = 75%, fn = 2%
Inventory & Nicola (1985) Difficulties N= 587 Medical Record* Sensitivity (p <.05)
Time to Prediction: 24-30
Months

*= Dependent variable used in findings
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Table 2.2

Selected Research on Community Child Maltreatment Instrument Predictive Validity

Instrument . Dependent Statistical
Instrument Study Purpose Design Variable Analysis Results
Retrospective; Quantitative
Family Stress K;tzev, Parenting Samplé: Ch;ld.AbLIJs[e; Pr_eventlon . Sens;gt:wty n = 3%, fp = 79%
Inventory Henderson & Difficulties orrelational Design Recurrence % (b < .05)
Pratt (1997) N= 2,870 Specificity '
Time to Prediction: 12 months
Adult- Lawson, Retrospective; Quantitative Descriptive Substantiated
Adolescent Alameda- Adolescent Sample: Child Abuse Prevention Statistics M=40.1,SD =145
Parentin Lawson & Attitudes & Correlational Design Substantiation Unsubstantiated
Inventorg Byrnes (2015) Expectations N=1,339 * Latent Path M=40.7,SD=14.2
y Time to Prediction: Group Membership Model CFI: .99
Sensitivity
Clinical Prospective; Quantitative & fp = 68.4%, fn =4.9%
Parent-Child Bennett, ; Families with Substantiated Specificity (p <.05)
. . Practice M Group
Conflict Sullivan & Prevalence of Maltreatment Histories Membership*
Tactics Scale  Lewis (2006) Correlational Design P ROC Curve AUC: .60
Maltreatment N= 139
Time to Prediction: Group Membership Logistic Neglect Subscale
Regression OR=1.80,p<.05
Retrospective; Quantitative
North ) Child Abuse Prevention Program Intake Predicting to
Carolina Kirk, Kim & Fa}ml!y Correlational Design 12 Months:
Family Griffith (2005) ~ Functioning & N=1,279 Out of Home  Chi Square Environment
A Treatment Time to Prediction: Intake, Case Placement* Subscale:
ssessment 2 s
Needs Closure & 12 Months X* (df =5) = 19.64,
Scale b < .05)

*= Dependent variable used in findings



Aim of the Study

The main purpose of the dissertation examines the predictive capacity of an
assessment instrument used in home visitation programming, the Healthy Families
Parenting Inventory. The predictive validity of baseline total composite score and risk
classifications (Research Question 1) will be explored, along with the predictive validity
of the nine individual subscale domains of the Healthy Families Parenting Inventory
(Research Question 2), followed by an exploration the relationship between subscales of
the Healthy Families Parenting Inventory and a maltreatment investigation with the
Arizona Department of Child Safety (Research Question 3). The final research question
explores the relationship between individual red flag and strength indicator items in the
Healthy Families Parenting Inventory and the occurrence of a maltreatment investigation
with the Arizona Department of Child Safety (Research Question 4). This dissertation
examines maltreatment assessment in home visitation as a means to develop a
comprehensive understanding of the interaction of risk and protective factors associated
with the occurrence of maltreatment among at-risk families enrolled in early childhood
home visitation programs. The developmental-ecological theory is used in this study to
inform the research questions, methodology, implications, and potential future research in

this area.
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CHAPTER THREE
METHODOLOGY

The purpose of this third chapter is to provide a detailed description of the design
and methods used to achieve the research aims posed at the end of the previous chapter.
In order to answer these research questions, the Healthy Families Parenting Inventory
was selected for examination of predictive validity, as this instrument was specifically
developed for use in assessment within home visitation settings. This research is placed
in the context of a home visitation setting, where the sample population includes families
with young children identified as being at risk for maltreatment or other adverse
outcomes. Subsequently, home visitation serves as the backdrop for participant
inclusion, and sets the foundation for implications for the dissertation itself. This chapter
is organized into three main sections related to the methodological approach taken. First,
a discussion of the research design specific to the setting used is discussed, including
sampling considerations, and data sources from both Healthy Families Arizona and the
Arizona Department of Child Safety. This section closes with a discussion related to the
specifics of record linkage methodology, followed by the presentation of four specific
research questions and detail on the analytic methods of those research questions in
section four.

Research Design

This study makes use of secondary data, utilizing a longitudinal cohort design to
retrospectively examine the predictive validity of the Healthy Families Parenting
Inventory. The utility of the Healthy Families Parenting Inventory to predict future

occurrence of an investigation of maltreatment with the Arizona Department of Child
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Safety was examined using a sample of families enrolled statewide in Arizona’s Healthy
Families Program who experienced an investigation with the Arizona Department of
Child Safety, compared to socio-demographically similar children for whom no
investigation of abuse or neglect occurred. Probabilistic matching was used to link child-
level administrative data from Healthy Families Arizona home visitation programming
and maltreatment data from Arizona’s public child welfare system, the Department of
Child Safety. The study utilized baseline Healthy Families Parenting Inventory
assessment data from all families enrolled in Healthy Families Arizona statewide
intervention during the 2012 and 2013 fiscal years from July 2011 until June 2013, and
followed these families administratively for one year from the date of enrollment until
June 2013 and June 2014 respectively through Department of Child Safety maltreatment
data in measuring the occurrence of an investigation of abuse or neglect.

The heightened risk for maltreatment among families enrolled in home visitation
is well established (Avellar et al., 2014; Harding et al., 2007; National Center for
Children in Poverty, 2008). In examining the capacity of the Healthy Families Parenting
Inventory to predict a family’s potential for future child maltreatment, the study utilized
an investigation of maltreatment generated by an investigation of abuse or neglect to the
Arizona Child Abuse Hotline as an outcome variable to measure the occurrence of future
child maltreatment. However, the occurrence of a maltreatment investigation is a rare
event, limiting the statistical analyses that are possible in many validation studies. This
study overcomes this limitation through the analysis of the full universe of children
enrolled in Arizona’s largest home visitation program, Healthy Families Arizona, over

the course of two full fiscal years. This translates into over 2,000 enrolled families, a
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disproportionately high share of whom go on to later experience an investigation of
maltreatment compared to national averages (USDHHS, 2016a). The use of multi-year
state-wide cohort sample and longitudinal methodology allow for rare event and base rate
issues to be overcome through comprehensive identification of at-risk families,
consequently reducing bias and enhancing the capacity for casual inference.
Setting

The home visitation setting, Healthy Families Arizona, sets the framework with
implications for participant inclusion in the study. The study utilizes the Healthy
Families Arizona program as a backdrop for participant selection. Healthy Families
Arizona is based on the national Healthy Families America model, which operates in 35
states in the United States, and serves an average of 100,000 families a year (Healthy
Families America, 2017). Healthy Families is well established in Arizona, and has been
providing services to at-risk families for more than 16 years, with sites across the state of
Arizona. The Healthy Families intervention works with prenatal and new parents to offer
an array of services designed to improve child health and safety, increase knowledge of
parenting practices, and enhance maternal health, self-sufficiency, and coping strategies.
The program targets overburdened families with children at or near birth to the age of
five to assist parents in building skills necessary for successful parenting during the most
vulnerable periods of a child’s life characterized by rapid bio-physiological development.
Families are identified for participation after being screened and meeting cutoff scores
that identify socio-environmental risk factors related to risk for future maltreatment and
other adverse outcomes such as poverty, young maternal age, or single parenthood.

Healthy Families Arizona takes a multifaceted approach to supporting at-risk families
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through the utilization of a standardized curriculum during service provision, by
increasing the parent’s knowledge of child development, teaching parenting skills,
promoting infant-parent bonding, strengthening important relationships with fathers and
other family members, and building responsive networks through linkage to community
resources. In addition, through the course of services, the home-visitor working with the
family assists in helping new parents address personal issues such as substance abuse,
domestic violence, or mental health issues by identifying and subsequently mobilizing
available community resources. Hands-on modeling by the home-visitor is a critical
component of service provision, as the home-visitor models positive parenting and
attachment behavior, reviews the child’s developmental progress, ensures the safety of
the home, and provides emotional support as new parents attempt to adapt to the
changing environment associated with new parenthood (Healthy Families America,
2017).
Participant Criteria

Participant families were identified for study inclusion as part of the Healthy
Families Arizona recruitment process during fiscal years 2012 and 2013 after being
referred to Healthy Families Arizona. Families were referred to Healthy Families
Arizona after routine screening in a community setting such as a hospital, determined that
the family may be at risk for maltreatment or other adverse outcomes as a result of low
income, single parent status, or household instability (Healthy Families America, 2017).
The primary participants in the Healthy Families Arizona intervention are
overwhelmingly female, however any primary caregiver is considered eligible for the

program. Once the referral by the community professional was received by Healthy
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Families Arizona, an intake worker from Healthy Families Arizona completed the second
tier screening process, which consisted of the completion of the standardized Parent
Survey. The Parent Survey (Korfmacher, 2000) is a brief instrument based on the Family
Stress Inventory that measures risk for child maltreatment or caregiving difficulties for
children of all ages. This survey is implemented through a semi-structured interview,
which asks parents about stress, parent’s childhood history, potential for violence,
household stressors, parental expectations, and other areas. The instrument is completed
and scored by Healthy Families Arizona staff, and a risk threshold must be met in order
for the family to continue to meet criteria for program inclusion.

Once participating families were determined eligible for services, staff from
Healthy Families Arizona made contact with the family to complete the initial
assessment, which included the completion of the Healthy Families Parenting Inventory.
The Healthy Families Parenting Inventory is typically completed within the first one-to-
two home-visits, however programmatic guidelines require its completion within 60 days
of service initiation. Participant inclusion in the study was determined solely by
completion of the baseline Healthy Families Parenting Inventory, rather than total length
of time enrolled in the intervention. A small percentage of families who initially agreed
to participate in services declined participation at the time of the first home-visit, or very
early on in programming before the baseline Healthy Families Parenting Inventory was
completed. These families who did not participate in the Healthy Families Arizona
program long enough to complete the baseline Healthy Families Parenting Inventory

were excluded from the study.
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Timeframe

The dissertation window spans the calendar years from 2012 to 2014, capturing
the full cohort of children and their families enrolled continuously in Arizona’s Healthy
Families statewide program during the 2012 and 2013 fiscal years from July 2011 until
June 2013. These families were then followed administratively through public child
welfare data from the Department of Child Safety from the family’s initial engagement in
the Healthy Families Arizona intervention for one year. Consequently, for the 2012
fiscal year cohort, these families were followed administratively until July 2013, and for
the 2013 fiscal year cohort, these families were followed administratively until July 2014,
Because the outcome variable, an investigation of maltreatment with the Arizona
Department of Child Safety, is a rare event, the one-year time frame available
retrospectively to follow families administratively in Arizona’s public child welfare
database was desirable to shorter follow-up periods in order to increase the power of this
study, and mitigate the occurrence of false positives or negatives (Sabol, Coulton, &
Polousky, 2004; Sedlak et al., 2010). Furthermore, the one-year follow-up period was
selected for purposes of this study due to the variability in risk factors between infancy
and subsequent contextual developmental periods. By limiting the study to a one-year
follow-up period, the dissertation focuses specifically on risk and protective factors for
maltreatment identified during infancy on the Healthy Families Parenting Inventory that
are subsequently identifiable and malleable during the Healthy Families home visitation

intervention.
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Data Sources

This dissertation uses secondary data that was compiled from two different
sources. First, the Healthy Families Arizona database was used to gather information
pertaining to demographic information of participants in addition to family’s Healthy
Families Parenting Inventory total composite and individual subscale scores. Second,
data on the occurrence of a maltreatment investigation was obtained from the Arizona
Department of Child Safety. Both of these data sources are discussed in further detail
below. See Table 3.1 for description of study variables.

Healthy Families Arizona

The first component of data collection required that information be extracted from
the Healthy Families Arizona electronic data system for each participating family. The
data collected from this database included demographic information, the Healthy
Families Parenting Inventory total composite score, data on the nine Healthy Families
Parenting Inventory subscale scores, and individual red flag and strength indicator values
for each participating family. Demographic variables for participants were collected
including the zip code where the family resides, length of program participation,
intervention dosage, ethnicity/race of the family, total family income, marital status, and
age of the participating mother. Additional demographic variables specifically relating to
the child whom was the target of services were collected including their gender assigned
at birth, birth weight, and occurrence of known birth defects at birth.

Arizona Department of Child Safety

The second component of data collection required official Arizona Department of

Child Safety data pertaining to the occurrence of a maltreatment investigation with the

122



agency. The permission and partnership with the Arizona Department of Child Safety

allowed this portion of the data collection to be possible through a download of an

aggregate file containing information pertaining to the both the occurrence of

maltreatment among all children living in the family’s home. Information pertaining to a

family’s involvement with the Arizona Department of Child Safety included

maltreatment investigation data from July 2011 until June 2014, allowing for families to

be followed administratively for one year after their enrollment date with Healthy

Families Arizona. Instances of maltreatment investigations with the Arizona Department

of Child Safety reported prior to the family’s enrollment with the Healthy Families

intervention were excluded from the analysis. In total, reports of maltreatment

suggesting a maltreatment investigation that occurred between July 2011 and June 2014

with specific consideration to each individual family’s enrollment date with Healthy

Families Arizona were included in the analysis.

Table 3.1

Study Variables

Variable

Variable Type

Linkage Database

Residential Zip Code

Total Family Income
Ethnicity/Race

Marital Status

Mother’s Age

Child’s Birth Weight

Known Birth Defects
Program Dosage

Length of Program Involvement
HFPI Total Composite Score
HFPI Subscale Scores

Red Flag Indicators

Strength Indicators
Maltreatment Investigation

Nominal

Interval/Ratio
Nominal
Nominal

Interval/Ratio

Interval/Ratio
Nominal

Interval/Ratio

Interval/Ratio

Interval/Ratio

Interval/Ratio

Interval/Ratio

Interval/Ratio
Nominal

Healthy Families Arizona
Department of Child Safety
Healthy Families Arizona
Healthy Families Arizona
Healthy Families Arizona
Healthy Families Arizona
Healthy Families Arizona
Healthy Families Arizona
Healthy Families Arizona
Healthy Families Arizona
Healthy Families Arizona
Healthy Families Arizona
Healthy Families Arizona
Healthy Families Arizona
Department of Child Safety
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Linkage Methodology

Probabilistic record linkage was used to link the Department of Child Safety
records to the Healthy Families Arizona study population data. Probabilistic record
matching, used widely in epidemiology and demography research, assumes that no
comparison between fields common to either source database will link an individual’s
records with complete confidence. Instead, the method determines that the two records
belong to the same person by matching as many pieces of identifying information as
possible from each database. This strategy has become increasingly sophisticated over
the last decade, and has been verified as a superior method for linking families that do not
have a common unique identifier (Winkler, 1995). Since the two data sources lacked a
consistent common unique identifier, and contained non-unique identifiers that had not
been verified, probabilistic matching was selected as the most appropriate data linkage
methodology. Families included in the analysis were matched on variables including
mother’s name, mother’s date of birth, mother’s social security number, the family’s
primary address, the child’s name whom is identified as the target of the Healthy
Families intervention, and the child’s date of birth.

The process of probabilistic record matching was used for this study, as
information obtained by Healthy Families Arizona and the Department of Child Safety
was not consistently accurate, or in many instances was not known. For instance, the first
and last name of the child whom is the target of the Healthy Families Arizona
intervention was not always consistent across both databases, as a child in the family
home may not have been the target of the Healthy Families Arizona program, however

may be identified as a victim of child abuse or neglect by the public child welfare system.
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Furthermore, circumstantial barriers to accurate data collection including name changes
over the life course as a result of marriage, as well as reluctance to provide confidential
information pertaining to social security numbers limited available data linkage
methodologies.

The matching process occurred by matching records using the mother’s social
security number, mother’s first and last name, mother’s date of birth, targeted child of the
Healthy Families Arizona intervention’s first and last name, and the family’s recorded zip
code. If the mother’s social security number, and first name were equivalent, the record
was considered a match. If the mother’s social security number was not equivalent,
however the mother’s first name, last name, date of birth, and victim child’s first and last
name were equivalent across databases, this was considered a match. If a mother’s social
security number and last name were not equivalent, however mother’s first name, date of
birth, and victim child’s first and last name were equivalent across databases, this was
considered a match. Lastly, if a mother’s social security number, mother’s last name, and
victim child’s name were equivalent, however if the mother’s first name, date of birth,
and zip code were equivalent, it was considered a match. Figure 4.1 describes minimum

probabilistic matching requirements across databases.
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Figure 4.1

Matching Fields and Methods for Record Linkages

. Healthy Families Department of Child Match
Match Field Match Methods Arizona Variable Safety Variable Decision
Mother’s Social Security EXACT SOCM - PERS-SOC Confirmed
Mother’s First Name NAME-FIRST MOTHERFIRST PER-FIRST Match
Mother’s First Name NAME-FIRST MOTHERFIRST PERS-LAST Confirmed
Mother’s Last Name NAME-LAST MOTHERLAST  <—> PERS-FIRST Match
Mother’s Date of Birth DATE DOBM PER-DOB
Mother’s First Name NAME-FIRST MOTHERFIRST PERS-FIRST Confirmed
Mother’s Date of Birth DATE DOBM <> PER-DOB Match
Child’s First Name NAME-FIRST CHILDFIRST VICTIM-FIRST
Mother’s First Name NAME-FIRST CHILDFIRST CHILD-FIRST Confirmed
Mother’s Date of Birth DATE DOBM <> DOBM Match
Family’s Zip Code EXACT ZIPCODE ZIPCODE

Dependent Variables

Broadly speaking, the outcome measure for the dissertation was the occurrence of
maltreatment, which was measured through identification of an investigation of abuse or
neglect with the Arizona Department of Child Safety for any child within the family
system. The dissertation utilized a family’s score on multiple components of the Healthy
Families Parenting Inventory to predict to any occurrence of a maltreatment
investigation, including instances of physical abuse, sexual abuse, emotional abuse, and
neglect. New investigations, whether substantiated or unsubstantiated were used as an
outcome measure, as these instances of maltreatment, while less reliable than
substantiation data, are better indicators of future developmental and behavioral
outcomes of children (Hussey et al., 2005) in that they are risk indicators of all
maltreatment reporting, and by implication, future danger to children. A broad approach

to maltreatment prediction that incorporates all forms of maltreatment for all children
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within the family context is utilized in the study to comprehensively assess maltreatment
risk, and allow for holistic treatment plan development.

Specifically, the analyses used in the dissertation predict to the occurrence of
maltreatment investigation as an outcome variable among all of the children identified by
the Department of Child Safety as having a parent-child relationship with a parent
enrolled in the Healthy Families intervention during the 2012 and 2013 fiscal years. The
dissertation expands beyond examining child maltreatment solely against the targeted
child of the Healthy Families Arizona intervention, to include all siblings residing in the
home. In instances where multiple investigations of maltreatment exist among multiple
children for the same incident, only one instance of maltreatment will be counted for
purposes of the analysis to avoid duplication. The methodological decision to include all
children within the family system at-risk for child abuse and neglect allows for an
examination of the family’s risk for child maltreatment comprehensively, incorporating
risk from across ecological contextual levels. Because maltreatment impacts various
levels of the interactive family system, examining maltreatment among all children in the
home allows for a complete understanding of maltreatment occurrence across the family
system. Utilizing this approach aligns the study with both the developmental-ecological
theory and programmatic theory in home visitation that targets reduction in risk factors
for maltreatment within the family’s household. The analysis utilized one dichotomous
variable as the outcome variable (yes/no) indicating the occurrence of an investigation
with the Arizona Department of Child Safety for any child within the family home.

Although some families may experience multiple allegations of maltreatment in multiple
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incidents against multiple children, the investigation was dichotomized as the occurrence
of a maltreatment investigation during the one-year follow-up period.
Independent Variables

The independent variables that were included in the analyses were derived from
demographic variables for participating families, in addition to individual scores on the
Healthy Families Parenting Inventory collected during the course of typical service
provision with the Healthy Families Arizona intervention. Specifically, demographic
variables, individual total baseline composite score, subscale scores, and individual red
flag and strength indicator items on the Healthy Families Parenting Inventory were
utilized as independent variables in the examination of predictive validity of the Healthy
Families Parenting Inventory.

Demographic Information

Demographic information for participants involved in the study were collected
from the Healthy Families Arizona database gathered during provision of services in the
Healthy Families Arizona program. For this dissertation, existing demographic data was
used to examine whether inclusive groups of participants stratified by socio-demographic
characteristics. Specifically, risk variables known in the literature that are associated
with maltreatment were examined in the bivariate analyses including parental age, gender
of the targeted child, length of program participation, intervention dosage, ethnicity/race
of the family, total family income, geographic location, and marital status. Significant
demographic variables were subsequently controlled for as covariates in the regression
analyses. The utilization of significant demographic variables in the analyses allowed for

an examination of the relationship between Healthy Families Parenting Inventory scores
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and the occurrence of a maltreatment investigation while controlling for socio-
demographic variables that may have potentially influenced the relationship.

Healthy Families Parenting Inventory

The overall total composite score of the Healthy Families Parenting Inventory is
the summed value of the 63 individual risk items arranged into nine successive blocks of
questions with total composite scores ranging from 63 to 315. The nine successive
blocks are measured using an ecological systems theory lens, and are grouped into nine
subscales: 1) social support 2) problem solving/coping 3) depression 4) personal care 5)
mobilizing resources 6) role satisfaction 7) parent/child interaction 8) home environment
and 9) parenting efficacy. All items are scored using a likert scale, including “rarely or
never, a little of the time, some of the time, a good part of the time, and always or most of
the time”. The total score on the Healthy Families Parenting Inventory is calculated by
adding all 63 items to obtain a total composite score. Scores among the nine individual
subscales are calculated by adding the value of all items in the scale. Low scores are
determined within each of the subscales, along with seven “red flag” questions across two
subscales designed to necessitate specialized intervention on part of the home-visitor. In
contrast, ten items across five subscales on the inventory suggestive of strengths, referred
to as “strength indicators” are outlined for home-visitors to provide reference in building
individualized service plans. A family’s total composite score on the Healthy Families
Parenting Inventory is calculated with particular attention paid to individual subscale
scores, “red flag” items, and “strength indicators,” that are used in practice to provide
further clinical direction to practitioners (See Table 5.1). All nine subscales of the

Healthy Families Parenting Inventory have dynamic properties, and are intended for use
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in identification of family risk factors and strengths during the course of service provision
and treatment plan development. Each subscale presents individual risk and protective
factors for future maltreatment within ecological contexts independently, however it is
the interaction between multiple subscales that is theorized to predict a family’s risk for
future maltreatment (See Figure 2.1). In this section, each domain is discussed, and the
risk and protection items contained within each subscale are identified.

Table 5.1

Healthy Families Parenting Inventory Reliability

Subscale Item Low Re(_j Flag Str_ength Chronbach’s
Range Scores Indicators  Indicators alpha
Social Support 1-5 17 No Yes .84
Problem Solving 6-11 19 No Yes .92
Depression 12-20 33 Yes Yes .79
Personal Care 21-25 16 No No .76
Mobilizing Resources 26-31 18 No No .86
Role Satisfaction 32-37 21 Yes No .76
Parent/Child Interaction 38-47 40 No No 77
Home Environment 48-57 33 No Yes .76
Parenting Efficacy 58-63 22 No Yes .87

Social Support is the first subscale of the Healthy Families Parenting Inventory,
and is comprised of five questions that measure the family’s availability and reliability of
their social support system within the immediate and broader contexts of the
developmental-ecological theory. Total scores in this domain contain values ranging
from five to twenty-five utilizing likert scale measurement for individual questions, with
individual item values ranging from one to five. The risk factor identified in this subscale
is limited social support within the family system, with the identified protective factor
being a robust and available social support system. This subscale is included in the

instrument in order to determine the level and availability of the family’s support system
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during times of need. The subscale includes two strength questions “I feel others care
about me” and “if I have trouble, there is always someone I can turn to for help.” Scores
of four or five on either of these items indicate areas of strength for the family for
purposes of assessment and treatment planning.

The second subscale is Problem Solving/Coping. This domain is comprised of six
items that measure a family’s ability to solve problems, manage adversity, and persevere
through difficult situations within the developmental-psychological and immediate
contexts of the developmental-ecological theory. Total scores in this subscale contain
values ranging from six to thirty utilizing likert scale measurement for individual
questions, with individual item values ranging from one to five. The risk factor identified
in this subscale is inadequate problem solving/coping skills, with the protective factor
identified as the ability to manage stress and engage in effective problem solving and
healthy coping strategies. The subscale includes two strength questions “when I have a
problem, I take steps to resolve it” and “I remain calm when new problems come up.”
Scores of four or five on either of these questions indicate areas of strength for the family
for purposes of assessment and treatment planning. The purpose of this domain is to
determine a family’s ability to cope with difficult situations, and identify difficulties in
parenting and household management.

Depression is the third subscale, which contains nine items related to the
caregiver’s self-esteem, outlook on the future, feelings of hope, and level of happiness
within the developmental-psychological and immediate contexts of the developmental-
ecological theory. Total scores in this subscale contain values ranging from nine to forty-

five utilizing likert scale measurement for individual items, with values ranging from one
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to five. The risk factor identified for this subscale is elevated feelings of depression, and
the protective factor identified for this subscale is feelings of happiness, and hope for the
future. The purpose of this measure is to determine the caregiver’s risk for depression
including four reverse coded “red flag” questions, including “I feel sad”, “I feel unhappy
about everything”, “I feel hopeless about the future”, and “I have so many problems I feel
overwhelmed by them.” Scores of 4 or 5 on any of these red flag questions indicate that
immediate intervention on behalf of the home-visitor may be necessary. In addition, the
subscale has one strength question “I feel positive about myself.” Scores of 4 or 5 on this
item indicate areas of strength for the family for purposes of assessment and treatment
planning. The purpose of this subscale is to identify problematic levels of depression,
which may interfere with a parent’s ability to provide safe and consistent care to their
child.

The fourth subscale, personal care, contains five items measuring the caregiver’s
ability to engage in self-care, and participate in activities designed to be re-energizing
within multiple ecological domains. Total scores in this subscale contain values ranging
from five to twenty-five utilizing likert scale measurement for individual items, with
values ranging from one to five. The risk factor for this subscale is disengagement in
self-care activities, with the protective factor identified for this subscale being effective
household management strategies and engagement in effective self-care activities. The
inclusion of this subscale in the instrument is to identify the caregiver’s ability to manage
household and parenting responsibilities in a manner that allows them to take time for

themselves, and maintain a positive sense of self.
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Mobilizing Resources is the fifth subscale, which contains six items related to a
caregiver’s ability to mobilize necessary community resources for their family within the
immediate and broader contexts of the developmental-ecological theory. Total scores in
this domain contain values ranging from six to thirty utilizing likert scale measurement
for individual questions, with values ranging from one to five. The risk factor for this
subscale is limited connection and utilization of community resources; with the protective
factor being identified as skillful precision in identifying and accessing necessary
community resources. The inclusion of this subscale in the overall instrument is to
identify the caregiver’s knowledge of community resources, and their level of comfort in
seeking these services should needs arise within the family system.

The sixth subscale, role satisfaction, contains six measures of a caregiver’s
satisfaction in their role as a parent within the developmental-psychological and
immediate contexts of the developmental-ecological theory. Total scores in this domain
contain values ranging from six to thirty utilizing likert scale measurement for individual
items, with values ranging from one to five. The risk factor for this subscale is negative
perception towards parenting, with the protective factor identified as satisfaction with the
parental role. This subscale contains three “red flag” items including “I feel trapped by
all the things I have to do for my child”, “I feel drained dealing with my child”, and “I
feel frustrated because my whole life seems to revolve around my child.” Scores of four
or five on either of these red flag questions indicate that immediate intervention on behalf
of the home-visitor may be necessary. The inclusion of this subscale is to identify the
caregiver’s perceptions of the impact of parenting, levels of tolerance pertaining to

parenting activities, and the parent’s ability to cope with stressful parenting situations.
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Parent/Child Interaction is the seventh subscale that contains ten measures of the
caregiver’s ability to meet the needs of their child, manage their child’s challenging
behaviors, and engage in positive parenting activities within the developmental-
psychological and immediate contexts of the developmental-ecological theory. Total
scores in this subscale contain values ranging from ten to fifty utilizing likert scale
measurement for individual items, with values ranging from one to five. The risk factor
identified for this subscale is negative parent/child interactions, with the protective factor
identified as positive parent/child interactions and strong attachment. The subscale
includes one strength question “I can remain calm when my child is upset.” A score of
four or five on this question indicates areas of strength for the family for purposes of
assessment and treatment planning. The purpose of this measure is to determine a
family’s ability to cope with difficult situations, and identify difficulties in parenting and
household management. The purpose of this subscale is to identify the caregiver’s
perception of their ability to manage their child’s challenging behaviors, predict and
respond effectively to their needs, engage in positive behaviors that promote strong
attachment, and cope with difficult parenting situations.

The eighth subscale, home environment, contains ten items pertaining to the
caregiver’s ability to establish a safe and structured home environment for their child
within the developmental-psychological, immediate, and broader contexts of the
developmental-ecological theory. Total scores in this subscale contain values ranging
from one to fifty utilizing likert scale measurement for individual items, with values
ranging from one to five. The risk factor identified for this subscale is an unsafe and

unstable home environment, with the protective factor being safe and secure housing and
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consistent and stable household structure. The subscale includes two strength questions
including “I have organized my home for raising my child” and “I plan to do a variety of
activities with my child every day.” Scores of four or five on either of these questions
indicate areas of strength for the family for purposes of assessment and treatment
planning. The purpose of this subscale is to identify the caregiver’s ability to create an
environment which is developmentally appropriate for their child, engage in regular
meaningful activities, and establish structure and limits within the family setting.

The final subscale contains six questions that assess the caregiver’s parenting
efficacy within the developmental-psychological, immediate, and broader contexts of the
developmental-ecological theory. Total scores in this domain contain values ranging
from 6 to 30 utilizing likert scale measurement for individual questions, with values
ranging from 1 to 5. Each of the five items in the subscale are scored through likert
scales, and are designed to measure a parent’s sense of parenting strength. The subscale
contains two strength questions including “I am proud of myself as a parent” and “I learn
new parenting skills and use them with my child.” Scores of four or five on these
questions indicate areas of strength for the family for utilization in assessment and
service provision. The risk factor for this subscale is poor parenting efficacy, with a
protective factor identified as confidence and readiness for participation in a parental
role. The interaction of the nine subscales of the Healthy Families Parenting Inventory

from a developmental-ecological lens is illustrated in Figure 2.1.
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Figure 2.1

HFP1 Embedded within the Developmental-Ecological Theory of Child Maltreatment
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Research Questions
This study proposes the following research questions with respect to examining

the predictive validity of the Healthy Families Parenting Inventory in Table 6.1 below:

Table 6.1

Study Research Questions

Research Question 1: Do baseline total composite scores from the Healthy Families

Parenting Inventory have a statistically significant predictive relationship with the
occurrence of a maltreatment investigation?

Research Hypothesis 1.1: Families who experienced an investigation of
maltreatment with the Arizona Department of Child Safety will have an overall

lower mean Healthy Families Parenting Inventory total composite score than
families that did not.
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Research Hypothesis 1.2: Baseline Healthy Families Parenting Inventory total
composite scores have a statistically significant predictive relationship with the
occurrence of a maltreatment investigation with the Arizona Department of Child
Safety.

Research Hypothesis 1.3: Empirically established risk classifications of the
Healthy Families Parenting Inventory have a statistically significant predictive
relationship with the occurrence of a maltreatment investigation with the Arizona
Department of Child Safety.

Research Question 2: Do any of the nine baseline subscales within the Healthy
Families Parenting Inventory have a statistically significant predictive relationship with

the occurrence of a maltreatment investigation?

Research Hypothesis 2.1: Families who experienced an investigation of
maltreatment with the Arizona Department of Child Safety will have overall
lower mean scores on all nine of the Healthy Families Parenting Inventory
subscale domains than families that did not.

Research Hypothesis 2.2: When examined individually, all nine subscales of the
Healthy Families Parenting Inventory have a statistically significant predictive
relationship with the occurrence of a maltreatment investigation with the Arizona
Department of Child Safety.

Research Hypothesis 2.3: When examined collectively, all nine subscales of the
Healthy Families Parenting Inventory have a statistically significant predictive
relationship with the occurrence of a maltreatment investigation with the Arizona
Department of Child Safety.

Research Question 3: How do the baseline Healthy Families Parenting Inventory

subscales interact in predicting the occurrence of a maltreatment investigation?

Research Hypothesis 3.1: The social support, problem solving, home
environment, parent/child interaction, and parenting efficacy subscales moderate
the relationship between depression and the occurrence of a maltreatment
investigation with the Arizona Department of Child Safety.

Research Hypothesis 3.2: The social support, problem solving, home
environment, parent/child interaction, and parenting efficacy subscales moderate
the relationship between role satisfaction and the occurrence of a maltreatment
investigation with the Arizona Department of Child Safety.

Research Question 4: Do baseline red flag and strength indicator items on the Healthy
Families Parenting Inventory predict the occurrence of a maltreatment investigation?
When examined collectively, do the red flag and strength indicator items have a

predictive relationship with the occurrence of a maltreatment investigation?
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Research Hypothesis 4.1: Families that experienced an investigation of
maltreatment with the Arizona Department of Child Safety will have overall
lower mean scores on the reverse coded “red flag” items of the Healthy Families
Parenting Inventory than those did not.

Research Hypothesis 4.2: Families that did not experience an investigation of
maltreatment with the Arizona Department of Child Safety will have overall
higher mean scores on the “strength indicator” items of the Healthy Families
Parenting Inventory than those that did not.

Research Hypothesis 4.3: The seven risk factor items classified as red flag items
in the depression and role satisfaction subscales have a significantly predictive
relationship with the occurrence of a maltreatment investigation with the Arizona
Department of Child Safety.

Research Hypothesis 4.4: When examined collectively, the red flag indicator
questions on the Healthy Families Parenting Inventory will have a significantly

predictive relationship with the occurrence of an investigation of maltreatment
with the Arizona Department of Child Safety.

Statistical Analyses

This study uses several different analytic techniques to examine the predictive
validity of the Healthy Families Parenting Inventory. To answer the research questions
guiding this dissertation the following analytic techniques were used:
Research Question 1

To answer the first research question, the total composite Healthy Families
Parenting Inventory scores collected at baseline were investigated as the independent
variable in predicting the occurrence of a maltreatment investigation with the Arizona
Department of Child Safety. First, a point-biserial correlation coefficient (rpn) was used
to examine the strength of the relationship between the total composite score of the
instrument and the occurrence of a maltreatment investigation. Next, a t-test (t) was used
to explore the difference in the average total Healthy Families Parenting Inventory

composite score between those that received an investigation of maltreatment, and those
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that did not. The final analysis included a logistic regression model to predict the
occurrence of a maltreatment investigation from a family’s total baseline composite score
on the Healthy Families Parenting Inventory while controlling for covariates.

Next, risk classification cut-points were established using percentile rankings
from the total composite score of the Healthy Families Parenting Inventory. Once an
optimal classification cut-point was established, chi-square analyses (X?) were used to
examine the relationship between Healthy Families Parenting Inventory risk
classifications and occurrence of a maltreatment investigation. Finally, a logistic
regression was modeled to examine the predictive validity of the Healthy Families
Parenting Inventory risk-classification cut-off scores and the occurrence of a
maltreatment investigation while controlling for covariates.

Research Question 2

To answer the second research question, the nine individual subscale domain
scores of the Healthy Families Parenting Inventory collected at baseline were
investigated as independent variables in predicting the occurrence of an investigation of
maltreatment with the Arizona Department of Child Safety. First, t-tests (t) were used to
examine the difference in the average total subscale scores of the nine Healthy Families
Parenting Inventory subscale domains between families who received an investigation of
maltreatment, and those that did not. Next, nine logistic regression models were used to
predict the occurrence of a maltreatment investigation from each of the individual
subscales of the Healthy Families Parenting Inventory while controlling for covariates.

Finally, a tenth logistic regression was modeled with all nine subscale scores entered into
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the model simultaneously to examine the predictive capacity of each subscale score while
controlling for other subscale scores and covariates.
Research Question 3

To answer the third research question, the exploratory analyses included logistic
regression models to investigate the capacity of individual subscale scores of the Healthy
Families Parenting Inventory to mediate the role satisfaction and depression subscale
domain scores in predicting the occurrence of a maltreatment investigation with the
Arizona Department of Child Safety. First, interaction terms were created between the
depression and role satisfaction subscale domains of the Healthy Families Parenting
Inventory and the remaining subscales. The analyses included three regression models
for each relationship between the independent variable and dependent variable for each
potential moderating variable.

Pertaining to the examination of the moderating effect of the social support,
problem solving, home environment, parent/child interaction and parenting efficacy
subscales on the relationship between role satisfaction and an investigation of
maltreatment, the analyses included 21 logistic regression models. The first set of seven
regression models included covariates, the role satisfaction subscale score, and the
identified moderating variable. The second set of seven logistic regression models
included covariates, the role satisfaction subscale domain score, the identified moderating
variable, and the interaction term variables. The third set of seven logistic regression
models included covariates, the role satisfaction subscale domain score, the identified
moderating variable, the interaction term variables, and covariate variable interaction

terms. Simple slope calculations were then used to probe significant interactions.
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Pertaining to the examination of the moderating effect of the social support,
problem solving, home environment, parent/child interaction, and parenting efficacy
subscales on the relationship between the depression subscale domain and an
investigation of maltreatment with the Arizona Department of Child Safety, the analyses
included 21 logistic regression models. The first set of seven regression models included
covariates, the depression subscale score, and the identified moderating variable. The
second set of seven logistic regression models included demographic variables, the
depression subscale score, the identified moderating variable, and the interaction term
variables. The third set of seven logistic regression models included demographic
variables, the depression subscale domain score, the identified moderating variable, the
interaction term variables, and the covariate variable interaction terms. Simple slope
calculations were then used to probe significant interactions.

Research Question 4

To answer the final research question, seven individual red flag items and ten
strength indicator questions on the Healthy Families Parenting Inventory collected at
baseline were investigated as independent variables in predicting the occurrence of a
maltreatment investigation with the Arizona Department of Child Safety. First, t-tests (t)
were used to examine the differences in the average total mean scores on the item
between families who received an investigation of maltreatment, and those that did not.
Next, individual red flag and strength indicator items were included in two logistic
regression models to predict the occurrence of an investigation of maltreatment. The
final analysis involved operationalizing the strength indicator items and red flag indicator

items into two new subscale domains. These subscales were then analyzed using two
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binary logistic regression models controlling for covariates to predict the occurrence of
an investigation of maltreatment.
Effect Sizes

Effect sizes were measured using several measures to quantify the differences
between groups of families that experienced a maltreatment investigation with the
Arizona Department of Child Safety and those that did not. First, Rice and Harris’s
(2005) standards for effect sizes were used to interpret point-biserial (rpn) correlation
coefficients as well as the area under the ROC curve (AUC). Specifically, point-biserial
correlations coefficients (rpn) were interpreted as “small” (rpp = .100), “medium” (rpp =
.243), and “large” (rpp = .371). Pertaining to the area under the ROC curve, AUC values
were interpreted as “no discrimination” (AUC = .5); “acceptable” (AUC =.7 - .8);
“excellent” (AUC = .8 - .9); and “outstanding” (AUC = .9). Further, Pearson’s r values
were determined as “small” (r =.10), “medium (r = .25), and “large” (r = .40); and
Cohen’s d values were determined as “small” (d =.20); “medium” (d = .50); and “large”
(d =.80) (Cohen, 1988). In interpretation of Odds Ratios (OR) in logistic regression,
Cohen’s (1998) determination was used measured as “small” (OR = 1.5), “medium” (OR
=2.5), and “large” (OR =4.5). Finally, using Rea and Parks (1992) interpretation,
Cramer’s V effect sizes were determined as “negligible” (0 - .10); “weak” (.10 - .20);
“moderate” (.20 - .40); “relatively strong” (.40 - .60); “strong” (.60 - .80) and “very

strong” (.80 - 1.0).
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CHAPTER FOUR
RESULTS AND FINDINGS

This chapter presents the findings from the data collection and analytic plan
described in Chapter Three. The chapter begins by first presenting descriptive statistics
specific to the sample. Descriptive statistics relative to the Healthy Families Parenting
Inventory including frequencies will then be presented. The findings from the four
research questions are presented in the following order: 1) Overall predictive validity of
the overall Healthy Families Parenting Inventory total composite score and risk
classifications in relation to the occurrence of an investigation of maltreatment with the
Arizona Department of Child Safety (Research Question 1); 2) Predictive validity of the
nine subscales of the Healthy Families Parenting Inventory in relation to the occurrence
of an investigation of maltreatment with the Arizona Department of Child Safety
(Research Question 2); 3) Examination of the interaction between the nine individual
subscales of the Healthy Families Parenting Inventory and the occurrence of an
investigation of maltreatment with the Arizona Department of Child Safety (Research
Question 3); and 4) Predictive validity of the red flag and strength indicator items of the
Healthy Families Parenting Inventory in relation to the occurrence of a maltreatment
investigation with the Arizona Department of Child Safety (Research Question 4).
Discussion and interpretation of these analyses is predicated on a thorough description of
the findings for each research question. The analyses for the study took into account the
assumptions required for each test including normality, sample size, independence,
linearity, and missing data. Residual statistics (i.e., standardized residuals, deviance

statistics, Cooks Distance, DFBeta, and leverage statistics) of the models were conducted,
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indicating that no cases had undue influence on the models. Unless specifically noted,
these assumptions were not violated, nor were corrections needed to these analyses.
Chapter Five provides a detailed summary and discussion of the results presented in this
chapter.
Description of the Sample

Descriptive statistics in the form of means, standard deviations, frequencies,
minimums, and maximums were calculated for this sample in terms of program dosage of
the Healthy Families Arizona intervention, family income, marital status, maternal age,
maternal ethnicity and education, number of household members, residential zip code,
gestational age, birth weight, gender, and birth defects of the targeted child of the Healthy
Families Arizona intervention. These data were collected by Healthy Families Arizona
staff during the course of provision of the Healthy Families Arizona intervention. The
total number of participants in the Healthy Families Arizona intervention during the 2012
and 2013 fiscal years that were included in the study was (N = 2088). The sample
included families with both maternal and paternal involvement with the Healthy Families
Arizona intervention, however Healthy Families Arizona identifies the mother as the
default primary familial participant. Subsequently, socio-demographic information
presented is limited to only maternal participants. With respect to the descriptive data,
there were minimal missing data obtained from Healthy Families Arizona. The
frequencies of the categorical socio-demographic characteristics of the participants are
summarized in Table 7.1; however, not all socio-demographic data was obtained, and

subsequently is recorded as “unknown.”
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According to the five-digit zip code prefixes collected by the Healthy Families
Arizona intervention, the participants resided in zip codes across the state of Arizona.
Approximately half of the participating families (n = 1053, 50.4%) lived in the Phoenix
Metropolitan area including the cities of Phoenix, Glendale, Mesa, Avondale, Buckeye,
Chandler, Gilbert, Goodyear, Tempe, Scottsdale, EI Mirage, Peoria, Surprise, Apache
Junction, and Maricopa. The second largest group (n = 363, 17.4%) resided in the
Tucson area including the cities of Tucson, Casa Grande, and Coolidge. A smaller group
(n =333, 15.9%) resided in the southern Arizona areas of Benson, Douglas, Eloy, Sierra
Vista, Rio Rico, Somerton, Safford, Tombstone, Thatcher, Yuma, Dateland, Nogales, and
San Luis. The remainder of participants resided in Flagstaff, Kingman, Prescott, Tuba
City, Lake Havasu, Parker, Fort Mohave or Bullhead City (n = 328, 15.7%). The
ethnicity of the participants was predominantly White/Hispanic (n = 1634, 77.8%). The
other participants who provided demographic data belonged to minority ethnic/racial
groups defined as Mixed/Other (n = 160, 7.7%), Native American (n = 150, 7.2%),
African American (n = 121, 5.8%), or Asian American (n = 18, 0.9%). Pertaining to
marital status, over two thirds of the participants (n = 1415, 66.3%) reported that their
marital status was single. The second largest group at approximately one quarter of the
enrolled participants (n = 560, 26.8%) reported that they were married. The remainder (n
= 106, 5.1%) reported that they were either separated, divorced, or widowed. In terms of
education, the participant’s highest level of education ranged from elementary school to
more than high school. The most frequent level of education (n = 1417, 67.9%) was
completion of grades 10 to 12 (high school), followed by grades 7 to 9 (middle school) (n

=274, 13.1%). A small percentage of the sample had education above grades 10 to 12
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(college) (n = 175, 8.4%), as well as completion of grades 1 to 6 (elementary school) (n =
81, 3.4%). Slightly more targeted children of the Healthy Families Arizona intervention
were male (n = 1076, 51. 53%), with the vast majority of the children (n = 2042, 97.8%)
born healthy without any identified birth defects. Descriptive statistics for the socio-
demographic characteristics of the participants measured using continuous variables are
summarized in Table 7.2.

Table 7.1

Sample Socio-Demographic Characteristics (Categorical Variables)

Characteristic Category n Percent
Location Phoenix/Avondale/Buckeye/Goodyear 660 31.6
Scottsdale/Tempe/Mesa/Apache Junction 192 9.5
Chandler/Gilbert/Maricopa 52 25
Glendale/Peoria/El Mirage/Surprise 149 7.1
Casa Grande/Coolidge 45 2.2
Tucson 318 15.2
Safford/Tombstone/Thatcher 60 2.9
Sierra Vista/Douglas/Eloy/Benson 61 29
Nogales/San Luis/Somerton/Rio Rico 123 5.9
Yuma/Dateland 89 4.3
Flagstaff/Prescott/Parker 171 8.2
Lake Havasu City/Kingman 78 3.7
Tuba City/Fort Mohave/Bullhead City 79 3.8
Unknown 11 0.5
Mother’s Ethnicity/Race White/Hispanic 1624 77.8
Native American 150 7.2
African American 121 5.8
Asian American/Mixed/Other 178 8.5
Unknown 15 0.7
Marital Status Single 1416 67.8
Married 560 26.8
Separated 61 29
Divorced/Widowed 45 2.1
Unknown 6 0.3
Mother’s Education Grades 1-6 (Elementary) 81 3.9
Grades 7-9 (Middle School) 274 13.1
Grades 10-12 (High School) 1417 67.9
Above High School 175 8.4
Unknown 141 6.8
Child’s Gender Male 1076 51.53
Female 1011 48.42
Unknown 1 0.00
Birth Defects Yes 20 0.9
No 2042 97.8
Unknown 26 1.2
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The ages of (n = 2081) participating mothers ranged from 12 to 54 years (M =
25.42, Mdn = 25.00). The total family income reported by all the participants varied
greatly from $0 to $94,000.00 per year (M = 12,870.00, Mdn = $10,200.00). According
to the U.S. Census Bureau, the average household income of Arizona families was
$48,510.00 in 2013 (U.S. Census Bureau, 2014). Consequently, on average, the families
who participated in this study reported that they had a relatively low socio-economic
status. Participating family sizes varied, ranging from 2 to 15 individuals (M = 4.75, SD
= 1.96). The gestational age of the child targeted by the Healthy Families Arizona
intervention (n = 2062) ranged from 23 to 42 months (M = 38.30, Mdn = 39.00), with
birth weights (n = 2073) ranging from 2 to 13 pounds (M = 6.54, Mdn = 7.0). The
program dosage defined as the number of home-visits received by the family (n = 1162)
during the 12-month follow-up period, ranged from 1-27 home-visits (M = 16.12, Mdn =
17.00).
Table 7.2

Sample Socio-Demographic Characteristics (Continuous Variables)

Characteristic N M Mdn SD Min Max
Mother’s Age (Years) 2081 25.42 25.00 6.21 12.00 54.00
Total Family Income 2075 12870.24 10200.00 13808.14  0.00 94000.00

Household Membership 2077 4.75 4.00 1.96 2.00 15.00
Child’s Birth Weight 2060 6.54 7.00 1.35 2.00 13.00
Child’s Gestational Age 2059 38.30 39.00 2.43 23.00 42.00
Program Dosage 1162 16.12 17.00 4.66 1.00 27.00

The wide ranges of socio-demographic characteristics summarized in Tables 7.1
and 7.2 revealed that the sample reflected a heterogeneous cross section of the population

enrolled in the Healthy Families Arizona intervention. Although the Healthy Families
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Arizona intervention targets homogenous families at risk for maltreatment, the question
arises as to whether associations existed between the socio-demographic characteristics
of the participants and whether or not the family had received an investigation of
maltreatment with the Arizona Department of Child Safety within twelve months of
program enroliment.

Table 7.3 presents the results of Pearson’s Chi-Square (y?) tests for independence,
indicating that whether the participants had received an investigation of maltreatment
with the Arizona Department of Child Safety (n = 272, 13.0%) or did not receive an
investigation of maltreatment (n = 1816, 86.9%), was significantly different dependent on
the marital status of the participant (x? (5) = 26.07 p <.001, Cramer’s V = .11), as well as
the ethnicity/race of the participating mother (x? (4) = 11.08 p = .02, Cramer’s V = .08).
Table 7.3
Pearson’s Chi-Square (y°) tests for Categorical Socio-Demographic Characteristics and

Maltreatment

Characteristic Pearson’s y* df p Cramer’s V
Location 26.77 23 .266 A1
Mother’s Ethnicity/Race 11.08 4 .019* .08
Marital Status 26.07 5 .000*** 11
Mother’s Education 3.32 3 .345 .04
Child Gender 1.77 1 193 .03
Child Birth Defects 0.08 1 784 .01

*p < .05, *** p < .001
Table 7.4 presents the results of independent samples t-tests (t), indicating
significant differences (p <.05) between participating families who received a report of
maltreatment and those that did not with respect to their continuous level socio-
demographic characteristics. The analysis revealed that the mean values between the two

groups were significantly different with respect to the family’s total income (t (2073) =
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2.33, p =.02; Cohen’s d =.16); the birth weight of the targeted child of the Healthy
Families Arizona intervention (t (2058) = 2.68, p = .007; Cohen’s d = .17); and the
gestational age of the targeted child of the Healthy Families Arizona intervention (t
(2005), = 2.58, p = .01; Cohen’s d = .11). Effect sizes were evaluated using Cohen’s d
standards for minimum effect sizes: small (d = .2); medium (d = .5); and large (d = .8)
(Cohen, 1969). The Cohen’s d values for the analyses were less than .2 for all continuous
socio-demographic variables.

Table 7.4

t-tests between Continuous Socio-Demographic Characteristics and Maltreatment

Characteristic  Maltreatment n M (SD) Mdn t p Cohen’sd
Family No Maltreatment 1803 12913 (13304) 10800.00 533 021* 16
Income Maltreatment 272  10937.07 (11906)  8388.00 ' ' '

Mother’s  No Maltreatment 1811 25.41 (6.23) 25.00 0.14 891 o1
Age Maltreatment 270 25.47 (6.14) 25.00 ' ' '
Blrth No Maltreatment 1794 6.56 (1.34) 7.00 268 007 17

Weight Maltreatment 266 6.33 (1.33) 6.00
Gestational No Maltreatment 1747 38.61(1.73) 39.00
*
Age Maltreatment 260 38.41(1.96) 3900 298 010 11

Household  No Maltreatment 1807 4.75 (1.95) 4.00

Size Maltreatment 270 4.73 (1.96) 400 028 82l 01

Program No Maltreatment 1593 24.81 (12.32) 28.00 0.56 582 04

Dosage Maltreatment 241 24.34 (12.52) 27.00 ‘ ' '

*p<.05 **p<.01

The significant associations between the socio-demographic characteristics of the
participants and whether or not they received an investigation of maltreatment with the
Arizona Department of Child Safety implies that the items contained in the Healthy
Families Parenting Inventory described in the following sections were not the only
factors associated with the participants receiving an investigation of maltreatment with

the Arizona Department of Child Safety. The relationships between the Healthy Families
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Parenting Inventory scores and receiving an investigation of maltreatment was not a
simple bivariate relationship, but was confounded by multiple socio-demographic factors.
Subsequently, many of these sample characteristics are used as control variables in the
regression models.
Descriptive Analysis of Healthy Families Parenting Inventory

Table 8.1 lists the estimates of Cronbach’s alpha for the total Healthy Families
Parenting Inventory scores and the nine Healthy Families Parenting Inventory sub-scale
domain scores as well as a description of the internal consistency and reliability of the
Healthy Families Parenting Inventory total composite score and the Healthy Families
Parenting Inventory subscale domains. The internal consistency reliability was good for
the total Healthy Families Parenting Inventory Score (Cronbach’s alpha = .94), as well as
for the nine subscale domains of the Healthy Families Parenting Inventory (Cronbach’s
alpha = .74 to .83). These results confirm the previously established reliability of the
Healthy Families Parenting Inventory (Krysik & LeCroy, 2012), and justify the addition
of selected item scores in the subsequent statistical analyses. Because the sample size
was high (N = 2088), the central limit theorem was applicable. Thus, parametric

statistical methods assuming normality were justifiable.
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Table 8.1

Internal Consistency and Reliability of the HFPI

Subscale Domains Instrument Items Cronbach’s alpha !
Social Support 1,2,34,5 .82
Problem Solving 6,7,8,9 10,11 81
Depression 12, 13, 14, 15, 16, 17, 18, 19, 20 .81
Personal Care 21,22, 23, 24, 25 a7
Mobilizing Resources 26, 27, 28, 29, 30, 31 .80
Role Satisfaction 32, 33, 34, 35, 36, 37 74
Parent/Child Interaction 38, 39, 40, 41, 42, 43, 44, 45, 46, 47 .79
Home Environment 48, 49, 50, 51, 52, 53, 54, 55, 56, 57 .79
Parenting Efficacy 58, 59, 60, 61, 62, 63 .83
Total HFPI Score Items 1-63 .94

1 Note: Chronbach Alpha Scores of .7 and above are considered within acceptable range

Table 8.2 presents the descriptive statistics for the Healthy Families Parenting
Inventory including the total composite score, the nine subscale domains, and the 63
individual items. The higher the Healthy Families Parenting Inventory scores on
individual items, subscale domains and the composite score, the more favorable the
participating family’s conditions, reflecting strong parenting skills and behaviors that
may be associated with a low level of potential for child abuse and neglect. The ranges in
the scores for the Healthy Families Parenting Inventory total composite score as well as
each subscale domain were high, but normality was indicated by the closeness of the
mean (M) and median (Mdn) scores, reflecting the central tendencies of the f
distributions. This finding however is expected and consistent with existing literature
due to the strengths based nature of the inventory. Healthy Families Parenting Inventory
subscale scores below the cutting scores indicated unfavorable family conditions,
reflecting weak parenting skills and behaviors that may increase a family’s risk for the

occurrence of child abuse and neglect.
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Table 8.2

Descriptive Statistics for Healthy Families Parenting Inventory Items

Variables Scale? Mean S.E. Range
Domain 1: Social Support 21.41 0.08 5-25
| feel supported by others (0-5) Likert Scale 4.36 0.02 1-5
| feel that others care about me (0-5) Likert Scale 4.42 0.02 1-5
I discuss my feelings with someone (0-5) Likert Scale 3.86 0.03 1-5
If I have trouble, I feel there is always someone | can turn to for help (0-5) Likert Scale 4.33 0.02 1-5
I have family or friends who | can turn for help (0-5) Likert Scale 4.43 0.02 1-5
Domain 2: Problem-Solving 23.67 0.09 6-30
I learn new ways of doing things from solving problems (0-5) Likert Scale 4.25 0.02 1-5
I deal with setbacks without getting discouraged (0-5) Likert Scale 3.70 0.02 1-5
When | have a problem, | take steps to solve it (0-5) Likert Scale 4.23 0.02 1-5
When | am faced with a problem, I can think of several solutions (0-5) Likert Scale 4.09 0.02 1-5
| am good at dealing with unexpected problems (0-5) Likert Scale 3.73 0.02 1-5
I remain calm when new problems come up (0-5) Likert Scale 3.69 0.02 1-5
Domain 3: Depression 39.09 0.12 9-45
| feel sad* (0-5) Likert Scale 4.07 0.02 1-5
| feel positive about myself (0-5) Likert Scale 411 0.21 1-5
The future looks positive for me (0-5) Likert Scale 4.30 0.02 1-5
| feel unhappy about everything* (0-5) Likert Scale 4.53 0.02 1-5
| feel hopeless about the future* (0-5) Likert Scale 4.66 0.02 1-5
There isn’t much happiness in my life* (0-5) Likert Scale 4.54 0.02 1-5
I have so many problems | feel overwhelmed by them* (0-5) Likert Scale 4.08 0.02 1-5
It is hard for me to get in a good mood* (0-5) Likert Scale 4.42 0.02 1-5
My life is fulfilling and meaningful* (0-5) Likert Scale 4.38 0.02 1-5

1= (1= Rarely or Never, 2 = A Little of the Time, 3 = Some of the Time; 4 = Good Part of the Time, 5 = Always or Most of the Time)

* = Reverse Coded (5 = Rarely or Never, 4 = A little of the Time, 3 = Some of the Time, 2= Good Part of the Time, 1 = Rarely or Never)
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Table 8.2

Descriptive Statistics of the Healthy Families Parenting Inventory

Variables Scale! Mean S.E. Range
Domain 4: Personal Care 19.12 0.08 5-25
| find ways to care for myself (0-5) Likert Scale 4.27 0.02 1-5
| take care of my appearance (0-5) Likert Scale 411 0.02 1-5
| get enough sleep (0-5) Likert Scale 3.24 0.03 1-5
| am a better parent because | take care of myself (0-5) Likert Scale 4.27 0.02 1-5
| take time for myself (0-5) Likert Scale 3.25 0.03 1-5
Domain 5: Mobilizing Resources 23.38 0.11 6-30
| know where to find resources for my family (0-5) Likert Scale 3.94 0.03 1-5
I know where to find important medical information (0-5) Likert Scale 4.28 0.02 1-5
I can get help from the community if | need it (0-5) Likert Scale 3.86 0.03 1-5
I am comfortable in finding the help | need (0-5) Likert Scale 4.15 0.02 1-5
I know community agencies | can go to for help (0-5) Likert Scale 3.68 0.03 1-5
It is hard for me to ask for help from others (0-5) Likert Scale 3.48 0.03 1-5
Domain 6: Role Satisfaction 25.81 0.09 6-30
Because I’'m a parent, I’ve had to give up much of my life* (0-5) Likert Scale 3.69 0.03 1-5
| feel trapped by all the things | have to do for my child* (0-5) Likert Scale 4.53 0.02 1-5
| feel drained dealing with my child* (0-5) Likert Scale 4.33 0.02 1-5
There are times my child gets on my nerves* (0-5) Likert Scale 4.38 0.02 1-5
| feel controlled by all the things | have to do as a parent* (0-5) Likert Scale 4.16 0.03 1-5
| feel frustrated because my whole life seems to revolve around my child*  (0-5) Likert Scale 4.73 0.02 1-5

! = (1= Rarely or Never, 2 = A Little of the Time, 3 = Some of the Time; 4 = Good Part of the Time, 5 = Always or Most of the Time)

* = Reverse Coded (5 = Rarely or Never, 4 = A little of the Time, 3 = Some of the Time, 2= Good Part of the Time, 1 = Rarely or Never)



Table 8.2

Descriptive Statistics of the Healthy Families Parenting Inventory

141

Variables Scale Mean S.E. Range
Domain 7: Parent/Child Interaction 44.68 0.12 10-50
I have a hard time managing my child* (0-5) Likert Scale? 4.56 0.02 1-5
I can be patient with my child (0-5) Likert Scale! 4.50 0.02 1-5
I respond quickly to my child’s needs (0-5) Likert Scale! 4.70 0.01 1-5
| do activities that help my child grow and develop (0-5) Likert Scale? 4.41 0.02 1-5
When my child is upset, I’'m not sure what to do* (0-5) Likert Scale! 4.08 0.02 1-5
I use positive words to encourage my child (0-5) Likert Scale? 4.68 0.02 1-5
I can tell what my child wants (0-5) Likert Scale? 4.29 0.02 1-5
I am able to increase my child’s good behavior (0-5) Likert Scale! 4.31 0.02 1-5
I can remain calm when my child is upset (0-5) Likert Scale! 4.40 0.02 1-5
| praise my child every day (0-5) Likert Scale? 4,74 0.01 1-5
Domain 8: Home Environment 40.61 0.14 10-50
My child has favorite things to comfort him/her (0-5) Likert Scale! 4.48 0.02 1-5
I read to my child (0-5) Likert Scale! 3.40 0.03 1-5
I plan and do a variety of activities with my child everyday (0-5) Likert Scale? 3.89 0.03 1-5
I have made my home exciting and fun for my child (0-5) Likert Scale! 411 0.02 1-5
I have organized my home for raising a child (0-5) Likert Scale! 4.24 0.02 1-5
I check my home for safety (0-5) Likert Scale? 4.49 0.02 1-5
My child has a schedule for eating and sleeping in my home (0-5) Likert Scale? 4.02 0.03 1-5
I set limits for my child consistently (0-5) Likert Scale! 3.69 0.03 1-5
I make plans for our family to do things together (0-5) Likert Scale? 4.15 0.02 1-5
I set rules for behavior in my home (0-5) Likert Scale! 4.13 0.03 1-5
Domain 9: Parenting Efficacy 25.94 0.08 6-30
I feel I’'m doing an excellent job as a parent (0-5) Likert Scale? 4.34 0.02 1-5
I am proud of myself as a parent (0-5) Likert Scale! 4.49 0.02 1-5
I am more effective than most parents (0-5) Likert Scale? 3.98 0.02 1-5
I have set goals about how | want to raise my child (0-5) Likert Scale? 4,54 0.02 1-5
I am a good example to other parents (0-5) Likert Scale! 4.09 0.02 1-5
I learn new parenting skills and use them with my child (0-5) Likert Scale! 4.50 0.02 1-5

Total Healthy Families Parenting Inventory Composite Score 263.78 0.62 63-315

! = (1= Rarely or Never, 2 = A Little of the Time, 3 = Some of the Time; 4 = Good Part of the Time, 5 = Always or Most of the Time)
* = Reverse Coded (5 = Rarely or Never, 4 = A little of the Time, 3 = Some of the Time, 2= Good Part of the Time, 1 = Rarely or Never)



Table 8.3 presents the cumulative proportions of individual participants who
scored below the previously established Healthy Families Parenting Inventory cutting
scores for each of the nine subscale domains. The subscale domain with the highest
cumulative proportion of participants scoring below the cutting score was parenting
efficacy (17.9%); followed by parent/child interaction (17.8%); mobilizing resources
(17.6%); depression (16.3%); and social support (15.7%). The subscale domains with the
smallest cumulative proportions of participants scoring below the cutting scores included
the subscale domains of home environment (15.6%); problem solving (14.9%); role
satisfaction (14.1%); and personal care (12.0%). These findings suggest that the study
population is consistent with the previous validation study sample that found most cutting
scores will identify approximately 20% of the population (Krysik & LeCroy, 2012). The
implications are that the sample used in this study was approximately representative of
the Arizona sample used in the initial validation in terms of unfavorable family
conditions, reflecting weak parenting skills and behaviors that may increase child abuse

and neglect.
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Table 8.3

Cumulative Proportions of Participants Less than or Equal to HFPI Classification

Scores
HFPI Subscale Cutting Score! Cumulative Percent (%)
Social Support <17 328 (15.7)
Problem Solving <19 311 (14.9)
Depression <33 340 (16.3)
Personal Care <16 251 (12.0)
Mobilizing Resources <18 368 (17.6)
Role Satisfaction <21 294 (14.1)
Parent/Child Interaction <40 371 (17.8)
Home Environment <33 326 (15.6)
Parenting Efficacy <22 374 (17.9)

LHFPI subscale scores less than or equal to the cutting scores indicate unfavorable family conditions, reflecting weak
parenting skills

Table 9.1 presents the frequencies of the participants who scored below the cutting
score on the four red flag items on the depression subscale domain. Low cutting scores
for these items indicated that participants were at risk in the particular subscale area, and
in need of immediate intervention. The red flag indicators were identified in the
depression subscale domain as reversed scores of either 1 = “Always or most of the
time”, or 2 = “Good part of the time”. The most frequent red flag indicator (obtained by
summing the numbers of participants who scored 1 or 2) was “I feel hopeless about the
future” (n = 249, 11.9%); followed by “I feel sad” (n = 169, 8.0%); “I have so many
problems | feel overwhelmed by them” (n =167, 7.8%); and “| feel unhappy about

everything” (n = 99, 4.8%).
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Table 9.1

Red Flag Indicators in the Depression Subscale Representing Risk Factors *

Score =2 Score=1 _
Item (Reversed from 4)  (Reversed from 5) Score=1&2
n Percent n Percent n Percent

12. 1 feel sad” 124 5.9 45 2.2 169 8.0
18. “T have so many problems |

feel overwhelmed by them” 109 52 58 28 167 78
15. "1 feel unhappy about 68 33 31 15 99 48

everything
26. “I feel hopeless about the 165 7.9 84 4.0 249 11.9

future”

! Red Flag indicators include individual item values of 1 or 2 after reverse coding

Table 9.2 presents the frequencies of the participants who scored below the
cutting scores on the four red flag items on the role satisfaction subscale. Low reverse
scores for these red flag items identified participants who were at risk, and in need of
immediate intervention. These red flag indicators were identified as reversed scores of
either 1 = “Always or most of the time”, or 2 = “Good part of the time”. The most
frequent red flag indicator items in the role satisfaction subscale were “I feel drained
dealing with my child” (n = 119, 5.7%); followed by “I feel trapped by all the things |
have to do for my child” (n = 93, 4.4%); and “I feel frustrated because my whole life
seems to revolve around my child” (n = 39, 1.9%).

Table 9.2

Red Flag Indicators in the Role Satisfaction Subscale Representing Risk Factors *

Score =2 Score=1
Item (Reversed from 4) (Reversed from 5) Score=1&2
n Percent n Percent n Percent
34.“1 feel drained dealing with my 87 4.2 32 15 119 5.7
child”
33.“T feel trapped by all things |
have 60 29 33 1.6 93 44

to do for my child”

37.1 feel frustrated because my
whole life seems to revolve 18 0.9 21 1.0 39 1.9
around my child”

! Red Flag indicators include individual item values of 1 or 2 after reverse coding
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Table 9.3 presents the frequencies of the vast majority of the participants who had
individual strength indicator scores above cutting values based on the ten items that
represented areas of strength in the social support, problem solving, depression, parent
and child interaction, home environment, and parenting efficacy subscale domains.
Specifically, the strength indicator items identified protective capacities within multiple
domains of family functioning and parenting that potentially could serve to buffer the
impact of red flag indicator items. The Healthy Families Parenting Inventory strength
indicator items included scores of either 4 = “Good part of the time” or 5 = “Always or
most of the time” on 10 items across 6 subscale domains, indicating a particular area of
strength for the family. The most frequent strength indicator items (identified by 80% of
the sample population or higher scoring above the cutting score) were individual items in
the parenting efficacy, social support, problem solving, and parent/child interaction
subscale domains. Specifically, the individual items most commonly identified were “I
learn new parenting skills and use them with my child” (n = 1878, 89.94%); “I am proud
of myself as a parent” (n = 1830, 87.64%); “I can remain calm when my child is upset” (n
= 1806, 86.49%); “I feel others care about me” (n = 1774, 84.96%); “If I have trouble, I
feel there is always someone I can turn to for help” (n= 1772, 82.47%); and “When |
have a problem, | take steps to solve it” (h = 1701, 81.47%). The least frequent
individual “strength indicator” items (identified as below 80% of the sample population
scoring above the cutting score) included items in the problem solving, home
environment, and depression subscale domains. Specifically, the least common items
identified by the sample population were “I have organized my home for raising my

child” (n = 1666, 79.78%); “I feel positive about myself” (n = 1591, 76.19%); “I plan to
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do a variety of activities with my child every day” (n = 1387, 66.42%); and “I remain
calm when new problems come up” (n = 1252, 59.96%).
Table 9.3

Strength Indicator Items Representing Protective Factors *

Item Score =4 Score=5 Score=4 &5

n Percent n Percent n Percent

Social Support Subscale
2. “I feel others care about me” 439 21.0 1335 63.9 1774  84.96
4. “If I have trouble, | feel there is always

someone I can turn to for help”

Problem Solving/Coping Subscale
8. “When I have a problem, | take steps to

497 23.8 1225 58.7 1772 8247

- 755 36.2 946 45.3 1701  81.47
solve it
11.41 remam”calm when new problems 737 353 515 047 1252 59.96
come up
Depression Subscale
13. “I feel positive about myself” 696 33.3 895 42.9 1591 76.19

Parent/Child Interaction Scale
46. “I can remain calm when my child is
upset”
Home Environment Subscale
50. “I plan to do a variety of activities
with my child every day”
52. “I have organized my home for raising
a child”
Parenting Efficacy Subscale
59. “I am proud of myself as a parent” 504 24.1 1326 63.5 1830 87.64

63. “1 learn'new pareptlgg skills and use 559 26.3 1319 63.2 1878  89.94
them with my child

638 30.6 1168 55.9 1806  86.49

549 26.3 838 40.1 1387 66.42

589 28.2 1077 51.6 1666  79.78

1 Protective Factor items include individual item values of 4 or 5

Research Question 1:

The primary research question for this dissertation is concerned with the overall
predictive validity of the Healthy Families Parenting Inventory. It is hypothesized that
the Healthy Families Parenting Inventory scores predict the occurrence of maltreatment
investigation with the Arizona Department of Child Safety utilizing both a total inventory
composite score, and by grouping families into two distinct groups based on
maltreatment investigation rates (e.g., not at-risk, at-risk). To test this hypothesis, the

predictive validity of the Healthy Families Parenting Inventory was examined through
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several analytic techniques grouped into two broad categories 1) analyses of the Healthy
Families Parenting Inventory total composite score and 2) analyses of the Healthy
Families Parenting Inventory risk levels
Analyses of Healthy Families Parenting Inventory Total Scores

The next set of analyses focused on the relationships between the occurrence of
maltreatment and the total composite score generated by the completion of the Healthy
Families Parenting Inventory. Similar to the analyses reported above on the established
risk classifications, these sets of analyses are intended to address the Healthy Families
Parenting Inventory’s predictive validity from the instrument’s total composite score.
The hypothesis for this section of the results proposes that a family’s total composite
score on the Healthy Families Parenting Inventory will be lower overall for families who
experienced a maltreatment investigation with the Arizona Department of Child Safety
than for families who did not. Additionally, it is hypothesized that a family’s total
composite score on the Healthy Families Parenting Inventory has a significantly
predictive relationship with the occurrence of a maltreatment investigation with the
Arizona Department of Child Safety. Table 10.1 presents the percentiles of the Healthy
Families Parenting Inventory total scores corresponding to the occurrence of a
maltreatment investigation with the Arizona Department of Child Safety and the absence
of an investigation of maltreatment. Consistent with the hypothesis, the Healthy Families
Parenting Inventory total composite scores of the sample were greater for the families
who did not experience a maltreatment investigation (Mdn = 268.00) than for the families
who experienced a maltreatment investigation (Mdn = 263.00). Therefore, families who

did not receive an investigation of maltreatment with the Arizona Department of Child
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Safety tended to consistently have higher Healthy Families Parenting Inventory total
composite scores than families who received a maltreatment investigation.
Table 10.1

Percentiles of the HFPI Total Score versus Maltreatment Investigation

Percentiles
5th 10th 2 5th 50th 7 5th goth 9 5th
No Maltreatment Investigation 214 224 246 268 286 298 305
Maltreatment Investigation 203 214 235 263 283 297 301

Table 10.2 presents a t-test (t) of significance for independent samples that
examined the differences in average Healthy Families Parenting Inventory total
composite scores for families that received a maltreatment investigation with the Arizona
Department of Child Safety versus families that did not. Based on the analysis, the
average Healthy Families Parenting Inventory total composite scores for families that did
not receive a maltreatment investigation were significantly higher (M = 264.49 SD =
27.81) than the average Healthy Families Parenting Inventory total composite scores for
families that received a maltreatment investigation (M = 258.97, SD = 30.72). A
statistically significant difference between groups on a family’s total average Healthy
Families Parenting Inventory total composite score was revealed by the analysis (M =
5.53; 95% CI [1.97, 1.65], t (340.82) = 2.80, p = .005). Taken together, these results
supported the hypothesis that the families with higher Healthy Families Parenting
Inventory total composite scores would be less likely to receive a maltreatment
investigation than those families with lower scores. The effect size for this analysis based

on Cohen’s d was (d = .19).
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Table 10.2
t-tests for Independent Samples Regarding HFPI Total Scores and Maltreatment

Investigation

N Mean (SD) t p Confidence Intervals Cohen’s d
Maltreatment
No 1816 264.49 (27.81) o
Yes 272 258.97 (30.72) 2.80 .005 1.97 1.65 19
**p < 01

The next part of this analysis included a point-biserial correlation (rpp) to measure
the strength of the relationship between the continuous total composite score and
maltreatment. The point-biserial correlation (rpb) revealed that the family’s total
composite score on the Healthy Families Parenting Inventory was significantly associated
with the occurrence of a maltreatment investigation with the Arizona Department of
Child Safety (rp» (2088) =-.066, p = .003). The final analysis included estimating a
logistic regression model to predict the occurrence of a maltreatment investigation with
the Arizona Department of Child Safety controlling for covariates (e.g., total family
income, maternal ethnicity, marital status, birth weight and gestational age of the targeted
child of the Healthy Families Arizona intervention) from a family’s total composite score
on the Healthy Families Parenting Inventory. The logistic regression model was
statistically significant (x? (6) = 38.09, p = .001), indicating that 3.6% of the variation in
the occurrence of a maltreatment investigation was explained by the model (Nagelkerke
R?). The adjusted odds ratios for the Healthy Families Parenting Inventory total
composite score predicting the occurrence of an investigation of maltreatment with the
Arizona Department of Child Safety are presented in Table 10.3. Three variables in the

analysis were statistically significant at (p <.05), specifically the family’s total composite
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score on the Healthy Families Parenting Inventory (B = -.01, Wald * = 8.29; p = .004),
the family’s total income as defined as (low/high) at the sample median split ( = -.28,
Wald y? = 3.94; p = .047), and the family’s marital status (not married/married) (8 = -.63,
Wald x%=11.96; p =.001). The adjusted odds ratios (AOR) indicated that the likelihood
of the occurrence of receiving a maltreatment investigation with the Arizona Department
of Child Safety relative to the occurrence of not receiving a maltreatment investigation
(a) decreased by 1.0% (AOR =0.99, 95% CI = 0.98, 0.99) when a family’s total
composite score on the Healthy Families Parenting Inventory increased by one unit, (b)
decreased by 24.0% (AOR = 0.76, 95% CI = 0.57, 0.99) when a family’s income changed
from low to high, and (c) decreased by 47.0% (AOR =0.53, 95% CI = 0.57, 0.99) when a
family’s marital status changed from not married to married.

Table 10.3

Binary Logistic Regression to Predict the Odds of Maltreatment Using HFPI Total

Composite Scores

Variable B Waldy®> df P OR 95% CI

Total Family Income 2 -.28 3.94 1 .047* 0.76 057 0.97
Maternal Ethnicity ° -12 0.51 1 476 089 065 1.22
Marital Status ° -63  11.96 1 .001** 053 037 0.76
Birth Weight -.07 1.09 1 .296 093 0.82 1.06
Gestational Age -.07 2.17 1 141 094 086 1.02
HFPI Total Score -.01 8.29 1 .004** 099 099 0.99

Reference Category: a = low income (below median split), b = White/Hispanic, ¢ = not married
*p < .05, **p<.01

The conclusion based on these results is that the hypothesis that families with a
lower Healthy Families Parenting Inventory total composite score were more likely to
experience a maltreatment investigation with the Arizona Department of Child Safety

was supported. An independent samples t-test (t) revealed that families who experienced

163



an investigation of maltreatment with the Arizona Department of Child Safety had
significantly lower scores than families who did not experience an investigation of
maltreatment. The effect size for this analysis based on Cohen’s d was (d =.16). In
further analysis, the hypothesis that a family’s total composite score on the Healthy
Families Parenting Inventory has a significantly predictive relationship with the
occurrence of a maltreatment investigation with the Arizona Department of Child Safety
was supported. When controlling for covariates, the binary logistic regression analysis
revealed that the overall Healthy Families Parenting Inventory total composite score
produced by the Healthy Families Parenting Inventory instrument was significantly
predictive of the occurrence of a maltreatment investigation. Specifically, the findings
showed that a family’s risk for a maltreatment investigation decreased as their total
composite score on the Healthy Families Parenting Inventory increased. Research
Question 2 examines the predictive validity of individual subscale domains of the
Healthy Families Parenting Inventory in further detail.

Analyses of the HFPI Risk Levels

The general hypothesis for this section of the results proposes that families above
the identified cut-point classification receive investigations of maltreatment with the
Arizona Department of Child Safety at a lower rate than families scoring below the cut-
point. Further, it is hypothesized that these groups are significantly different based on
rates of maltreatment investigations. Using a Receiver Operating Characteristic (ROC)
curve, sensitivity values, specificity values, positive predictive values, and negative
predictive values of the total Healthy Families Parenting Inventory total composite score

were used to identify an optimal cut-point for purposes of classification (See Figure 3.1).
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Sensitivity is the probability that a test will be positive when the condition (i.e.

maltreatment investigation) is present (true positive rate) (ﬁ). Specificity is the
probability that a test result will be negative when the condition is not present (true
negative rate) (ﬁ). However, because this information is not known when the

instrument is completed at baseline, it is necessary to understand the predictive value of

the test for each individual family. Two types of probability were used to describe the

predictive value of an instrument test: the positive predictive value (PPV) (ﬁ) and the

negative predictive value (NPV) (ﬁ).

The ROC curve reflected that sensitivity increased approximately linearly with
respect to 1-specificity. The curve was not obviously asymptotic (i.e., there was no
flattening of the ROC curve at the higher values of 1-specificity, with no clear inflexion
point reflecting a difference between the at-risk cases that experienced a maltreatment
investigation with the Arizona Department of Child Safety, and cases not at-risk with no
occurrence of a maltreatment investigation). The coordinates of the ROC curve (AUC =
.46) indicated that the Healthy Families Parenting Inventory total cut-point equal to or
greater than 188.00 was equivalent to assuming that every family experienced a
maltreatment investigation with the Arizona Department of Child Safety, whilst a
Healthy Families Parenting Inventory total score equal to 316.00 was equivalent to

assuming that no family experienced a maltreatment investigation.
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Figure 3.1

ROC Curve of Healthy Families Parenting Inventory Total Composite Score
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Because the ROC curve was linear, and not asymptotic, a cut-point classification
could not be identified from the curve. Subsequently, sensitivity values, specificity
values, positive predictive values, and negative predictive values were calculated at the
25" 50" and 75 percentiles of the total Healthy Families Parenting Inventory total score
to aide in the determination of an optimal cut-point. The analysis revealed that at the 25"
percentile (cut-point of 245) the sensitivity value was .16, and the specificity was .88.
The positive predictive value of this test at the 25" percentile was 31.25%, and the
negative predictive value of the test was 76.21%. The overall accuracy of the test was
70.35%. At the 50™ percentile, or median (cut-point of 267), the sensitivity value was
.14, and specificity was .88. The positive predictive value of this test was 54.41%, and
the negative predictive value was 50.17%. The overall accuracy of the test was 50.72%.
At the 75" percentile (cut-point of 286), the sensitivity value was .14, and the specificity
was .89. The positive predictive value of this test was 78.31%, and the negative

predictive value was 26.05%. The overall accuracy was 32.85%.
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When testing is being performed for a condition where the consequences for
missing the condition are severe, such as in child maltreatment detection, it is important
to maximize the sensitivity of the instrument, sacrificing specificity if necessary to ensure
that maltreated children do not go undetected. Subsequently, sensitivity was prioritized
over specificity in identification of a cut-point, with the selection of the 25" percentile
(245) as the cut-point to differentiate between families at-risk and not at-risk for
receiving an investigation of maltreatment with the Arizona Department of Child Safety.
This cut-point value maximized sensitivity and overall accuracy of classifying families
by rates of true positive and true negatives (70.35%). The sensitivity and specificity
values for the 25", 50", and 75" percentiles are summarized in Table 11.1
Table 11.1

Sensitivity and Specificity Values of the Healthy Families Parenting Inventory Cut-Point

Values
25t Percentile 50% Percentile (Median) 75% Percentile
Value 95% ClI Value 95% ClI Value 95% ClI
Sensitivity 16.44% 13.35-19.92 14.06% 12.01-16.30 13.69% 12.02-15.50
Specificity 88.10% 86.29-89.66 88.02%  85.88-89.94 88.91%  85.93-91.45

Positive Likelihood Ratio 1.38 1.09-1.75 1.17 0.94-1.47 1.23 0.94-1.62
Negative Likelihood Ratio  0.95 0.91-0.99 0.98 0.94-1.01 0.97 0.94-1.01

Maltreatment Prevalence 54 7605 22.92-26.67 50.43% 48.26-52.60 13.03%  72.59-76.38
Positive Predictive Value 31.25% 26.41-36.54 54.41% 48.86-59.86 13.69% 73.36-82.56
Negative Predictive Value 76.21% 75.44-76.97 50.17% 49.34-50.99 88.91%  25.36-26.74

Accuracy 70.35% 68.34-72.31% 50.72% 48.55-52.88% 32.85% 30.84-34.92%

Based on the sample of (n = 2088) participants assessed using the Healthy
Families Parenting Inventory, families were categorized into two risk classifications: at

risk n =517 (24.8% of the sample); and not at-risk n = 1384 (66.3% of the sample).
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Table 11.2 provides results from the chi-square test of independence (x2) conducted to
compare the maltreatment investigation rates across the two classification levels.
Consistent with the identified hypothesis, families within the at-risk categories received a
report of maltreatment at a greater rate than families categorized as not at-risk.
Specifically, 16.4% of the families classified as at-risk received an investigation of
maltreatment within the one-year follow-up period, followed by 11.9% of the families
classified as not at-risk. The chi-square test of independence (y2) results also indicated
that the established risk classification groups were significantly different (x2 (2) = 7.07, p
=.006, Cramer’s V = .06).

Table 11.2

Maltreatment Rates and Chi-Square Test of Independence

Risk Level Maltreatment Occurrence
n (%)
Not At-Risk (n=1384) 187 (11.90)
At-Risk (n = 517) 85 (16.44)
v2(2) =7.07*

**p < 05

The final part of this analysis involved estimating a logistic regression model to
predict the occurrence of a maltreatment investigation with the Arizona Department of
Child Safety controlling for covariates (e.g., total family income, maternal ethnicity,
marital status, and birth weight and gestational age of the targeted child of the Healthy
Families Arizona intervention) from a family’s risk classification. The adjusted odds
ratios (AOR) for the at-risk category predicting the occurrence of a report of
maltreatment to the Arizona Department of Child Safety is presented in Table 11.3. The
logistic regression model was statistically significant (¥ (7) = 36.81, p < .001), indicating

that 1.8% of the variation in the occurrence of a maltreatment investigation was explained
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by the model (Nagelkerke R?). Two variables in the model were statistically significant
at (p < .05), specifically the at-risk classification (B = .39, Wald 2 (1) = 7.17; p = .007),
and the marital status of participating mothers (not married/married) (B = -.63, Wald y?
(1) =11.83; p =.001). The adjusted odds ratios (AOR) indicated that the likelihood of
the occurrence of a maltreatment investigation with the Arizona Department of Child
Safety relative to no occurrence of a maltreatment investigation (a) increased by 48.0%
when a family’s risk classification changed from not at-risk to at-risk (AOR = 1.48, 95%
Cl=1.11, 1.92), and (b) decreased by 47.0 % (AOR = 0.53, 95% CI = 0.37, 0.76) when
the family’s marital status changed from not married to married.

Table 11.3

Binary Logistic Regression to Predict the Odds of a Maltreatment Investigation Using

HFPI Risk Levels

Variable B Waldy df p AOR 95% ClI

Income ? -.27 3.73 1 .053 0.76 0.58 1.00
Maternal Ethnicity ° -.13 0.63 1 427 0.88 0.64 1.21
Marital Status © -.63 11.83 1 .001** 0.53 0.37 0.76
Birth Weight -.07 1.08 1 .298 0.93 0.82 1.06
Gestational Age -.07 2.21 1 137 0.94 0.86 1.02
Risk Level (At-Risk) ¢ .39 7.17 1 .007** 1.48 1.11 1.98

Reference Category: a = low income (below median split), b = White/Hispanic, ¢ = not married, d = not at risk
*p < .05, **p < .01

The conclusion based on these results is that the hypothesis that relationships
between the two risk classifications and the occurrence of a maltreatment investigation
increased when a family was classified as at-risk compared to not at-risk was supported.
The chi-square test of independence (y2) revealed a statistically significant relationship
between the at-risk classification and the occurrence of an investigation of maltreatment
with the Arizona Department of Child Safety. The effect size for the chi-square test of
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independence (x2) using Cramer’s V was .06. Further, the hypothesis that the empirically
established risk classifications have a statistically predictive relationship with the
occurrence of a maltreatment investigation with the Arizona Department of Child Safety
was supported. When controlling for covariates, the binary logistic regression analysis
revealed that when compared to families classified not at-risk, the at-risk classification
was significantly predictive of the occurrence of a maltreatment investigation.
Specifically, the findings showed that families scoring below the cut-point (classified as
at-risk) were more likely to receive a report of maltreatment with the Arizona Department
of Child Safety than families scoring above the cut-point (classified as not at-risk).
Research Question 2

The secondary question for this dissertation is concerned with the overall
predictive validity of the nine individual subscale domains of the Healthy Families
Parenting Inventory including social support, problem solving, depression, personal care,
mobilizing resources, role satisfaction, parent/child interaction, home environment, and
parenting efficacy. The hypothesis for this section of the results proposes that families
who experienced a maltreatment investigation with the Arizona Department of Child
Safety will have lower scores on each of the nine individual Healthy Families Parenting
Inventory subscale domains than families who did not experience a maltreatment
investigation. Further, it is hypothesized that when examined both individually and
collectively, the nine subscale domains of the Healthy Families Parenting Inventory have
a significantly predictive relationship with the occurrence of a maltreatment investigation

with the Arizona Department of Child Safety.

170



Table 12.1 presents the percentiles of the nine Healthy Families Parenting
Inventory subscale domains corresponding to the occurrence of a maltreatment
investigation with the Arizona Department of Child Safety, and the absence of an
investigation of maltreatment. Consistent with the study hypothesis, six of the nine
Healthy Families Parenting Inventory subscale domains were greater for families who did
not experience a maltreatment investigation with the Arizona Department of Child Safety
than for families who experienced a maltreatment investigation. Specifically, families
who received an investigation of maltreatment with the Arizona Department of Child
Safety consistently had higher Healthy Families Parenting Inventory subscale domain
scores on the social support, problem solving, depression, personal care, role satisfaction,
and parenting efficacy Healthy Families Parenting Inventory subscale domains than

families who did not receive an investigation of maltreatment
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Percentiles of the HFPI Subscales versus Maltreatment Investigation

HFPI Item Outcome Percentiles

5th 10th 25th 50th 75th 90th 95th
HFPI Subscales

Social Subport No Maltreatment Investigation 140 160 200 23.0 250 25.0 25.0
PP Maltreatment Investigation 130 150 190 220 240 250 250
Problem Solvin No Maltreatment Investigation 170 180 21.0 240 270 29.0 30.0
g Maltreatment Investigation 150 173 200 23.0 260 28.0 30.0
Depression No Maltreatment Investigation 280 31.0 36.0 410 440 450 450
P Maltreatment Investigation 26.0 29.0 340 400 43.0 450 450
Personal Care No Maltreatment Investigation 120 140 170 200 220 240 25.0
Maltreatment Investigation 117 130 16.0 190 210 23.0 24.0
Mobilizing Resources No Maltreatment Investigation 140 160 200 240 270 30.0 30.0
g Maltreatment Investigation 13.7 170 21.0 240 280 29.0 30.0
Role Satisfaction No Maltreatment Investigation 180 200 240 270 290 30.0 30.0
Maltreatment Investigation 16,0 190 23.0 26.0 290 30.0 30.0
Parent/Child Interaction No Maltreatment Investigation 36.0 38.0 420 46.0 49.0 500 50.0
Maltreatment Investigation 340 36.0 420 450 48.0 500 50.0
Home Environment No Maltreatment Investigation 29.0 31.0 36.0 410 46.0 49.0 50.0
Maltreatment Investigation 29.0 31.0 350 420 46.0 49.0 50.0
Parenting Efficac No Maltreatment Investigation 190 210 240 270 29.0 300 30.0
g y Maltreatment Investigation 170 190 230 260 29.0 30.0 30.0




The following section presents findings for the independent samples t-tests (t) for
the nine subscales of the Healthy Families Parenting Inventory that examined the
differences in the average Healthy Families Parenting Inventory subscale domain scores
for families that received an investigation of maltreatment with the Arizona Department
of Child Safety versus families that did not. The analyses revealed a statistically
significant difference between families based on the family’s average scores on the social
support, problem solving, depression, personal care, role satisfaction, and parenting
efficacy subscale domains of the Healthy Families Parenting Inventory. Further, point-
biserial correlations (rps) between the six significant continuous subscale domain scores
of the Healthy Families Parenting Inventory and the binary maltreatment investigation
measure revealed that a family’s subscale domain score was significantly associated with
the occurrence of a maltreatment investigation with the Arizona Department of Child
Safety with point-biserial correlation coefficients ranging from (rp, = .023 to .080).
Further analysis of these six subscales included estimating binary logistic regression
models to predict a maltreatment investigation with the Arizona Department of Child
Safety controlling for covariates (e.g., total family income, maternal ethnicity, marital
status, birth weight and gestational age of the targeted child of the Healthy Families
Arizona intervention).

Social Support Subscale Domain

Pertaining to the social support subscale domain, the independent samples t-test
(t) (see Table 13.1) revealed that the average Healthy Families Parenting Inventory social
support subscale domain score was lower for families that received a maltreatment

investigation with the Arizona Department of Child Safety (M = 20.88, SD = 3.97) than

173



for families that did not receive a maltreatment investigation (M = 21.49, SD = 3.76). A
statistically significant difference between groups on the family’s total social support
subscale domain score was revealed by the analysis (M = 0.61, 95% CI =[0.13, 1.09]; t
(2086) = 2.48, p = .013). The effect size for this analysis based on Cohen’s d was (d =
16).

Table 13.1

t-test for Independent Samples Regarding HFPI Social Support Scores and Maltreatment

Investigation

N Mean(SD)  t D Clzrt‘z'r‘flgr;ge Cohen’s d
Maltreatment
No 1816  21.49 (3.76) .
Yes 272 20.88 (3.97) 248 .013 0.13 1.09 .16
*p < .05

In further analysis, the binary logistic regression model examining the capacity of
the social support subscale domain to predict the occurrence of a maltreatment
investigation (see Table 13.2) revealed a significantly predictive relationship between the
individual social support subscale domain and the occurrence of a maltreatment
investigation (y2 (6) = 35.82, p = .001), indicating that 3.4% of the variation in the
occurrence of a maltreatment investigation was explained by the model (Nagelkerke R?).
Three variables were found to be statistically significant at (p < .05); specifically the
social support subscale score (B =-.04, Wald y2 = 6.17, p =.013), the family’s income as
defined (low/high) at the sample median split ( = -.28, Wald y2 = 3.88, p = .049), and
the family’s marital status (not married/married) (B = -.63, Wald 2 = 11.85, p =.001).
The adjusted odds ratios (AOR) indicated that the likelihood of a maltreatment

investigation relative to no occurrence of a maltreatment investigation (a) decreased by
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4.0% (AOR =0.96, 95% 95% CI = 0.93, 0.99) when a family’s score on the social
support subscale domain increased by one point, (b) decreased by 24.0% (AOR = 0.76,
95% CI = 0.58, 0.99) when a family’s income changed from low to high, and (c)
decreased 47% (AOR = 0.53, Cl = 0.37, 0.76) when the family’s marital status changed
from not married to married.

Table 13.2

Binary Logistic Regression to Predict the Odds of Maltreatment Using the Social Support

Subscale Domain

Variable B Waldy?>  df p OR 95% Cl

Total Family Income?® -.28 3.88 1 .049* 0.76 058 0.99
Maternal Ethnicity ® -11 0.51 1 A77 0.89 065 1.22
Marital Status ° -.63 1185 1 .001** 0.53 037 0.76
Birth Weight -.07 1.11 1 293 0.93 0.82 1.06
Gestational Age -.07 2.14 1 143 0.94 086 1.02
Social Support Subscale -.04 6.17 1 .013* 0.96 093 0.99

Reference Category: a = low income (below median split), b = White/Hispanic, ¢ = not married
*p <.05, **p<.01

Problem Solving Subscale Domain

As it relates to the problem solving subscale domain, the independent samples t-
test (t) (see Table 14.1) revealed that the average Healthy Families Parenting Inventory
problem solving subscale domain scores were lower for families that received a
maltreatment investigation with the Arizona Department of Child Safety (M = 22.91, SD
= 4.23) than for families that did not receive a maltreatment investigation (M = 23.81, SD
=3.99). A statistically significant difference between groups on the family’s total
problem solving subscale domain score was revealed by the analysis (M = 0.91, 95% ClI
=10.39, 1.49]; t (2086) = 3.47, p = .001). The effect size for this analysis based on

Cohen’s d was (d = .22).
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Table 14.1
t-test for Independent Samples Regarding HFPI Problem Solving Scores and

Maltreatment Investigation

n Mean (SD) t p Confidence Intervals Cohen’s d
Maltreatment
No 1816  23.81(3.99)
3.47  .001** 0.39 1.42 22
Yes 272 2291 (4.34)
**p<.01

In further analysis, the binary logistic regression analysis examining the capacity
of the problem solving subscale domain to uniquely predict the occurrence of a
maltreatment investigation with the Arizona Department of Child Safety (see Table 14.2)
revealed a significantly predictive relationship between the subscale domain and the
occurrence of a maltreatment investigation (2 (6) = 38.06, p = .001), indicating that 3.6%
of the variation in the occurrence of a maltreatment investigation was explained by the
model. Three variables were found to be statistically significant at (p < .05), specifically
the problem solving subscale score (B = -.05, Wald y? = 8.27, p = .004), the family’s
income as defined (low/high) at the sample median split (B = -.28, Wald y* = 3.84, p =
.05), and the family’s marital status (not married/married) ( =-.61, Wald y* = 11.21,p =
.001). The adjusted odds ratios (AOR) indicated that the likelihood of a maltreatment
investigation of relative to no occurrence of a maltreatment investigation (a) decreased by
5.0% (AOR =0.95, 95% CI = 0.92, 0.99) when the family’s score on the problem solving
subscale increased by one point, (b) decreased by 24.0% (AOR = 0.76, 95% CI = 0.58,
1.00) when a family’s income changed from low to high, and ¢) decreased by 46.0%
(AOR =0.54, 95% CI1 = 0.38, 0.78) when a family’s marital status changed from not

married to married.
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Table 14.2
Binary Logistic Regression to Predict the Odds of Maltreatment Using the Problem

Solving Subscale Domain

Variable B Waldy?>  df p OR 95% CI

Total Family Income @ -.28 3.84 1 .050* 0.76 0.58 1.00
Maternal Ethnicity P -11 0.44 1 .506 0.89 0.66 1.23
Marital Status © -.61 11.21 1 .001** 054 0.38 0.78
Birth Weight -.07 0.93 1 .336 094 0.82 1.07
Gestational Age -.07 2.15 1 142 0.94 0.86 1.02
Problem Solving Subscale  -.05 8.27 1 .004** 095 0.92 0.99

Reference Category: a = low income (below median split), b = White/Hispanic, ¢ = not married
*%*
p<.01

Depression Subscale Domain

As it pertains to the depression subscale domain score, the independent samples t-
test (t) (see Table 15.1) revealed that the average Healthy Families Parenting Inventory
depression subscale domain score was lower for families that received a maltreatment
investigation with the Arizona Department of Child Safety (M = 37.98, SD = 6.05), than
for families that did not receive a maltreatment investigation (M = 39.26, SD = 5.29). A
statistically significant difference between groups on the family’s total depression
subscale domain score was revealed by the analysis (M = 1.29, 95% CI =[0.59, 1.98]; t
(335.92) = 3.32, p =.001). The effect size for this analysis based on Cohen’s d was (d =
23).
Table 15.1
t-test for Independent Samples Regarding HFPI Depression Scores and Maltreatment

Investigation

n Mean (SD) t p Confidence Intervals  Cohen’s d
Maltreatment
No 1816  39.265 (5.291) o
Yes 279 37.978 (6.05) 332 .001 059 1.98 .23

**p < 01
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In further analysis, the binary logistic regression analysis examining the capacity
of the depression subscale domain to uniquely predict the occurrence of a maltreatment
investigation (see Table 15.2) revealed a significantly predictive relationship between the
individual depression subscale domain and the occurrence of a maltreatment investigation
(x%(6) = 40.49, p < .001), indicating that 3.8% of the variation in the occurrence of a
maltreatment investigation was explained by the model (Nagelkerke R?). Two variables
were found to be statistically significant at (p < .05), specifically the depression subscale
domain score (B = -0.04, Wald * = 10.99, p = .001), and the family’s marital status
(married/not married) (B = -.61, Wald y° = 11.16, p = .001). The adjusted odds ratios
indicated that the likelihood of a maltreatment investigation relative to no occurrence of a
maltreatment investigation a) decreased by 4.0% (AOR = 0.96, 95% CI = 0.94, 0.98)
when a family’s score on the depression subscale domain increased by one point, and (b)
decreased 46.0% (AOR = 0.54, Cl = 0.38, 0.78) when the family’s marital status changed
from not married to married.

Table 15.2
Binary Logistic Regression to Predict the Odds of Maltreatment Using the Depression

Subscale Domain

Variable B Wald y*  df p OR 95% CI

Total Family Income? =27 3.55 1 .060 0.77 058 1.01
Maternal Ethnicity ° -12 055 1  .459 0.89 065 1.22
Marital Status © -.61 11.16 1  .001** 054 038 0.78
Birth Weight -.08 1.26 1 .262 093 081 1.06
Gestational Age -.06 1.93 1 165 094 086 1.03
Depression Subscale -.04 1099 1 .001** 096 094 0.98

Reference Category: a = low income (below median split), b = White/Hispanic, ¢ = not married
**
p<.01
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Personal Care Subscale Domain

The independent samples t-test (t) pertaining to the personal care subscale domain
(see Table 16.1) revealed that the average Healthy Families Parenting Inventory personal
care subscale domain score was lower for families that received a maltreatment
investigation with the Arizona Department of Child Safety (M = 18.38, SD = 3.98) than
for families that did not receive a maltreatment investigation (M = 19.26, SD = 3.69). A
statistically significant difference between groups on the family’s total personal care
subscale domain score was revealed by the analysis (M = 0.89, 95% CI =[0.41, 1.36]; t
(2086) = 3.65, p =.001). The effect size for this analysis based on Cohen’s d was (d =
23).
Table 16.1
t-test for Independent Samples Regarding HFPI Personal Care Scores and Maltreatment

Investigation

n Mean (SD) t p  Confidence Intervals Cohen’s d
Maltreatment
No 1816  19.26 (3.69) o
Yes 272 18.375 (3.98) 3.65 .001 0.41 1.36 .23

**p < 01

In further analysis, the logistic regression analysis examining the capacity of the
personal care subscale domain to uniquely predict a maltreatment investigation (see
Table 16.2) revealed a significantly predictive relationship between the individual
personal care subscale domain and the occurrence of a maltreatment investigation (2 (6)
=46.61, p =.001), indicating that 4.4% of the variation in the occurrence of a
maltreatment investigation is explained by the model (Nagelkerke R?). Three variables
were found to be statistically significant at (p <.05), specifically the personal care
subscale domain score (f = -.07, Wald y“ = 16.98, p < .001), the family’s total income as
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defined (low/high) at the sample median split (B = -.29, Wald ? = 4.46, p = .035), and
the marital status of the family (not married/married) (B = -.66, x2 = 12.99, p <.001).
The adjusted odds ratios (AOR) indicated that the likelihood of a maltreatment
investigation relative to no occurrence of a maltreatment investigation a) decreased by
7.0% (AOR =0.93, 95% CI = 0.89, 0.96) when a family’s score on the personal care
domain subscale increased by one point, (b) decreased by 26.0% (AOR=0.74, 95% CIl =
0.89, 0.96) when a family’s income changed from low to high, and (c) decreased by 48.0
% (AOR =0.52, 95% CI = 0.36, 0.74) when a family’s marital status changed from not
married to married.

Table 16.2

Binary Logistic Regression to Predict the Odds of Maltreatment Using the Personal Care

Subscale Domain

Variable B Waldy® df p OR 95% ClI

Total Family Income @ -.29 4.46 1 .035* 0.74 0.56 0.98
Maternal Ethnicity ® -13 0.61 1 435 0.88 0.64 1.21
Marital Status © -.66 12.99 1 .000***  0.51 0.36 0.74
Birth Weight -.08 1.24 1 .266 0.93 0.81 1.06
Gestational Age -.06 1.66 1 .198 0.94 0.86 1.03
Personal Care Subscale -.07 16.98 1 .000***  0.93 0.89 0.96

Reference Category: a = low income (below median split), b = White/Hispanic, ¢ = not married
*p <.05, ***p <.001

Role Satisfaction Subscale Domain

Pertaining to the role satisfaction subscale domain, the independent samples t-test
(t) (see Table 17.1) revealed that the average Healthy Families Parenting Inventory role
satisfaction subscale domain was lower for families that received a maltreatment
investigation with the Arizona Department of Child Safety M = 25.28, (SD = 4.45) than

for families that did not receive a maltreatment investigation M = 25.89, (SD =3.94). A

180



statistically significant difference between groups on the family’s total role satisfaction
subscale domain score was revealed by the analysis (M = .61, 95% CI = [0.05, 1.17]; t

(337.66) = 2.15, p =.03). The effect size for this analysis based on Cohen’s d was (d =
15).

Table 17.1

t-tests for Independent Samples Regarding HFPI Role Satisfaction Scores and

Maltreatment Investigation

N Mean (SD) t p  Confidence Intervals Cohen’s d
Maltreatment
No 1816  25.89 (3.94) 215 03 0.05 117 15
Yes 272 25.28 (4.45) ' ' ' ' '
*p<.05

In further analysis, the binary logistic regression analysis examining the capacity
of the role satisfaction subscale domain to uniquely predict the occurrence of a
maltreatment investigation with the Arizona Department of Child Safety (see Table 17.2)
revealed a significantly predictive relationship between the model and the occurrence of a
maltreatment investigation (5% (6) = 37.54, p = .001), indicating that 3.5% of the variation
in the occurrence of a maltreatment investigation is explained by the model (Nagelkerke
R?). Two variables were found to be statistically significant at (p < .01), specifically the
role satisfaction subscale domain score (B = -.05 Wald 2 = 7.97, p = .005), and the
family’s marital status (not married/married) (B =-.65, Wald ¥y~ =12.57, p <.001). The
adjusted odds ratio (AOR) indicated that the likelihood of a maltreatment investigation
relative to no occurrence of a maltreatment investigation (a) decreased by 4.0% (AOR =

0.96, 95% CI1 = 0.93, 0.99) when the family’s score on the role satisfaction solving
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subscale domain increased by one unit, and (b) decreased by 48.0% (AOR =0.52, 95%
C1=0.37,0.75) when a family’s marital status changed from not married to married.
Table 17.2

Binary Logistic Regression to Predict the Odds of Maltreatment Using the Role

Satisfaction Subscale Domain

Variable B Waldy® df p OR 95% ClI

Total Family Income? -.28 3.80 1 .051 0.76 058 1.00
Maternal Ethnicity -12 0.51 1 474 089 065 1.22
Marital Status © -.65 12.57 1 .000** 052 037 0.75
Birth Weight -.08 1.25 1 .264 093 081 1.06
Gestational Age -.06 1.94 1 164 094 086 1.03
Role Satisfaction Subscale -.05 7.97 1 .005** 096 093 0.99

Reference Category: a = low income (below median split), b = White/Hispanic, ¢ = not married
**p < 01, ***p < 001

Parenting Efficacy Subscale Domain

As it pertains to the parenting efficacy subscale domain, the independent samples
t-test (¢t) (see Table 18.1) revealed that the average Healthy Families Parenting Inventory
parenting efficacy subscale domain was lower for families that received a maltreatment
investigation with the Arizona Department of Child Safety M = 25.23, (SD = 4.44) than
for families that did not receive a maltreatment investigation M = 26.05, (SD = 3.56). A
statistically significant difference between groups on the family’s total parenting efficacy
subscale domain score was revealed by the analysis (M = 0.82, 95% CI = [0.28, 1.38]; t
(325.18) = 2.92, p =.004). The effect size for this analysis based on Cohen’s d was (d =

20).
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Table 18.1
t-test for Independent Samples Regarding HFPI Parenting Efficacy Scores and

Maltreatment Investigation

n Mean (SD) t p Confidence Intervals Cohen’s d
Maltreatment
No 1816 25.23 (4.44)
292  .004** 0.27 1.38 .20
Yes 272  26.05 (3.56)

**p < 01

In further analysis, the logistic regression model examining the capacity of the
parenting efficacy subscale to uniquely predict an investigation of maltreatment with the
Arizona Department of Child Safety (Table 18.2) revealed a significantly predictive
relationship between the individual parenting efficacy subscale and the occurrence of a
maltreatment investigation (%(6) = 40.82, p = .001), indicating that 3.8% of the variation
in the occurrence of a maltreatment investigation was explained by the model
(Nagelkerke R?). Three variables were found to be statistically significant at (p < .05);
specifically the parenting efficacy subscale domain score (f =-.06, Wald y* =11.34, p =
.001), the family’s income as defined (high/low) at the sample median split (B = -.28,
Wald y2 = 4.04, p = .04), and the family’s marital status (not married/married) (B = -.65,
Wald y? = 12.48, p <.001). The adjusted odds ratios (AOR) indicated that the likelihood
of a maltreatment investigation of relative to no occurrence of a maltreatment
investigation (a) decreased by 6.0% (AOR = 0.94, 95% CI = 0.91, 1.09) for every unit
increase on the parenting efficacy subscale score, and (b) decreased by 25.0% (AOR=
0.75, 95% CI1 = 0.57, 0.99), and (c) decreased by 48.0% (AOR = 0.52, 95% CI = 0.37

0.75) when the family’s marital status changed from not married to married.
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Table 18.2
Binary Logistic Regression to Predict the Odds of Maltreatment Using the Parenting

Efficacy Subscale Domain

Variable B Wald ? df p OR 95% ClI

Total Family Income # -.28 4.04 1 .044* 0.75 057 0.99
Maternal Ethnicity ® -12 0.523 1 469 089 065 1.22
Marital Status ° -.65 12.48 1 .000*** 052 037 0.75
Birth Weight -.07 1.09 1 297 093 082 1.06
Gestational Age -.07 2.29 1 130 093 086 1.02

Parenting Efficacy Subscale -.06 11.34 1 .001** 094 091 1.09

Reference Category: a = low income (below median split), b = White/Hispanic, ¢ = not married
*p<.05,**p<.01, ***p<.001

The conclusion based on these results is that the hypothesis that families with
lower scores on individual subscale domains of the Healthy Families Parenting Inventory
were more likely to experience a maltreatment investigation with the Arizona Department
of Child Safety was supported. Specifically, independent samples t-tests (t) revealed that
families who experienced an investigation of the Arizona Department of Child Safety had
significantly lower scores on the social support, problem solving, depression, personal
care, role satisfaction, and parenting efficacy subscale domains of the Healthy Families
Parenting Inventory than those that did not experience an investigation of maltreatment.
The effect size as determined by Cohen’s d in these analyses were all below (d = .50). In
further analyses, the hypothesis that when examined individually, the nine Healthy
Families Parenting Inventory subscale domains are predictive of an investigation of
maltreatment with the Arizona Department of Child Safety was partially supported. The
results of the individual logistic regression analyses for all six subscales controlling for
covariates revealed that the Healthy Families Parenting Inventory subscale scores were

each significantly predictive of the occurrence of a maltreatment investigation with the

184



Arizona Department of Child Safety. Specifically, the findings showed that a family’s
risk for a maltreatment investigation decreased as a family’s score on the social support,
problem solving, depression, personal care, role satisfaction, and parenting efficacy
subscales increased. The following analysis examines the collective predictive validity of
all nine Healthy Families Parenting Inventory subscale domains.

Model with all 9 Subscale Domains

A logistic regression was estimated including all nine Healthy Families Parenting
Inventory subscales (Table 19.1) to examine the simultaneous relationship between the
nine subscales of the Healthy Families Parenting Inventory and the occurrence of a
maltreatment investigation with the Arizona Department of Child Safety. A binary
logistic regression analysis was estimated that revealed a statistically significant
relationship between the model and the occurrence of a maltreatment investigation (y?
(14) = 76.35, p = .001), indicating that 7.1% of the variation in the occurrence of a
maltreatment investigation was explained by the model (Nagelkerke R?). Five variables
were found to be statistically significant at (p <.05), specifically the personal care
subscale (B =-.07, Wald ¥~ = 9.07, p = .003), mobilizing resources (p = .07, Wald y° =
15.47, p < .001), home environment (B = .03, Wald y? = 4.77, p <.05), parenting efficacy
(B =-.07, Wald 2 = 7.87, p = .005), and the family’s marital status (not married/ married)
(B =-.70, Wald % = 14.04, p < .001). The adjusted odds ratios (AOR) indicated that the
likelihood of a maltreatment investigation of relative to no occurrence of a maltreatment
investigation (a) decreased 1.0% (AOR =0.99, 95% CI = 0.89, 0.98) for every unit

increase in the family’s score on the personal care subscale (b) decreased by 6% (AOR =
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.94, 95% CI = 0.89, 0.98) for every unit increase in the family’s score on the parenting
efficacy subscale

(c) decreased 51.0 % (AOR = 0.49, 95% CI = 0.34, 0.72) when a family’s marital status
changed from not married to married. In terms of the mobilizing resources and home
environment subscales, the analyses revealed that the likelihood of a maltreatment
investigation compared to no occurrence of a maltreatment investigation (d) increased by
7.0% when a family’s score on the mobilizing resources subscale increased by a point
(AOR =1.07,95% CI = 1.04, 1.11) and (e) increased by 3.0% when a family’s score on
the home environment subscale increased by one point (AOR = 1.03, 95% CI = 1.00,
1.06).

Table 19.1

Binary Logistic Regression to Predict the Odds of Maltreatment Using Collective HFPI

Subscale Domains

Variable B Waldy® df p OR 95% ClI

Total Family Income @ =27 3.63 1 .057 0.76 058 1.01
Maternal Ethnicity ® -13 0.66 1 416 0.88 064 121
Marital Status © -70 14.04 1 .000*** 049 034 0.72
Birth Weight -.08 1.30 1 .254 093 081 1.06
Gestational Age -.05 1.02 1 312 096 0.87 1.04
Social Support Subscale -.01 1.02 1 .584 099 095 1.03
Problem Solving Subscale -.04 3.09 1 .079 096 092 1.00
Depression Subscale -.01 0.22 1 .643 099 096 1.03
Personal Care Subscale -.07 9.08 1 .003** 099 089 0.98
Mobilizing Resources Subscale 07 15.47 1 000*** 107 104 111
Role Satisfaction Subscale -.02 1.34 1 247 098 094 1.02
Parent/Child Interaction .01 0.09 1 762 1.01 097 1.05
Home Environment Subscale .03 4.77 1 .029* 1.03 100 1.06
Parenting Efficacy Subscale -.07 7.87 1 .005** 094 089 0.98

Reference Category: a = low income (below median split), b = White/Hispanic, ¢ = not married
*p < .05, **p <.01, ***p <.001
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The conclusion based on these results is that the hypothesis that when examined
simultaneously, the nine subscale domains of the Healthy Families Parenting Inventory
were predictive of an investigation of maltreatment with the Arizona Department of Child
Safety was partially supported. Specifically, when controlling for covariates, the binary
logistic regression model revealed that the subscale domains of social support, problem
solving, depression, and role satisfaction were no longer predictive of a maltreatment
investigation with the Arizona Department of Child Safety. However, the personal care
and parenting efficacy subscales remained a significant predictor of a maltreatment
investigation, as a family’s score on the personal care and parenting efficacy subscales
increased, their family’s risk for maltreatment decreased. Alternatively, when a family’s
risk for the occurrence of a maltreatment investigation increased, the family’s score on
the mobilizing resources and home environment subscales also increased. Findings from
Research Question 2 are discussed in further detail in Chapter Five.

Research Question Three

Research question three conducts exploratory research and builds upon research
question two by examining the interaction between the nine individual subscale domains
of the Healthy Families Parenting Inventory. Specifically, the following analyses explore
whether the effects of depression and role satisfaction subscale domains on the
occurrence of an investigation of maltreatment with the Arizona Department of Child
Safety are different for families with varying scores on the social support, problem
solving, home environment, parent/child interaction, and parenting efficacy subscale
domains. The role satisfaction and depression subscale domains were selected as

independent variables in the moderation analysis because these two subscale domains
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contain all seven of the flag indicator items contained in the overall Healthy Families
Parenting Inventory. In particular, the role satisfaction subscale domain contains three of
the seven red flag indicator items, and the depression subscale domain contains four of
the seven red flag indicator items. It is hypothesized that the subscale domains of social
support, problem solving, home environment, parent/child interaction, and parenting
efficacy of the Healthy Families Parenting Inventory will moderate the relationships
between both the role satisfaction subscale and depression subscale domains, and the
occurrence of a report of maltreatment to the Arizona Department of Child Safety. To
test these hypotheses, binary logistic regression models were estimated analyzing the
relationships between these subscale domains building upon research question two. For
each moderator variable, three regression models were estimated. Model one included
the subscale domain serving as the predictor variable (depression or role satisfaction
subscale domains), the subscale domain serving as the moderator (social support,
problem solving, personal care, mobilizing resources, parent/child interaction, home
environment, or parenting efficacy subscale domains) and covariates including total
family income, maternal ethnicity, marital status, birth weight and gestational age of the
targeted child of the Healthy Families Arizona intervention. The second model built
upon model one with the addition of the interaction term between the subscale domain
serving as the independent variable and the subscale serving as the moderator. The final
model built upon model two with the addition of interaction terms between the covariates
and the identified moderating subscale domain. The analyses revealed that none of the
subscale domains were significant moderators of the relationship between the depression

subscale domain and the occurrence of a maltreatment investigation with the Arizona
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Department of Child Safety. However, as it pertains to the role satisfaction subscale
domain, the mobilizing resources and home environment subscale domains were
determined to be significant moderators of the relationship between the role satisfaction
subscale domains and the occurrence of an investigation of maltreatment with the
Arizona Department of Child Safety.

Mobilizing Resources

The mobilizing resources subscale domain was examined as a moderator of the
relationship between the role satisfaction subscale domain and the occurrence of an
investigation of maltreatment with the Arizona Department of Child Safety (see Figure
4.1).
Figure 4.1
Moderation Analysis Using Mobilizing Resources as a Moderator between Role

Satisfaction and Maltreatment Investigation

Mohilizing
Resources

Rale - Maltreatment
Satisfaction Investigation

The logistic regression model examining the capacity of the mobilizing resources
subscale domain to moderate the relationship between the role satisfaction subscale
domain and the occurrence of a maltreatment investigation with the Arizona Department
of Child Safety (Table 20.1) explained a significant increase in the variance in the
occurrence of a maltreatment investigation with the Arizona Department of Child Safety

v2(8) =45.61, p =.001, with 4.3% of the variance explained in the model (Nagelkerke
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R?). The moderating variable (role satisfaction x mobilizing resources subscale domains)
was significant ( = .006, Wald 2 =4.252, p = .039). The adjusted odds ratio for the
interaction term indicated that the likelihood of the occurrence of a report of
maltreatment relative to no occurrence of a report of maltreatment a) increased by 6.0%
(AOR =1.006, 95% CI = 1.00, 1.01) for every unit increase on the (role satisfaction x
mobilizing resources subscale domains) interaction term.

Table 20.1

Binary Logistic Regression Model to Predict the Odds of Maltreatment Outcome

Using HFPI Subscale Role Satisfaction and Moderator (Mobilizing Resources) *

Variable B Wald y* df p OR 95% ClI

Income 2 -.262 3.447 1 .063 0.77 058 1.02
Maternal Ethnicity ° -.133 0.674 1 412 0.88 0.64 1.20
Marital Status © -.645 12.388 1 .000*** 052 037 0.75
Birthweight -.076 1.282 1 .258 092 081 1.06
Gestational Age -.062 1.920 1 .166 094 086 1.03
Role Satisfaction -069  14.550 1 .000*** 093 090 0.97
Mobilizing Resources .020 1.653 1 199 1.020 099 1.05
Role Satisfaction X 006 4252 1 039 1006 100 1.01

Mobilizing Resources

LFull models are reported in Appendix A.
Reference Category: a = low income (below median split), b = White/Hispanic, ¢ = not married
*p <.05, ***p<.001

Next, simple odds ratios were computed for the interaction (see Appendix A for
complete computation). In examination of families scoring one standard deviation below
the mean (18.38) on the mobilizing resources subscale domain, the likelihood of the
occurrence of a report of maltreatment relative to no occurrence of a report of
maltreatment for families decreased by 9.4% (AOR = 0.91) for every point increase on
the role satisfaction subscale domain. For families scoring at the mean (23.38) on the
mobilizing resources subscale domain, the likelihood of the occurrence of a report of

maltreatment relative to no occurrence of a report of maltreatment for families decreased
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by 6.7% (AOR = 0.93) for every point increase on the role satisfaction subscale domain.
For families scoring one standard deviation above the mean (28.38) on the mobilizing
resources subscale domain, the likelihood of the occurrence of a maltreatment
investigation relative to no occurrence of an investigation of maltreatment for families
decreased by 3.8% (AOR = 0.96) for every point increase on the role satisfaction
subscale domain. In further examination, none of the interaction terms between the
covariates and the mobilizing resources subscale domain were found to be significant in
the final logistic regression model. However, when these interaction terms were included
in the model, the interaction term (role satisfaction x mobilizing resources) was no longer
significant at (p <.05). Full models are presented in Appendix A.

Home Environment

In further analysis, the home environment subscale domain was examined as a
moderator of the relationship between the role satisfaction subscale domain and the
occurrence of an investigation of maltreatment with the Arizona Department of Child
Safety (See Figure 4.2).
Figure 4.2
Moderation Analysis Using Home Environment as a Moderator between Role

Satisfaction and Maltreatment Investigation

Home
Environment

Rale A o Maltreatment
Satisfaction o Investigation
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The binary logistic regression model examining the capacity of the home
environment subscale domain to moderate the relationship between the role satisfaction
subscale domain and the occurrence of a maltreatment investigation with the Arizona
Department of Child Safety (Table 21.1) explained a significant increase in the variance
in the occurrence of a maltreatment investigation with the Arizona Department of Child
Safety (¥2(8) =43.71, p =.001), explaining 4.1% of the variance in the model
(Nagelkerke R?). The moderating variable (role satisfaction x home environment
subscale domains) was significant ( =.006, Wald 2 = 6.043, p = .014). The adjusted
odds ratio for the interaction term indicated that the likelihood of the occurrence of a
report of maltreatment relative to no occurrence of a report of maltreatment a) increased
by 6.0% (AOR = 1.006, 95% CI = 1.00, 1.01) for every unit increase on the role
satisfaction x home environment subscale domains interaction term.

Table 21.1

Binary Logistic Regression Model to Predict the Odds of Maltreatment Outcome

Using HFPI Subscale Role Satisfaction and Moderator (Home Environment) *

Variable B Wald y*  df p OR 95% CI

Income =277 3.833 1 .050* 076 058 1.00
Maternal Ethnicity -.120 0.522 1 457 0.89 065 1.22
Marital Status -.668 13.159 1 .000*%** 051 036 0.74
Birthweight -.072 1.154 1 .283 093 082 1.06
Gestational Age -.063 1.941 1 .164 094 086 1.03
Role Satisfaction -.065 12.911 1 .000*%** 094 091 0.97
Home Environment -.004 0.137 1 711 099 097 1.02
Role Satisfaction X 006 6043 1 .014* 101 100 101

Home Environment

Reference Category: a = low income (below median split), b = White/Hispanic, ¢ = not married
*p <.05, ***p <.001

Next, simple odds ratios were then computed for the interaction (see Appendix A
for full computation). In examination of families scoring one standard deviation below

the mean (34.06) on the home environment subscale domain, the likelihood of the
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occurrence of a report of maltreatment relative to no occurrence of a report of
maltreatment for families decreased by 9.9% (AOR = 0.90) for every point increase on
the role satisfaction subscale domain. For families scoring at the mean (40.61) on the
home environment subscale domain, the likelihood of the occurrence of a report of
maltreatment relative to no occurrence of a report of maltreatment for families decreased
by 6.3% (AOR = 0.94) for every point increase on the role satisfaction subscale domain.
For families scoring one standard deviation above the mean (47.16) on the home
environment subscale domain, the likelihood of the occurrence of a maltreatment
investigation relative to no occurrence of an investigation of maltreatment for families
decreased by 2.5% (AOR = 0.98) for every point increase on the role satisfaction domain.
In further examination, none of the interaction terms were found to be significant
between the covariates and the home environment subscale domain in the final binary
logistic regression model. Furthermore, the addition of these interaction terms into the
model did not significantly impact the interaction. Full models are presented in
Appendix A.

The conclusion based on these results is that the hypothesis that the social
support, problem solving, personal care, mobilizing resources, parent/child interaction,
home environment, and parenting efficacy subscale domains moderate the relationship
between the role satisfaction and depression subscale domains and the occurrence of a
maltreatment investigation with the Arizona Department of Child Safety was partially
supported. Specifically, two of the subscales: mobilizing resources and home

environment were determined to be significant moderators of the relationship between
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the role satisfaction domain and the occurrence of an investigation of maltreatment with
the Arizona Department of Child Safety.

In examination of the mobilizing resources subscale domain as a moderator of the
relationship between the role satisfaction domain and the occurrence of a maltreatment
investigation with the Arizona Department of Child Safety, the findings revealed that the
relationship between a family’s score on the role satisfaction subscale domain and the
occurrence of a maltreatment investigation is impacted by their score on mobilizing
resources subscale domain. Specifically, the relationship between the family’s score on
the role satisfaction subscale domain and the likelihood of receiving an investigation of
maltreatment with the Arizona Department of Child Safety depends on the family’s score
on the mobilizing resources subscale domain. This finding is particularly relevant for
families with low scores (1 SD below the mean) on the mobilizing resources subscale
domain, as a one-unit increase on the family’s role satisfaction subscale domain score can
lead to an almost 10.0% decrease in the likelihood of receiving an investigation of
maltreatment with the Arizona Department of Child Safety.

In examination of the home environment subscale domain as a moderator of the
relationship between the role satisfaction subscale domain and the occurrence of an
investigation of maltreatment with the Arizona Department of Child Safety, the findings
revealed that the relationship between a family’s score on the role satisfaction domain
and the occurrence of a maltreatment investigation is impacted by their score on the home
environment subscale domain. Specifically, the relationship between a family’s score on
the role satisfaction subscale domain and the likelihood of receiving an investigation of

maltreatment with the Arizona Department of Child Safety depends on the family’s score
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on the home environment subscale domain. This finding is particularly relevant for
families with low scores (1 SD below the mean) on the mobilizing resources subscale
domain, as a one-unit increase on the family’s role satisfaction domain score can lead to
an almost 10.0% decrease in the likelihood of receiving an investigation of maltreatment
with the Arizona Department of Child Safety.
Research Question Four

Research question four is concerned with the overall predictive validity of
individual red flag and strength indicator items contained within the nine subscales of the
Healthy Families Parenting Inventory. With particular attention to the potential for
strength indicator items to ameliorate the impact of red flag indicator items, this research
question examines the predictive validity of the Healthy Families Parenting Inventory red
flag and strength indicator items. It is hypothesized that families who experienced an
investigation of maltreatment with the Arizona Department of Child Safety would have
lower scores on each red flag item, and families that did not experience an investigation
of maltreatment with the Arizona Department of Child Safety will have higher scores on
strength indicator items than families who experienced a maltreatment investigation. A
secondary hypothesis for this research question is that the red flag indicator items of the
Healthy Families Parenting Inventory would predict the occurrence of a maltreatment
investigation with the Arizona Department of Child Safety both individually and
collectively.

Table 22.1 presents the percentiles of the red flag and strength indicator items
corresponding to the occurrence of a maltreatment investigation with the Arizona

Department of Child Safety, and the absence of an investigation of maltreatment. The
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percentiles supported the hypothesis that scores on the red flag indicator items were
lower for families who experienced a maltreatment investigation with the Arizona
Department of Child Safety than families who did not. Further, the scores on the strength
indicator items were higher for families who did not receive a maltreatment investigation
with the Arizona Department of Child Safety than those that did. However, these results
were not consistent across the seven red flag and ten strength indicator items. In the
lower percentiles, differences between groups was more consistently pronounced,
however the heterogeneity between groups dissipated in the upper percentile ranges,
resulting in homogeneity between families that experienced an investigation of
maltreatment with the Arizona Department of Child Safety and those that did not.
Therefore, families who did not receive a maltreatment investigation with the Arizona
Department of Child Safety inconsistently had higher scores on strength and red flag
indicator items than families who experienced a maltreatment investigation.
Additionally, families who received an investigation of maltreatment with the Arizona
Department of Child Safety did not consistently have lower scores on the red flag

indicator items than families who did not.
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Table: 22.1

Percentiles of the Red Flag and Strength Indicator Items and Maltreatment Investigation

HFPI Item Outcome Percentiles
5th 1oth 25th 50th 75th 90th 95th
Red Flag Indicator Questions
Role Satisfaction Subscale
. ) ) ) s No Maltreatment Investigation 3.0 30 4.0 50 50 50 50
34. “I feel drained dealing with my child Maltreatment Investigation 2.0 2.0 3.0 50 50 50 50
33. “I feel trapped by all the things | have to do for No Maltreatment Investigation 3.0 3.0 40 50 50 50 5.0
my child” Maltreatment Investigation 20 30 40 50 50 50 50
37 “I feel frustrated because my Whole hfe seems to NO Maltreatment |nveStIgatI0n 30 40 50 50 50 50 50
revolve around my child” Maltreatment Investigation 30 40 50 50 50 50 5.0
Depression Subscale
. . No Maltreatment Investigation 2.0 3.0 3.0 4.0 4.0 50 50
12.% T feel sad Maltreatment Investigation 2.0 3.0 30 40 40 50 50
18. “I have so many problems I feel overwhelmed No Maltreatment Investigation 2.0 30 3.0 40 50 50 5.0
by them” Maltreatment Investigation 10 20 30 40 50 50 50
. . No Maltreatment Investigation 3.0 3.0 4.0 50 50 50 5.0
15. "1 feel unhappy about everything Maltreatment Investigation 2.0 30 40 50 50 50 50
“ ” No Maltreatment Investigation 3.0 40 50 50 50 50 5.0
16. “T feel hopeless about the future Maltreatment Investigation 20 3.0 50 50 50 50 5.0
Strength Indicator Items
Social Support Subscale
B . No Maltreatment Investigation 2.0 3.0 4.0 50 50 50 50
2. “Ifeel others care about me Maltreatment Investigation 3.0 3.0 40 50 50 50 50
4. “If T have trouble, I feel there is always someone | No Maltreatment Investigation 2.0 3.0 4.0 50 50 50 50
can turn to for help” Maltreatment Investigation 20 3.0 3.0 50 5.0 5.0 5.0
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Table: 22.1

Percentiles of the Red Flag and Strength Indicator Items and Maltreatment Investigation

HFPI Item Outcome Percentiles
5th 10th 25th 50th 75th 90th 95th
Strength Indicator Items
Problem Solving
. No Maltreatment Investigation 3.0 3.0 40 50 50 50 5.0
8. “When I have a problem, I take steps to solve it” Maltreatment Investigation 3.0 3.0 40 50 50 50 5.0
11. “I remain calm when new problems come up” No Maltreatment Inve_stiggtion 20 20 30 40 50 50 50
Maltreatment Investigation 20 20 30 40 40 50 50
Depression Subscale
13. I feel positive about myself” No Maltreatment Inve_stig_ation 20 30 40 40 50 50 50
' Maltreatment Investigation 2.0 3.0 3.0 4.0 50 50 50
Parent Child Interaction
46. “T can remain calm when my child is upset” No Maltreatment Inve_stiggtion 30 30 40 50 50 50 50
Maltreatment Investigation 30 30 40 50 50 50 50
Home Environment Subscale
50. “1 plan todo a Variety of activities with my child No Maltreatment |nvestigati0n 1.0 20 30 4.0 5.0 50 5.0
every day” Maltreatment Investigation 20 20 30 40 50 50 50
52. “I have organized my home for raising my child” No Maltreatment Inve_stiggtion 20 30 40 50 50 50 5.0
' Maltreatment Investigation 2.0 3.0 4.0 4.0 50 50 5.0
Parenting Efficacy Subscale
. ., No Maltreatment Investigation 3.0 3.0 40 50 50 50 50
59. “Tam proud of myself as a parent Maltreatment Investigation 3.0 3.0 40 50 50 50 5.0
63. “I learn new parenting skills and use them with No Maltreatment Investigation 3.0 40 40 50 50 50 50
my child” Maltreatment Investigation 30 30 40 50 50 50 5.0




The following section presents findings for independent samples t-tests (t) for the
red flag and strength indicator items of the Healthy Families Parenting Inventory that
examined the differences in the average individual Healthy Families Parenting Inventory
item scores for families that received an investigation of maltreatment with the Arizona
Department of Child Safety versus families that did not. The independent samples t-tests
(t) revealed a statistically significant difference between families who experienced a
maltreatment investigation with the Arizona Department of Child Safety versus those that
did not experience a maltreatment investigation on the family’s scores for four of the
seven red flag indicator items, and seven of the ten strength indicator items. Further
analysis of the red flag and strength indicator items included estimating two binary
logistic regression models to predict a maltreatment investigation with the Arizona
Department of Child Safety while controlling for covariates (e.g., total family income,
maternal ethnicity, marital status, birth weight and gestational age of the targeted child of
the Healthy Families Arizona intervention).

Strength Indicator Items

The independent samples t-test (t) (see Table 23.1) revealed that the average
score on the Healthy Families Parenting Inventory strength indicator item # 2 “I feel
others care about me” was higher for families that did not receive a maltreatment
investigation with the Arizona Department of Child Safety M = 4.44, (SD = 0.91) than
families that received a maltreatment investigation M = 4.32, (SD = 0.94). A statistically
significant difference between groups was revealed by the analysis (M = 0.12, 95% CI =
[0.01, 0.24]; t (2086) = 2.06, p = .039). The effect size for this analysis based on Cohen’s

d was (d = .13).
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Table 23.1
t-test for Independent Samples Regarding HFPI Strength Indicator Item # 2 and

Maltreatment Investigation

N Mean (SD) t p Confidence Intervals  Cohen’s d
Maltreatment
No 1816  4.44 (0.91) .
Yes 272 432(094) 200 039 0.01 0.24 13
*p<.05

In further analysis, the independent samples t-test (t) (see Table 23.2) revealed
that the average score on the Healthy Families Parenting Inventory strength indicator
item # 4 “If I have trouble, I feel there is always someone I can turn to for help” was
higher for families that did not receive a maltreatment investigation with the Arizona
Department of Child Safety M = 4.36, (SD = 0.94), than families that received a
maltreatment investigation M = 4.10, (SD = 1.14). A statistically significant difference
between groups was revealed by the analysis (M = 0.26, 95% CI =[0.12, 0.41]; t (327.55)
= 3.63, p <.001). The effect size for this analysis based on Cohen’s d was (d = .25).
Table 23.2
t-test for Independent Samples Regarding HFPI Strength Indicator Item # 4 and

Maltreatment Investigation

n Mean (SD) t p  Confidence Intervals Cohen’s d
Maltreatment
No 1816 4.36 (0.94) ok
Yes 272 410 (1.14) 3.63 .000 0.12 0.41 .25

o < 001
As it pertains to strength indicator item #11 “I remain calm whenever new
problems come up”, the independent samples t-test (t) (see Table 23.3) revealed that the

average score on the item was higher for families that did not receive a maltreatment

investigation with the Arizona Department of Child Safety M = 3.71, (SD = 1.04), than
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families that received a maltreatment investigation M = 3.57, (SD = 1.04). A statistically
significant difference between groups was revealed by the analysis (M = 0.14, 95% CI =
[0.01, 0.27]; t (2086) = 2.05, p = .040). The effect size for this analysis based on Cohen’s
d was (d = .14).

Table 23.3

t-test for Independent Samples Regarding HFPI Strength Indicator Item #11 and

Maltreatment Investigation

n Mean (SD) t p Confidence Intervals  Cohen’s d
Maltreatment
No 1816 3.71(1.04) *
Yes 272 3.57 (1.04) 2.05 .040 0.01 0.27 14
*p<.05

Further, the independent samples t-test (t) (see Table 23.4) pertaining to strength
indicator item #13 “I feel positive about myself”, revealed that the average score on the
item was higher for families that did not receive a maltreatment investigation with the
Arizona Department of Child Safety M = 3.99, (SD = 1.02), than families that received a
maltreatment investigation M = 4.13, (SD = 0.95). A statistically significant difference
between groups was revealed by the analysis (M = 0.14, 95% CI = [0.01, 0.26]; t (2086)
=2.19, p =.029). The effect size for this analysis based on Cohen’s d was (d = .14).
Table 23.4
t-test for Independent Samples Regarding HFPI Strength Indicator Item #13 and

Maltreatment Investigation

n Mean (SD) t p Confidence Intervals Cohen’s d
Maltreatment
No 1816 4.13 (0.95) .
Yes 279 3.99 (1.02) 2.19 .029 0.01 0.26 14

*p<.05
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As it pertains to strength indicator item #46 “I can remain calm when my child is
upset”, the independent samples t-test (t) (see Table 23.5) revealed that the average score
on the item was higher for families that did not receive a maltreatment investigation with
the Arizona Department of Child Safety M = 4.41, (SD = 0.79), than families that
received a maltreatment investigation M = 4.27, (SD = 0.87). A statistically significant
difference between groups was revealed by the analysis (M = .14, 95% CI = [0.03 0.25]; t
(341.20) = 2.54, p =.012). The effect size for this analysis based on Cohen’s d was (d =
17).

Table 23.5
t-test for Independent Samples Regarding HFPI Strength Indicator Item #46 and

Maltreatment Investigation

n Mean (SD) t p Confidence Intervals  Cohen’s d
Maltreatment
No 1816  4.41(0.79) -
Yes 272 4.27(0.87) 2.54 012 0.03 0.25 17

*p < .05

In further analysis, the independent samples t-test (t) (see Table 23.6) revealed
that the average score on the Healthy Families Parenting Inventory on strength indicator
item #59 “I am proud of myself as a parent” was higher for families that did not receive a
maltreatment investigation with the Arizona Department of Child Safety M = 4.51, (SD =
0.75) than families that received a maltreatment investigation M = 4.36, (SD = 0.91). A
statistically significant difference between groups was revealed by the analysis (M = .14,
95% CI =[0.03 0.26]; t (329.12) = 2.46, p = .014). The effect size for this analysis based

on Cohen’s d was (d = .18).
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Table 23.6
t-test for Independent Samples Regarding HFPI Strength Indicator Item #59 and

Maltreatment Investigation

n Mean (SD) t Cl?lrzgf\l;r:ge Cohen’s d
Maltreatment
No 1816 4,51 (0.75)
2.4 .014* ) 2 A
Yes 272 4.36 (0.91) 6 0 0.03 0.26 8
*p < .05

As it pertains to the final strength indicator item #63 “I learn new parenting skills
and use them with my child”, the independent samples t-test (t) (see Table 23.7) revealed
that the average score on the item was higher for families that did not receive a
maltreatment investigation with the Arizona Department of Child Safety M = 4.51, (SD =
0.75) than for families that received a maltreatment investigation M = 4.40, (SD = 0.86).
A statistically significant difference between groups was revealed by the analysis (M =
0.12,95% CI1 =[0.02, 0.23]; t (333.42) = 2.26, p = .024). The effect size for this analysis
using Cohen’s d was (d = .15).

Table 23.7
t-test for Independent Samples Regarding HFPI Strength Indicator Item #63 and

Maltreatment Investigation

n Mean (SD) t p Confidence Intervals  Cohen’s d
Maltreatment
No 1816  4.52 (0.74)
226 .024*  0.02 0.23 15
Yes 272  4.40 (0.86)

*p<.05

The final analysis pertaining to the individual strength indicator items included a
binary logistic regression model containing the strength indicator items (see Table 23.8).
The analysis revealed a statistically significant relationship between the model and the

occurrence of a report of maltreatment (¥ (15) = 52.99, p < .001), indicating that 5.0% of

203



the variation in the occurrence of a maltreatment investigation is explained by the model
(Nagelkerke R?). Two variables were found to be statistically significant at (p < .05),
specifically the strength indicator item “If | have trouble, | feel there is always someone |
can turn to for help” (f =-.172, Wald x~ = 4.602, p = .032), and the family’s marital
status (not married/married) (B = -.659, Wald ¥* = 12.689, p < .001). The adjusted odds
ratios (AOR) indicated that the likelihood of the occurrence of a maltreatment
investigation relative to no maltreatment investigation (a) decreased by 16.0% (AOR =
0.84, 95% CI1 =0.72, 0.99) when a family’s score on the item “If I have trouble, I feel
there is always someone I can turn to for help” increased by one unit, and (b) decreased
by 48.0% (AOR = 0.52, 95% CI = 0.36, 0.74) when a family’s marital status changed
from not married to married.

Table 23.8

Binary Logistic Regression between Individual Strength Indicators and the Occurrence of

a Maltreatment Investigation

Variable B Waldy? df p OR 95% CI
Total Family Income 2 -.27 368 1 .055 0.76 0.58 1.00
Maternal Ethnicity ® -.10 .38 1 .053 0.90 0.66 1.24
Marital Status © -66 1269 1 .000***  0.52 0.36 0.74
Birth Weight -.07 115 1 .284 0.93 0.82 1.06
Gestational Age -.07 206 1 152 0.94 0.86 1.03
Strength Indicators
2.“I feel others care about me” -.00 002 1 .965 0.99 0.84 1.18
4. “If | have trouble, | feel there is”always 17 460 1 032* 0.84 072 985

someone | can turn to for help.
8.“When I have a problem, I take steps to solve it” .04 14 1 .705 1.0 0.87 1.24
11.“I remain calm when new problems come up” -.03 163 1 .687 0.97 0.86 1.13
13.“1 feel positive about myself” -.01 .03 1 .860 0.99 0.84 1.16
46.“1 can remain calm when my child is upset” -.13 181 1 178 0.88 0.73 1.06
50.“I plan to do a variety of activities with my child 09 178 1 183 1.09 0.96 1.25
every day”
52.“I have organized my home for raising a child” .02 004 1 .842 1.02 0.87 1.19
59.“T am proud of myself as a parent” -.18 3.49 1 .062 0.83 0.69 1.01
63.1 leam new parenting skills and use them with 07 485 1 486 0.93 0.77 114
my child”

Reference Category: a = low income (below median split), b = White/Hispanic, ¢ = not married
*p <.05, ***p <.001

204



Red Flag Indicator Items

In examination of the red flag items, the independent samples t-test (t) (see Table
24.1) revealed that the average score on the Healthy Families Parenting Inventory red
flag item # 12 I feel sad” was lower for families that received a maltreatment
investigation with the Arizona Department of Child Safety M = 3.95, (SD = 1.06) than for
families that did not receive a maltreatment investigation M = 4.09, (SD = 1.03). A
statistically significant difference between groups was revealed by the analysis (M = 0.07,
95% CI =[0.01, 0.27]; t (2086) = 2.04, p = .042). The effect size for this analysis based
on Cohen’s d was (d = .13).
Table 24.1
t-test for Independent Samples Regarding HFPI Red Flag Item #12 and Maltreatment

Investigation

n Mean (SD) t p Confidence Intervals  Cohen’s d
Maltreatment
No 1816  4.09 (1.03) *
Yes 272 3.95(1.06) 2.04  .042 0.01 0.27 13

*p < .05

In further analysis of the final red flag items, the independent samples t-test (t)
(see Table 24.2) revealed that the average score on the Healthy Families Parenting
Inventory red flag item # 15 “I feel unhappy about everything” was lower for families
that received a maltreatment investigation with the Arizona Department of Child Safety
M = 4.39, (SD = 0.98) than for families that did not receive a maltreatment investigation
M = 4.56, (SD = 0.88). A statistically significant difference between groups was revealed
by the analysis (M = 0.17, 95% CI = [0.44, 0.29]; t (340.141) = 2.67, p = .008). The
effect size for this analysis based on Cohen’s d was (d = .18).
Table 24.2
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t-tests for Independent Samples Regarding HFPI Red Flag Item #15 and Maltreatment

Investigation

n Mean (SD) t p Confidence Intervals  Cohen’s d
Maltreatment
No 1816  4.56 (0.88) o
Yes 279 4.39 (0.98) 2.66 .008 0.04 0.29 18
**p < 01

As it pertains to the red flag item #18 “I have so many problems I feel
overwhelmed by them”, the independent samples t-test (t) (see Table 24.3) revealed that
the average score on the item # 18 was lower for families that received a maltreatment
investigation with the Arizona Department of Child Safety M = 3.86, (SD = 1.16) than for
families that did not receive a maltreatment investigation M = 4.12, (SD = 1.05). A
statistically significant difference between groups was revealed by the analysis (M = 0.26,
95% CI =[0.12, 0.41]; t (339.93) = 3.52, p <.001). The effect size for this analysis based
on Cohen’s d was (d = .24).

Table 24.3
t-tests for Independent Samples Regarding HFPI Red Flag Item #18 and Maltreatment

Investigation

n Mean (SD) t p Confidence Intervals ~ Cohen’s d
Maltreatment
No 1816  4.12 (1.05) etk
Yes 279 3.86 (1.16) 3.52  .000 0.12 0.41 24
***p < 001

In further examination of the red flag indicator items, the independent samples t-
test (t) (see Table 24.4) revealed that the average score on the Healthy Families Parenting
Inventory red flag item #34 “I feel drained dealing with my child” was lower for families
that received a maltreatment investigation with the Arizona Department of Child Safety

M = 3.13, (SD = 1.13) than for families that did not receive a maltreatment investigation
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M =4.36, (SD = 0.93). A statistically significant difference between groups was revealed
by the analysis (M = 0.24, 95% CI = [0.094, 0.38]; t (328.79) = 3.28, p =.001). The
effect size for this analysis based on Cohen’s d was (d = .22).

Table 24.4

t-test for Independent Samples Regarding HFPI Red Flag Item #34 and Maltreatment

Investigation

n Mean (SD) t p Confidence Intervals  Cohen’s d
Maltreatment
No 1816  4.36 (0.93) o
Yes 279 413 (1.13) 328 .001 0.09 0.38 22

**p < 01

The final analysis pertaining to the individual red flag indicator items included a
binary logistic regression model containing the red flag indicator items (see Table 24.5).
The analysis revealed a statistically significant relationship between the model and the
occurrence of a report of maltreatment (y? (12) = 55.609, p = .001), indicating that 5.2%
of the variation in the occurrence of a maltreatment investigation is explained by the
model (Nagelkerke R?). Four variables were found to be statistically significant at (p <
.05), specifically the red flag indicator item “I feel drained dealing with my child” (B = -
250, Wald x* = 9.795, p =.002), and “ I have so many problems I feel overwhelmed by
them” (§ = - .141, Wald XZ = 3.841, p = .05), the family’s income as defined as
(low/high) at the sample median split (B = - .288, Wald y* = 4.122, p = .042), and the
family’s marital status (not married/married) (p = -.646, Wald y~ = 12.226, p < .001).
The adjusted odds ratios (AOR) indicated that the likelihood of the occurrence of a
maltreatment investigation relative to no maltreatment investigation (a) decreased by
22.0% (AOR =0.78, 95% CI = 0.66, 0.91) when a family’s score on the reverse coded

item “ I feel drained dealing with my child” increased by one unit, (b) decreased by
207



13.2% (AOR = .868, 95% CI = 0.75, 1.00) when a family’s score on the item ““ I have so
many problems I feel overwhelmed by them” increased by one unit, (C) decreased by
25.0% (AOR =0.75, 95% CI =0.57, 0.99) when a family’s income changed from low to
high, and (d) decreased by 48.0 % (AOR = 0.52, 95% CI = 0.37, 0.75) when a family’s
marital status changed from not married to married.

Table 24.5

Binary Logistic Regression between Individual Red Flag Indicators and the Occurrence

of a Maltreatment Investigation

Variable B Waldy?> df p OR 95% ClI
Total Family Income @ -29 1903 1 .042* 0.75  0.57 0.99
Maternal Ethnicity ° -12 574 1 499 0.88 0.64 1.22
Marital Status ° -65 1223 1 .000*** 052 037 0.75
Birth Weight -08 1412 1 235 0.92 0.81 1.05
Gestational Age -.06 162 1 204 0.94 0.86 1.03
Red Flag Indicators
12. “T feel sad” .015 036 1 .085 1.02 0.87 1.18
15. “I feel unhappy about everything” -089 1.059 1 .303 0.92 0.77 1.08
16. “I feel hopeless about the future” -014 022 1 .883 0.99 0.82 1.19
18. “T have so many problfrns I feel _141 3841 1 050% 0.87 0.75 1.00

overwhelmed by them
33. “I feel trapped by all of the things I 158 2787 1 095 117 097 141
have to do for my child” ' ' ' ' ' '
34, “I feel drained dealing with my child” -250 9.795 1 .002**  0.78 0.67 0.91
37. “Tfeel frustrated because my whole life 573 499 1 481 093 076 114

seems to revolve around my child”

Reference Category: a = low income (below median split), b = White/Hispanic, ¢ = not married
*p < .05, **p <.01, ***p <.001

The conclusion based on these results is that the hypotheses that families with
lower scores on the Healthy Families red flag and strength indicator items are more likely
to experience a maltreatment investigation with the Arizona Department of Child Safety
and families with higher scores were less likely was partially supported. Independent
samples t-tests (t) revealed that families who experienced a maltreatment investigation

with the Arizona Department of Child Safety had significantly lower scores on several
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red flag items including “I feel drained dealing with my child”; “I feel sad”; “I have so
many problems I feel overwhelmed by them”; and “I feel unhappy about everything.”
Furthermore, families who experienced an investigation of maltreatment with the Arizona
Department of Child Safety had significantly lower scores on the strength indicator items
“I feel others care about me”; “If I have trouble, I feel there is always someone I can turn
to for help”; “ I remain calm whenever new problems come up”’; “I feel positive about
myself”; “I can remain calm when my child is upset”; “I am proud of myself as a parent”;
and “I learn new parenting skills and use them with my child” than families who did not
experience an investigation of maltreatment. The effect sizes as determined by Cohen’s d
in these analyses were below (d = .05). In further investigation, the hypothesis that the
red flag items have a significantly predictive relationship with the occurrence of a
maltreatment investigation with the Arizona Department of Child Safety was partially
supported. When controlling for covariates, the binary logistic regression analyses
revealed that two red flag items “I feel drained dealing with my child” and “ I have so
many problems I feel overwhelmed by them” and one strength indicator item “If | have
trouble, | feel there is always someone | can turn to for help” had significantly predictive
relationships with the occurrence of a maltreatment investigation with the Arizona
Department of Child Safety when controlling for covariates. Further discussion of these
results is presented in Chapter Five.

Risk and Protective Factor Subscale Domains

In further exploratory analysis, the red flag indicator items and the strength
indicator items were operationalized into new subscale domains. The scores for the

seven reliably measured red flag item questions measured in Table 14.14 were summed
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to operationalize a subscale called “risk factors” with a reliable Cronbach’s alpha of .77.
Further, the scores of the ten reliably measured strength indicator items measured in
Table 14.15 were summed to operationalize a subscale called “protective factors”, with a
Cronbach’s alpha value of .78.

The following section presents findings for independent samples t-tests (t) for the
operationalized protective factor and risk factor subscales that examined the differences
in the average individual Healthy Families Parenting Inventory item scores for families
that received an investigation of maltreatment with the Arizona Department of Child
Safety versus families that did not. The t-tests (t) revealed a statistically significant
difference between families who experienced a maltreatment investigation with the
Arizona Department of Child Safety versus those that did not experience a maltreatment
investigation on both the operationalized risk factor and protective factor subscales.
Specifically, families who experienced an investigation of maltreatment with the Arizona
Department of Child Safety had significantly lower scores on the protective factor and
risk factor subscales than families who did not. Contrarily, families who did not
experience an investigation of maltreatment had significantly higher scores on the
protective factor and risk factor subscales than those that that did. Further analysis of the
operationalized subscales included estimating binary logistic regression models to predict
a maltreatment investigation with the Arizona Department of Child Safety controlling for
covariates (e.g., total family income, maternal ethnicity, marital status, birth weight and

gestational age of the targeted child of the Healthy Families Arizona intervention).
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Protective Factor Subscale

In examination of the operationalized protective factor subscale domain, the
independent samples t-test (t) (see Table 25.1) revealed that the average score on the
subscale was lower for families that received a maltreatment investigation with the
Arizona Department of Child Safety M = 41.21, (SD = 5.68) than for families that did not
receive a maltreatment investigation M = 42.46, (SD = 5.29). A statistically significant
difference between groups was revealed by the analysis (M = 1.25, 95% CI = [0.53,
01.97]; t (345.37) = 3.43, p =.001). The effect size for this analysis based on Cohen’s d
was (d = .23).
Table 25.1

t-test for Independent Samples Regarding the Protective Factor Subscale and

Maltreatment Investigation

n Mean (SD) t p Confidence Intervals Cohen’s d
Maltreatment
No 1816  42.46 (5.29)
Yes 279 4121 (5.68) 3.43 .001** 0.53 1.97 .23

**p < 01

In further analysis, the results of the binary logistic regression analysis pertaining
to the subscale (see Table 25.2) revealed that the model was significantly related to a
maltreatment investigation (x%(6) = 41.58 p = .001), indicating that 3.9% of the variation
of the occurrence of a maltreatment investigation is explained by the model (Nagelkerke
R?). Two variables were significant at p < .05, specifically the protective factor subscale
(B =-.04, Wald ¥~ = 11.96, p = .001), and a family’s marital status (not married/married)
(B =-.64, Wald x~ = 12.18, p =.001). The adjusted odds ratio (AOR) indicated that the
likelihood of the occurrence of a report of a maltreatment report relative to no occurrence

of a maltreatment report (a) decreased by 4.0% (AOR = 0.96, 95% CI = 0.94, 0.98) when
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a family’s score on the protective factor subscale increased by one unit, (b) decreased by
47.0% (AOR = 0.54, 95% CI = 0.37, 0.76) when a family’s marital status changed from
not married to married.

Table 25.2
Binary Logistic Regression between the Protective Factor Subscale and the Occurrence

of a Maltreatment Investigation

Variable B Waldy® df p OR 95% ClI

Total Family Income -.28 3.807 1 .051 0.68 0.51 0.91
Maternal Ethnicity -12 0.55 1 457 0.89 0.64 1.24
Marital Status -.64 12.18 1 .001***  0.54 0.38 0.79
Birth Weight -.07 0.07 1 .306 0.99 0.96 1.02
Gestational Age -.07 2.33 1 127 0.92 0.86 0.99

Protective Factor Subscale -.04 11.96 1 .001** 0.97 0.94 1.00

Reference Category: a = low income (below median split), b = White/Hispanic, ¢ = not married
*p <.05, **p <.01, *** p<.001

Risk Factor Subscale

The operationalized independent samples t-test (t) (see Table 26.1) revealed that
the average score on the subscale was lower for families that received a maltreatment
investigation with the Arizona Department of Child Safety M = 30.04, (SD = 4.64) than
for families that did not receive a maltreatment investigation M = 31.07, (SD = 4.02). A
statistically significant difference between groups was revealed by the analysis (M = 1.03,
95% CI =[0.45, 01.62]; t (334.49) = 3.48, p = .001). The effect size for this analysis

based on Cohen’s d was (d = .24).
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Table 26.1
t-test for Independent Samples Regarding the Risk Factor Subscale and Maltreatment

Investigation

n Mean(SD) t p  Confidence Intervals ~ Cohen’s d
Maltreatment
No 1816 31.07 (4.02)
Yes 272 3004 (4.64) S48 001" 045 1.62 24
**p < 01

In further analysis, the results of the binary logistic regression analysis pertaining
to the subscale (see Table 26.2) revealed that the model was significantly related to a
maltreatment investigation with the Arizona Department of Child Safety (x(6) = 45.23 p
<.001), indicating that 4.2% of the variation of the occurrence of a maltreatment
investigation is explained by the model (Nagelkerke R?). Two variables were significant
at p < .05, specifically the risk factor subscale ( = -.06, Wald y~ = 16.13, p <.001), and a
family’s marital status (not married/married) (B = -.64, Wald y? = 12.24, p < .001). The
adjusted odds ratio (AOR) indicated that the likelihood of the occurrence of a report of a
maltreatment report relative to no occurrence of a maltreatment report (a) decreased by
6.0% (AOR =0.94, 95% CI=0.91, 0.97) when a family’s score on the risk factor
subscale increased by one unit, (b) decreased by 47.0% (AOR = 0.53, 95% CI = 0.37,

0.76) when a family’s marital status changed from not married to married.
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Table 26.2
Binary Logistic Regression between the Risk Factor Subscales and the Occurrence of a

Maltreatment Investigation

Variable B Waldy?>  df p OR 95% ClI

Total Family Income =27 3.64 1 .056 0.76 058 1.01
Maternal Ethnicity -12 0.55 1 457 0.89 065 1.22
Marital Status -.64 1224 1 .000***  0.53 037 0.76
Birth Weight -.08 1.28 1 258 0.93 081 1.06
Gestational Age -.06 1.86 1 173 0.76 086 1.01
Risk Factor Subscale -.06 16.13 1 .000** 0.94 091 0.97

Reference Category: a = low income (below median split), b = White/Hispanic, ¢ = not married
** p < 01’ *k*k p < 001

The conclusion based on these results is that the ten strength indicator items and
the seven red flag indicator items can be reliability operationalized into new protective
factor and risk factor subscale domains. Independent samples t-tests(t) revealed that
families who experienced a maltreatment investigation with the Arizona Department of
Child Safety had significantly lower scores on the operationalized protective factor
subscale domain, and significantly lower scores on the operationalized risk factor
subscale domain. The effect size as determined by Cohen’s d for these analyses were
below (d = .50). When controlling for covariates, the binary logistic regression analyses
revealed that both the operationalized protective factor and risk factor subscales had a
significantly predictive relationship with the occurrence of an investigation of
maltreatment with the Arizona Department of Child Safety. Specifically, the analysis
showed that a family’s risk for a maltreatment investigation increased, as a family’s score

on both the risk factor and protective factor subscales decreased.
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CHAPTER FIVE
DISCUSSION OF RESULTS

The overarching aim of this dissertation was to explore the capacity of the
Healthy Families Parenting Inventory to predict a family’s risk for future maltreatment.
As such, the predictive validity of the Healthy Families Parenting Inventory was explored
across multiple domains. Through collaboration with Healthy Families Arizona, the
Healthy Families Parenting Inventory was administered to 2,088 families across the state
of Arizona during the 2012 and 2013 fiscal years. These families were subsequently
followed administratively through Department of Child Safety data for one year from the
date of enrollment in Healthy Families Arizona to predict the occurrence of an
investigation of maltreatment with the Arizona Department of Child Safety.

This research explored the predictive validity of the total composite score of the
Healthy Families Parenting Inventory and subsequent risk classifications to predict a
family’s risk for future maltreatment (Research Question 1). In further examination, the
predictive validity of individual components of the Healthy Families Parenting Inventory
including the nine individual subscale domains were explored (Research Question 2),
followed by an exploratory analysis of the interaction between the nine individual
subscale domains of the Healthy Families Parenting Inventory (Research Question 3).
The final component of the dissertation examined the predictive validity of the individual
red flag and strength indicator items of the Healthy Families Parenting Inventory
(Research Question 4).

The study of predictive validity of instrumentation used in public and community

based child welfare systems to predict a family’s risk for future maltreatment has been
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conducted primarily within the boundaries of the public child welfare system. Additional
work in the area of generalized assessment and the prediction of adverse outcomes has
occurred within early childhood prevention populations. However, existing evidence
suggests that many instruments that are used in early childhood education programs to
predict a family’s risk for maltreatment were not developed for this purpose, and
subsequently do not consistently contain strengths-based language or dynamic variables
important to home visitation practice in engaging at-risk families and measuring change
over time. Further, methodological challenges are common in validation research,
resulting in inconsistency in capturing maltreatment as an outcome variable, and findings
that demonstrate overall poor predictive capacity of risk assessment instruments (Kirk et
al., 2005; Haskett et al., 2006; Lawson et al., 2015). This gap in the literature was the
impetus for this study. The purpose of this final chapter is to discuss the most prominent
findings and their possible meaning, to critique study limitations, as well as provide
implications specific to the areas of social work practice, policy, and research.
Key Findings

The statistical analyses reported in Chapter Four confirm that the Healthy
Families Parenting Inventory has predictive validity when forecasting the occurrence of
an investigation of maltreatment with the Arizona Department of Child Safety among a
sample of Healthy Families Arizona participants. This is an important finding, as the
Healthy Families Parenting Inventory has historically only been used for purposes of
outcome assessment and treatment plan development during the course of early
childhood home visitation programming. The implication of this finding is that there is

potential to expand the utility of the Healthy Families Parenting Inventory to assist home-
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visitors in more accurately predicting a family’s likelihood for future abusive or
neglectful parenting practices. The predictive validity of the Healthy Families Parenting
Inventory was vetted through several approaches in this dissertation, all of which yielded
results that support the use of multiple components of the instrument in predicting a
family’s risk for an investigation with the Arizona Department of Child Safety.
Predictive Validity of the HFPI Total Score

The first key finding explored the predictive validity of the total composite score
of the Healthy Families Parenting Inventory. This finding supports methodological rigor
in the study of maltreatment risk prediction through examination of the continuous
composite score of the instrument. Specifically, examining the predictive validity of the
total composite score of the Healthy Families Parenting Inventory prior to dichotomizing
the variable into risk classifications allowed for the preservation of important data points
of the inventory. The examination of the utility of the Healthy Families Parenting
Inventory total composite score to predict future maltreatment was analyzed using several
analytic techniques including a point biserial correlation (rpb), an independent samples t-
test (t), and a binary logistic regression model. The analyses revealed that the total
composite score of the Healthy Families Parenting Inventory was predictive of a
maltreatment investigation with the Arizona Department of Child Safety.

Overall, these findings support the expansion of the Healthy Families Parenting
Inventory total composite score to be used in early childhood home visitation practice to
predict a family’s risk for future maltreatment from a developmental-ecological
perspective. Crossing ecological domains, a family’s total score on the 63-item inventory

includes measurement of both risk and protective factors for child abuse and neglect. In
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the study of the prediction of risk, the interaction of these factors at the individual item
level contributes to a family’s overall score on the HFPI, and subsequently the family’s
risk for future maltreatment. Although the effect sizes for the analysis were determined
to be small, the practical relevance of this finding within the context of the prediction of
maltreatment across at-risk families has the potential to produce a large impact. More
specifically, at the individual family level, the strength of these analyses derive from the
fact that even a single point manipulation of the 63-item Healthy Families Parenting
Inventory accounted for some variance in maltreatment risk for families. This finding
has implication for social work policy and practice, as capturing even a small amount of
variation in a family’s maltreatment risk increases the opportunity enhanced protection of
children and development of tailored intervention strategies.
Predictive Validity of the HFPI Risk Classifications

In further examination of the Healthy Families Parenting Inventory, the total
composite score was dichotomized into risk classifications (at-risk, not at-risk) using the
total scores of the sample (N = 2,088) to assist practitioners in labeling families by risk
level rather than using interpretations of a total composite score. However, this
simplicity was gained at some cost, including reduction in statistical power (MacCallum,
Zhang, Preacher, & Rucker 2002; Cohen, 1983), an increase in the likelihood of finding
of a false positive in negative results (Austin & Brunner, 2004), and an underestimation
of variation between groups. Considering the implementation challenges specific to the
use of risk assessments (Shlonsky & Gambrill, 2014), the reward of establishing a valid

cut-point outweighed the potential risks, as ease of interpretation of a family’s level of
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risk for future maltreatment was prioritized for paraprofessionals working in early
childhood education home visitation programs.

The resulting risk classifications were developed through dichotomization of the
total Healthy Families Parenting Inventory total composite score using percentile
rankings. Establishing a cut-point using percentile rankings was determined to be the
most appropriate analytic approach, as the non-normative sample and relatively weak
predictive capacity of the Healthy Families Parenting Inventory total composite score
created difficulty in successfully utilizing alternative analytic strategies such as a ROC
curve to identify an optimal cut-point. Utilizing the optimized cut-point of 245 at the 25™
percentile, the sensitivity (true negative) value was 14.66%, and the specificity (true
positive) level was 88.10%. The subsequent false positive rate was 83.69%, and the
false negative rate was 12.08%. Further investigation of the predictive capacity of the
developed Healthy Families Parenting Inventory risk classifications occurred using
multiple analytic strategies including a chi square test (x?) and binary logistic regression
model. The analyses revealed that the established risk classifications of the Healthy
Families Parenting Inventory were predictive of the occurrence of a maltreatment
investigation with the Arizona Department of Child Safety.

Overall, these findings suggest that the Healthy Families Parenting Inventory risk
classifications can be used to predict a family’s level of risk for future maltreatment.
However, this finding should be interpreted cautiously, as the sensitivity rate of the
established risk classifications was low, suggesting that when used in practice, many
children who would go on to experience maltreatment would not be captured using the

HFPI risk classifications. As such, if the established risk classifications for the Healthy
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Families Parenting Inventory were to be used in early childhood home visitation practice
to predict future maltreatment risk, many children who may be at risk for maltreatment
will not be captured during the screening process. Further examination of an optimal cut-
point for the Healthy Families Parenting Inventory using a normative sample has the
potential to enhance opportunities to improve the sensitivity rate of the established cut-
point.

Predictive Validity of the Individual HFPI Subscale Domains

A second key finding of the dissertation relates to the predictive validity of the
nine individual subscale domains of the Healthy Families Parenting Inventory. This
dissertation expands previous work in the study of risk prediction across the public and
private child welfare systems, as previous examination of predictive validity of
maltreatment instruments has occurred primarily using risk classifications. In order to
expand the predictive reach of the Healthy Families Parenting Inventory, the predictive
validity of the nine subscales were analyzed using multiple analytic strategies including t-
tests (t), and binary logistic regression models. The analyses revealed that individually
the social support, problem solving, depression, personal care, role satisfaction, and
parenting efficacy subscales of the Healthy Families Parenting Inventory were predictive
of maltreatment.

Overall, these findings suggest that the social support, problem solving,
depression, personal care, role satisfaction, and parenting efficacy subscale domains of
the Healthy Families Parenting Inventory to be used individually in early childhood
education home visitation practice to predict a family’s risk for future maltreatment.

However, when all nine of the subscale domains were entered together into the full
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logistic regression model, the findings revealed a more complicated relationship between
the HFPI subscale domains and an investigation of maltreatment. Specifically, when all
nine of the HFPI subscale domains were entered into the logistic regression model
collectively, the findings suggested that the relationship between the HFPI subscale
domains and a maltreatment investigation was a result of the interaction of the nine
subscale domains rather than individual relationships between the subscales and a
maltreatment investigation. This finding was confirmed in the fully specified model,
which demonstrated several significant interactions between the nine subscale domains in
their relationship with a maltreatment investigation with the Arizona Department of Child
Safety.
Examination of the Collective Subscale Domains of the HFPI

When the nine subscale domains of the Healthy Families Parenting Inventory
were examined simultaneously in a single binary logistic regression model to examine the
interaction of the subscales in the prediction of maltreatment, the analysis revealed that
the relationships between several subscales and maltreatment transformed. Specifically,
the analysis demonstrated that only two subscale domains that were individually
predictive of a maltreatment report, including the personal care and parenting efficacy
subscale domains, remained significant predictors of a maltreatment report in the full
model. In addition, two subscale domains including the mobilizing resources and home
environment subscales that had not been significant predictors in the individual models
emerged as predictors in the full model. This finding is consistent with existing risk
prediction literature from an ecological perspective that suggests that a family’s risk for

maltreatment is multiplicative and multi-dimensional (Belsky 1980; Cicchetti & Rizley,
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1981; Scannapieco & Connell-Carrick, 2005; Pecora & Harrison-Jackson, 2014;
Thomlison, 2004); particularly among populations where an individual is facing multiple
risks across several ecological domains.

In examination of the personal care and parenting efficacy subscale domains,
these two subscales were significantly predictive in the individual models, and remained
inversely related to a maltreatment investigation in the full model, with only a small
reduction in significance in terms of predictive capacity. This finding suggests that the
personal care and parenting efficacy subscales predict maltreatment independently, but
also that their relationships are highly interdependent on a family’s scores on the
remaining subscale domains. For example, as a proxy for maternal stress management,
the relationship between the personal care subscale and a maltreatment investigation
highlights the well-established multifactorial relationship between psychological risk
factors for maltreatment such as maternal stress and well-being (Stith et al., 2009).
Existing work using the family stress model parses out this relationship in linking
maltreatment indicators such as economic pressure, parent psychological functioning,
interpersonal conflict, and parenting problems to maltreatment; often using parental or
familial stress as a mediator (Conger, Ge, Elder, Lorenz, & Simons, 1994; McLoyd,
1998). A similar relationship was demonstrated in the fully specified model in the study,
revealing that the personal care subscale had a significant interaction with the depression
subscale domain. Therefore, it is not only caregiver engagement in personal care
practices in isolation that is predictive of maltreatment, it is the interactive and
multiplicative nature of personal care strategies that interact with risk factors such as

depression in predicting a family’s risk for maltreatment. As it pertains to the parenting
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efficacy subscale, this construct is defined by many researchers and practitioners as the
“final common pathway” in the determination of effective parenting (Teti, O’Connell, &
Reiner, 1997, p. 238). The construct of parenting efficacy is known to be interactive, and
is both impacted by maltreatment risk factors, and subsequently predictive of
maltreatment. Specifically, parenting efficacy is impacted by socioeconomic
disadvantage and neighborhood characteristics (Warren & Font, 2015), and has been
determined to predict ecological variables related to maltreatment including adjustment to
parenthood, parenting stress, satisfaction with parenting role (Coleman & Karraker,
Reece & Harkless, 1998), and a host of developmental outcomes for children (Anzman-
Frasca, Stifter, Paul & Birch, 2013; (Verhage, Oosterman, & Schuengel, 2013; Jones &
Prinz, 2005). A similar relationship was demonstrated in the fully specified model
between the parenting efficacy subscale domain and the mobilizing resources subscale
domain, in that the two subscales had a significant interaction in their relationship with a
maltreatment investigation. The findings of this analysis demonstrate that the
relationship between parenting efficacy and maltreatment emerges among at-risk families
through complicated pathways where parental efficacy is developed over time and across
contextual ecological domains of the child and family system, and in turn serves to
influence parenting activities and strategies; ultimately contributing to maltreatment risk.
The subscale domains that were non-significant in individual models but emerged
as significant predictors of maltreatment in the full model illuminate underlying
interactions between the nine subscales and their relationship with maltreatment from an
ecological perspective. Specifically, in exploration of the home environment subscale,

item analyses of the nine subscale items revealed that a single item in the subscale #57 “I
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set rules for behavior in my home” when removed, changed the direction of the
relationship of the entire subscale when examined individually (B = -.005, Wald ¥*(1) =
.208; p = .649), and the significance level (B = .028, Wald ¢ (1) = 3.29; p = .070) when
examined in the full model, in that it was no longer significant. The analysis
demonstrated that this single item within the home environment subscale domain altered
the relationship between the subscale and maltreatment, suggesting that the subscale is
not a reliable or stable predictor of maltreatment. In further examination of the
mobilizing resources subscale domain, the relationship between the six individual items
of the subscale domain and maltreatment was found to be more complex and interrelated.
Specifically, in examination of the fully specified model, the mobilizing resources
subscale domain was found to have significant interactions with the home environment,
role satisfaction and parenting efficacy subscales. This finding suggests that the
relationship between a family’s risk for maltreatment across multiple ecological domains
and their subsequent utilization of community resources is consistent with existing
literature in highlighting the impact of surveillance bias (Chaffin & Bard, 2006; Olds et
al., 2005). Specifically, it is not a family’s connection to and knowledge of community
resources alone that causes an increase in a family’s risk for maltreatment. Rather, it is
the interaction between a family’s connection and knowledge of community resources
and compounded multidimensional risks across ecological domains that increases a
family’s risk level for maltreatment, thus bringing the subscale into significance in the
full model. For example, families at higher risk across ecological domains have fewer
needs met through individual and family resources, and subsequently have higher

community resource utilization rates than their lower risk peers (DePanfilis & Zuravin,
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1999). Compounded by multiple risks across the family system, this leads to greater
scrutiny of these higher risk families as they interact with community based service
providers and social service delivery systems more regularly, subsequently increasing
their risk for a maltreatment investigation as a result of suspected maltreatment.
Interaction of the HFPI Subscale Domains

A third key finding in the dissertation involves the interaction of the nine subscale
domains of the Healthy Families Parenting Inventory. This component of the dissertation
further confirmed the multidimensional nature of maltreatment risk, particularly as it
relates to the ability of protective factors to moderate the relationship between risk factors
and a maltreatment report among at-risk families. Specifically, this finding revealed the
usefulness in understanding the ability of the seven subscale domains of the Healthy
Families Parenting Inventory including social support, problem solving, personal care,
mobilizing resources, parent/child interaction, home environment, and parenting efficacy
to moderate the relationship between the role satisfaction and depression subscale
domains and the occurrence of maltreatment. Using moderation analysis in logistic
regression, the analyses revealed that the mobilizing resources and home environment
subscale domains were significant moderators of the relationship between the role
satisfaction domain and maltreatment.

Mobilizing Resources Subscale Domain

In examination of the mobilizing resources subscale domain as a moderator of the
relationship between the role satisfaction domain and the occurrence of a maltreatment
investigation, the findings demonstrated that the relationship between a family’s score on

the role satisfaction domain and the occurrence of a maltreatment investigation is
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impacted by their score on the mobilizing resources subscale domain. The analysis
specifically revealed that the relationship between a family’s score on the role satisfaction
subscale domain and the occurrence of an investigation of maltreatment with the Arizona
Department of Child Safety is different depending on a family’s score on the mobilizing
resources subscale domain. The relationship between a family’s score on the mobilizing
resources subscale domain and role satisfaction subscale domain was more pronounced
for families scoring at least one standard deviation below the mean on the mobilizing
resources subscale domain. Specifically, as a family is less connected to community
resources demonstrated by a lower score on the mobilizing resources subscale domain;
when the family’s role satisfaction improves (demonstrated by an increased score on the
role satisfaction subscale), this has the potential to decrease the family’s risk for the
occurrence of maltreatment by nearly 10.0%.

This moderated relationship suggests that from a developmental-ecological
perspective, a family’s connection and familiarity to community resources and supports
changes the relationship between their tolerance towards parenting activities and
subsequent maltreatment. For example, for families that are the most unfamiliar with and
disconnected to community resources, these parents are theoretically responsible for the
sole burden of parenting and resource obtainment for their families. For these caregivers,
when their perception of their parental role is seen as less burdensome, their risk for
maltreatment is reduced. Contrarily, for families that are very connected to and familiar
with community resources and supports, these caregivers theoretically have established

support and assistance in sharing responsibility for parenting and obtaining necessary
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household resources. Subsequently, as their perception of their parental role is seen as
less burdensome, their relationship with maltreatment is not nearly as significant.

Home Environment Subscale Domain

Specifically pertaining to the home environment subscale domain as a moderator
of the relationship between the role satisfaction domain and the occurrence of
maltreatment, the findings revealed that the relationship between a family’s score on the
role satisfaction domain and the occurrence of a maltreatment investigation is impacted
by the family’s score on the home environment subscale domain. This finding highlights
an important component of understanding a family’s multi-dimensional risk for
maltreatment across ecological domains as it pertains to the relationship between a
parent’s capacity to prepare their home for their child, and their satisfaction in their role
as a parent. Specifically, the analysis revealed that the relationship between a family’s
score on the role satisfaction subscale domain and the occurrence of maltreatment is
different depending on a family’s score on the home environment subscale domain. The
relationship between a family’s score on the home environment and role satisfaction
subscales was more pronounced for families scoring at least one standard deviation below
the mean on the home environment subscale domain. The analysis specifically revealed
that as a family’s home is less prepared for their child, demonstrated by a lower score on
the home environment subscale domain, when a family’s role satisfaction improves
(demonstrated by an increased score on the role satisfaction subscale), this has the
potential to reduce the family’s risk for the occurrence of maltreatment investigation by

nearly 10.0%.
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This moderated relationship suggests that from a developmental-ecological
perspective, as a family’s home environment becomes more structured and safe, this
changes the relationship between their acceptance towards parenting activities and
maltreatment. For instance, for families who reside in chaotic home environments with
limited structure, these families likely present with multiple home environment related
risk factors for maltreatment across ecological domains such as poverty (Coulton et al.,
1995; Drake & Pandey, 1996), and overcrowded and unstable housing (Warren & Font,
2015; Culhane et al., 2003). As such, these children are more likely to receive less
stimulation from their caregivers (Rutter, 2000), as household members are more highly
focused on survival oriented tasks rather than on higher-ordered attachment and self-care
activities. For these families, as their perception of their parental role is seen as less
burdensome, their risk for maltreatment is reduced. Contrarily, for families who reside in
less chaotic home environments that are well prepared for a child, these families likely
have an enhanced capacity to focus on higher ordered parenting tasks such as attachment
and bonding rather than solely on task-oriented concrete needs. Subsequently, as their
perception of their parental role is seen as less burdensome, their relationship with
maltreatment is not nearly as significant.

Predictive Validity of the Red Flag and Strength Indicator Items

A fourth key finding in the dissertation involves an exploration of the predictive
validity of the individual red flag and strength indicator items of the Healthy Families
Parenting Inventory. These findings expand the existing literature base pertaining to
public and community based risk assessment instruments by investigating the predictive

capacity of individual instrument items. In particular, at the level of an individual item of
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the Healthy Families Parenting Inventory, a practitioner can be easily alerted during the
assessment as a result of a caregiver’s score on an individual item that further
intervention is required within a specific risk domain. Using t-tests (t) and regression
models as analytic strategies, the predictive validity of individual strength and red flag
items of the Healthy Families Parenting Inventory were analyzed, demonstrating that
several red flag and strength indicator items were predictive of a maltreatment
investigation with the Arizona Department of Child Safety.

In the analyses examining the predictive capacity of the strength and red flag
indicator items, bivariate analyses revealed that when examining the red flag indicator
questions, only four red flag items including “I feel drained dealing with my child”; “I
feel sad”; “I have so many problems I feel overwhelmed by them”; and “I feel unhappy
about everything” were significantly higher for families who experienced maltreatment
than those that did not. In examination of the strength indicator items of the Healthy
Families Parenting Inventory, bivariate analyses revealed that the seven items including
“I feel others care about me”; “If I have trouble, I feel there is always someone I can turn
to for help”; “I remain calm whenever new problems come up”; “I feel positive about
myself”; “I can remain calm when my child is upset”’; “ I am proud of myself as a
parent” “I learn new parenting skills and use them with my child.” had significantly
higher average scores for families that did not experience maltreatment than those that
did. However, when a binary logistic regression model was used as an analytic strategy,
the analysis found only three items to be predictive of an investigation of maltreatment

including the red flag indicator items “I feel drained dealing with my child” and “I have
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so many problems I feel overwhelmed by them” followed by the strength indicator item
“If I have trouble, I feel there is always someone | can turn to for help.”

Overall, these findings do not support the expansion of the red flag and strength
indicator items of the Healthy Families Parenting Inventory to be used in early childhood
home visitation practice to predict a family’s risk for future maltreatment. In comparison
to previous findings in this dissertation, the total composite score, risk classifications, and
individual subscale domains of the Healthy Families Parenting Inventory would be more
appropriate for use in a predictive capacity.

Operationalized Risk and Protective Factor Subscales

The fourth key finding of the dissertation explored the predictive validity of two
operationalized subscales collectively measuring risk and protective factors within the
Healthy Families Parenting Inventory. This finding provides practical innovation to the
study of risk prediction through examination of the predictive capacity of both risk and
protective factors for maltreatment across ecological domains. Targeting the
measurement of a family’s risk and protective factors provides an opportunity to enhance
the skillsets of practitioners to build upon a family’s protective factors as a strategy to
reduce the family’s risk for future maltreatment. Operationalizing the red flag and
strength indicator items into risk and protective factor subscales presents the opportunity
to provide immediately useful feedback to practitioners regarding a family’s established
risk and protective factors across ecological domains, allowing
for ease of identification of intervention strategies. The predictive validity of the
operationalized Healthy Families Parenting Inventory risk and protective factor subscale

domains were analyzed using multiple analytic strategies including independent samples
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t-tests(t) and binary logistic regression models. The analyses revealed that a family’s
score on both the protective factor and risk factor subscales were predictive of
maltreatment.

Overall, these findings support the expansion of the operationalized risk and
protective factor subscales of the Healthy Families Parenting Inventory to be used in
early childhood home visitation programming to predict a family’s risk for future
maltreatment. The promotion of these subscales in practice provides an opportunity for
risk prediction instruments to incorporate similar subscales within established
instruments in order to promote ease of interpretation and utilization of data to drive
targeted intervention planning for at-risk families. While the effect sizes of the
operationalized subscales as measured by Cohen’s d were small, this finding should be
interpreted cautiously, as practical relevance of this finding within the context of the
prediction of maltreatment across at-risk families as the potential to produce a significant
impact. Specifically as it pertains to the operationalized risk and protective factor
subscale domains, the strength of these analyses derive from the fact that a single
increase and decrease on the subscale score accounted for some variance in maltreatment
risk for families. Particularly in maltreatment risk prediction, capturing even a small
amount of variance in a family’s risk for maltreatment provides an opportunity for
targeted treatment planning that disentangles complexities in the interaction between risk
and protective factors during treatment plan development and subsequent service

provision.

231



Influence of Socio-Demographic Characteristics in the Prediction of Risk

The final key finding of the dissertation pertaining to the predictive capacity of
socio-demographic characteristics in the study of maltreatment risk prediction emerged
during the analyses. Specifically, this finding has implications for the study of
maltreatment risk prediction in early childhood home visitation programs in regards to
capturing the multidimensional nature of maltreatment risk through incorporation of
static and dynamic characteristics into risk prediction models. Specifically, the analyses
demonstrated that several socio-demographic variables including a family’s household
income, maternal ethnicity, a family’s marital status, and the child’s birth weight were
significant predictors in the bivariate analyses. When these variables were included in
the multiple binary logistic regression models, the family’s income in addition to the
family’s marital status were found to be significant predictors of a maltreatment
investigation across models.

Overall this finding provides support for the use of socio-demographic variables
in the prediction of maltreatment risk. In early childhood home visitation programming,
using socio-demographic variables in risk assessment has the potential to transform a
practitioner’s understanding of a family’s risk profile to include variables from across
ecological domains. Using a strengths-focused framework important in home visitation,
dynamic socio-demographic variables present opportunities for innovative intervention
strategies in empowering families to take an active role in reducing their family’s risk for
future maltreatment. For instance, demographic and socio-economic variables such as a

family’s income or household stability can assist the home visitor in understanding a
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family’s risk for future maltreatment, and can direct treatment planning in order to
enhance rapport building and strengthening familial autonomy.
Contributions of the Current Study

The most important contribution from this dissertation is that the results validated
the expanded use of the Healthy Families Parenting Inventory to predict a family’s risk
for the occurrence of future maltreatment in Arizona. Based on these findings, home-
visitors can be confident that a family’s score on the Healthy Families Parenting
Inventory has a meaningful relationship with the family’s potential risk for an
investigation of maltreatment with the Arizona Department of Child Safety. However,
conversely, this dissertation also illustrated weaknesses within the instrument to be used
as a predictor of a family’s risk for future maltreatment. These weaknesses do not
necessarily represent a flaw in the instrument, as the Healthy Families Parenting
Inventory was not developed as a risk assessment instrument, rather it was developed to
be utilized in the facilitation of a comprehensive assessment for purposes of treatment
planning and measurement of outcomes over time. An important finding from this
dissertation is that treatment planning and outcome instruments can be used successfully
in the prediction of maltreatment in the absence of the public child welfare system. Past
research has approached risk prediction with instruments that rely heavily on static
factors and are not easily incorporated into a social service setting. The advantage of an
instrument like the Healthy Families Parenting Inventory is that it can both predict a level
of maltreatment and function to suggest needs and services that reduce the likelihood of
maltreatment occurring. The findings suggest an opportunity for stakeholders to make

adjustments to how the instrument is used in order to improve practice.
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From an academic perspective, this dissertation represents a rigorous validation of
the Healthy Families Parenting Inventory to predict a family’s risk for maltreatment. The
study uses a variety of standard statistical approaches to ensure that the results were
accurate, including both bivariate analyses and logistic regression models that controlled
for relevant covariates. Because of the wide range of statistical analyses utilized in this
study, greater confidence can be placed in the findings, and in turn the conclusions drawn
from the analyses. Further, this dissertation adds to the existing literature in exploring the
use of a strengths-based assessment instrument widely used in early childhood home
visitation to predict a family’s risk for future maltreatment. The findings presented in
this dissertation contribute to the growing body of literature that explores the predictive
validity of assessment instruments across child welfare settings. Most of the existing
literature to date has focused on the use of assessment instruments to predict
maltreatment in the context of the public child welfare system after an allegation of
maltreatment has been received. However, the findings here suggest an untapped
opportunity to utilize a strengths-based assessment instrument from a developmental-
ecological perspective to predict a family’s risk for future maltreatment in the absence of
public child welfare involvement. These findings suggest that, despite the challenges
facing early childhood home visitation programs in predicting a family’s risk for future
maltreatment during assessment, there are several opportunities within social work policy
and practice that prevention and community based programs can utilize to improve the

identification of families most at risk.
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Implications for Social Work Policy

The public child welfare system was never intended to serve the vast numbers of
children and families that are involved in the system today. The majority of children
reported to state child welfare agencies are victims of neglect (USDHHS, 2015a). This
suggests that many families are struggling with issues related to poverty, substance abuse,
mental health concerns, or domestic violence that are impeding their ability to provide
safe and effective care for their children. Many of these children and their families
interact with a wide range of public and private systems, including early childhood home
visitation services, prior to involvement with the public child welfare system.
Subsequently, community based early childhood home visitation programs are in an
optimal position to engage in the assessment of maltreatment risk during the course of
service provision. Early identification of risk prior to involvement with public child
welfare systems has the capacity stabilize families most at risk for future maltreatment,
diverting children and their families away from the child welfare system towards the
development of more safe and stable family systems.

In recent years, expansion of home visitation programming in the United States
has occurred as a result of shifting public policy and the recognition across the field of
child welfare that prevention programming can be an incredibly power intervention in
protecting children from abuse and neglect (Mikton & Butchart, 2009; Russell et al.,
2007; Stagner & Lansing, 2009). Among existing prevention programs, home visitation
interventions specifically have been identified as an effective intervention to improve
parental capacities to care for their children and prevent abuse and neglect (Astuto &

Allen, 2009; Stoltzfus & Lynch, 2010). However, because of wide variation in risk
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among this population (Sweet & Applebaum, 2004; Duggan et al., 2007; Tandon et al.,
2008), home visitation programs providing services to this population must pay specific
attention to a family’s risk for future maltreatment. Families at risk for maltreatment
involved in early childhood prevention programs often have unmet needs across
developmental-ecological levels, with each multiplicative risk factor shifting a family’s
risk for maltreatment over time. Subsequently, the utilization of risk assessment in home
visitation programming has the capacity to better meet the needs of families at various
levels of risk by targeting a family’s risk and protective factors. Incorporating the
prediction of risk and comprehensive strengths-based assessment into home visitation
provides an untapped resource for assisting policy makers in utilizing data to prioritize
service funding to at-risk families; ultimately enhancing opportunities to provide families
with the right service at the right time.
Implications for Social Work Practice

In current home visitation practice, home-visitors often have high caseloads of at-
risk families, with no standardized means of differentiating between families at varying
levels of risk for future maltreatment. Existing research in this area has primarily focused
on the use of risk assessment instruments in the public child welfare domain, with little
work exploring risk assessment opportunities in early childhood home visitation practice.
This exploratory research highlights an untapped opportunity to utilize a strengths-based
assessment instrument to predict a family’s risk for future maltreatment in an early
childhood home visitation setting. Specific to the Healthy Families Parenting Inventory,
as shown in Chapter Four, a family’s score on multiple components of a Healthy Families

Parenting Inventory can be used to predict the occurrence of a report of maltreatment to
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the Arizona Department of Child Safety at approximately one year of instrument
completion. This finding confirms the utility of the Healthy Families Parenting Inventory
to assist practitioners working in home visitation settings to identify families most at risk
for future maltreatment based on their score on the inventory. Furthermore, for
practitioners requiring a brief assessment, or whom are interested in only specific
dimensions of family functioning, individual subscales of the Healthy Families Parenting
Inventory demonstrated the capacity to uniquely predict the occurrence of a maltreatment
investigation with the Arizona Department of Child Safety. This finding is suggestive
that home-visitors can be confident in utilizing both a family’s total composite score on
the Healthy Families Parenting Inventory as well as specific subscale domains to not only
assess family needs for purposes of case plan development, but also predict a family’s
risk for abusive or neglectful parenting practices.

Social work practitioners working with at-risk children and families such as those
enrolled in early childhood home visitation, must conduct intake assessments that
incorporate questions pertaining to the assessment of risk across multiple domains.
Considering the nature of risk for maltreatment is cumulative (Burton & Hardaway,
2012; MacKenzie et al., 2011; McGuigan & Pratt, 2001; Rumm et al., 2000), assessment
instruments that are not comprehensive in nature have the potential to miss risk and
protective factor indicators that are important to understanding a family’s interactive risk
for future maltreatment. The findings from this study demonstrate the predictive capacity
of multidimensional risk and protection components within the Healthy Families
Parenting Inventory; illuminating the capacity of the inventory to support home-visitors

in identifying factors across multiple developmental-ecological domains. This viewpoint
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is consistent with the person-in-environment and bio-psychosocial-spiritual approaches
important to social work practice. The strengths-based language used in the Healthy
Families Parenting Inventory facilitates rapport building between the home-visitor and
family during data-driven treatment planning, allowing for the development of
comprehensive treatment plans that not only target risk factors, but assist families in
building upon their strengths. Home-visitors can infuse these findings directly into
practice to better prioritize at-risk families on their caseloads, and provides the
opportunity for the provision of tiered services to families based on their level of risk.
Facing limited resources, expanding the use of the Healthy Families Parenting Inventory
to predict a family’s risk for future maltreatment provides an opportunity to provide
services with enhanced precision to at-risk families enrolled in home visitation
programming. Utilizing a strengths-based assessment instrument in prevention practice
to predict risk therefore not only makes practical sense, but also aligns with social work
ethics and values, particularly in the areas of service, competence, and the inherent
dignity/worth of the person (National Association of Social Workers, 2017). The
findings of this dissertation including the influence of specific items and subscales within
the Healthy Families Parenting Inventory to predict future maltreatment provides
opportunities to shape practice at the programmatic level by guiding practitioners in
developing individualized treatment plans that target reduction among specific risk
factors and promote enhancement of protective factors to optimally enhance child safety

and improve child and family well-being.
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Limitations and Ethical Considerations

Every effort was made to address all relevant concerns regarding the collection
and analysis of the data, however there were several limitations that could not be
addressed. These limitations are discussed in detail below, and provide insights on how
future research can improve and expand on this dissertation.
Sampling

As discussed in Chapter Three, a key component of this dissertation is the
utilization of administrative data. Among children captured in Healthy Families Arizona
home visitation data, the purpose of this dissertation is to examine the utility of a widely
utilized assessment instrument, the Healthy Families Parenting Inventory, to predict a
family’s risk for future maltreatment. The data collected for this study were originally
collected for alternative purposes, including coordination of service provision in home
visitation, and confirmation of child abuse and neglect in Arizona’s public child welfare
system. Consequently, a limitation of this dissertation is its inability to include the
broader population of children in the analysis who also might have benefited from home
visitation services, but were either not identified in the community as at-risk, or declined
voluntary enrolment in the Healthy Families Arizona intervention. The resulting sample
IS non-normative, as all participants met criteria as at-risk for maltreatment, thus limiting
the generalizability of the dissertation findings.
Setting

The second limitation of the study pertains to the impact of the early childhood
home visitation intervention on the sample population. The entire sample that was used

for analysis in the dissertation were enrolled in home visitation treatment programming
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for varying periods of time, and received specialized treatment that targeted specific risk
factors for child abuse and neglect within their family system. Because of the family’s
involvement in the early childhood home visitation intervention, every family that
participated in the study received services designed to reduce their family’s risk for future
abuse and neglect. Subsequently, treatment effects may potentially influence the
participating family’s risk for future maltreatment. To examine the influence of the effect
of treatment between groups, the length of time a family was involved in the Healthy
Families Arizona intervention, as well as the number of home-visits received during
enrolment, were analyzed between families who received an investigation of
maltreatment with the Arizona Department of Child Safety and those that did not. In the
bivariate analyses, no significant differences were found between families who received
an investigation of maltreatment with the Arizona Department of Child Safety and those
that did not in terms of their overall dosage of the Healthy Families Arizona intervention.
Nonetheless a family’s involvement in the program could have influenced the strength of
the Healthy Families Parenting Inventory’s predictive validity.
Implementation

A third limitation of the study includes the implementation of the Healthy
Families Parenting Inventory by home-visitors among the sample population. It was
necessary to conduct this study with an assumption that the implementation of the
Healthy Families Parenting Inventory across the state of Arizona was uniform and sound
in practice. Further, it was necessary to assume that the home-visitors who were trained
in the Healthy Families Parenting Inventory continued to follow all of the policies and

procedures recommended in implementation of the inventory. However, there is no
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fidelity study attached to this dissertation to ensure that this assumption was not
misguided. If staff had “drifted” away from appropriate policy and procedure during
administration of the Healthy Families Parenting Inventory, it could have seriously
impacted the validity of this data. Given the nature of this data, no fidelity measures
could be computed, and thus the impact of any “drift” remains unknown.
Dichotomous Dependent Variable

A fourth limitation of the study is that the dependent variable was examined as
dichotomous. This approach is consistent with the majority of the previous literature
examining the predictive validity of assessment instruments to predict maltreatment, but
some researchers have attempted to treat maltreatment as a continuous variable.
Methodologically, treating maltreatment occurrence as a continuous variable by number
of reports received may cause problems because of its positive skew, yet when treating
maltreatment occurrence dichotomously, the variable loses information on the frequency
of the occurrence of maltreatment. While operationalizing maltreatment as a
dichotomous outcome is traditionally preferable, its use may underestimate or
overestimate the predictive validity of the instrument by treating all maltreatment as the
same (e.g., one occurrence of a maltreatment investigation is equivalent to multiple
occurrences). Due to the binary nature of maltreatment in this study, the frequency at
which maltreatment investigations occur remains unknown.
Reliance on Official Records

The final limitation of the study is reliance on official records. Measurement of
both independent variables pertaining to family’s scores on the Healthy Families

Parenting Inventory and socio-demographic variables, in addition to the dependent
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variable of the occurrence of a maltreatment investigation, relied exclusively on official
data from Healthy Families Arizona and the Arizona Department of Child Safety.
Though the use of records from community and social service agencies seem
comprehensive, reliance on official data only captures information known to each
individual agency. Specifically as it pertains to socio-demographic data from Healthy
Families Arizona, while there was limited missing data, the accuracy of the data and
exact data collection procedures were unknown. Furthermore, the use of secondary data
limited the type and frequency of socio-demographic variables that could be controlled
for as covariates in the logistic regression models. Specifically, in relation to the Arizona
Department if Child Safety, official maltreatment data was gathered from the Department
of Child Safety database, including only maltreatment information reported to the agency
during the study years. Consequently, the occurrence of a maltreatment investigation is
unique to state and agency guidelines specific to the geographic location and time-period
of the study, limiting generalizability. Furthermore, this information cannot tap into the
unknown occurrence of maltreatment. That is, it is likely that the maltreatment
investigation rates presented and studied in this dissertation underestimate the “true”
occurrence of maltreating behavior exhibited in this population.
Ethical Considerations

The final limitation centers on the ethics of using a risk assessment instrument to
assess maltreatment risk among early childhood home visitation populations. Although
risk instruments are frequently used to risk-stratify patients in healthcare settings, the
application of this approach in early childhood home visitation presents unique ethical

challenges. First, predicting risk of maltreatment from data collected for the purposes of
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prevention programming raises concerns. Unlike healthcare settings in which
instruments are used to predict hospital admissions and health outcomes, calculating
maltreatment risk scores for children has the potential to stigmatize already marginalized
and oppressed families. Additionally, ethical issues surround the extent to which a
prevention agency may have the obligation to intervene once a risk score is computed.
For example, if an at-risk family later refuses voluntary services, does the agency have
any additional obligation to the child, or should the home visitation program increase its
surveillance of the family, or notify the public child welfare system of the family’s
declination of services? In this case, the risk score would theoretically pre-empt an
investigation of maltreatment with the Arizona Department of Child Safety. If a family’s
risk score changes over the course of services, does the home-visitor have an obligation
to inform the family of this increased level of risk?

Although these complex ethical issues must be considered in the study of
prediction of risk for future maltreatment, reliance on instruments that can accurately
predict a family’s risk for maltreatment can also serve to enhance decision-making
equity. The utilization of risk prediction instruments in public child welfare has the
potential to imbue interactions with a family with potential bias and discrimination in
terms of life altering decisions for families. However, the use of risk prediction in home
visitation utilizes a family’s risk score as a means of decision-making pertaining to the
provision of additional support to a family, rather than relying on risk scores for purposes
of punitive decision-making. The utilization of risk prediction in early childhood home
visitation practice has the potential to assist home-visitors in utilizing strategies that are

reliable predictors of maltreatment, thus establishing a common threshold for decision-
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making that has the potential to reduce clinical preconceptions in maltreatment
assessment and treatment.
Future Research

In addition to social work practice and policy implications, future research
stemming from this work includes the exploration of risk assessment in prevention and
community based programs, enhanced development of prevention programming, as well
as examination of the effect of risk at all developmental-ecological domains across family
systems. Primarily, the dissertation findings highlight the opportunity to incorporate risk
assessment instruments to predict a family’s risk for future involvement with public child
welfare systems among families who are involved in early childhood prevention
programming. Given that the Healthy Families Parenting Inventory was not developed as
a risk assessment instrument, the potential for future research to examine whether there
are opportunities to strengthen the predictive capacity of the instrument through
adaptation and re-organization of existing inventory items is significant.

First, the sample used for the dissertation focused exclusively on families
identified as at-risk for maltreatment who were voluntarily engaged in an early childhood
home visitation program in the state of Arizona. As a result, these findings may be
imbued with differences among participating families that are not uniform across all
families at-risk for child maltreatment. That said, future studies that utilize diverse
populations from varying demographic regions have the potential to assist in further
illuminating this subject. Incorporation of more diverse sample populations will enhance
opportunities for further validation of the Healthy Families Parenting Inventory.

Next, given that this dissertation examines a family’s risk for maltreatment at a
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single point in time, future longitudinal studies that examine how a family’s score on the
Healthy Families Parenting Inventory changes over time through developmental-
ecological contextual changes in the household would be particularly meaningful to
enhanced validation of the instrument. Such longitudinal work has the opportunity to
capitalize on the predictive validity of a family’s score on the Healthy Families Parenting
Inventory at different points in time by tracking a family’s risk for maltreatment
occurrence longitudinally. This has the potential to provide information not only
pertaining to enhanced predictive validity of the instrument, but also would allow for the
opportunity to examine the interaction of strength and protective factors over time as it
pertains to their relationship to maltreatment.

Finally, the findings from this dissertation highlight an opportunity to adapt
components of the Healthy Families Parenting Inventory to strengthen the predictive
capacity of the instrument. Specifically, this dissertation provided an exploratory
analysis of the predictive capacity of several components of the Healthy Families
Parenting Inventory. Further research exploring the impact and relationship of individual
items and the occurrence of maltreatment would be valuable in further clarifying the
findings from this study, and strengthening the instrument. For instance, three of the nine
Healthy Families Parenting Inventory subscales and five of the seven red flag indicator
items were not predictive of a future investigation of maltreatment. Future research
should further explore these relationships to identify specifically what processes are
driving these relationships, and how modifications to the instrument could enhance the
predictive capacity of individual items and subscales of the inventory. In sum, this

dissertation provides support for the view that several components of the Healthy
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Families Parenting Inventory are predictive of future maltreatment and future research
aimed at illuminating these relationships could have both practical and academic
implications by improving the validity of the instrument and enhancing what researchers
know about risk and protective factors among home visitation populations.
Conclusion

The subject of the prediction of risk in early childhood home visitation programs
has strong implications for social work policy and practice, as well as the potential to
inform future social work research. The findings from this dissertation concerning the
predictive validity of the strengths-based Healthy Families Parenting Inventory
demonstrate that multiple components of the instrument have the utility to predict a
family’s risk for future maltreatment 12-months after completion of the instrument at
time of program enrollment in Healthy Families Arizona. Through this enhanced
understanding of a family’s risk for maltreatment in the absence of public child welfare
involvement, social work practitioners have the opportunity to increase their capacity to
identify a family’s risk for maltreatment early, before the public child welfare system
becomes involved. This early identification has the capacity to divert families away from
the public child welfare system through prioritization of services to families determined
to be most at risk, and development of comprehensive treatment plans that target the most
salient risk factors and build upon protective factors through a developmental-ecological
lens. Working together, it is possible to advance the field of child welfare to better
address the needs of families involved in early childhood prevention efforts, and at the
same time improve outcomes for young children and their families, ultimately

strengthening the next generation.

246



References

Aber, J.L. (1994). Poverty, violence, and child development: Untangling family-and-
community level effects. In C. Nelson (Ed.), Threats to optimal development:
Integrating biological, psychological, and social risk factors (\Vol. 27, pp. 229-
272). Mahwah, NJ: Lawrence Erlbaum.

Abidin, R.R. (1992). The determinants of parenting behaviour. Journal of Clinical Child
Psychology, 21(4), 407-412.

Abidin, R.R. (1995). Parenting Stress Index: Manual (3" ed.). Odessa, FL: Psychological
Assessment Resources.

Abidin, R.R. (2006). The Parenting Stress Index. In R.P. Archer (Eds.), Forensic uses of
clinical assessment instruments (pp. 297-328). Ahwah, NJ: Lawrence Erlbaum
Associate Publishers.

Abidin, R.R. (1997). Parenting Stress Index: A measure of the parent-child system. In
C.P. Zalaquett & R.L. Wood (Eds.), Evaluating stress: A book of resources (pp.
277-291). Lanham, MD: Scarecrow Press.

Casey Family Programs & American Humane Association (2009). Breakthrough Series
Collaborative: Safety and Risk Assessments. Retrieved from
http://www.americanhumane.org/assets/pdfs/children/bsc-final-report.pdf.

Ammerman, R. T., Putnam, F. W., Bosse, N. R., Teeters, A. R., & Van Ginkel, J. B.
(2010). Maternal depression in home visitation: A systematic review. Aggression
and Violent Behavior, 15(3), 191-200.

Ammerman, R.T., Mekibib, A., Putham, F.W., Teeters, A.R., Zou, Y., & Van Ginkel,
J.B. (2015). Depression improvement and parenting in low-income mothers in
home visiting. Archives of Women's Mental Health, 18(3), 555-563.

Ammerman, R.T., Putnam, F.W., Altaya, M., Stevens, J., Teeters, A.R., & Van Ginkel,
J.B. (2013). A clinical trial of in-home CBT for depressed mothers in home
visitation. Behavior Therapy, 44(3), 359-372.

Anglin, J.P. (2002). Risk, well-being, and permanency in child protection: The need for
transformation. Child and Youth Care Forum, 31(4), 223-255.

Appleyard, K., Egeland, B., Van Dulmen, M., & Sroufe, L.A. (2005). When more is not

better: The role of cumulative risk in child behavior outcomes. Journal of Child
Psychology and Psychiatry, 46(3), 235-245.

247



Astuto, J., & Allen, L. (2009). Home visitation and young children: An approach worth
investing in? Social Policy Report, 23(1), 3-21.

Austin, P.C., & Brunner, L.J. (2004). Inflation of the type | error rate when a continuous
confounding variable is categorized in logistic regression analyses. Statistical
Methodology, 23(7), 1159-1178.

Austin, M., D’Andrade, A., Lemon, K., Benton, A., Chow, B., & Reyes, C. (2005). Risk
and safety assessments in child welfare: Instrument comparisons. Berkeley, CA:
University of California.

Avellar, S. A., & Supplee, L. H. (2013). Effectiveness of home visiting in improving
child health and reducing child maltreatment. Pediatrics, 132(2), S90-S99.

Avellar, S., Paulsell, D., Sama-Miller, E., Del Grosso, P., Akers, L., & Kleinman, R.
(2014). Home visiting evidence of effectiveness: Executive summary. Washington
DC: Office of Planning, Research and Evaluation, Administration for Children
and Families, U.S. Department of Health and Human Services.

Azzi-Lessing, L. (2010). Meeting the mental health needs of poor and vulnerable children
in early care and education programs. Early Childhood Research and Practice,
12(1), 1-14.

Azzi-Lessing, L. (2011). Home visitation programs: Critical issues and future directions.
Early Childhood Research Quarterly, 26(4), 387-398.

Baird, C. (1988). Development of risk assessment indices for the Alaska department of
health and social services. In T. Tatara (Ed.), Validation research in CPS risk
assessment: Three recent studies (pp. 85-139). Washington, DC: American
Public Welfare Association.

Baird, C., & Wagner, D. (2000). The relative validity of actuarial and consensus-based
risk assessment systems. Children and Youth Services Review, 22(11), 839-871.

Baird, C., Wagner, D., Healy, T., & Johnson, K. (1999). Risk assessment in child
protective services: Consensus and actuarial model reliability. Child Welfare,
78(6), 723-748.

Baird, C., Wagner, D., Caskey, R., Neuenfeldt, D. (1995). The Michigan Department of
Social Services Structured Decision Making System. An evaluation of its impact
on child protective services. Madison, WI: Children’s Research Center.

Baird, C., Wagner, D., & Neunfeldt, D. (1993). Actuarial risk assessment and case
management in child protective services. In T. Tatara (Ed.), Sixth National
Roundtable on CPS Risk Assessment Summary of Highlights (pp. 152-168).
Washington, DC: American Public Welfare Association.

248



Baldwin, N., & Spencer, N. (2000). Strategic planning to prevent harm to children. In
Baldwin, N. (Ed.), Protecting children: promoting their rights (pp. 159-171).
London, UK: Whiting & Birch.

Barlow, J., & Scott, J. (2010). Safeguarding in the 21% Century: Where to now?
Dartington, UK: Research in Practice.

Barlow, A., Varipatis-Baker, E., Speakman, K., Ginsburg, G., Friberg, 1., Goklish, N.,
Cowboy,
B.,...& Walkup, J. (2006). Home visiting intervention to improve child care
among American Indian adolescent mothers: A randomized trial. Archives of
Pediatrics & Adolescent Medicine, 160(11), 1101-1107.

Baumann, D. J., Law, J. R., Sheets, J., Reid, G., & Graham, J. C. (2005). Evaluating the
effectiveness of actuarial risk assessment models. Children and Youth Services
Review, 27(5), 465-490.

Bavolek, S. J. & Keene, R. G. (2001). Adult-Adolescent Parenting Inventory AAPI-2:
Administration and Development Handbook. Eau Claire, WI: Family
Development Resources, Inc.

Bavoleck, S.J. (1989). Adult-Adolescent Parenting Inventory (AAPI): Eau, Claire: WI:
Family Development Resources.

Begle, A., Dumas, J.E., & Hanson, R.F. (2010). Predicting child abuse potential: An
empirical investigation of two theoretical frameworks. Journal of Clinical Child
& Adolescent Psychology, 39(2), 208-219.

Belsky, I., & Vondra, J. (1989). Lessons from child abuse: The determinants of parenting.
In D. Cicchetti & V. Carlson (Eds.), Child maltreatment theory and research on
the causes and consequences of child abuse and neglect (pp. 129-153). New
York: Cambridge University Press.

Belsky, J. (1993). Etiology of child maltreatment: A developmental-ecological analysis.
Psychological Bulletin, 114(3), 413-434.

Belsky, J. (1980). Child maltreatment: An ecological integration. American Psychologist,
35(4), 320.

Bennett, D.S., Sullivan, M.W., & Lewis, M. (2006). Relations of parental report on
observation of parenting to maltreatment history. Child Maltreatment, 11(1), 63-
75.

Berger, L. M., Paxson, C., & Waldfogel, J. (2009). Mothers, men, and child protective
services involvement. Child Maltreatment, 14(3), 263-276.

249



Berger, L.M., Paxson, C., & Waldfogel, J. (2010). Income and Child Development.
Children Youth Services Review, 31(9), 978-989.

Berger, L.M. (2007). Socioeconomic factors and substandard parenting. Social Service
Review, 81(3), 485-522.

Berger, L. (2005). Income, family characteristics, and physical violence toward children.
Child Abuse & Neglect, 29(2), 107-133.

Berlin, L.J., Appleyard, K., & Dodge, K.A. (2011). Intergenerational continuity in child
maltreatment: Mediating mechanisms and implications for prevention. Child
Development, 82(1), 162-176.

Bilukha, O., Han, R., Crosby, A., Fullilove, M., Liberman, A., & Moscicki, E. (2005).
The effectiveness of early childhood home visitation in preventing violence: A
systematic review. American Journal of Preventative Medicine, 28(2), 11-39.

Blair, C., Granger, D.A., Willoughby, M., Mills-Koonce, R., Cox, M., Greenber, M.T...
Fortunato, C.K. (2011). Salivary cortiso mediates effects of poverty and parenting
on executive functions in early childhood. Child Development, 82(6) 1970-84.

Bolger, K.E., & Patterson, C.J. (2003). Sequelae of Child Maltreatment: Vulnerability
and resilience. In S.S. Luthar (Ed.), Resilience and vulnerability: Adaptation in
the context of childhood adversities (pp. 156-182). New York, NY: Cambridge
University Press.

Borrego, J., Timmer, S.G., Urquiza, A.J., & Follette, W.C. (2004). Physically abusive
mother’s responses following episodes of child noncompliance and compliance.
Journal of Consulting and Clinical Psychology, 72(5), 897-903.

Bousha, D.M., & Twentyman, C.T. (1984). Mother-child interactional style in abuse,
neglect and control groups: Naturalistic observations in the home, Journal of
Abnormal Psychology, 93(1), 106-114.

Bowlby, J. (1980). Attachment and loss: Loss, sadness and depression (Vol. 3). New
York, NY: Basic Books.

Brayden, R.M., Atlemeier, W.A., Tucker, D., Dietrich, M., & Vietze, P. (1992).
Antecedents of child neglect in the first two years of life. Journal of Pediatrics,
120(3), 426-429.

Briere J., Erickson M.F., & Egeland, B. (1996). The APSAC handbook on child
maltreatment. Thousand Oaks, CA: Sage Publications.

250



Bronfenbrenner U. (1979). The ecology of human development: Experiments by nature
and design. Cambridge, MA: Harvard University Press.

Bronfenbrenner, U., & Morris, P. A. (1998). The ecology of developmental processes. In
R. M. Lerner (Ed.), Theoretical models of human development (5th ed., pp. 993-
1027). New York: Wiley.

Brooks-Gunn, J., Schneider, W., & Waldfogel, J. (2013). The great recession and the risk
for child maltreatment. Child Abuse and Neglect, 37(10), 721-729.

Brooks-Gunn, J., Berlin, L.J., & Fuligni, A.S. (2000). Early childhood intervention
programs: What about the family? In J. Shonkoff & S. Meisels (Eds.), Handbook
of early childhood intervention (pp. 549-577). New York, NY: Cambridge
University Press.

Brown, J., Cohen, P., Johnson, J. G., & Salzinger, S. (1998). A longitudinal analysis of
risk factors for child maltreatment: Findings of a 17-year prospective study of
officially recorded and self-reported child abuse and neglect. Child Abuse and
Neglect, 22(11), 1065-1078.

Burton, L., & Hardaway, C.R. (2012). Low-income mothers as “other mothers” to their
romantic partners’ children: Women co-parenting in multiple partner fertility
relationships. Family Process, 51(3), 343-359.

Caldera, D., Burrell, L., Rodriguez, K., Crowne, S.S., Rohde, C., & Duggan, A. (2007).
Impact of a statewide home visiting program on parenting and on child health and
development. Child Abuse & Neglect, 31(8), 829-852.

Caldwell, R.A., Bogat, G.A., & Davidson, W.S. (1988). The assessment of child abuse
potential and the prevention of child abuse and neglect: a policy analysis.
American Journal of Community Psychology, 16(5), 609-624.

Camasso, M.J., & Jagannathan, R. (2000). Modeling the reliability and predictive validity
of risk assessment in child protective services. Children and Youth Services
Review, 22(11), 873-895.

Cannon, J.S., & Karoly, L.A. (2007). Who is ahead and who is behind? Gaps in school
readiness and student achievement in the early grades for California’s children.
Santa Monica, CA: RAND Corporation.

Carroll, C. (1978). The social worker’s evaluation. In B.D. Schmitt (Ed.), The child
protection team handbook (pp. 83-108). New York: Garland STM Press.

Cash, S.J. (2001). Risk assessment in child welfare: The art and science. Children and
Youth Services Review, 23(11), 811-830.

251



Children’s Research Center (2011). National Council on Crime & Delinquency (NCCD).
Structured Decision-Making. Retrieved from
http://www.nccdglobal.org/assessment/
sdm-structured-decision-making-systems/child-welfare.

Center on the Developing Child at Harvard University (2010). The foundations of
lifelong health are built in early childhood. Retrieved from
http://www.developingchild.harvard.edu.

Center on the Developing Child (2007). The Impact of Early Adversity on Child
Development. Retrieved from www.developingchild.harvard.edu.

Chaffin, M., & Valle, L. (2003). Dynamic prediction characteristics of the Child Abuse
Potential Inventory. Child Abuse & Neglect, 27(5), 463-48.

Chaffin, M. (2005). Letter to the editor. Child Abuse & Neglect, 29(1), 241-249.

Chaffin, M., & Baird, D. (2006). Impact of intervention surveillance bias on analyses of
child welfare report outcomes. Child Maltreatment, 11(4) 301-12.

Chaffin, M, Kelleher, K.,& Hollenber, J. (1996). Onset of physical abuse and neglect.
Psychiatric substance abuse, and social risk factors from prospective community
data. Child Abuse & Neglect, 20(3), 191-203.

Child Information Gateway (2016). Risk and protective factors for child abuse and
neglect. Retrieved from
https://www.childwelfare.gov/pubPDFs/riskprotectivefactors.pdf.

Chu, A.T., Pineda, A.S., DePrince, A.P., & Freyd, J.J. (2011). Vulnerability and
protective factors for child abuse and maltreatment. In J.W. White, M.P. Koss, &
A.E. Kazdin. (Eds.), Violence against women and children, Mapping the terrain
(vol. 1, pp. 55-75). Washington, DC: American Psychological Association

Chung, E.K., Matthew, L., Elo, .T., Coyne, J.C., & Culhane, J.F. (2007). Depressive
symptoms in disadvantaged women receiving prenatal care: the influence of
adverse and positive childhood experiences. Ambulance Pediatrics, 8(2), 109-116.

Cicchetti, D., & Manly, J. T. (2001). Operationalizing child maltreatment:
Developmental processes and outcomes. Development and Psychopathology,
13(4), 755-757

Cicchetti, D., & Lynch, M. (1993). Toward an ecological/transactional model of

community violence and child maltreatment: Consequences for children's
development. Psychiatry, 56(1), 96-118.

252


http://developingchild.harvard.edu/

Cicchetti, D., Toth, S., & Maughan, A. (2000). An ecological-transactional model of
child maltreatment. In A.J. Sameroff, M. Lewis, & S.M. Miller (Eds.), Handbook
of developmental psychopathology (pp. 689-722). New York, NY:
Academic/Plenum Publishers.

Cicchetti, D. & Rizley, R. (1981). Developmental perspectives on the etiology,
intergenerational transmission and sequelae of child maltreatment. New
Directions for Child Development, 11(1), 31-55.

Cicchinelli, L.F. (1995). Risk assessment models: CPS agencies and future directions. In
CPS Risk Assessment Conference “From research to practice: Designing the
future of child protective services” (pp. 76-96). Washington, DC: American
Public Welfare Association.

Cohen, J. (1988). Statistical power analysis for the behavioral sciences. (2" ed.).
Hillsdale, NJ: Lawrence Eralbaum Associates.

Cohen, J. (1983). The cost of dichotomization. Applied Psychological Measurement,
7(3), 249-253.

Cohen, J.A., Deblinger, E., Mannariono, A.P., & DeArellan, M.A. (2001). The
importance of culture in treatment abused and neglected children: An empirical
review. Child Maltreatment, 6(2), 148-157.

Coll, C.G., Lamberty, G., Jenkins, R., McAdoo, H.P., Crnic, K., Wasik, B.H., & Garcia,
H.V. (1996). An integrative model for the study of developmental competencies
in minority children. Child Development, 67(5), 1891-1914.

Coohey, C., Johnson, K., Renner, L.M., & Easton, S.D. (2013). Actuarial risk assessment
in child protective services: Constructing methodology and performance criteria.
Children and Youth Services Review, 35(1), 151-161.

Conger, Ge, Elder, Lorenz, & Simons. (1994). Economic Stress, coercive family process,
and developmental problems in adolescents. Child Development, 65(2), 541-561.

Connell, C. M., Bergeron, N., Katz, K. H., Saunders, L., & Tebes, J. K. (2007). Re-
referral to child protective services: The influence of child, family, and case
characteristics on risk status. Child Abuse & Neglect, 31(5), 573-588.

Conners, N.A., Whiteside-Mansell, L., Deere, D., Ledet, T., & Edwards, M. (2006).
Measuring the potential for child maltreatment: The reliability and validity of the
Adult Adolescent Parenting Inventory-2. Child Abuse and Neglect, 30(1), 39-53.

Corvo, K., & Carpenter, E.H. (2000). Effects of parental substance abuse on current

levels of domestic violence: A possible elaboration of intergenerational
transmission processes. Journal of Family Violence, 15(2), 123-135.

253



Coulton C.J., Crampton, D.S., Irwin, M., Spilsbury, J.C., & Korbin, J.E. (2007). How
neighborhoods influence child maltreatment: A review of the literature and
alternative pathways. Child Abuse & Neglect, 31(11-12), 1117-1142.

Coulton, C.J., Korbin, J.E., Shu, M., & Chow, J. (1995). Community level factors and
child maltreatment rates. Child Development, 66(1), 1262-1276.

Coulton, C.J., Korbin, J.E., & Su, M. (1999). Neighborhoods and child maltreatment: A
multi-level study. Child Abuse & Neglect, 23(11), 10919-1040.

Counts, J.M., Buffington, E.S., Chang-Rios, K., Rasmussen, H.N., & Preacher, K.J.
(2010). The development and validation of the protective factors survey: A self-
report measure of protective factors against child maltreatment. Child Abuse &
Neglect, 34(10), 772-776.

Crittenden, P.M. & Ainsworth M.D.S. (1989). Child maltreatment and attachment theory.
In D. Cicchetti and V. Carlson (Eds.), Child Maltreatment: Theory and research
on the causes and consequences of child abuse and neglect (pp. 432-463). New
York: Cambridge University Press.

Crittenden, P.M. (1988). Family and dyadic patterns of functioning in maltreating
families. In K. Browne, C. Davies, & P. Stratton (Eds.), Early prediction and
prevention of child abuse (pp. 161-189). New York, NY: Wiley.

Crittenden, P.M. (1988). Family and dyadic patterns of functioning in maltreating
families. In K. Browne, C. Davies, & P. Stratton (Eds.), Early prediction and
prevention of child abuse (pp. 161-189). New York: NY Wiley.

Crittenden, P.M. (1993). Characteristics of neglectful parents: An information processing
approach. Criminal Justice and Behavior, 20(1), 27-48.

Cyr, C., Euser, E.M., Bakermans-Kraneburg, M.J., & Van Izendoor, M.H. (2010).
Attachment security and disorganization in maltreatment high-risk families. A
series of meta-analyses. Development and Psychopathology, 22(1), 87-108.

D’Andrade, A., Austin, M.J., & Benton, A. (2008). Risk and assessment in child welfare:
Instruments comparisons. Journal of Evidence Based Social Work, 5(1-2), 31-56.

Daniel, J., Newberger, E., Reed, R. & Kotelchucj, M. (1978). Child abuse screening:
Implications for the limited power of abuse discriminants from a controlled
family study of pediatric social illness. Child Abuse and Neglect, 2(4), 247-259.

Dankert, E.W. & Johnson, K. (2014). Risk assessment validation: A prospective study.
NNCD Children’s Research Center. Retrieved from:
http://www.nccdglobal.org/sites/default/
files/publication _pdf/risk-assessment-validation.pdf

254



Daro, D., & Donnelly, A. (2002). Charting the waves of prevention: Two steps forward,
one step back. Child Abuse & Neglect, 26(6), 731-742.

Daro, D. (2000). Child abuse prevention: new directions and challenges. In D. Hansen
(Ed.), Motivation and child maltreatment of the Nebraska Symposium on
Motivation (Vol. 46, pp. 161-220). Lincoln: University of Nebraska.

Dawes, R., Faust, D., & Meehl, P. (1993). Statistical prediction versus clinical prediction.
Improving what works. In G. Keren & C. Lewis (Eds.), Handbook for data
analysis in the behavioral sciences: Methodological issues. Hillsdale, NJ:
Erlbaum.

Dawes, R.M., Faust, D., & Meehl, P.E. (1989). Clinical versus actuarial judgment.
Science, 243(4899), 1668-1674.

DePanfilis, D., & Zuravin, S. J. (2001). Assessing risk to determine the need for services.
Children and Youth Services Review, 23(1), 3-20.

DePanfilis, D. (2006). Child neglect: A guide for prevention, assessment, and
intervention. Retrieved from
http://www.childwelfare.gov/pubs/usermanuals/neglect/chaptertwo.cfm.

Department of Child Safety (2017). Policy and Procedure Manual. Retrieved from
https://www.azdes.gov.

Donohue, B., Plant, C., Barchard, K., & Gillis, D. (2017). Examination of the extent to
which employment factors are associated with reduced child maltreatment
potential and drug use. Journal of Child and Family Studies, 26(1), 168-175.

Doueck, H.J., Levine, M, & Bronson, D.E. (1993). Risk assessment in child protection
services: An evaluation of the Child at Risk Field System. Journal of
Interpersonal Violence, 8(4), 446-467.

Doueck, H.J., English, D.J., DePanfilis, D., & Moote, G.T. (1993). Decision-making in
child protective services: A comparison of selected risk-assessment systems.
Child Welfare, 75(5), 441-452.

Drake, B., & Pandey, S. (1996). Understanding the relationship between neighborhood
poverty and specific types of child maltreatment. Child Abuse & Neglect, 20(11),
1003-118.

Drake, B. (1996). Unraveling "unsubstantiated”. Child Maltreatment, 1(3), 261-271.

255


http://www.childwelfare.gov/pubs/usermanuals/neglect/chaptertwo.cfm
https://www.azdes.gov/

Drake, B., & Rank, M.R. (2009). The racial divide among American children in poverty:
reassessing the importance of neighborhood. Children and You Services Review,
31(12), 1264-1271.

Drake B., Lee S., & Jonson-Reid, M. (2009). Race and child maltreatment reporting: Are
blacks overrepresented? Children and Youth Services Review, 31, 309-31.

Drost, E. (2011). Validity and reliability in social science research. Education Research
and Perspectives, 38(1), 105-123.

Dubowitz, H, Black, M.M., Kerr, M.A.,, Starr, F.H., & Harrington, D. (2000). Father’s
and child neglect. Archives Pediatric Adolescent Medicine, 154(2), 135-141.

Dubowitz, H., Kim, J., Black, M. M., Weisbart, C., Semiatin, J., & Magder, L. S. (2011).
Identifying children at high risk for a child maltreatment report. Child Abuse &
Neglect, 35(2), 96-104.

Duffy, J.Y., Hughes, M., Asnes, A.G., & Leventhal, J.M. (2014). Child maltreatment and
risk patterns among participants in a child abuse prevention program. Child Abuse
& Neglect, 44(1), 184-193.

Duggan, A., McFarlane, K., Fuddy, L., Burrell, S., Higman, A., Windham, A., & Sia, C.
(2004). Randomized trial of a statewide home visiting program: Impact in
preventing child abuse and neglect. Child Abuse & Neglect, 28(6), 597-622.

Duggan, A., Caldera, D., Rodriguez, K., Burrell, L., Rhode, C., & Crowne, S. (2007).
Impact of a statewide home visiting program to prevent child abuse. Child Abuse
& Neglect, 31(8), 801-827.

DuMont, K., Mitchell-Herzfeld, S., Greene, R. Lee, E., Lowenfells, A., Rodriguez, M., &
Dorabawila, V. (2008). Healthy Families New York (HFNY) randomized trial:
Effects on early child abuse and neglect. Child Abuse and Neglect, 32(3), 295-31.

Easterbrooks, M.A., Bureau J.F., & Lyons-Ruth, K. (2012). Developmental correlates in
predictors and correlates of emotional availability in mother-child interaction: A
longitudinal study from infancy to late adolescence. Development and
Psychopathology, 24(1), 65-78.

Eckenrode, J., Levine-Powers, J., Doris, J., Munsch, J., & Bolger, N. (1988).
Substantiation of child abuse and neglect reports. Journal of Consulting and
Clinical Psychology, 56(1), 9-16.

Elliott, K., & Urquiza, A. (2006). Ethnicity, culture, and child maltreatment. Journal of
Social Issues, 62(4), 787-809.

256



English, D.J., & Graham, J.C. (2000). An examination of relationships between
children’s protective services social work assessments of risk and independent
LONGSCAN measures of risk constructs. Children and Youth Services Review,
22(11/12), 897-933.

English, D.J., & Pecora, P.J. (1994). Risk assessment as a practice method in child
protective services. Child Welfare, 73(5), 451-473.

English, D.J. (1999). Evaluation and risk assessment of child neglect in public child
protection services. In H. Dubowitz (Ed.), Neglected children: Research, practice,
and policy (pp 191-210). Thousand Oaks, CA: Sage.

English, D. J., Marshall, D., Brummel, S., & Coghlan, L. (1998). Decision-making in
child protective services: A study of effectiveness. Phase I: Quantitative analysis.
Washington, DC: National Center on Child Abuse and Neglect.

English D.J., Aubin, SW., & Fine, D. (1993). Evaluation of performance between
individual risk factors and overall level of risk. In T. Tara (Ed.), Sixth National
Roundtable on CPR Risk Assessment (pp. 235-260) Washington, DC: American
Public Welfare Association.

Ertem, 1.0., Leventhal, J.M., & Dobbs, S. (2000). Intergenerational continuity of child
physical abuse: How good is the evidence? Lancet, 356(9232), 814-819.

Fang, X., Brown, D.S., Florence, C.S., & Mercy, J.A. (2012). The economic burden of
child maltreatment in the United States and implications for prevention. Child
Abuse & Neglect, 36(2), 156-165.

Fanshel, D., Finch, S.J., & Grundy, J.R. (1994). Testing the measurement properties of
risk assessment instruments in child protective services. Child Abuse and Neglect,
18(12), 1073-84.

Fantuzzo, J., McWayne, C., & Bulotsky, R. (2003). Forging strategic partnerships to
advance mental health science and practice for vulnerable children. School
Psychology Review, 32(1), 17-37.

Fazel, S., Singh, J. P., Doll, H., & Grann, M. (2012). Use of risk assessment instruments
to predict violence and antisocial behavior in 73 samples involving 24,827 people:
Systematic review and meta-analysis. British Medical Journal, 345(7868), 1-12.

Finkelhor, D., & Berliner, L. (1995). Research on the treatment of sexually abused

children: A review and recommendations. Journal of the American Academy of
Child and Adolescent Psychiatry 34(11), 1408-1423.

257



Fisher, J.E., Bachmann, L.M., & Jaeschke, R. (2003). A reader’s guide to the
interpretation of diagnostic test properties: Clinical example of sepsis. Intensive
Care Medicine, 29(7), 1043-1051.

Fluke, J. D., Wells, S., England, P., Walsh, W., English, D., & Johnson, W. (1993).
Evaluation of the Pennsylvania approach to risk assessment: Summary of the
results for project objectives 1, 2 and 4. In T. Tatara (Ed.), Seventh national
roundtable on CPS risk assessment (pp. 117-170). Washington, DC: American
Public Welfare Association.

Fortin, 1., Guay, S., Lavoie, V., Voisvert, J., & Beaudry, M. (2012). Intimate partner
violence and psychological distress among young couples: Analysis of the
moderating effect of social support. Journal of Family Violence, 27(1), 63-73.

Fraser, M.W., Kirby, L.D., & Smokowski, P.R. (2004). Risk and resilience in childhood.
In M. Fraser (Ed.), Risk and resiliency in childhood: An ecological perspective
(pp. 13-67). Washington, DC: NASW Press.

Freisthler, B., Fraser, M.W., Richman, J.M., & Galinksy, M.J. (1999). Risk, protection,
and resilience: Towards a conceptual framework for social work practice. Social
Work Research, 23(3), 131-143.

Freisthler, B., & Maguire-Jack, K. (2015). Understanding the interplay between
neighborhood structural factors, social processes, and alcohol outlets on child
abuse. Child Maltreatment, 20(4), 268-27.

Freisthler, B., Meritt, D., & Lascala, E. (2006). Understanding the ecology of child
maltreatment: A review of the literature and directions for future research. Child
Maltreatment, 11(3), 263-280.

Fuller, T. L., Wells, S. J. & Cotton, E. E. (2001). Predictors of maltreatment recurrence at
two milestones in the life of a case. Children and Youth Services Review, 23(1),
49-78

Gambrill, E. & Shlonsky, A., (2001). The need for comprehensive risk management
systems in child welfare. Children and Youth Services Review. 23(1), 79-107.

Gambrill, E., & Shlonsky, A. (2000). Risk assessment in context. Children and Youth
Services Review, 22(11), 813-837.

Garb, H. N. (2001). Clinical judgment and decision-making. Annual Review of Clinical
Psychology, 1(1), 67-89.

Garbarino, J. (1992). Helping children cope with the effects of community violence. Paper

presented at the Annual Conference of the National Association for the Education
of Young Children, New Orleans, L.A.

258



Garbarino, J. (1982). Children and families in the social environment. New York: Aldine
Publishing Company.

Garbarino, J., & Sherman, D. (1980). High Risk Neighborhoods and High Risk Families:
The human ecology of child maltreatment. Child Development, 51(1), 188-198.

Gardner, F.L., Moore, Z.E., & Dettore, M. (2014). The relationship between anger,
childhood maltreatment, and emotion regulation difficulty in intimate partner and
non-intimate partner violent offenders. Behavior Modification, 38(6), 779-800.

Gaudin, J.M., Polansky, N.A., Kilpatrick, A.C., & Shilton, P. (1996). Family functioning
in neglectful families. Child Abuse & Neglect, 20(4), 363-377.

Gelles, R.J. (2009). Violence, abuse, and neglect in families and intimate relationships. In
S.J. Price, C.A. Price, & P.C. McKenry (Eds.), Families and change: Coping with
stressful events and transitions (4th ed., pp. 119-139) Thousand Oaks CA: Sage
Publications.

Geeraert, L., Van den Noortgate, W., Grietens, H., & Onghena, P. (2004). The effects of
early prevention programs for families with young children at risk for physical
abuse and neglect: A meta-analysis. Child Maltreatment, 9(3), 277-291.

Gigerenzer, G. (2002). Calculated Risks: How to know when numbers deceive you. New
York: Simon & Schuster.

Giovannoni, J. (1970). Parental mistreatment: Perpetrators and victims. Journal of
Marriage and the Family, 33(4), 649-657.

Giovanni, J. & Meezan, W. (1995). Rethinking supply and demand in child welfare.
Children
and Youth Services Review, 17(4), 465-470.

Gil, D.G. (1973). Violence against children: Physical Child Abuse in the United States.
Cambridge, MA: Harvard University Press.

Gilbert, R., Widom, C.S., Browne, K., Fergusson, D., & Webb E. (2009). Burden and
consequences of child maltreatment in high-income countries. Lancet, 373(9657),
68-81.

Gomby, D. (2005). Home visitation in 2005: Outcomes for children and parents.
Committee for Economic Development: Invest in Kids Working Group. Retrieved
from www.ced.org/projects/kids.shtml.

Gomby, D.S. (1999). Understanding evaluations of home visitation programs. Future of
Children, 9(1) 27-43.

259



Gomby, D.S. (2000). Promise and limitations of home visitation. Journal of the American
Medical Association, 284(11), 1430-1431.

Gottfredson, D., & Snyder, H. (2005). The mathematics of risk classification: Changing
data into valid instruments for juvenile courts. U.S. Department of Justice,
National Center for Juvenile Justice. Retrieved from
https://www.ncjrs.gov/pdffiles1/0jjdp/209158.pdf.

Graham-Bermann, S.A., & Seng, J. (2005). Violence exposure and traumatic stress
symptoms as additional predictors of health problems in high-risk children.
Journal of Pediatrics, 146(3), 349-54.

Green, B. L., Tarte, J. M., Harrison, P. M., Nygren, M., & Sanders, M. B. (2014). Results
from a randomized trial of the Healthy Families Oregon accredited statewide
program: Early program impacts on parenting. Children and Youth Services
Review, 44(1), 288-298.

Grove, W.M., & Meehl, P.E. (1996). Comparative efficiency of informational
(subjective, impressionistic) and formal (mechanical, algorithmic) prediction
procedures. Psychology, Public Policy, and Law, 2(2), 293-323.

Guterman, N.B., Berg, K.L., & Taylor, C.A. (2014). Prevention of Child Abuse and
Neglect. In G.P. Mallon & P.C. Hess (Eds.), Child Welfare for the 21st Century:
A Handbook for Practices, Policies, and Programs (2nd ed., pp. 207-235). New
York: Columbia University Press.

Guterman, N. B., Lee, Y., Lee, S., Waldfogel, J., & Rathouz, P. (2009). Fathers and
maternal risk for physical child abuse. Child Maltreatment, 14(3), 277-290.

Guterman, N.B. (2001). Stopping child maltreatment before it starts: Emerging horizons
in early home visitation services. Thousand Oaks, CA: Sage.

Guterman, N.B., Lee, S.J., Taylor, C.A., & Rathouz, R.J. (2009). Parental perceptions of
neighborhood processes, stress, personal control and risk for physical child abuse
and neglect. Child Abuse & Neglect, 33(12), 897-906.

Hanson J. L., Chung M. K., Avants B. B., Shirtcliff E. A., Gee J. C., Davidson R. J., &
Pollak S. D. (2010). Early stress is associated with alterations in the orbitofrontal
cortex: a tensor-based morphometry investigation of brain structure and
behavioral risk. Journal of Neuroscience, 30(22), 7466-7472.

Harding, K., Galano, J., Martin, J., Huntington, L., & Schellenbach, C.J. (2007). Healthy
Families America Effectiveness: A comprehensive review of outcomes. Journal
of Prevention and Intervention in the Community: Special issue on Healthy
Families America, 34(1/2), 149-179.

260


https://www.ncjrs.gov/pdffiles1/ojjdp/209158.pdf

Haskett, M.E,. Ahern, L.S., Ward, C.S., & Allaire, J.C. (2006). Factor structure and
validity of the parenting stress index-short form. Journal of Clinical Child and
Adolescent Psychology, 35(2), 302-312.

Hay, T., & Jones, L (1994). Societal interventions to prevent child abuse and neglect.
Child Welfare, 73(5), 379-403.

Healthy Families America (2017). Great childhoods begin at home. Retrieved from
http://www.healthyfamiliesamerica.org. Accessed Jan 07, 2017.

Hecht, D. B. & Hansen, D. J. (2001). The environment of child maltreatment: Contextual
factors and the development of psychopathology. Aggression and Violent
Behavior, 6(5), 433-457.

Herrenkohl, E., Herrenkohl, R., & Egolf, B. (1994). Resilient early school age children
from maltreating homes: Outcomes in late adolescence. American Journal of
Orthopsychiatry 64(2), 301-309.

Hill, R.B. (2006). Synthesis of research on disproportionality in child welfare: An
update. Seattle, WA: Casey Family Programs.

Hindley, N., Ramchandani, P.G. & Jones, D.P.H. (2006). Risk factors for recurrence of
maltreatment: A systematic review. Archives of Disease in Childhood, 91(9), 744-
752.

Hobbs, N. (1974). The Futures of Children: Categories, Labels and their Consequences.
Nashville: Vanderbilt University Press.

Hogan, T.M., Myers, B.J., & Elswick, R.K. (2006). Child abuse potential among mothers
of substance exposed and non-exposed infants and toddlers. Child Abuse &
Neglect, 30(2), 145-56.

Holder, W., & Corey, M. (1986). Child protective services risk management: A decision-
making handbook. Charlotte, NC: ACTION for Child Protection.

Holden, EW, Willis, DJ, & Foltz, 1. (1989). Child abuse potential and parenting stress:
Relationships in maltreating parents. Psychological Assessment: A Journal of
Consulting and Clinical Psychology 1(1), 64-67.

Howard, K. S., & Brooks-Gunn, J. (2009). The role of home visiting programs in
preventing child abuse and neglect. The Future of Children, 19(2), 119-146.

Hurme, T., Alanko, S., Antitla, P., Juven, T., & Swestrom, E. (2008). Risk factors for

physical child abuse in infants and toddlers. The European Journal of Surgery,
18(1), 387-391.

261


http://www.healthyfamiliesamerica.org/

Hussey, J. M., Marshall, J. M., English, D. J., Knight, E. D., Lau, A. S., Dubowitz, H., &
Kotch, J. B. (2005). Defining maltreatment according to substantiation:
Distinction without a difference? Child Abuse & Neglect, 29(5), 479-492.

Huang, L.N., & Freed, R. (2006). The Spiraling Effects of Maternal Depression on
Mothers, Children, Families and Communities. Issue Brief #2. Seattle, WA:
Annie E. Casey Foundation.

Hurd, N.M., Zimmerman, A.M., & Zue, Y. (2009). Negative adult influences and the
protective effects of role models: A study of urban adolescents. Journal of Youth
and Adolescence, 38(6), 777.

Jack, S.M, Jamieson, E., Wathen, N.C. & McMillan, H.L. (2008). The feasibility of
screening for intimate partner violence during postpartum home visits. Canadian
Journal of Nursing Research 40(2) 150-70.

Jaudes P., & Mackey-Bilaver, L. (2008). Do chronic conditions increase young children's
risk of being maltreated? Child Abuse & Neglect, 32(7), 671-81.

Jensen, J.M., & Fraser, M.W. (2016). A risk and resilience framework for child, youth
and family policy. In Fraser, In M.W. Fraser (Ed.), Social Policy for Children and
Families: A risk and Resilience Perspective (pp. 5-21). Thousand Oaks, CA: Sage
Publications.

Johnson, K. (2009). State-based home visiting: Strengthening programs through state
leadership. New York: National Center for Children in Poverty, Mailman School
of Public Health, Columbia University.

Johnson, W. (2004). Effectiveness of California's child welfare structured decision-
making (SDM) model: A prospective study of the validity of the California Family
Risk Assessment. Alameda County Social Services Agency. Retrieved from

http://www.
Nccdglobal.org/sites/default/files/publication pdf/ca sdm model feb04.pdf.

Johnson W. (2011). Child abuse/neglect risk assessment under field practice conditions:
Tests of external and temporal validity and comparison with heart disease
prediction. Children and Youth Services Review, 35(1), 18-28.

Johnson, M.A,, Stone, S., Lou, C., Vu, C.M., Ling, J., Mizrahi, P., & Austin, M.J. (2008).
Family assessment in child welfare services: Instrument comparisons. Journal of
Evidence-Based Social Work, 5(1-2), 57-90.

Johnson, W., & L’Esperance, J. (1984). Predicting the recurrence of child abuse. Social
Work Research and Abstracts, 20(2), 21-26.

262


http://www/

Johnson, W., & Clancy, T. (1988). A study to find improved methods of screening and
disposing of reports of child maltreatment in the emergency response program in
Alameda County California. In T. Tatara (Ed.), Validation research in CPS risk
assessment: Three recent studies. Washington, DC: American Public Welfare
Association.

Jonson-Reid M, Emery, C.R., Drake, B., & Stahlschmidt, M.J. (2010). Understanding
chronically reported families. Child Maltreatment, 15(4), 271-281.

Jouriles, E.N., McDonald, R., Slep, A.M., Heyman, R.E., & Garrido, E. (2008). Child
abuse in the context of domestic violence: Prevalence, explanations and practice
implications. Violence Victim, 32(2), 221-235.

Katzev, A.R., Pratt, C.C., Henderson, T., & McGuigan, W. (1999). Oregon's Healthy
Start effort 1997-98 status report. Corvallis: Oregon State University Family
Study Center.

Kahn, J.M., & Schwalbe, C. (2010). The timing to and risk factors associated with child
welfare system recidivism at two decision-making points. Children and Youth
Services Review, 32(7), 1035-1044.

Kuhn, M., & Johnson, K. (2013). Applied Predictive Modeling. (1st ed). New York:
Springer.

Kahn, J. & Moore, K.A. (2010). What works for home visiting programs: Lessons from
experimental evaluations of programs and intervention. Retrieved from
http://www.childtrends.org/wp-content/uploads/2005/07/2010-
17WWHomeVisit.pdf

Kaufman, L., Mclntire, M., & Santos, F. (2006, January 20). Child welfare offices that
couldn’’t be fixed fast enough. New York Times.

Kelley (1998). Stress and coping behaviors of substance-abusing mothers. Journal of
Pediatric Nursing, 3(3), 103-110.

Kempe, R.S., & Kempe, C.H. (1976). Child Abuse. In J. Bruner, M. Cole, & B. Lloyd
(Eds.), The developing child series. Cambridge, MA: Harvard University Press.

KIDSCOUNT Data Center (2016). Substantiated abuse and neglect cases by type.
Retrieved from http://datacenter.discount.org.

Kiser, L.I., & Black, M. (2005). Family processes in the midst of urban poverty.
Aggression & Violent Behavior, 10(6), 715-750.

Kirk, R.S., Kim, M.M., & Griffith, D.P. (2005). Advances in the reliability and validity
of the North Carolina Family Assessment Scale. Journal of Human Behavior in
the Social Environment, 11(3/4), 157-176.

263


http://www.childtrends.org/wp-content/uploads/2005/07/2010-17WWHomeVisit.pdf
http://www.childtrends.org/wp-content/uploads/2005/07/2010-17WWHomeVisit.pdf

Knocke, D., & Trocme, N. (2005). Reviewing the evidence on assessing for child abuse
and neglect. Brief Treatment and Crisis Intervention, 5(3), 310-327.

Kolko, D. J. (1998). CPS operations and risk assessment in child abuse cases receiving
services: Initial findings from the Pittsburgh service delivery study. Child
Maltreatment, 3(3), 262-275

Koblinsky,M., Matthews,Z., Hussein, J., Mavalankar, D., Mirdha, M., Anwar, |., Achadi,
E., ... & Van Lerberghe, W.(2006). Going to scale with professional skilled care.
The Lancet, 38(9544), 1377-1386.

Korfmacher, J. (2000). The Kempe Family Stress Inventory: A review. Child Abuse &
Neglect, 24(1), 129-140.

Kotch, J.B., Browne, D.C., Ringwalt, C.L., Stewart, P.W., Ruina, E., Holt, K., Lowman,
B., & Juang, J-W. (1995). Risk of child abuse or neglect in a cohort of low-
income children. Child Abuse & Neglect, 19(9), 1115-1130.

Kotelchuck, M. (1982). Child abuse and neglect: Prediction and misclassification. In R.
Starr (Ed.), Child abuse prediction: Policy implications (pp. 67-104). Cambridge,
MA: Ballinger.

Krysik, J., & LeCroy, C.W. (2012). The development and initial validation of an outcome
measure for home visitation: The Healthy Families Parenting Inventory. Infant
Mental Health Journal, 33(5), 496-505.

Krzanowski, W.J., & Hand, D.J. (2009). ROC curves for continuous data. London, UK:
Imperial College.

Lawson, M., Alameda-Lawson, T., & Byrnes, E. (2015). Analyzing the validity of the
Adult-Adolescent Parenting Inventory for low-income populations. Research on
Social Work Practice Advance Online Publication. Research on Social Work
Practice, 27(4), 1-15.

Leahy-Warren, P., McCarthy, G., & Corcoran, P. (2012). First-time mothers: Social
support, maternal parental self-efficacy and postnatal depression. Journal of
Clinical Nursing, 21(1), 388-397.

LeCroy, Craig W., & Krysik, J. (2010). Measurement Issues in home visitation. Child
and
Youth Services Review, 32, 1483-1486.

LeCroy, C. W., & Milligan, K. B (2017). Healthy Families Parenting Inventory: User
manual. LeCroy & Milligan Associates, Tucson, Az.

264



LeCroy & Milligan Associates (2016). Healthy Families Arizona Annual Evaluation
Report FY2016. Retrieved at https://dcs.az.gov/sites/default/files/FY2016-
HFEAnnualReport.pdf.

LeCroy, C., & Davis, M. (2016). Randomized trial of healthy families Arizona:
Quantitative outcomes. Research on Social Work Practice, 1(11), 1-11.

LeCroy, C., & Krysik, J. (2011). Randomized trial of the healthy families Arizona home
visiting program. Children and Youth Services Review, 33(10), 1761-1766.

Lee, S.J., Guterman, N.B., Lee, Y. (2008). Risk factors for paternal physical child abuse.
Child Abuse & Neglect, 32(9), 846-858.

Lee, E., Mitchell-Herzfeld, S.D., Lowenfels, A.A., & Dumont, K.A. (2009). Reducing
low birth weight through home visitation. American Journal of Preventative
Medicine, 36(2), 154-160.

Leschied, A.W., Chiodo, D., Whitehead, P.C., Hurley, D., & Marshall, L. (2003). The
empirical basis of risk assessment in child welfare: The accuracy of risk
assessment and clinical judgment, Child Welfare, 82(5), 527-540.

Levenson, J.S., & Morin, J.W. (2006). Risk assessment in child sexual abuse. Child
Welfare, 85(1), 59-82.

Leventhal, T., & Brooks-Gunn, J. (2003). Moving to opportunity: An experimental study
of neighborhood effects on mental health. American Journal of Public Health,
93(9), 1576-1982.

Lewandowski, R.E., Acri, M.C., Hoagwood, K.E., Olfson, M., Clarke, G., Garnder, W.,
Scholle, H.S.,...Horwitz, S.M. (2013). Evidence for the management of
adolescent depression. Pediatrics, 132(4) 535-546.

Li, F., Godinet, M.T., & Arnsberger, P. (2011). Protective factors among families with
children at risk of maltreatment: Follow up to early school years. Children and
Youth Services Review, 33(1), 139-148.

Lynch, M., & Cicchetti, D. (1998). An ecological-transactional analysis of children and
contexts: The longitudinal interplay among child maltreatment, community
violence, and children’s symptomatology. Development and Psychopathology,
10(2), 235-257.

Lyons, P., Doueck, H. J., & Wodarski, J. S. (1996). Risk assessment for child protective

services: A review of the empirical literature on instrument performance. Social
Work Research, 20(3), 143-155.

265


https://dcs.az.gov/sites/default/files/FY2016-HFAnnualReport.pdf
https://dcs.az.gov/sites/default/files/FY2016-HFAnnualReport.pdf

Lyman-Ott, R., & Longnecker, M. (2015). Statistical Methods & Data Analysis. Cengage
Learning; Boston, MA.

MacCallum, R.C., Zhang, S., Preacher, K.J., & Rucker, D.D. (2002). On the practice of
dichotomization of quantitative variables. Psychological Methods, 7(1), 19-40.

MacKenzie, M. J., Kotch, J. B., & Lee, L. (2011). Toward a cumulative ecological risk
model for the etiology of child maltreatment. Children and Youth Services
Review, 33(9), 1638-1647.

MacMillian, H., Wathen, N., Barlow, J., Fergusson, D., Leventhal, J., & Taussing, H.
(2009). Interventions to prevent child maltreatment and associated impairment.
Lancet, 373(9659), 250-266.

Magura, S. & Moses, B.S. Outcome Measures for Child Welfare Services. Washington,
DC: Child Welfare League of America.

Mansell, J., Ota R., Erasmus, R., & Marks, K. (2011). Reframing child protection
response to a constant crisis of confidence in child protection. Children & Youth
Services Review, 33(11) 2076-2086.

Marks J., & Mcdonald, T. (1989). Risk assessment in child protective services:
Predicting the recurrence of child maltreatment. Portland: University of Southern
Mane National Child Welfare Resource Center for Management and
Administration.

Masten, A. S., & O’Dougherty-Wright, M (1998). Cumulative risk and protection models
of child maltreatment. Journal of Aggression, Maltreatment & Trauma, 2(1), 7—
30.

Mazzucco, M, Gordon, R.A, & Milner, J.S. (1989). Development of a loneliness scale for
the child abuse potential inventory. Paper presented at the meeting of the
Southeastern Psychological Association, Washington, DC.

McCrory, E., DeBrito, S.A., & Viding, E. (2010). Research review: The neurobiology
and genetics of maltreatment and adversity. Journal of Child Psychology
Psychiatry, 51(1), 1079-1095.

McDonald, T.P., & Marks, J. (1991). A review of the risk factors assesses in child
protective services. Social Services Review, 65(1), 112-32.

McGuigan, W.M, Pratt, C.C (2001). The predictive impact of domestic violence on three
types of child maltreatment, Child Abuse & Neglect, 25(7), 869-883.

McLoyd, V.C. (1998). Socioeconomic disadvantage and child development. American
Psychologist, 53(1), 185-204.

266



Merrit, D.H. (2009). Child abuse potential: Correlates with child maltreatment rates and
structural measures of neighborhoods. Children and Youth Services Review,
31(1), 927-934.

Mesmman-Moore, T.L., Walsh, K.L., & DiLillo, D. (2010). Emotion dysregulation and
risk sexual behavior in revictimization. Child Abuse and Neglect, 24(12), 967-
976.

Mikton, C., & Butchart, A. (2009). Child maltreatment prevention: a systematic review of
reviews. Bull World Health Organization, 87(5), 353-361.

Milner, J.S. (1994). Assessing physical child abuse risk: The child abuse potential
inventory. Clinical Psychology Review, 14(6), 547-583.

Milner, J. S. (2004). The Child Abuse Potential (CAP) Inventory. In M. L. Hilsenroth &
D. L. Segal (Eds.), Comprehensive handbook of psychological assessment: Vol. 2.
Personality assessment (pp. 237-246). New York: John Wiley & Sons.

Milner, J.S. (1986). The Child Abuse Potential Inventory Manual (2" ed.). Webster
North Carolina: Psytec Inc.

Milner, J. S. (2006). An interpretive manual for the Child Abuse Potential Inventory.
DeKalb, IL: Psytec.

Milner, J. S., Gold, R. G., Ayoub, C. A., & Jacewitz, M. M. (1984). Predictive validity of
the Child Abuse Potential Inventory. Journal of Consulting and Clinical
Psychology, 52(5), 879-884.

Milner, J.S., & Campbell, J.C. (2007). Prediction Issues for Practitioners. In J.C.
Campbell (Ed.), Assessing Dangerousness. Violence by Batterers and Child
Abusers (2nd ed., pp. 25-45). New York: Springer Publishing Company.

Milner, J.S., Murphy, W.D., Valle, L., & Tolliver, R.M. (1998). Assessment issues in
child abuse evaluations. In J.R. Lutzker (Ed.), Handbook of child abuse research
and treatment (pp.75-115). New York: Plenum.

Milner, J. S., & Dopke, C. (1997). Child physical abuse: Review of offender
characteristics. In D. A. Wolfe, R. J. McMahon, & R. D. Peters (Eds.), Child
abuse: New directions in prevention and treatment across the lifespan (pp. 27-
54). Thousand Oaks, CA: Sage.

Mohr, W.K., Noone Lutz, M.J., Fantuzzo, J.W., & Perry, M.A. (2000). Children exposed

to family violence: A review of empirical research from a developmental
ecological perspective. Trauma, Violence, & Abuse, 1(3), 264-283.

267



Molnar, B.E., Beatriz, E.D., & Beardslee, W.R. (2016). Community-level approaches to
child maltreatment prevention. Trauma, Violence & Abuse, 17(4), 387-397.

Moreland-Beagle, A., Dumas, J.E., & Hanson, R.F. (2010). Predicting child abuse
potential: An empirical investigation of two theoretical frameworks. Journal of
Clinical Child & Adolescent Psychology, 39(2), 208-219.

Morton, N., & Browne, K. (1998). Theory and observation of attachment and its relation
to child maltreatment: a review. Child Abuse & Neglect, 22(11), 1093-1104.

Murphey, D., & Braner M. (2000). Linking child maltreatment retrospectively to birth
and home visit records: An initial examination. Child Welfare, 79(6), 711-728.

Murphy, S., Orkow, B., & Nicola, R. (1985). Prenatal prediction of child abuse and
neglect. A prospective study. Child Abuse & Neglect, 9(2), 225-235.

Munro, E. (1999). Common errors of reasoning in child protection work. Child Abuse
and Neglect, 23(8), 745-758.

Munro, E., (2004). A simpler way to understand the results of risk assessment
instruments. Children and Youth Services Review, 26(9), 881-891.

Nasuti, J. P., & Pecora, P. J. (1993). Risk assessment scales in child protection: A test of
the internal consistency and interrater reliability of one statewide system. Social
Work Research and Abstracts, 29(2), 28-33.

National Association of Social Workers (2017). NASW Code of Ethics (Guide to the
Everyday Professional Conduct of Social Workers). Washington, DC: NASW.

National Governors Association (2011). Maximizing the impact of state early childhood
home visitation programs. Retrieved from https://www.nga.org/cms/home/nga-
center-for-best-practices/center-publications/page-edu-publications/col2-
content/main-content-list/maximizing-the-impact-of-state-e.html

National Center for Children in Poverty (2008). Focus on Home Visiting. Retrieved from
http:
http://www.nccp.org/projects/files/event_download 142.pdf

National Research Council. (1993). Understanding child abuse and neglect. Washington,
DC: National Academy Press.

National Research Council Institute of Medicine (2000). In J.P. Shonkoff & D.A. Phillip

(Eds.), From neurons to neighborhoods: the science of early childhood
development. Washington, DC: National Academy Press.

268


https://www.nga.org/cms/home/nga-center-for-best-practices/center-publications/page-edu-publications/col2-content/main-content-list/maximizing-the-impact-of-state-e.html
https://www.nga.org/cms/home/nga-center-for-best-practices/center-publications/page-edu-publications/col2-content/main-content-list/maximizing-the-impact-of-state-e.html
https://www.nga.org/cms/home/nga-center-for-best-practices/center-publications/page-edu-publications/col2-content/main-content-list/maximizing-the-impact-of-state-e.html

Nelson, C.A. (2002). Neural development and life-long plasticity. In R.M. Lerner, F.,
Jacobs, D., Welieb (Eds.), Promoting positive child, adolescent, and family
development: Handbook of program and policy interventions (pp. 31-60).

Thousand Oaks, CA: Sage Publications.

Nelson, C.A. (2000). Change and continuity in neurobehavioral development. Infant
Behavior and Development, 22(4), 415-429.

Nelson, C.A. (2000). The neurobiological bases of early intervention. In J. P. Shonkoff
& S.J. Meisels (Eds.), Handbook of early childhood intervention (2" ed.., pp.

204-227). Cambridge University Press: Cambridge, MA.

Noble K. G., Grieve S. M., Korgaonkar M. S., Engelhardt L. E., Griffith E. Y., Williams
L. M., & Brickman, A.M. (2012). Hippocampal volume varies with educational
attainment across the life-span. Frontiers in Human Neuroscience 6(3), 307.

Odgen, O., Minton., & Pain, C. (2006). Trauma and the body: A sensorimotor approach
to psychotherapy. New York, NY: W.W. Norton & Company.
Ogles, B. M., Lambert, M. J., & Fields, S. A. (2002). Essentials of outcome assessment.
New York, NY: Wiley.
Olds, D. (2005). Clarifying the impact of the Nurse-Family Partnership on child

maltreatment:
response to Chaffin. Child Abuse & Neglect, 29(1), 229-233.

Olds, D., Henderson Jr, C. R., Kitzman, H., & Cole, R. (1995). Effects of prenatal and
infancy nurse home visitation on surveillance of child maltreatment. Pediatrics,

95(3), 365-372.

Olds, D., Kitzman, H., Hanks, C., Cole, R., Anson, E., Sidora-Arcoleo, K., Luckey, D.,...

& Bondy, J. (2007). Effects of nurse home visiting on maternal and child
functioning: Age 9 follow-up of a randomized trial. Pediatrics, 120(4), e832-

e845.

Ornduff, S.R., Kesley, R.M., Bursi, C., Alpert, B.S., & Bada, H.S. (2002). Child abuse
potential in at-risk African American mothers: The role of life experience
variables. American Journal of Orthopsychiatry, 72(3), 433-444.

Osofsky, J.D., & Thompson, M.D.(2000). Adaptive and maladaptive parenting:
Perspectives on risk and protective factors. In: J.P. Shonkoff, & S.J., Meisels
(Eds.), Handbook of early childhood intervention (pp. 54-75). Cambridge, UK:

Cambridge University Press.

Palmer (1988). Risk assessment in child protective services: A comparative analysis.
National Child welfare Resource Center for Management and Administration.

269



Washington, DC:, U.S. Department of Health and Human Services. Portland, ME:
University of Southern Maine.

Palusci, V.J. (2011). Risk factors and services for child maltreatment among infants and
young children. Children and Youth Services Review, 33(8), 1374-1382.

Patterson, J.M. (1995). Promoting resilience in families experiencing stress. Pediatric
Clinics of North America, 42(1), 47-63.

Peacock, S., Konrad, S., Watson, E., Nickel, D. & Muhajarine, N. (2013). Effectiveness
of home visiting programs on child outcomes: a systematic review. BMC Public
Health, 13(17), 11-14.

Pecora, P.J. (1991). Investigating allegations of child maltreatment: the strengths and
limitations of current risk assessment systems. In M. Robin (Ed.), Assessing child
maltreatment reports: The problem of false allegations (pp. 73-92). New York:
Haworth Press.

Pecora, P.J. & Harrison-Jackson, M. (2016). Child Welfare Policies and Programs. In J.
Jensen, & M. Fraser (Eds.), Risk and resiliency in childhood: An ecological
perspective (pp. 51-95). Thousand Oaks, CA: Sage Publications.

Pecora, P.J., Whittaker, J.K., Maluccio, A.N., & Barth, R.P. (2000). The child welfare
challenge: Policy, practice, and research. New York, NY: Aldine de Gruyter.

Pecora, P.J. (1991). Investigating allegations of child maltreatment: The strengths and
limitations of current risk assessment systems. In M. Robin (Ed.), Assessing child
maltreatment reports: The problem of false allegations (pp. 73-92). New York,
NY: Haworth Press.

Pecora, P.J., Sanders, D., Wilson, D., English, D., Puckett, A. & Rudlang-Perman, K.
(2012). Addressing Common Forms of Child Maltreatment: Intervention
Strategies and Gaps in Our Knowledge Base. (Research Brief.) Seattle, WA:
Casey Family Programs. Retrieved from
http://www.casey.org/Resources/Publications/pdf/AddressingMaltreatment.pdf

Pelton, L. H. (1994). The Role of Material Factors in Child Abuse and Neglect. In G. B.
Melton and F. D. Barry (Eds.), Protecting Children from Abuse and Neglect (pp.
131-181). New York: Guilford Press.

Polansky, N.A., Chalmers, M.A., Buttenweiser, E., & Williams, D.P. (1981). Damaged
parents: An anatomy of child neglect. Chicago: University of Chicago Press.

Prado, E. & Dewey, K. (2012). Insight Technical Brief: Nutrition and brain development
in early life (Issue 4). Washington, D.C.; Alive and Thrive.

270


http://www.casey.org/Resources/Publications/pdf/AddressingMaltreatment.pdf

Prado E. and Dewey, K. (2010). Insight Technical Brief: Why stunting matters (Issue 2).
Washington, D.C.: Alive and Thrive.

Proctor, L., Aarons, G., Dubowitz, H., English, D., Lewis, T., Thompson, R., Hussey, J.,
....& Roesch, S. (2012). Trajectories of maltreatment re-reports from ages 4 to 12:
Evidence for persistent risk after early exposure. Child Maltreatment, 17(3), 207-
217.

Putnam-Horsten, E., Wood, J.N. Fluke, J, Yoshioka-Maxwell, A., & Berger, R.P. (2013).
Preventing severe and fatal child maltreatment: making a case for the expanded
use of integration of data. Child Welfare, 92(1) 59-75.

Raikes, H., Pan, B.A., Luze, G., Tamis-LeMonda, C.S., Brooks-Gunn, J., Constantine, J.,
Tarullo, L.B...& Rodriguez, E. (2006). Mother-child book reading in low-income
families: Correlates and outcomes during the first three years of life. Child
Development, 77(4), 924-953.

Ratcliffe, C., & McKernan, S.-M. (2010). Childhood poverty persistence: Facts and
consequences. Washington, DC: Urban Institute Press.

Rea, L.M., & Parker, R.A. (1992). Designing and conducting survey research. San
Francisco, CA: Jossey-Bass.

Reed-Ashcraft, K., Kirk, R.S., & Fraser, M.W. (2001). The reliability and validity of the
North Carolina Family Assessment Scale. Research on Social Work Practice,
11(4), 503-520.

Reynolds, A.J., Mathieson, L.C., Topitzes, J.W. (2009). Do early childhood interventions
prevent child maltreatment? A review of research. Child Maltreatment, 14(2),
182-206.

Rice, M.E, & Harris, G.T. (2005). Comparing effect sizes in follow-up studies. ROC
Area, Cohen’s d, and r. Law and Human Behavior, 29(5), 615-620.

Ridings, L.E., Beasley, L.O., & Silovsky, J. (2016). Consideration of risk and protective
factors for families at risk for child maltreatment: An intervention approach.
Journal of Family Violence, 6(1), 1-10.

Righthand, S., Kerr, B., Drach, K. (2003). Child maltreatment risk assessments: An
evaluation guide. New York, NY: Haworth Maltreatment and Trauma Press.

Robinson, E., & Moloney, L. (2010). Family violence: Towards a holistic approach to
screening and risk assessment in family support services (AFRC Briefing No. 17).
Melbourne: AU: Australian Family Relationships Clearinghouse, Australian
Institute of Family Studies.

271



Rodriguez, C., & Green, A. (1997). Parenting stress and anger expression as predictors of
child abuse potential. Child Abuse and Neglect, 21(4), 367—-377.

Roggman, L.A., Cook, G.A., Peterson, C.A., & Raikes, H.H. (2008). Who drops out of
early head start home visiting programs? Early Education and Development,
19(4), 574-599.

Rosenblatt, P.C. (2014). The impact of racism on African American families: Literature
as social science. Burlington, VT: Ashgate Publishing.

Royston, P., Moons, K. G. M., Altman, D. G., & Vergouwe, Y. (2009). Prognosis and
prognostic research: Developing a prognostic model. British Medical Journal,
338(7707), 1373-1377.

Runyan, D., Hunter, W., Socolar, R., Amaya-Jackson, L., English, D., Landsverk, J.,
Dubowitz, H...Matthew, R. (1998). Children who prosper in unfavorable
environments: The relationship to social capital. Pediatrics, 101(1), 12-18.

Rumm, P., Cummings, P., Krauss, M., Bell, M., & Rivara, F. (2000). Identified spouse
abuse as a risk factor for child abuse. Child Abuse and Neglect, 24(11), 1375-
1381.

Ruscio, J. (2009). Assigning cases to groups using taxometric results: An empirical
comparison of classification techniques. Assessment, 16(1), 55— 70.

Russell, B.S., Britner, P.A., & Woolard, J.L. (2007). The promise of primary prevention
home visiting programs: a review of potential outcomes. Journal Preventative
Intervention Community, 34(1-2) 129-147.

Russell, B. Russell, J., Cooper, T. (2011). The NIS-4: What it all means (and doesn 't
mean). National council of juvenile and family court judges. Retrieved from
https://www.ncjfcj.org/resource-library/publications/nis-4-what-it-all-means-and-
doesnt-mean.

Ruttenberg, J., & Mclintire, M. (2006, January 31). Caseworkers missed chances to save
Nixzmary, report says. The New York Times. Retrieved from
http://www.nytimes.com/2006/01/31/nyregion/31agency.html|?

Rutter, M. (2000). Resilience reconsidered: Conceptual considerations, empirical
findings, and policy implica- tions. In J. P. Shonkoff & S. J. Meisels (Eds.),
Handbook of early intervention (2nd ed., pp. 651 681). New York, NY:
Cambridge University Press.

Rycus, J.S., & Hughes, R.C. (2003). Issues in risk assessment in child protective
services: A policy white paper. North American Resource Center for Child

272



Welfare and Center for Child Welfare Policy. Retrieved from http://www.ihs-
trainet.com/assets/RApdf.pdf.

Sabol, W., Coulton, C., & Polousky (2004). Measuring child maltreatment risk in
communities: A life table approach. Child Abuse & Neglect, 28(9), 967-83.

Sedlak, A., McPherson, K., & Das, B. (2010). Supplementary analyses of race
differences in child maltreatment rates in the NIS- 4. Washington, DC: U.S.
Department of Health and Human Services, Administration on Children, Youth,
and Families. Retrieved from
http://www.acf.hhs.gov/programs/opre/abuse _neglect/natl_incid/nis4_supp_analy
sis_race_diff mar2010.pdf.

Sameroff, A.J. (1993). Models of development and developmental risk. In.C.H. Zenanah,
Jr. (Ed.), Handbook of infant mental health (pp. 3-13). New York: Guilford Press.

Scannapieco, M., & Connell-Carrick, K. (2005). Understanding child maltreatment: An
ecological and developmental perspective. New York, NY: Oxford University
Press.

Schnitzer, P.G, Covington, T.M, Wirtz, S.J., Verhoek-Oftedahl, W., & Palusci, V.J.
(2008). Public Health surveillance of fatal child maltreatment: analysis of 3 state
programs. American Journal of Public Health, 98(2) 296-303.

Schuck, A., & Widom, C. (2005). Understanding the role of neighborhood context in the
long-term criminal consequences of child maltreatment. American Journal of
Community Psychology, 36(3/4), 207-222.

Schultz, D., Tharp-Taylor, S., Haviland, A., & Jaycox, L. (2009). The relationship
between protective factors and outcomes for children investigated for
maltreatment. Child Abuse & Neglect, 33(10), 684-698.

Schumacher, J.A., Feldbau-Kohn S., Slep, A., & Heyman, R.E. (2001). Risk factors for
male-to-female partner physical abuse. Aggression and Violent Behavior, 6(2-3),
281-352.

Schwalbe C. (2004). Re-visioning risk assessment for human service decision making.
Children and Youth Services Review, 26(6), 561-576.

Sedlak, A., Mettenburg, J., Basena, M., Petta, I., McPherson, K., Green, A., & Li, S.
(2010). Fourth national incidence study of child abuse and neglect (NIS-4):
Report to Congress (No. 4). Washington D.C.: US Department of Health and
Human Services, Administration for Children and Families.

Shaw, R., & Kilburn, M. (2009). Child and neglect prevention: Reports from the field
and ideas for the future. Unpublished document prepared for the Doris Duke

273


http://www.ihs-trainet.com/assets/RApdf.pdf
http://www.ihs-trainet.com/assets/RApdf.pdf

Foundation. Retrieved from.
http://www.rand.org/pubs/working papers/2009/RAND WR632.pdf.

Shin, S.H., & Miller, D.P. (2012). A longitudinal examination of childhood maltreatment
and adolescent obesity: results from the National Longitudinal Study of
Adolescent Health Study. Child Abuse & Neglect, 36(2), 84-94.

Shlonsky, A., & Gambrill, E. (2014). Risk Assessment. In G. Mallon, & P. Mccartt-Hess
(Eds.), Child welfare for the 21st century: A handbook of practices, policies and
programs (2nd ed., pp. 252-269). New York: Columbia University Press.

Shlonsky, A., Saini, M., & Wu, M.J. (2009). The recurrence of child maltreatment:
Predictive validity of risk assessment instruments. The Campbell Library.
Retrieved October 16, 2009, from
http://www.campbellcollaboration.org/library.php.

Shlonsky, A., & Wagner, D. (2005). The next step: integrating actuarial risk assessment
and clinical judgment into an evidence based practice framework in CPS case
management. Children and Youth Services Review 27(4) 409-427.

Shonkoff, J., & Phillips, D. (2000). From neurons to neighborhoods: The science of early
childhood development. Washington, DC: National Academy Press.

Shonkoff , J.P., & Garner, S. (2012) The lifelong effects of early childhood adversity and
toxic stress. Pediatrics, 129(1), e232-e246.

Sidebotham P, & Heron, J. (2006). Child maltreatment in the “children of the nineties”:
A cohort study of risk factors. Child Abuse & Neglect, 30(5), 497-522.

Siegel, E. (2013). Predictive Analytics: The Power to Predict Who Will Click, Buy, Lie,
or Die. Hoboken, NJ: John Wiley & Sons.

Silver, E., & Banks, S. (1998). Calibrating the potency of violence risk classification
models: The dispersion index for risk (DIFR). Paper Presented at the American
Society of Criminology Conference, Washington, DC.

Siporin, M. (2007). Ecological systems theory in social work. Journal of Sociology and
Social Welfare, 7(4), 507-532.

Slack, K. S., Berger, L. M., DuMont, K., Yang, M., Kim, B., Ehrhard-Dietzel, S., & Holl,
J. L. (2011). Risk and protective factors for child neglect during early childhood:
A cross-study comparison. Children and Youth Services Review, 33(8), 1354-
1363.

274


http://www.campbellcollaboration.org/library.php

Slack, K., Holt, J.L., McDaniel, Marla, Yoo, Joan, & Bolger, K. (2004). Understanding
the risks of child neglect: an exploration of poverty and parenting characteristics.
Child Maltreatment, 9(4), 395-408.

Slack, K.S., Jack, K.M., & Gjertson, L.M. (2009). Child maltreatment prevention:
Toward an
evidence-based approach. Madison, WI: Department of Children and Families.

Slack, K.S., Holl, J., Altenbernd, L., McDaniel, M., & Stevens, A.B. (2003). Improving
the measurement of child neglect for survey research: Issues and
recommendations. Child Maltreatment, 8(2), 98-111.

Squadrito, E., Neuenfeldt, D., & Fluke, J. (1995). Findings of Rhode Island's two-year
research and development efforts. In T. Tatara (Ed.), Eighth national roundtable
on CPS risk assessment (pp. 173-193). Washington, DC: American Public
Welfare Association.

Stagner, M.W, & Lansing, J. (2009). Progress toward a prevention perspective. Future
children 19(20), 19-28.

Stevens-Simon, C., Nelligan, D., & Kelly, L. (2001). Adolescents at risk for mistreating
their children. Part 1: Prenatal identification. Child Abuse and Neglect, 25(6),
737-751.

Stier, D.M., Leventhal, J.M., Berg, A.T, Johnson, L., & Mezger, J. (1993). Are children
born to young mothers at increased risk of maltreatment? Pediatrics, 91(3), 642-
648.

Stith, S. M., Liu, T., Davies, L. C., Boykin, E. L., Alder, M. C., Harris, J. M., . . . Dees, J.
E. M. E. G. (2009). Risk factors in child maltreatment: A meta-analytic review of
the literature. Aggression and Violent Behavior, 14(1), 13-29.

Stoltzfus, E., & Lynch, K. (2009). Home visitation for families with young children.
Washington DC: Congressional Research Service.

Straus, M.A., Hamby, S.L., Finkelhor, D., Moore, D.W., & Runyan, D (1998).
Identification of child maltreatment with the parent-child conflict tactics scales:
Development and psychometric data for a national sample of American parents.
Child Abuse & Neglect 22(4), 249-270.

Sweet, M. A., & Appelbaum. (2009). Is home visiting an effective strategy? A meta-
analytic review of home visiting programs for families with young children. Child
Development, 75(5), 1435-1456.

Tabachnick, B. & Fidell, L.S. (2012). Using Multivariate Statistics (6" ed.). Boston,
MA: Pearson Education

275



Tandon, S.D., Parillo, K.M., Jenkins, C., & Duggan, A.K. (2005). Formative evaluation
of home visitor’s role in addressing poor mental health, domestic violence, and
substance abuse among low-income pregnant and parenting women. Maternal
and Child Health Journal, 9(1), 597-622.

Tandon, S. D., Mercer, C. D., Saylor, E. L., & Duggan, A. K. (2008). Paraprofessional
home visitors’ perspectives on addressing poor mental health, substance abuse,
and domestic violence: A qualitative study. Early Childhood Research Quarterly,
23(3), 419-428.

Tarullo, A.R. (2012). Effects of child maltreatment on the developing brain. Child
Welfare 360. Retrieved from
http://www.cehd.umn.edu/ssw/casw/attributes/PDF/publications/CW360
-CEED_W.inter2012.pdf.

Thompson, R.A. (2001). Development in the first years of life. The Future of Children,
11(1), 20-33.

Thompson, R., & Wiley, T. (2009). Predictors of re-referral to child protective services:
A longitudinal follow—up of an urban cohort maltreatment as infants. Child
Maltreatment, 14(1), 89-99.

Thomlison, B. (2004). Child Maltreatment: A risk and protective factor perspective. In
M. Fraser (Ed.), Risk and Resiliency in Childhood: An ecological Perspective
(2nd ed., pp. 89-132). Washington, DC: NASW Press.

Thornberry, T.P., Matsuda, M., Greenman, S.J., Augustyn, M.B., Henry, K.L., Smith,
C.A., & Ireland, T.O. (2014). Adolescent risk factors for child maltreatment.
Child Abuse & Neglect, 38(4), 706-722.

Tolan, P., D., Gorman-Smith, D., & Henry, D. (2006). Family Violence. Annual Review
of Psychology, 57(1), 557-583.

Trochim, W. M. K. (2006). Introduction to Validity. Social Research Methods. Retrieved
from www.socialresearchmethods.net/kb/introval.php.

Turner, HA, Finkelhor, D., & Ormrod R. (2010). Poly-victimization in a national sample
of children and youth. American Journal of Preventative Medicine, 38(3) 323-30.

Turner, H. A., Vanderminden, J., Finkelhor, D., Hamby, S., & Shattuck, A. (2011).
Disability and victimization in a national sample of children and youth. Child
Maltreatment, 16, 275-286.

United States Department of Health and Human Services (2016a). Child Maltreatment
2015. Washington, DC: U.S. Department of Health and Human Services,

276


http://www.cehd.umn.edu/ssw/casw/attributes/PDF/publications/CW360

Children’s Bureau: from
http://www.acf.hss.gov/sites/default/files/cb/cm2012.pdf#page=31

United States Department of Health and Human Services (2016b). Child abuse and
neglect fatalities 2015. Statistics and Interventions. Washington, DC: U.S from
https://www.childwelfare.gov/pubPDFs/fatality.pdf

United States Government Accountability Office (2011). Child Maltreatment:
Strengthening National Data on Child Fatalities Could Aid in Prevention.. GAO-
11-599. Retrieved from https://www.Gao.ogv/products/GAO-11-599.

Wald, M.S., & Woolverton, M. (1990). Risk assessment: The emperor’s new clothes?
Child Welfare, 69(6), 483-511.

Warren, E., & Font, S. (2015). Housing insecurity, maternal stress, and child
maltreatment: An application of the family stress model. Social Service Review,
89(1).

Werner, E.E.(2000). Protective factors and individual resilience. In: Shonkoff, J.P.,
Meisels, S.J.(Eds). Handbook of early childhood intervention. New York, NY:
Cambridge.

Weedon, J., Torti, T. W., & Zunder, P. (1988). Vermont division of social services family
risk assessment matrix research and evaluation. In T. Tatara (Ed.), Validation
research in CPS risk assessment: Three recent studies (pp. 3-43). Washington,
DC: American Public Welfare Association.

Westbrook, T.R. & Jones Harden, B. (2010). Pathways between exposure to violence,
maternal depression, family structure and child outcomes through parenting: A
multi-group analysis. American Journal of Orthopsychiatry, 80(3), 386-400.

Whitaker, R.C., Orzol, S.E., & Kahn, R.S. (2006). Maternal mental health, substance use,
and domestic violence in the year after delivery and subsequent behavior
problems in children at age 3 years. Archives of General Psychiatry 6(5), 551-
560.

Whitaker, D.J., Lutzker, J.R. & Shelley, G.A. (2005). Child maltreatment prevention
priorities at the Centers for Disease Control and Prevention. Child Maltreatment,
10(3), 245-259.

Whipple, E.E, & Webster-Stratton, C. (1991). The role of parental stress in physical
abusive families. Child Abuse & Neglect, 15(3) 279-91.

White, A., & Walsh, P. (2006). Risk assessment in child welfare. An issues paper.
Sydney: NSW Department of Community Services. Retrieved from

277



http://www.community.nsw.gov.au/ data/assets/ pdf file/0005/321647/research
riskassessment.pdf.

Whitt-Woosley, A. Sprang, G., & Gustman, B.D. (2014). Lives at risk: Uncovering
factors associated with fatal child maltreatment. Children and Youth Services
Review, 47(3), 307-313.

Winkler, W. E. (1995). Matching and record linkage. In B.G. Cox, D.A. Binder, B.N.
Chinnappa, A. Christianson, M.J. Colledge, & P.S. Kott (Eds.), Business Survey
Methods (pp. 355-384). New York, NY: J. Wiley.

Wilson, S.R., Rack, J.J., Shi, X., & Norris, A.M. (2008). Comparing physically abusive,
neglectful, and non-maltreating parents during interactions with their children: A
meta-analysis of observational studies. Child Abuse & Neglect, 32(9), 891-911.

Wilson, K.R., Hansen, D.J., Li, M. (2011). The traumatic stress response in child
maltreatment and resultant neurophyscological effects. Aggression and Violent
Behavior 16(2), 87-97.

Wilson, M.L., Tumen, S., Ota, R., & Simmers, A.G. (2015). Predictive modeling
potential  application in prevention services. Journal of Preventative Medicine,
48(5), 509-5109.

Wolfe, D.A. (1999). Child abuse: Implications for child development and
psychopathology (2nd ed). Thousand Oaks, CA: Sage Publications.

Wolfe, D.A. (2011). Risk factors for child abuse perpetration. In J.W. White, M.P. Koss,
& A.E. Kazdin (Eds.), Violence against women and children: Mapping the
terrain, Vol. 1 (pp. 31-53). Washington, DC: American Psychological
Association.

Wolfe, D. A. (1987). Child abuse: Implications/or child development and
psychopathology. Newbury Park, CA: Sage.

Wolock, I., Sherman, P., & Deldman. (2001). Child Abuse and Neglect Referral Patterns:
A longitudinal analysis. Children and Youth Services Review, 23(1), 21-47.

Wu, S. S., Ma, C.X,, Carter, R. L., Ariet, M., Feaver, E. A., Resnick, M. B., & Roth, J.
(2003). Risk factors for infant maltreatment: a population-based study. Child
Abuse & Neglect, 28(12), 1253-1264.

Zhou, Y., Hallisey, E. J., & Freymann, G. R. (2006). Identifying perinatal risk factors for

infant maltreatment: An ecological approach. International Journal of Health
Geographic, 5(1), 53-53.

278



Zielinksi, D.S., & Bradshaw, C.P. (2006). Ecological influences on the sequelae of child
maltreatment: A review of the literature. Child Maltreatment, 11(1), 49-62.

Zuravin, S., Watson, B., & Ehrenschaft, M. (1987). Anonymous reports of child physical

abuse: Are they as serious as reports from other sources? Child Abuse and
Neglect, 11(4), 521-529.

279



Appendix A

COMPLETE STATISTICAL MODELS

280



Fully specified model for the nine HFPI subscale domains

Variable B Wald y*  df p AOR 95% ClI

Income 2 -245 275 1 .097 .783 .587 1.05
Maternal Ethnicity b -180 115 1 .284 .835 .601 1.61
Marital Status © -704 1335 1 .000*** 495 .339 722
Birthweight -093  1.68 1 194 912 793 1.05
Gestational Age -.034 517 1 472 .966 .880 1.06
Social Support .011 .160 1 .690 1.011 957 1.07
Problem Solving -062 474 1 .029* .940 .888 .994
Depression .007 107 1 743 1.01 .963 1.05
Personal Care -.032 1.01 1 315 .969 911 1.03
Mobilizing Resources .069 10.19 1 .001** 1.071 1.03 1.12
Role Satisfaction -066  7.06 1 .008** .936 .892 1.05
Parent/Child Interaction .007 113 1 137 1.01 .965 1.05
Home Environment .032 2.80 1 .094 1.03 .995 1.07
Parenting Efficacy -089  9.92 1 .002** 915 .866 .967
Social Support X Problem Solving .000 .000 1 .999 1.00 .989 1.01
Social Support X Personal Care .001 .025 1 .874 1.00 .988 1.01
Social Support X Mobilizing Resources -001  .048 1 .826 .999 .988 1.01
Social Support X Parent Child Interaction -.004  .566 1 452 .996 .986 1.01
Social Support X Home Environment -.004 .873 1 .305 .996 .987 1.00
Social Support X Parenting Efficacy -.006 575 1 448 .994 .980 1.01
Problem Solving X Personal Care -.007 .907 1 341 .993 .980 1.01
Problem Solving X Parent child Interaction .008 214 1 144 1.01 .997 1.02
Problem Solving X Mobilizing Resources .006 1.34 1 247 1.01 .996 1.02
Problem Solving X Home Environment .003 .325 1 .569 1.00 .994 1.01
Problem Solving X Parenting Efficacy -.002 .054 1 .816 .998 .984 1.01
Depression X Social Support -.010 456 1 .033* .990 .981 .999
Depression X Problem Solving .003 456 1 495 1.00 .994 1.01
Depression X Personal Care .010 4.64 1 .031* 1.01 1.00 1.02
Depression X Mobilizing Resources -.006 1.55 1 214 .994 .986 1.00
Depression X Parent Child Interaction -.001 .046 1 .830 .999 .990 1.01
Depression X Home Environment .001 .075 1 .785 1.00 .994 1.01
Depression X Parenting Efficacy .003 247 1 .619 1.00 .992 1.01
Personal Care X Mobilizing Resources -.007 1.19 1 275 .993 .982 1.00
Personal Care X Parent Child Interaction -.011 2.97 1 .085 .989 .997 1.00
Personal Care X Home Environment -.001 .027 1 .870 1.00 .992 1.01
Personal Care X Parenting Efficacy .007 720 1 .396 1.01 1991 1.02
Mobilizing Resources X Parent Child Interaction .002 .196 1 .658 1.00 .992 1.01
Mobilizing Resources X Home Environment -.008 431 1 .038* .992 .985 1.00
Mobilizing Resources X Role Satisfaction .011 4.36 1 .037* 1.01 1.00 1.02
Mobilizing Resources X Parenting Efficacy .013 5.18 1 .023* 1.01 1.00 1.02
Role Satisfaction X Social Support .009 1.99 1 .158 1.01 .997 1.02
Role Satisfaction X Problem Solving -009 229 1 130 991 .980 1.00
Role Satisfaction X Personal Care -001  .029 1 .866 .999 .986 1.01
Role Satisfaction X Parent Child Interaction .005 1.04 1 .308 1.00 .996 1.01
Role Satisfaction X Home Environment .007 3.58 1 .059 1.01 1.00 1.01
Role Satisfaction X Parenting Efficacy -010 2.29 1 130 .990 977 1.01
Role Satisfaction X Depression -.001 .047 1 .828 .999 991 1.01
Parent Child Interaction X Home Environment .001 147 1 .701 1.00 .995 1.01
Parent Child Interaction X Parenting Efficacy -.001 .047 1 .828 .999 .988 1.01
Home Environment X Parenting Efficacy .004 1.47 1 .226 1.004 997 1.01
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G9¢

Moderation Model for Independent Variable Role Satisfaction, and Moderation Variable of Mobilizing Resources and Maltreatment

Investigation

Model 1 Model 2 Model 3
Variable B p OR 95% CI B p OR 95% CI B p OR 95% ClI
Moderator:
Mobilizing Resources
Income -265 .061 767  .582,.1.012 -262 .063 .769  .583,1.015 -232 174 793  .567,1.108
Maternal Ethnicity -122 449 .885  .645,1.214 -133 412 876  .638,1.202 -184 345 832 569, 1.218
Marital Status -643 .000*** 526  .367,.753 -645 .000** 524  .366,.751 -535 .009** 586  .391,.876
Birthweight -074 270 928  .814,1.059 -076 .258 927 .812,1.057 -068 .395 934 798, 1.093
Gestational Age -062 .167 945 866, 1.033 -062 .166 939  .860, 1.026 -043 435 .958  .860, 1.067
Role Satisfaction -055 .001** 946  .915,.978 -069 .000*** 933  .901,.967 -068 .000*** 934  .901,.968
Mobilizing Resources 029  .050* 1.029 1.000,1.060 .020  .199 1.020 .990, 1.052 021 504 1.021 .960, 1.087
Role Satisfaction X .006  .039* 1.006 1.000,1.012 .006 .054 1.006 1.000, 1.012
Mobilizing Resources
Income X Mobilizing -.007 .798 993 .939, 1.050
Resources
Ethnicity X Mobilizing .012 709 1.012 950, 1.079
Resources
Marital Status X 039 272 962 .897,1031
Mobilizing Resources
Birthweight X 001 922 999  .973,1.025
Mobilizing Resources
Gestational Age X 006 503 994 .977,1.012

Mobilizing Resources




99¢

Moderation Model for Independent Variable Role Satisfaction, and Moderation Variable of Home Environment and Maltreatment

Investigation

Model 1 Model 2 Model 3
Variable B p OR 95% ClI B p OR 95% CI i p OR 95% CI
Moderator: Home
Environment
Income -275 .051 .760  .576,.1.001 -277 .050* .758  .575, 1.000 -221 175 .801  .582,1.104
Maternal Ethnicity -116  .473 .891  .650,1.221 -120 457 .887  .647,1.217 -156  .399 .856  .596, 1.229
Marital Status -653 .000*** 520  .363,.745 -668 .000** 513  .358,.736 -621 .004** 538  .354,.817
Birthweight -076 .259 927  .813, 1.057 -.072 .283 930  .815, 1.061 -.048 539 953  .819, 1.110
Gestational Age -062 171 940  .861, 1.027 -.063 .164 939  .859, 1.026 -.062 .256 940  .846, 1.046
Role Satisfaction -.047 .004** 954 924, .985 -065 .000*** 937  .905, .971 -064 .000*** 938  .906, .972
Home Environment .005  .640 1.005 .984, 1.026 -004 711 996  .974, 1.018 -.004 .681 996 951, 1.043
Role Satisfaction X .006  .014* 1.006 1.001,1.010 .006  .017* 1.006 1.001, 1.010
Home Environment
Income X Home -015 478 .985 945, 1.027
Environment
Ethnicity X Home .010 .694 1.010 .963, 1.059
Environment
Marital Status X Home -010 708 990 .937,1.045
Environment
Birthweight X Home -007 515 993 .974,1.013
Environment
Gestational Age X 000 996  1.000 .986,1.014

Home Environment




L9¢

Simple Slope Analyses for the Home Environment Subscale Domain

Home Environment at 1 Standard Deviation Below the Mean

logit(maltreatment) = By + f1(Moderator) + B, (Independent Variable) + B3(Moderator * Independent Variable)
logit(maltreatment) = By + Bi(Moderator) + (S, + B3Moderator)Independent Variable

logit(maltreatment) = (—1.4999) + (—.004Home Environment) + (—.065 + .006 HomeEnvironment)Role Satisfaction
Home Environment at 1 Standard Deviation below the mean -6.55 (mean centered)

logit(maltreatment) = (—1.499 —.004(—.655)) + (—.065 + .006(—6.55))(Role Satisfaction)

logit(maltreatment) = —1.496 + (—.1043)(Role Satisfaction)

Simple Slope: logit(maltreatment) = —.1043

Odds Ratio = e™1043

0dds Ratio = .901

Home Environment at the Mean

logit(maltreatment) = By + B1(Moderator) + B, (Independent Variable) + f3(Moderator * Independent Variable)
logit(maltreatment) = B4 + f1(Moderator) + (B, + B;Moderator)Independent Variable

logit(maltreatment) = (—1.4999) + (—.004Home Environment) + (—.065 + .006HomeEnvironment)Role Satisfaction
Home Environment at the mean 0 (mean centered)

logit(maltreatment) = (—1.499 —.004(0)) + (—.065 +.006(0))(Role Satisfaction)

logit(maltreatment) = (—1.499) + (—.065)(Role Satisfaction)

Simple Slope: logit(maltreatment) = —.065

Odds Ratio = 965

Odds Ratio = .937



89¢

Home Environment at 1 Standard Deviation Above the Mean

logit(maltreatment) = By + Bi(Moderator) + B, (Independent Variable) + 3(Moderator * Independent Variable)
logit(maltreatment) = By + f1(Moderator) + (B, + B;Moderator)Independent Variable

logit(maltreatment) = (—1.4999) + (—.004Home Environment) + (—.065 + .006 HomeEnvironment)Role Satisfaction
Home Environment at 1 Standard Deviation Above the Mean 6.55 (mean centered)

logit(maltreatment) = (—1.499 —.004(6.55)) + (—.065 +.006(6.55))(Role Satisfaction)

logit(maltreatment) = (—1.525) + (—0.0257)(Role Satisfaction)

Simple Slope: logit(maltreatment) = —.0257

Odds Ratio = e9%%7

0dds Ratio = 975

Simple Slope Analyses for the Mobilizing Resources Subscale Domain

Mobilizing Resources at 1 Standard Deviation Below the Mean

logit(maltreatment) = By + B1(Moderator) + B, (Independent Variable) + f3(Moderator * Independent Variable)
logit(maltreatment) = B4 + f1(Moderator) + (B, + B;Moderator)Independent Variable

logit(maltreatment) = (—1.572) + (—.020MobilizingResources) + (—.069 + .006MobilizingResources))(Role Satisfaction
Home Environment at 1 Standard Deviation below the mean -4.99 (mean centered)

logit(maltreatment) = (—=1.572 —.020(—4.99)) + (—.069 + .006(—4.99))(Role Satisfaction)

logit(maltreatment) = —1.4722 + (—0.0989))(Role Satisfaction)

Simple Slope logit(maltreatment) = —.099

0dds Ratio = e~%%°

Odds Ratio = .906



69¢

Mobilizing Resources at the Mean

logit(maltreatment) = By + Bi(Moderator) + B, (Independent Variable) + 3(Moderator * Independent Variable)
logit(maltreatment) = By + f1(Moderator) + (B, + B;Moderator)Independent Variable

logit(maltreatment) = (—1.572) + (—.020MobilizingResources) + (—.069 + .006MobilizingResources)Role Satisfaction
Home Environment at the mean 0 (mean centered)

logit(maltreatment) = (—1.572 —.020(0)) + (—.069 +.006(0))(Role Satisfaction)

logit(maltreatment) = (—1.572) + (—.069)(Role Satisfaction)

logit(maltreatment) = —.069

0dds Ratio = e~%°

Odds Ratio = .933

Mobilizing Resources 1 Standard Deviation Above the Mean

logit(maltreatment) = B4 + f1(Moderator) + 8, (Independent Variable) + 3(Moderator * Independent Variable)
logit(maltreatment) = By + f1(Moderator) + (B, + B;Moderator)Independent Variable

logit(maltreatment) = (—1.572) + (—.020MobilizingResources) + (—.069 + .006MobilizingResources)Role Satisfaction
Home Environment at 1 Standard Deviation above the mean 4.99 (Mean Centered)

logit(maltreatment) = (—1.572 —.020(4.99)) + (—.069 + .006(4.99))(Role Satisfaction)

logit(maltreatment) = (—1.6718) + (—.3906)(Role Satisfaction)

Simple Slope: logit(maltreatment) = —.03906

Odds Ratio = 03906

Odds Ratio = .962



